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High-power Narrow-edged Beamforming Based on Phase-inversion of
Frequency-modulated Wave in Phased-array Parametric Loudspeaker
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Fig.1:Measured frequency-dependent directivities

(Left: common PAL driven by frequency modulation; Middle: proposed
method with condition 1; Right: proposed method with condition2)
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3-1-3  Acousto-optic sound-field reconstruction
based on envelope circle sampling
projections
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In this study, we propose a novel reconstruction method based on
an envelope circle sampling scheme, employing circular

harmonics expansion. The proposed method successfully
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Fig. Circle envelope sampling

reconstructs the sound field even

—

when the sound source is located [
inside the reconstruction area. This é
proposed technique facilitates the
visualization of sound radiation from a
loudspeaker with reduced effort.
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Compensation of nonlinear distortions caused by Burgers' equation
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Fig.1:Spectrum comparison of output for mixed signal
(1.0+2.5 [kHz]). (a) Without compensation and (b)
With compensation.
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A study on short-time signal prediction of non-stationary signals
using frequency domain Kalman filter
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A Study on Introduction of Virtual Sensing in Personal Booth ANC
Using Piezoelectric Film Speakers
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Active noise control system using piezoelectric film speaker for sound
leaking from semi-open workbooth
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A Method of configuring n-n-n multi-channel active noise control system
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Fig.1:Proposed configuration of 1-n-n system controlling correlation

component.
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Fig.2: Example of Image-integrated
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Study on noncontact acoustic inspection method for non-destructive
testing of concrete - Basic study of mobile measurement using multiple
LDVs
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Fig.1 (a) Measurement area, (b) defect detection by correlation energy
value during movement measurement (0.48 m/s).
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Reconstruction of an airborne ultrasound propagation image
using compressed sensing
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Fig .1 Propagation of airborne ultrasound (81.6 kHz).

BAEEZ2% 15000 (202 3FUF) ARERS



3-2-4 ~ 3-2-7

5538 9H28H (K) H2%15 (109)

3-2-4

3-2-4 HAMBEEDBTEENIIOEED
HEREICE RS ED I aL—a RETE

Simulation verification of the effect of analytical conditions of shear wave
velocity on the ability to evaluate microstructures
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Fig.1 (a) Shear wave propagation from 4.5 ms to 10 ms and (b) SWVMAPs with
analysis resolution of 10, 100, and 300 pm, respectively

10%

0%

3-2-6

3-2-5

3-2-6 SIEDRELKRR O FHIREH
BAMEIFIEICE A SR8 TR I S1RET

Study on the influence of interference state between multiple types of
scatterers on backscattering characteristics
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Evaluation of the relationship between echo-envelope statistics
and beam steering in high-frequency ultrasound imaging
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Fig.1 : 3rd-order-moment maps of  Fig.2:Box-and-whisker plot of 3rd-
ultrasound images, the steering order-moments in the regions of
angles of -15° (A), 0° (B), 15° (C), interest of ultrasound images.
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Visualization of a single microbubble by burst-wave-aided contrast
enhanced active Doppler ultrasnography
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Fig.1:Visualization of ultrasound oorrtrast agents flowing in a channel by
burst-wave-aided CEADUS and conventional PID method. t = 0 denctes
the time when the transmission sequence is started.
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The study of design guidelines on vibratory tactile sensor
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Fig.2. Measured Characteristics of tactile sensor.
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New method for extracting kes’ from HBAR using multiple echo integration
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Fig. 1: (a) Impulse responﬁe of HBAR,
(b) Frequency response of impedance before and after using this method
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Birefringence change of a-iron oxide (lll) colloids
by ultrasound resonant standing waves
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Fig.1(a) Ultrasound colloid cell and
(b) distributions of birefringence and vibrational amplitude at 56 kHz.
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Evaluation of optical characteristics of the ultrasonic gel lens
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Fig. 1 Deformation of the surface of the gel.
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Fig. 2 (a) Focal length and (b) Average spherical aberration.
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The primary and secondary acoustic radiation force acting on particles and
the formation of striation in a Kundt's tube

OBt (FhinmEs)

&0 2 FEAD 1 {EOFEARF O—/LEROEBE ZE~, ERHOERE)HA
primary acoustic radiation force T#h5 Z & #HEELT=.

& ERARIC—EHLLIEMOBREE &, BREEEOHEPDLELT
HEORMBTEMARIZIES (Fig.1). CMIRK%E primary acoustic
radiation force & secondary acoustic radiation force M2 Y &1L DR
BRUBOERAIEX BT LTz (Fig2).

& HEHOBIEEE L TULVAI5E, secondary acoustic radiation force (51
7)) OERTHEE L TEE EEARICHATIEDL %, HHOF
|35 7)< secondary acoustic radiation force (F41) ZRIFLAELY
HWSEEMSAS, primary acoustic radiation force &2 Y& 3 4@
FRE L TREGEA MR SN D 2 LA or=,

* [mm]
b2 u22s

ts]

Fig.2 : The position-time graph of three
spheres.
( radius 3.0 mm, density 24 kg/m?)

Fig.1: The motion of three spheres.
The center sphere is fixed at a pressure
nod.
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3-2-14 EIERESEIRIFE T H/NEXRGEMERE
DOEERDTED RS
Observation of velocity distribution of acoustic streaming around a cylinder
with small holes in near-field acoustic levitation

HEAFES (EMIX-R), HEHEF GHESEFID,
HHAEM TR

@ IRTE( ¢ 10mm) & FEROM TIEHET 2/MEr U E (¢ 10mm)D
BERIZRET HFERONE () SHEREL=.

@®Fig. 1 DESITFV)IVERNE FL—Y—HAETTRESE, 7T
EFEOBNICS— FEERST L, mEELASTRIEL .

@ Fig. 2 [F7FEMEDOR TR A ESER 5,000 fos THEszLT=
HERTHD, EEA) TIHRBEE BEOX v v JHIC2AIEHAL
¥, fEEIB)H L UHEE(C) CITEEROREL MR TE T,

@Fig. 3 (I EDOELRORAFER 7 EEEE 10,000 fps T
LI-#ERTHLH. U o OFEHIEEEDZER E5 [ EAATREY
BT EDDh T,

Cylinder with

Sheet ligh'TTg

Linér jack

Fig. 2 Panticle behavior around cylinder with small holes
(Continuous shooting speed: 5,000 fps)

am Side hole
: Cylinder with
3 . small holes

Fig. 3 Particle behavior around the side hole (Continuous shooting speed: 10,000 fps)

Fig. | Recording method.

MERED ER- R RESHTOERTH
Deformation of Elastic Surface by Radiation Pressure of Focused Airbome

Ultrasonic Beams — Theoretical Prediction by Taking Account of Nonlinear
Propagation of the Beams.

OHEES, BfF— (RAV—tI—1—)

¢ MEFOEREROSMESFFEREEREICEhYE, BERE—
LEFEMRIGTOMMERBICEEAS S E-LE SEMEIEICL
STETAREMEN %, Boussinesq DZELRHEERALY, FICHEE
DRESICEEGFEL 52 BT ROIGIAERE SO TROT -,

HEAFHERIILUTOEY TH S,

S EAICAN S IFEBEICRET HEERE— LOIFERI RIS
EOBSEERIZAE (8T 5,

& TOFEEERIET HFME LTUTO Nfactor Z8HAT 5,

1z,m(0)

u-(0)

(0 : IEERATIREETE L TOERL ul0) : FHIATIRD & EDET

& —RERFROFHAOACERIERT EOFEST N OREEFE
EF 4% HICRIRMOFEEIIRE,

& SRS D —0ENT, —EYICREESTFRAShAE LY L
ENTIETCLEHBED, ZLDEE N <1 THHT, BEFRIES

=

Y3, FEZ,
3-4-1
3-4-1  E=1a Xy TFrEAN-RIERIRIC

FAHPEEEDERHEDAET*

* Motion Analysis of Chinese Pipa Performance by Emotional Expression
Using Motion Capture

O=ZFER BE(BX =), WOEH(BX-ET),
EERAT, Il ER(BX-Ei), #ALzF(BX-ET)

FEOIL BT a v 7 Iy VAT LE O BRI RSE
TEOF R ST AT TE[1}4]. FPEEEE & et
LIENEFEIC L A EBBEEORENTE BRI, SRR ThHHhE
FEEOHFEMEORIAAT 7. 46, PEFEEORHZEIE T 55
REMOBIERTI R EORMBRREZ R L, TEREEOREIEICRITS
IS ORI ORI 2T 72

Fig.1 0Xa), (b) |3E RN, OB gl oo
ERTHD.

(a) Left side of the body (b)Right side of the body

Fig.1 Trajectory length in Z-axis
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3-4-2 HORFYYTTOI) I EERIZEIT5 3-4-3 ARTRSLEZRIZHTHO—ILEEZD
BOLEYEEELAILOBEF BELERTORMR
Relationship between arm flexion and sound pressure level when playing A relation between motion and sound on playing the roll performance
the marimba with cross grip using the snare drum

FT TS (ELFERFAER), SRR (ELFERS)

& TATDAFT Ly FMERCBLT, BB IESREh LR, > O
—2TCH5H. LML, BOER OV THhSh TLSETHIRISFFEL TE
57, ENECREROEUACIES SR HETLEL,

& KHRTIE, BATESERLTWS FS3T1a b b vFlri— oy
1) v FORER S AR OAEN B2 SR STNEHED FEOAEH
BRI i3 DB & OB S & HEETIEHE SHE T EELSILEDBIR
HZDWVT R A0 E B E T o1

® ST 4 a b )  TRU— b))y TOSTIENEIZ 51+ SR fE
AHRAA <7 DR & FEOAEHBAAI 2 HRRI0MES & LTI
I BEELAILOSTE Figl IZRT, Fig1 ds, FST1a+L
41) w TOREIIHEELY — LT v FIZh~NE L, BIDIRY & LTI
LB & SHMENDEL, HDFAF 2 v LU DOBELEELLAFEE
Ehiz, —ATHA— oY) wTTIR BOLEYHRENLOO, H/F+3
v L OhR T A R SN,

Trachionsl G |—

NIRRT VoA, SN X

Fig.1 The time difference between the maximuem angle of the elbow and wrist during the striking motion with
eracditional erip and Burion grip, and sound pressure levels
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3-4-4 FHERHERVNSERBOBSIHAIC
EOJERERBDF1—— T XiE

Tuning support for membranophones based on simple measurement of
membrane vibration using specular reflection

## EFE (SURA PR SRR, Bl s,
BERE ARNBREGURER-LAHR)

onE
[ERERDTF 12— = IFHM G ERROMED TR EEET 5120
BH#THD. LIhoT, Fa—— 752 HETHVATLIWET
HY, TOLHIZIHEORBEIHATHLNEATHD.

* B8
[EEEFOREZEHARIEEE 9 ARG EEIRERET 5. £FET
1F, BUBRBORENIFERNT 5 LEBLD. AW TIET 1 218
=® (1,1) E— FOIREIE— FRARZRHRIET 5 Z EITBYHAT

SR
SERETELVT Fig. 1 OFETIEIREEHAIZTL, Fig. 2Dk 31
(11)E— FORKETMRILTE . BOBRESEICTHILT, £
— FRARDIEBIHEET LM TEDHEEZAOND.

Camera Grid image

Membrane

-
LED

Timpani

Cross-sectional view

Fig.2: Visualized shape.

Fig.1: Schematic diagram of arrangement.

O=if #E (EFHEARE)

@ AT FSLIZEEIO—X KO—)LBEENEEL, AT 99D
BE L EQBIFRIC OV TRRTING,

SO0 )LEERIZEITH FSLRAT 4 v I DEDTHEEE—Tav+y
TFrwlzk-TickkL, BEDRRETLL, GESNi-O0—ILED
ERES LIMEOXTERETFE LTS,

OEGDEI—JI/":I'J‘SL"C% RIEEHEONT—ART MUZBNT, &
BETAHz [CE—H EHF DT LHBALMZ T,

S EEFO, \ﬁ.z:&fa\%ﬁtﬂhé@?«\b kLI 16-26Hz THHT-=
®, EEFOIDUALSNDER (R)vE—%) MRMEhs,
*5E EEFOA FO—VBROZEL, o2 FHOELEERES
IS RSEHRIZR 5h 9", —B LT 40Hz fHAIZR 5h 5 mh'snk

FLMERTH =

Fig.1 Fluctuation Spectrum on playing p by P2
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3-4-5 TFTAUNZERITETAHITRE/NF O
I2&%
EENHRBSUEENDE
Acoustic and musical effects of controlling the beating point and mallets in
timpani performance

OZATE = (BRI MR

® T nRlE A X EyF NS, HRT AEEEFBE
ISfTEXT 22—V 4KE) THD.

& 15 HCLIBEOTEROEIS CEEL £ TR S ShiSaL Y TEZRR0
T4 ASRETER L CERLERFAINT 5.

& BOT 1 A Y— FOEFRITITEOFEFAET 1/3~1/4 Hi=b
% TRLEAHDITA) & LTS, AFRERITFTEOIEFHT 110
~12 ETEELTELD, T V4 X) EHBMIcAVAEEICE
SEBTIOHRETT (Figl). . AFEEOEORMEICELS
PR EREEOIRLTT.

A Fix the beating point to B- Quarternote:
the front 1/3 of the beating 1/10 point

] X . + 8th note :
timpani head radius beating 12 pOint
" ] J

Fig.1:Change the beating point to express the difference between notes by
changing the attenuation and timbre of the sound.
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$53H 9H28H (K) H4%15 (113)

3-4-6

346  FEBEEICLIMEOEFEMEFEE
RREBDELDRET

A study of changes in acoustic characteristics and body movements of
singing voice by singing instruction
OBBH(KIE=X), 4 B, FEZRA, MAER(FEIX

& TOEROFPREREIIEI SRR TELRL V=0, EHETFEEOR
EOOEBERBEOREELE L, FFERI T 514 A—D0RHE
T ARERAVTEELTLS,

¢ KT, FEREROFEEN 1 EHOTBIEEERT, BED
EFEMFH BT OHEEIA ED L S CTE LI EiRE LT,

& TOHER IFRIOORMESKE ALY, ORLIEEEIYRAL,
BEAFRE LTz, iz, BLFOTAILT Y MAEFENDLAARY FILOD
2—4 kHz ORI~ FH1T DA —hYERIC ER L =,

& Ef-, 1EREEIFEL SEEED L TG EDFEEOFIRERFHEE
TEHILEEHTRSIT,

Fig.1: HilfERTH#RORERROHE

0.3, —
.

[ WiTd:s s
= Riee
0.1 Bl I |
oo omm L]

Fig.2: EEkRTED2-4KHz D/ ST —DEAE
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3-4-8 H3)RybAY—FIZHTHEREICELD
iz BERT AEBPEET ILORE

A machine learning model to replicate evaluations by performers on
clarinet reeds

FHAES (ELTAKRPR), SR ELIEXR

¢35 xy FOBRIZEEHO ) — FEEHHIZAWS, &
HIFWHEEFRLENIABEEAI SRy FERADY— K&
LAN, AFHICHETLILETELRL, ERELT, BH
E—ERKPERICOTDHEEENEFE>TLESZ L, HE
EALSEREBEBAELTLES LG ENEITLON S,
J—FIE—@IC10—HETHRFESATLSL00, BEEMHE
IZIFESDENBY, BRESEIWALLEY—FE2—EEE
LTERTRENHIT A2 EEZREBEL (ST VS,

SEBMETE)—FONBREREL CNN ICADTHZLET, &
BY LG BEICLIFEEBRTLIILEMET S,
FAEORITIZBW =) — FO—8%E 1 12577,

*FET—FEXR £ & EomARA,oEFELEERETH
FhADLE, TOHER EARAMCEBEL-ERERLEE
Bz, WFhLERFICHFEENBD LN,

SR, V—FOMHEEOLTRAEANSEBEL-EGERA
NWTHREBFTLE2-REZBBICK 2B ELE L=, i
HEOEMIEEEFhFhRD, BRIZEVTHRERKIZRD
fzo ¥EREE21IRY, TOHKRE BRE N ZREEDH

ATESZ ENTHRENT,

EH2 SRR

BIFF il

EMRE, M, HH

E1 U—FoER

3-4-T

3-4-7 7 ILAA L MR ZRAWNARSHIEIC
BT HFEEZLFEL1=FRD FAH{H

Examination of the body control for changing voice volume
in operatic singing using real-time MR

OFBEAR, MHRER(TFELX), SiB#H(KEEX)
SARSHFE EHEESER-TERERNT LI ENTHETH D,
S ERIFFEMTECEHRORE FEORRIC &L >TEILT A5 T8

I ZHSEERARE ED & S (ZHlH L TULSOMBESMTIEALY,

SEHIETIE, T/ —ILEN) B 1 BHERZETNTL THE LI
DNafEEp & FEEERE ) FILE A L MRI TG L, FhECEERED
TLABERE EQOL S UBRNH 2DhHEET L=,

& WEFOFEMEHA—E & LTHEE LIEDT L/ A2 UL, ToL
vz RTIFEEOZEL/ F o E—BLTUW A, Ly U R
TlIE—B i otz &oT, BT LEMETEREFIHLTLSE
IFEZAEh -1z (Fig. 1),

& SERO TS SITOFEER, BEED L Tah ERICEET 25T
Hotz. ThiE COFEIHRREONIEESNEELSEHI L
TERZHEE L TWSAEEEN B D L ERT,

f>p A,

280 300 320 340 400 420 440 460
frame

Fig.1:Vocal intensity (top) and estimated lung pressure (bottom)
during singing for a baritone
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349 RETOEE SA—FHARS
ZOBAERT

Measurement of bowing parameters and presentation of time histories
during performance

ORERAGURA R8I, Bl KaE— EHE— BERE
(K-S RER)

¢ EBGEEEEME L LD T — FN\V O EAWS ZEAEE

S EBITH L TEZTWLWAHIEAS A—2OFHEGCRAT A ETE
EHEOMEOR LA TES.

S IEEERICHB T, BECIESLIEL EDIEINS A—2 E5HIT 5
HAah'eH o, EEAEORA TILEETIIAL,

S FIODERIFRESNEHASED2—ILERY, E—ady T
F o EFRLTESI S A—2 OFRIETo 1=

S FHABRBECRIT AL EICHULT, B0 Ao

Camera Motion Capture

ERL {a) bow pressuse 3
F 1200 e 04
g 1000
Z 0.2
T 00 4
] {ch bow pesition
28 1 3 5 2 25
2
)

(pixel)

[ 5 "0 [E] 20

Fig.1: Measured bowing parameter
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3-4-10

3-4-11

HEIEEUH

3-4-12

3-4-12
EEaRREAVITESOERFMERORERL
BA LA yTF T 1EBED §Th
Signal-envelope-based objective index
for evaluation of time stretching methods

OFRBHE, WWARSE KAMHSETEERIN

A LANL Y F oI EEOBEEREM
= BEOESNEELLZWHEHL W
EEOMAEOBEMICE D < BT
- TRECHT ML BICTHETE LW
4 ™

TEESEAM LY FESOBEZEBRTHELT
TDBROPHE LD FHEF L ERE

Original_ Stretched signal
percussive signal Method A Method B

Waveform

Envelope

Fig.1: Overview of the proposed method
A vy

3-4-11 EBRFARDBRIZICEITS
RifiEBERDER

Relation between technology and music players in the scene of developing
musical instruments.

OFMEE (v et
& ERORIF B THERMOERAERI /Y, BT Jo—F
DEBHHNIEL TS, —AT, REROFFEBLEAERTHD,
S EEFOHAE MFEMAVTEL D) WS &S5 H—BTOITAT
3754, B - BUD LV AT SERZE U TRISFEIREL,
FFOBFEMLEWNI T4 —FEN\w I I—TO L5 L5EETH D,
¢ ERFERICBVWTIHESSOEE ST cERELGERFHHL, &
ReRAEIFEERDITHT VD S EASRH N HIHEELH S,
S EBOANDRIELHEIT HWE EWSITAIRIAShDIET, 258
OERIH LWL R A TLHEBA TN,

—————————————————————

i P )

e |

129-J14X |
F Yo A——
: o

Bmsisr HBOWIB - - ’
WEMONE WA

Fig.1:Relation between the instrument and the player during the
performance
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3-4-13 " —LDMEMN S BGM EFBIT 571D
BWHFEEETIL
Machine Learning Models to Predict Background Music from Game Videos
FHRER, JEREREA(BXR)
@ [ZLBDIZ:F—LD— & BGMIZIZAVEFRA H S EEZ Dhb.
TIT T—LDY—2 %) HidBGM #EHRT H5VATLER
=95,
S ERFE . I —LOMEEANT S, AT LIZCNN TR
BEI L—LZEITRTHIET S, E 51T, LSTM THRITHER L =Bk
BESHFMCERT S TLT FRIL-SEFRICELL-5%
%D BGM B85 T 5.
L gdfiES
» [Undertale] & o0/ - bUH—] #2BLEZETIUETIE
h FTOMORI] & fAR> LT 4 - H3] 2ANT 5.

> FRIL-EESEEEZOETRIFHELER L. [Undertale] %
FE LI=ETIUL [OMORI) DEE)—OEEHMETATE
f=. o0/ - A=) 2B LEETIL AT 0T -
# 3] ORI OFEOTEHEETFRATES.

> BD—2EANTHE, BLDHBOM ERFET HHMEELT-

[Undertale)] 2% LI-ETILUZRLDL—2EANTRE, B

L BGM %2 Lf= o8/ - RUH=] #FELETIL
2R DH—0EANTHE, ELBGM %1 [@iRFE L1

® BhYIZ FRETS—LOME L BGM (58U EFREAH A Z L #H
RELTVS., ORI OVWTHYEFRIIT 20ELH 5.
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3-4-14

3-4-14 MBI~ 2 5<

REAS—FEEZRNOD) 7

Riff extraction from popular music sources
based on measure-to-measure similarity

FERE TERKA AREEZ(KEX)

') 7 (refrain) (FHORTECHBESF TER SN AWML T L—XT,
HAAYEE L= OB e HES ERTHEE LSR5

& X2 —8 THh G ) JEHET SEITHRLH SN, 2 T FITA
SRR ZHF 2 —TRENGVMTIHBETELL. Z2T,
FHARTIIRE L S—EHERN 5 ) FHHETD.

&N (BRERYDES) CEDARY 0TS LOBLETESET
Bl &lzyY, HBEITIIERS. ML ) 7OBYBLEMORS
M2 MOSE, ) 2 THEEHTIICF = v 2N G, (Fig.1)

*FUIROT L2 (Fig2) ZAEBSTHIICEHAH, BXEELED
ATV AEY Y IHEINIE N SIEE SN ERETES.

*SHEIE, FruMBELLGL BEHTIING ) JERMYHT 74
LA DFEHBETHS.

Clmemememe |-
= o |
L =1 I [
e ]

Fig.1:Correlation matrix

. . . o

Fig.2: Riff extract filter

(ray / BUMP OF CHICKEN)
3-4-16
3-4-16 Piano Velocity Prediction Using a

Seq2Seq Model with Attention
Mechanism
“Taein Kim (Inha University), Yunho Kim (Andong National University)

Digital music scores can offer precise time and velocity
information for each note but setting each velocity value by hand
can be time-consuming or require high piano skills. In this paper, we
propose a deep learning model to predict the velocity of piano notes
using the Seg2seq model with Luong Attention and the MAESTRO
dataset. The proposed model consists of a loss function including
cosine similarity that treats note elements (TimeDiff, NoteNumber,
Length) as vectors with a single direction toward velocity. The
qualitative metric indicated that the model is not yet strongly
preferred over human performance. In the quantitative assessment,
the proposed model presented a better error rate than other

previous studies but achieving a competitive F1 score is remained

as further research.

LR T e

Fig.1 (Left):Vielocity prediction nesuls ul H4-att modei
Fig.2 (Right): Diagram of model architecture

Pitch class.
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3-4-15 4 O<w 4 5L ECNN ZAVV X2 —FR
N R—XFRDERD A

Attempt to generate bass sound source from guitar sound source using
chromagram and CNN.

S EAEHE AURRE (AAXPAFRESERRFRR)

& B ¥4 —ERMH o A—RERDER-,

¢ REFHCNN ZAT, ROV OTTILHLEEEED,

& T—4+4 v b: Cakewalk by BandLab ZRLVTF 2 —HEU~A—R/—F
DB TR0 #), BPM (120, /ML 4 /MG (8 #) Bz,

S EET—4 LROT—4ty FOS3 5 108,

¢ TR T2 LEROT—2 1y FOSBEBET—2 LS5O 10 gz,
The Beatles D 3 88 ( [~L A MEERELOHE SN [TA - F1U i)

&R AN ONTIED— RIS~ A=A B ER Eh -,

S SEHIRFREFTT—F L LTEOTULERLY,

Chromagram

Figl: Chromagrams of the input guitar sound (Left) and the

generated bass sound (Right) of “Day Tripper”
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3-4-17 ZALEREHOVLENIEBESHERDT-
HDERERFRETIV

Ermor prediction model for O wilh fewer paraliel
OfEE, R (ELH)

& B8 . FEFEETIL DeepBach (2 & AHIFEERFEROSERL
& 3 AEEOVSSAESAERERA S

> PEBRGER  FMOBIEDER, EL

BRERICHT AT ILT 4 HVELY

& 5% FEEAOFAER FRIETILDOE DeepBach #i&5t

> iR L=L 1+w*L 2

> L_1: DeepBach [Z& Hi8%

> L2 ZERERFAETIUCL D% (FAEROAFILT 1)

» w=0,0.0001,0001,0.01,0.1,1 TEhFIIERELES
S ER  w=1DETINCTREIEREMOED EHEEE

> ZRAICBBE LGUVETONRE, DR SREh R o1

the number of average errors for each epoch

o8 & &

kiié

the number of average errors

FERTHR Y IRATOThETOERT R Y Y % L= RALEEE MO T
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34-18  REFNEET—2ty FEAL 34-19  BY EARYEICESUL—TL—s4

Za—FIEBETIMEIEELSH
Melody analysis based on neural language models

using the classical non-chord tone dataset

*EABHRI (BB X), £ FCREX),
LA (RA/BIBX), PRE(EBEX)

FHETIE, FiE NFEHRISCEENOSSHOENFSTHIEE
BURRSHTHOD_1—SIEBETIVERETS. BEETIL
X, BaNIhFETLRELTEEE. 05, FNEESIANILESD
HEDENEETT—2byb Lo TEEEhD, S5 BERLD
=8, F—REybADH LT ILEOF 8. o TIVETFREE
OREI AL E TSI C DN THE BRI, COLSLETIL
IE. AFTITOA TV ENES T2ty MER D EEETIELT-
Y, BRLE BT ANELETOMBEE QGBI EFENS,

6 —

Context
encoder
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Output layer
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Output g‘;
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[

Fig. 1. Proposed model for identifying tone types based on score and harmony information,
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Unsteady masking characteristics
based on the auditory critical band assuming EV acceleration

WEERRAE (hR XfR), ASERE, FHES (PRX)
& AL, EREBELT, EVIOEENTHRSh T2 B8 T
MEAHEL VR L ZEEHOEEMNE, SLUILEROEEEHEThERE

RS BB UVT, RS, SORRERUE L ISR I(RAF LTS5 VE,

Nl al B e TREEI T s N L=,

& E5|C, EROBRRTEISEOE, FiEME S Bark Bl IR L1-BOEETE
BhEE S L TERY IR RIEER veses [Barkis] & L\ D FiT=1EmM 5,
RIS T S DEEM A H = A LARRBA L=,

& A D= X LORZHEIRANZ, FEFREH 095 LLEOERMESAUR AR
AL, Fig. 11=R3(a),(b),(c)(d)DBRZEHDIE EEORE EEEETILRIC
AT HIET, 100~10000 Hz OEESEERI“HT, FEREEOREZES
& Lo OF L —EISRES. Thil, EVEERSLUIDERFEESh

HETORBEEHRS HE G L I=IFER T A5 L T HHENEREASR L,
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Fig. 1 Formulation of unsteady masking characteristics
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Web Z77)ED1=bDT7OU IR DEE

Loop sequencer based on the degree of excitement:
Implementation of front-end for web application

FEAIE (B ARR-BRRE, BN, LRKEA (AKX 3B

@ HARELIFTHD, I—FHYEL VY EANY ERI ROV TERH
EEENRIRT D)L — T — U HORBEEEDHTND. L, A%
2 R7A—2F T Thdtzth, ERTBIZIEA VA h—ILHWET
HY, BEFREOJIELES TS A 1=

@ TIT, AVATLD Web 7T)LEEHT NS, BERTIE, Y—
135 FTOAP| OFE - BECDLWTAf-. FETIE 202k
T FEDEE - BEICOWTHEAS. BAFNIZIE React ZALNT
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Adaptation and selective attention to EV vehicle sound

FRILER, BREN(EETX), AEBET ABRFRAGUEN

& FHE T IFERUGERATEISEE L, BROESRBSEERI(ERP)
W OEITRESCH T HIEBEEER T AL EEME L. 18
TlE, FIEEEEE LT, ETEOBEELALOERIZHS 5 ERP OF
BITOVWTHE L. ARETIE, WD SEEORE T ULETED
B EBLMNTH L EBME LT

S ERTIE, ETSOEELNILOERICHT S by FHH AR
FEL, SOOFEEMFEEHOETERSEEHIE, ThIZHTS
ERP OZALFELRIL 1=

& TORER EITEOERBRS & YSERS(1 kHz (BR0AH &
UEEHEEABE T LS EA e o T

SSHDEEL LTIE 1 kHz LLEDSEABMT 5 L1252T, &
FFSETOERERET 5 LA EIFohd.

e = 1000 H: increasing SPL

e = 150 Hi: increasing SHL

= 650 : incroming SPL

prp—

amplitude [5V]

el
amplisada [&V]

e [ma] T [m: nme [ms]

Fig.1: Results of experiment. Grand-average ERP waveforms with
increasing and decreasing SPL in the frequency bands at center
frequencies of 350, 650, and 1000 Hz. The P3 component appears early at
a center frequency of 1000 Hz.
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3-5-3 3-5-4
353 BEEEZFOERNIREIZEITSHBCGM D 3-5-4 TRBADEEEEE L]

IN—TRADEILA RIGH L
FHRENRIZRIFTH

Effects on reaction time and subjective impressions by the change
in sharpness of background music in autonomous vehicle environment

KRSHEL BEHEZ(ENIERS)
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HRBE BIE T MEGEDER

Consideration of comfortable consonance addition condition
based on the effect on medulation feeling
OIRIREL (hRKIR), AFAFHETE,

PAREER (FERUAERT), FHES (FRK)

* BHAIMEEH S OIRMBZEI HIEA (LU T, ZERRHE) S B INE DS
AVEERRE, DUlEE C 5 A HESEA AN L, SuE LTSNS EET S,
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TEPBANET D, E£: (INEOREMEAIELSEFEVDELS% 2
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2000 Hz OZEREEI = L THRAISSEA{T o=, SEEiRtiE <25 @A° Def
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e R & FIH SRS (DisL), 1BF0EConL) & LTHILY =, 20
fE1 Fig.2|Z5RT & 312 ConH, Conl THSEBATLEL, B Li-(msEl

=1 HEMEA R TS =,
70 —-““-(Cunmoancs Modutated E 3 * pe0.05 L
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High Lew | @
g Pt 3 r
E o
5 ! i
@
o ;g:‘ Increase H Increase
K -3 =
i1} 7000 DisH ConH DisL ConL
Frequency Hz Addition condition
Fig. 1 Frequency characteristics Fig. 2 Evaluation results of
verification experiment

3-5-5 EHMERSTYXEDNEOHD
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Sound design for living support for the elderly
based on human cognitive functions

OFREE, TAHU2-TIOEIL(T4—F), BFRIEEIC)

* ENHEEOBLSIUNMEEOD L VEIZB/MIC, EESREONMESE
LEFYHED-HOET ) LR EEEL, NEOFEEBEEL-. B
TR LE=ENSEOPREER-CEERI G LT, Bk Y ADDE - £18A
{EfAT HMEDIEE Fig.1 277
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= TR R
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) ®) © @
\ I x/ Jf
@ \\.«J . aWJ \\
mn:s_-z
{a) Cheerfllness (BIBPM (g} kat[mq ratio)
Fig. 1 The concept of nursing care supported by Fig2 Relationship of i desigr
sound cues
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Evaluation of everyday life functioning sound-cues in consideration of
the body clock based on impression evaluation and physiological index
YoRlRiniE (h R KIR), BAEE, T4V -ToIL(T4—h),
EAHZ(C), FHEF (hRX)

& FAXTIE AREFHASE L THES W 8 IBROETHAES (TER @
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—REWET B
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EHMT 52 LT, RNEET LSRR TE S LS M-,

& DBERCES0—L2y IOy MRS CHEEESLVE Fig. 1 ITRT. 1R
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& FHESERMURORRISOMSRER, B RTHEL. MEgE 3%y
FORLTH5 5 & THEREOMREERE L.

& BEFRSHTIZE Y, BN S LERGETY A A5 A—424% BPM,
Tonality, Loudness, {EFESHEHOEOREFTHLEMETE,

Table 1 _Factor analysis
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R | ! ]
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— Night 3
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u a0 )} @ ® ® @ ®
HEED
FTT ] ETT Sound number
ENFSE . 3% 3% Fig. 1 Avemage factor scores for arousal

SR ASLIE WARHE factoes and elliptic arca
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3-5-1 3-5-8
3-57 HALEDTHALTORRIZEDEHID DEBICEETHMHE

ER-TOLLED LB —

Consideration of Knowledge Presented in Design Process of Auditory Signs
—Comparative Analysis between Professionals and Beginners —
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3-5-9 FHEH EUBED EHD 2HTD
RRFESRLEWMAPELNSZ(TS
EEEELOBR

Relationship between cumulative contribution rate of PCA of music and
video and the degree of impression influence from media

*EHFST, BEHE(KRIARR-RD I)

S ERLMEERAEOETHRELZ L SICELLOMEI RS
M DWVTHHEIT o1

S EHELMEOE AT « 7ORERICE T 2 ERS SO RMNE 52
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Fig.1:Correlation between impression change and CCR for each music

ZFHERASHOETEFELDEMFHEDORRICDONT
A study on the sound of wind chimes; the relationship between acoustic
characteristics and psychological evaluation
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[Invited talk] How to Understand Physical Fitness and Sports Medicine
- To Contribute toward the Development of Acoustics -

deNl MPEXRE)

& KE - AAR—YROEIOEZ HEEEOFRREPLISHRRS,

& CHET, FhEpFEDiEREEIE & performance MEIEmOHAHZ &,
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B BhosysE (556, 1966).
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3-6-2 3-6-3
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Sports performance and sound Acoustic camera analysis of va_ull perfomngnces to de@e_ermine acoustic
OMAIBE (X features measured in Gymnastics Competitions
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Fig.1:Acoustic camera analysis of vault performances.
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focus on "humming," "self-talking,"” and "inner speech”. Examination of Auditory Utilization by Position in Volleyball Part Ill - Analysis
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Fig.1:The most frequent usage among humming, self-talk, and inner speech. Pg2: A MR /34 ai-rok: o
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A basic study on the importance of using auditory information in FPS games Part3

Proposal and evaluation of training methods using auditory cues

ToHARKAEL, KEEZ, AWMEE—AD, 1815 () ITHX),
SMEC (R, L EREE (I IRX)
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Hearing training for discriminating the sound of a batted ball in baseball games

WEARE SREA ZHEE (BRNIHX),
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Effects of environmental sounds on baseball batting practice
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Fig. 1 Batting practice scene
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Fig. 2 Questionnaire result: ease of hitting
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Subjective test on the effect of visual information on impression of
environmental noise
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Fig. 1 Annoyance at each [iwas of the stimulus
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3-7-2 BERRBEAEET ERIEHR D ST BRSO T ERTH-
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Subjective evaluation of traffic noise with low frequency components:
effects of the oppressive or vibratory feeling and number of sound events

OB (HRNRIBHHEE/ARX), F& BERIK),
WEFER—, TABEth, Bl R REB CIHIERD, 1L fGERIIR)
@ BREAS E S UHRHREOEEE TRV V- E RS E R L 1=,
S EHELA, ERFEERSOFE BEA 2 FOREENGEDSE

EH, EEE - REEOFHEICRIFTHEERE LI, &bl B8
& REBOFELINA T, FRMRE0EEEICNT 45l (RITHD
B2 CRETEELITERELE.
@ OCRT 4 v ERSHTOBEREN S, EBEROFRICRIFTREL
EEEHA S OFR LF) ARbIELFEERIFLTLV: (Table 1),
S ERFHTOREN S, KUTELEEAOFET TEEOFHE
(Oppression) AR LML FETRIZLTLVA, BERIEERSOF
# (LF) OREEBETEMN 1= (Table 2),

Table 2: Result of multiple
regression analysis.

Table 1: Result of logistic
regression analysis.

Item OR  95%LCI 95%UCI Item B B p
Lamae 1174 1.096 1257 Lana 0075 0190 <0.001
N 1349 1053 1.728 N 0314 0199 <0.001
LF 2729 1433 5195 LF 0109 0028 0584
Gender 1.144 0542 2415 Oppression 2133 0454 <0001
Age 1.013 0985 1.042 Gender -0.567 -0.142 0015
Sensitivity 1.200 0558 2.581 Age 0005 -0030 0559

Sensitivity -0.243 -0.061 0.306
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MRREHDRERF DERREDORE

Identification of low-frequency sound that increases blood flow
OEHRZ, FIERERXR), AMEE FHEX/ E2HEXR),
e (B EEXIR)
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Fig.1:Cutaneous blood flow in hands.
Deng et al, Sei Total Environ, 2022
(Elsevier £ 0 EOBEIFETSH D)
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Subjective evaluation of traffic noise with low frequency components: effects
of low-frequency components on annoyance
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Fig.1:Level differences between stimuli in the pair comparisons and the
percentage of respondents who chose the original stimulus as a more
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Development of a transportable low-frequency sound sensation chamber:
Case studies of the “Low-Frequency Sound Experience Vehicle”

@B, TR (1 HIBER)
& LSy o TERINCHENITES MEFRESHERE) 5% (Fig1)
@ 50K 3 BEHFIZ 100 dB B A HERES Z{48a]EE (Fig.2)
@ BEEEEA HBIEERS
@ EREE TR L AEER - IREN%
Q ERBECIRL-ERESESLES
& FHDA A MEET 1,000 BLULEAMEERE 45

InteriorW1*3xiD2;x'H1.5 m
(Capicity: 3 people) MPA
Fig.1: Low-frequency sound experience vehicle (LFSEV).
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Fig.2: The maximum S.P.L. that can be reproduced by LFSEV.
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3-7-6 ~ 3-7-9

3-1-6

3-7-6 HIEHOTIREIEBLEREFRFHO
FAIETILORE

Study on a model for predicting the number of droplet particles focused on
the sound environment during speech.

Ot HH Tt ARR - BIH), RAEIBEREAR),
AEMFFHARR- BIH)

HEFEDEN T «— Py H 2EE L-LEHORREFORH 2
DOTFHETIVEMES H1=8, BELL50~7T0dBD5dB J&I5E
LT 5 KEDEHTHRIEF S VEFEERFER L= T
HEBMETHE L BELALVESRBENE LTEESTETo4ER.
TOHEHMGoNT
& BB LALLTERMTFHOBRCOVT, UTOL S GFRXIE

stz (7=090).
& COFRXEBANT, FEHOBES LAILEREDE ) X9 ORFR

FRIEFRICEIHE L

15

y=0.0078¢ "

12
9

6

Number of droplet particles

3

040 45 50 55 60 65 70 75 80

Noise level Laeg [dB]
Figure: Prediction model for number of droplet particles using noise levels
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3-7-8 EfEEFL V=B ED LA L FIHDT=5H D
AO)—=TRE
-BEASa =3 OEhYETLAIL
FHHO=HDHE-

Screening surveys in the elderly for preventing frailty using a questionnaire
- A study on relationships between sound communication and frailty prevention -

VrimbhER, £ R (M) TR, FEIESR IR

* BFEOHEEREERT, AT CESESSEEL T SRS 0EERETRNER,
57 LA IVFHDALZ ) —= L OaE#EHT 512t HHEBORS BAHOTRSREN
5 YRS £ USRI OTEL W L 247 o1=

o FHTIE BE3 HEHD [T - BREEHERATENSE) HoOEEE—ES
Lt

o TLAJUZRIEEN DS - W - S0 -FAL LY - EhOE D LA LERSD,
R, i FHEEM). SRR HEEOSEE Bo LRE0h oMo e
DREEESHT L=

® 57 LA JULEOFENERS 7 DOk S Ol SHE I RS o

Table 1 $5T7L-TLERIEOEDMC A S OBSEE

BE El

0.610 1441
) {0.000%+)

1111 1.087
e (0.00084) (0.000%%)
i 2.083 1.048
e {0.000%+) (0.678)
i 1,889 0978
e (0.000%%) (0.808)

7319 5079
iyl (0.000%+) (0.000%+)
BL 0579 0591
me {0.000%+) {0,000+

T p<0.10, *p<0.05, **p<0.01
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Sound environment questionnaire survey during stay home due to COVID-19
—Comparison between condominiums and apartments —

OEBEA(BX-HET), A5 BF(BA-EH)
SHEECIL FIULHTRIEFETENHEII, BRI hi-EEO 2020
F 6 BICHEHEFEOEREIET 57 o r— FERELIERER
HITHRELT=.
S EAHTIEL v a7 — FOBEERGERLONZTHEMT,
202046 BICSEEL1=7 47— RO D RAEIHER EIRET 5.
@Fig. 1 [ZfhDEFRPSHN SO DWTHIC A HIEEEFHR LER
Zird., ARTIE T3 LTI~ TOMIAS - RIS -
3 5E - BREAH D OIERN R B C SN T E NS,

condominiums "
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From upper floor n=246 F

SR B SNNNRNARY RRRRRARARARRY -7/ S55ss

From next door =298 [T TSN P2

From outsice n=304 [T IS e
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Fig. 1 Hearing level during stay home
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Basic study on community responses using a survey sheet
based on residents’ perspectives
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i BEHSLATL), L SRR
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Fig. | Odds ratio and 95% CI results for logistic regression analysis (listening disturbance)
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3-7-10 3-7-11

3-7-10 Perceived Affective Quality Scale TH™R 3-7-11 DT AU ORUIZK B EEREEIRES

Rir—7 DEERIFED FHE X BT RED 2 DFEERRELE
Can the Perceived Affective Quality Scale for soundscape research evaluate Accuracy of Estimation of Distant Sound Source Locations using a small
the restorativeness of soundscapes? number of microphones

QkHEES), ABRADOY, ALK, ARHEE (EHXFE)
[AHE TRV -RE]
@ Perceived Affective Quality Scale (PAQS): BARMOHY Y KR4 —T
BEDAN (R) OREELEZ DN (Affective Quality) Z iR

OLLiy X, AH# B, AEE Bk Nt BINCZEIR
AfK BRER AtEE BF (B¥ER
¢ RFABOMURICH (T DA E LT, EREMASEESA TS,
SIEEDIRTIL, 2HD7A 7 0RVEFALT, SYBENELE

(PLEASANTNESS) &HE2E (AROUSAL) M 2 5T TEHfid R RrEHERTD RS TS,
FE, ISOTS 129132 TIEEsN-REFOEE L, ELLEKT S FETIE, 22071 9 AR T ENE7 LA 2L 2 RGE
O Affective Quality DREEE > TULVELS E[CEENPETH D, HERREL S DL THELE T T,
FHETIE, Nagahata [Z & 5 BAEEM PAQSZ ML=, S EALYDLIENES q‘;cﬂ;; poston? srxﬂgignpt«:s‘i;ifanl 400Kz tone signal
@ Perceived Restorativeness Scale (PRS). Kaplan A8 % Attention S THBEROERE 2 AP
Restoration Theory (ART) ZRIZ{ERREht-, BIBOREMIH fEEAL, om BEE E T 0=(5)
(Restorativeness) ZEHilid 2R, M8t MET) E&xY) MR CHEREDHBEITLN. | ooppone timose a-017m
%) (B8 DS ODTHREEET LOL, (R BT) (e ERET1, —— P T .
Y T2 D4 DO TERELEET LONFET 5. KAHFRTIL, ¢ ERIRSAHEEDR e | e s

ZHELIC& SRR PRSPEMAL:,

[FHIROfER]

®PRS (& T35 TET) TEEFY) [RE) D4 DO THREE
BEAT A L& HEREMMEONT

¢ 4GTTREINDEEENEE, 25T TRENS PAQS OET
JLCENZEHET 52 £ETEGLY,

1) K. Nagahatar Afrial of ranslation of th 4 e uialty ali Sour laparese, Appl

Acoust (nprnt)
2) FHHER, {H&T, =HiET B4IEREPerceived Resiorsvencss Scale (PRS) OfFkl TR mig MERA
Jourral, 21, 1-10, (2007).
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FRBEI SRS ZRDOIRIBERIC
B9 AEEERET

A basic study on amplitude modulation of vibrating sound source
due to sound source movement
using spatial Fourier transform and plane wave synthesis

*E . XS B, BE HEEKR-TEED
& EROBMIZL > TR SOREEHLEL
* FEESHKI-TEESTEMR (Fig.1)

o
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fzp 2 e 05 =
- 3 5z
o * Em /’/ \'\ 0.0 i:
" g N H
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Fig.1: Radiated sound from a moving infinite plate with a bending wave
and calculated sound pressure from a moving plate. (Source velocity: 100 mi/s)

4 Doppler factor (1 — M cos )~ EETEEEOBR (Fig2)
—TEld Y ERETE 2

70

Plotted data
a e st g *
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= 50 e *
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=
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.
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E X [
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Fig.2: Calculated sound pressure level and Doppler factor. (Source velocity: 100 m/s)

KiRE(E 10° EETH
_ Fig.1 Experimental setup of sound source
>f=A% BERHEREICIER 7 jocalization using two microphone arrays.

ERENR LN, 5

IZEEAmEEREE Table 1: Estimation results
rﬁ]i é ﬁ%ﬂ:ﬁ?ﬁﬁﬁ)é Pos. | Setup DoA (deg.) Distance (m)
EEZLND, Mic 34 561
b TGnss 68 257
Mic 263 720

- GNSS =252 256

3-7-13
3-7-13 Ef- AV —< 7RI L HESEHERED AIE

Sound attenuation provided by a combination of ear-plugs and ear-muffs.
Offill R, /AT (/NIRRT

R L CORRAREEEAT D BRI, MDD 8L G,
oA v—~ 7 EORHRER AR AT 5 I TH D, 544 A
I TEEEHEERIIEOT- DA KZA 1) D% 30 H£5D [ZdaGT SN,
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WEE A B 22 S B+ EO L O SET S Z LR s
AL, FERICHEVRERS IO L QR L B OFAE S TH S L b
FEREN TV D, BIE, FeoA vY—~ 7 22 BN Cas LB
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DR ST, ESHI By, 22T, AT, e Y
— 7 &0 LIBRoE eI 1-ieo NIS 12 & S50 IR
THYE AR EWRET D,

o

SD [dB]
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Frequency [Hz]
Fig.1:Sound attenuations compared the double protection and ear-plugs/ear-muffs only.
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3-1-14 3-8-1

3-7-14  HATS #ALV-REEFEEAERD 3-8-1
EEEEEEEAEDORA

Attempt of sound attenuation measurement of
hearing protection earplugs using HATS

Oftk RX(HYEW

ZERAFTHEORFFEIIONT
— & -BEBED 1IN A 2 —T o —
Marrow-band analysis of sound fields in rooms
- 1/N octave analysis for growth and decay processes -

OLLIB#4E (TR B
¢ ENFHO/E - BEBIETE ANESOGIE L, ST
— RIZKG LIz ARSI ORS bRE S 5.
& "DIEZRLHE T 4 )L (BPF) OShRIZEET AHR L4 <
LTHEATHAN, BathlEe (L
*SEHL-HTHFEAMOMES LTEREL, BEETo1-
& ER CEOFEREREOS T EEA, BPF OFE, AT FLOEAY

S ERRICB T AEERBEIC LB NBEENLT 510 R mE
EHREA B O IR CERERENALSN TS, TLTTOMAESE
(DETHIZ[E Real Ear Attenuation at Threshold (LT REAT)EMEENAER
OEEERREOZEFET S5 FHRHEENERSh TS

@ — 5T RE/ A X v BAYRRU B LUA AR (LIFNCHP)
HERL. ChoOESEREFOMEETHEEAS JEITA RC-81424 £LT
HBESh TS,

SR, BRRE TIThh TEERAEROESEEIFEEE .

HOEHV RN RER C5 X 5E, ERVYENE T LEHA -, FHIZDOULVTHEEELT -
SERFEAERICIE, M #"E-A-R TM"318-4001 GilF2)"F%, ,
HATS I35 5% “SAMAR Type 4500", 7= RIEFIS1SIZIE RC- ey Roon 1)
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e | @,
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Fig.2a Externals of HATS used for S5, -ar -JEITA SD EO] =, .
measurement without hearing protection = —a=JIS SD
earplugs & 2b with protection earplugs éﬁ-m . - IS Ave. Fig.1: Sound fields and measurement systems.
S AEDRHR, EEOMATILVEE 58 sl
A RECEIET D nHt A= 3g., x
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HIEIkHEFHEEREEZALND, by JIS and JEITA method,
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3-82 FEHFy—TESORBMELZRAVN-E
SN LS B E &

High SN ratio sound insulation measurement method using synchronous
addition of periodic chirp
O/MIMR—ER, \LIEhE (PR ER)

& EZRYICEHIT HEEHIEL LT cyclic chip E5%BL\5FEER
FY 5. FFETIIEINE L EHAHES DIEHEIC &R Y SNR AREEL,
BESHEOHATHLATUTRELEL LGV A Y MiH 5.

@ FEHAMELE L SNR (SET DO ARSI ARRENMET I DRI H
5. (RERBDARY MLHADLT UHES EfRET HE, 7V
IEBRODRARY FILOEHEFHAREDORRIID A ZFEHHERL
THBATED. HIALI FRDARY MLEFHAR RO B REE A
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[FEEEEEHYERI L SNR AFERE Iz, ZHIB (3 50m EZEDEIRD &
Hit—ILESHEROHINER THD. FEEEIE D-70 LLE, IREF
T3 D-85 LILEDEEEREN R TE =

Fig.1:Sound level difference levels
measured by the proposed method
and the conventional steady noise
method: Dotted lines indicate
conventional methods, and white
markers indicate data with
insufficient SNR.
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Fig.2: Difference of reverberation time in the system | and |l for various
rooms.
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Analysis of the sound field in circular spaces using small scale models.
wSERET, FEE SATE RIEL (BXED
SHERE K i
& ARZERIZIFLTO & 5 T EEMEENFES 5.
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Fig.1:Models and results. (A:sound source)

(a) No diffusers

BAEEZ2% 15000 (202 3FEMUF) ARERS



3-8-4 ~ 3-8-7 #3H 9H28H (k) £82sig (125)
3-8-4 3-8-5
3-84 FUHUINFEHERNEREHMED 3-8-5 HIEHFIREROESHI SR

BSAEE -t oY —OBRBIKEIC
2 T-
An in-situ measurement method using ensemble averaging technigue

for sound absorption of materials
- Effectiveness of on-site sensor calibration -

OKXEE il BEALR BFEF(ROA-ED)

274 ORUIZE BT ATV ERVSHORERHEES
(EApE) [ZDLVTHgEt

®EALEATILY by bRA o OR U EERL, 75 A—ILOREHE
HEREETAE

S BIERT, WU, FIRMEERRORERIIES DEAKEL

S TSR L 11340 42—\ FEHFMEDER T, BHENSIBIE~
Rl S EELF NI : Fig 1 B8

Absorption Cocfficient, (a) [-]

Frequency [Hz]

Fig.1: One-third octave-band mean values of absorption
coefficient () of GW50 measured by EAy, method with sensor-
calibration using electret microphones (red line). Reference
values measured by EA, method using condenser
microphones (orange line) and those by EAg, method using a
PU-sensor (blue line) are plotted together for comparison.
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586 BURERIEICHE TS
—fRiERET 1 2 DETIL
Modeling of General Directional Microphone in the Frequency Domain.

OHRNE, BFE (Wi ET)
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SEAFRHAREBOBERRBEICH L THRROET ML EAL, &
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B E § 8
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¢ 5§ & §
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Fig.1 Microphone placement Fig.2 Estimated sound field us-

and directivity. ing proposed method.

FRESRE S5
Frequency-Domain Sound Field

from the Perspective of Band-Limited Funections.

OBR#L, BAE (hk - =I)
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Lo TREVBRTOEER) 2AMOREH TR Z&HFTE S,

3-8-1

3-8-7 YA VEREHE D—RE

A study of microphone directivity estimation

LeiERA, SR, BFE (hk-&T)
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Fig.2 Runtime for directivity

Fig.1 Estimated Directivity estimation
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3-8-8 3-8-9
3-8-8 L&Y —REMOFREHEF 3-89 BREDZVVRAENOREMFHRDHR
DIRES (CBE9 HIRIHRER (56 2 #)

Examination of sound environment evaluation method for relatively small
general space

OXLE, IWWTFR—(BRFEILO=FIY), ABRE— (RBSEH
K), AFBRE—(KEBIHR), ALAEL ARFHERT ABRAE(RA
#17)
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Fig.3:Approximate line and deviation of ~ Fig.4:Deviation from the approximation
reverberation attenuation waveform  line of the reverberation decay waveform
(reverberation decay fluctuation)
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REFICBTLHREOEE T HEETE
Speech Intelligibility Assessment in Japanese Elementary School Classrooms
OT/AUXETF (TOAGM)/KERARE- B T), ARMEE KIEHRE L5
AREREE ANEH ABRNMFRREEA-HRET S/, HEE th(RREE X -5,
AEAE— (KIEATLAR- B, ANIHR CKIEARE BT
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FRHECB SFUORRRSEN & L TRARTHS.

& ENIIIBERNTREOUERDO-OIHA R4 VEHEH - 3B
HMEh, HEHNBERITTA IV ORE—D—2EATIEL S,
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H—EERALEVES Fig 1. “off”) £955B8 (B, “on")
[ZRIL AT L1-FER. BEAYREPIT 1 LSRR E—h—
EES L REOBRESF TRENALT HEMHETES.
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TEST SCORE
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off on
Fig.1: Speech intelligibility test score comparison; with microphone and
loudspeakers (right - “on™), and without (left - “off")

A field experiment on the effect of sound absorption installed to a highly
reverberant kindergarten classroom: A second report.

OJIFB=, ARBRERE ARES, ARBFEGERR

¢ FEMRERRE LEERERORIZRON - EZ0OZIMREE
IZBULT, FEMESHORY 11 - BYS LEE YIRS RISRGE 2
FRIzh-V#RL. EREEHE L.

¢ 1 FRIIREOLTVEFT4 AN s 11 BETAI LZRICEEHE
fRa&L, 2B 4AITEEHERELI-FE 11 AFTRILI-&
ISREEHERYST, ELSPRERSRES L.

¢ NHIE 1)EBEEUTOFELOEBIHE LZEREELALE,
FEL LEEOTEDOEE LD 2IEBIZDT, BEHOREE
ZDHLOIZ R HIEFR(HY 4dB)EHEL T, REDEEOEHHETH
FEREHEL,

SHERELT, 1EEDEY so—-: zE41 70 3
ORELLEE N2111) & | .
TEBHS-PEELEE (3 e
EROSRE ThORE § |° 1 |° 5 .

B 3 . 70 60 i
OfREE (A21-1) TRES G|, o % t
Fhtot= (Fig)s S
®—HT, TORDEHTT Z 5 2 5 =55 =
=z < <« = Z =€ I =
[ LNUREROESE HARA eIy

Bl REOEE LT Fig 1:

Daily voice level of singing together
KELTLITR oMM -F-,  before lunch. Levels in N periods are
adjusted to A(absorbed) periods.

3-8-11

3-8-11 AERU RC EEEIZHITS
— BEQERRENRD BRI

Comparative examination of low-frequency soundproofing effects of double
window system in wooden and RC houses

ORI&M, tkAME®(FEX-I),
ASHSEE, AVRS, BRET(YKK AP Bt &1)

S EEEDOAREHBRFREITINAT, BIFOARERU RC EFEICHITHHE
HAIE L ERTATETL, —EROEREHRESHRER~ =

®Fig. 112, EEICETZ_ERNETERBBEELT Y. BEROK
ETIEINESBHKE DI ZEEOHRIIFEESSIELDIZ
#LT, RCIETIIERELFREEDHENGONLL, FESEAED
ELJETT 2ERETEAROEARREHETED L 5838
LR BH T EMBREMEE ST,

& F7-, Fig. 212100~200 Hz % TlE, Bl v vA—ENEIZE A3
EER & VESOETIELDHZ EAREESIT -,

L A T T IR A S AR Y

[dB)
[dB]

Ru
R,

e

¥ i
Ff +Test house: m = 25 kg/m*
j ;/ ——Test house: m = 55 kg/m’
10F* "/ —+=Wooden house
/ : : RC house

—~Lab )

63 125 250 00 1k 2k 4k Ter i 10 00 Ik Mk
Frequency [Hz] Frequency [Hz)

Fig.1:Ras results among different wall
structures for double window.

Fig.2:Effect of the shutter in
the wooden house.
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$£3H 9HA28H (K) H8RH\E~FIRE (127)

3-8-12

3812 MASTESBBEOERREAEIC
BT HEREHICET S RUBRTRIRET

Mumerical investigation for source conditions on laboratory measurement
of obligue-incidence transmission loss

o LI ZRAN CRROGR AR/ LA - Friitsl), BepUMy, SRR CRRGRER),
HEBACAK-ZI), EARESH(EA-T)

@ BOASERH BT HH S RIEOESHEEI - DT, EREFHRR U
SERRATIC & U iREE T o=

®Figure 1129 & 5 1<, AR & HERMTORRIZE—Z L 1=

S ERISHSAETOE#INRLESEHRUTFEEASESETIT-
F-SUERTEER (Fig.2) MR, a4 VT U RABRERMLLE D%
HIZHNT, AStEEICE YIENKE (RIESH I LATRENT .

o incident angle : 85°  incident angle : 60°  incident angle ; 30° incident angle : (¢
—— numerical analysis

1t
- - b
.
13 300 3 12

= = = measurement
s % (T - ¥ w0 gk
Frequency (Hz) Frequency (Hz) Frequency (Hz) Frequency (Hz)
Fig. 1:0Oblique-incidence transmission loss of numerical analysis and measurement
(2.25 m sphere wave)
"‘<4J incident angle : 85° incident angle : 6

/\f

125 500 2% 125 S0 2k 125 500 F-3
Frequency (He) Frequency (He) Frequency (He) Frequency (Hz)

Fig. 2:Numerical analysis of obligue-incidence transmission loss under sphere waves (225m/
5.0 m) and plane wave conditions

&

2

=

=

o

Acoustic transmission loss (dB)

oo

|m—sphere wave(225 m)
= pherne wave( 3.0 m)
= = plane wave

.-\aco.lslac lr1nsn bSK n kvss

=

£
B

3-8-14

S84 B HRTF DB R VR ZRI~ 3B
Dynamic HRTF application for music ensemble training in VR space
Offi# BA(v=en), ARRE=(FHBI1L),
ATEERN, NERI(ILYEAR)
®VR 22T UYRHEIZE T AIAEFERIROMERGIE LT, EXESE
HEOERNERBNT 5. FEA—ILEMROBHRIEHT, TnEE
DA LB SYT 4 THEMCEEFEETH LN TES,

@ 3T UVIEERE T 4 WARHE LTz, BEROR) 24 B v IBMEIZ,
BEIMEFEEER. CC DTHIZ M) T+ =—h—ILEBRLT=.
0SS LIEF—LI VY Uity THITEL, VR I—5 L+
Windows TERT 5 EMTES BRFEIZVR I—JILEDH) .
SHEOWFICITEREDRAT LA IA I DEN, AREEYALH

(ViRealMic) ZFAL =, VR ZEEROBATIE, £ifEi LTI
ZILT B HRTF (L&Y AREEBR L=,

RUATIESE

SoundXRrTEABDS 3 H RIFBEEXN

Fig.1:VR Apps. for music ensemble training.
(Planned and produced by New Japan Philharmonic Orchestra)

3-8-13

3-8-13 VR FEZEMICHITHETENRDIRIE
—ERASEDFHBIEFE£EELT -
BFEOHEREEFE—

Investigation of the precedence sound effect in VR plane space
- Characteristics of sound direction when considering the evaluation order of
each position in space -

K EEEAN B AR BT), AIRS, FRE—(BX-BD

@ ETEHREFAL-EEAERS AT LOWRETO>TIVS. K
DATLEEET B, ERTERGHINAT, RS TOREN Y
BLGD.

® ChITDWVTIE MR EGIRMERICR AT LERET HEED
EEEEEHOERIC, VR EHOFBERELTLS.

@ SRETIE, MELF VR FERZEMICE T BB TOEOHRIEETE
f@il=2LT, FHEIEFOREIZ DLTRIE T o7=

16m

Ty | mmse
|| om| G2 @ —EDIEFI=HE > THHE
c ?& @ 524 LIRR CORE
| B e

Fig.1: Mmmdmw

Fig. 2 ! Visual information in VR.

3-9-1

3-9-1 BeZMHYEZTETILERALV:
zero—shot B = & D MREET

Performance evaluation of zero-shot text-to-speech synthesis with
self-supervised speech-representation model

OFEMiE—, ERER, £)14642 FERE, HBSBH (NTT)

& BECHEHYPEE (Selfsupervised Leaming; SSL) 2k Yigoht=
EERBBHEETIL (SSLETIL) % zeroshot BEARISERALE
FEHICHBLT, SSL ETIULELES T2 TEE Sh-BOEEER
DREIZ5 2 H5/E%

& LLEOHE
» SSL EFINELT, FhEh, BFREELERED—/X (CS)),

LibriSpeech, ReazonSpeech THE iz HUBERT Z#FIFALE
BEELLEE

# zero-shot EEAROMEREHEERE

> &b KR ReazonSpeech ZALVA &, AT TR 5 LEES]E
LEFCSRROERNGRENRET 5 L EHR

» CSJ, LibriSpeech L& 5, SSL ETIVOFET—2OEFEK
FHEAUNE N & AR

Model MCD Duration (ms)
HuBERT(CSJ) 526 15.0
HuBERT(LibriSpeech) 5.24 15.4
HuUBERT(ReazonSpeech) 5.14 14.3

Table 1: {35 5% Durationi XRMSif#E
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3-9-2 ~ 3-9-5

3-9-2

Hi-Fi-CAPTAIN : NICT SRERRH
HESBZ/NZLILEFEEI—/NA

Hi-Fi-CAPTAIN: High-fidelity and high-capacity speech synthesis
corpus developed by NICT

3-9-2

OFAHRE, SEFU, AHE
(\EESTTRE, SRR - FABEXE)

- EESMAAMI—/CAHi-Fi-CAPTAIN
« CC BY-NC-SA 4051t AIcT202348A Ic AR
- MR
B S ERE48 kHz, 24 bit, Y ZF7PCM
« PAYNZEEE 151K, B1E15.06H (& 61214,0003)
5512,9883HS LILO—/KR
- BAGE | i423.3K5ME(19,056X), BtE22.3KR(19,058X)
51518,8553HYCZ LILO—/LA
+ ESPnet2-TTSTHH - §RLAIRER L & E IR
+ End-to-end(E2E) 7+ X FEE& : JETS
- E2E-sequence-to-sequenceFE £ : VITS-VC, JETS-VC

https://ast-astrec.nict.go.jp/en/release/hi-fi-captain/

3-9-4

3-9-4 BHEETXANEFAHIZBETS
FEENIMLDORELIZEE T H1RE

A Study on Stabilization of Speaker Vectors in
Multi-Speaker Text-to-Speech Synthesis

* BEAK, AAEE., BIE—0, X8KHe, PR, FHtiE
(1 FOFLREE, 2 NICT, 3 BHEXE)

@ x-vector ZEEEIEHIAAHERE LI-4848EEE TTS 2BV TR—E5S
THO>THLRIELOLEHIC L 28288N HDH L ERERLT=.
(BEDL, TP URIHL, 2023)

@ EEITOAAMERORTHEE L =05, £FAY FLERL-EFHE
Zk BRI—EFEORIEC LOER ARG EFAMERR LT

@ SEEIEHAAER & LT GST(Global Style Tokens) {8 L 1=,

® ITRESNITIZRY, KoTEE 8. 16. 32 KITITHIE L 1=,

@ RRAY MUIEEE L OTHYGST ZABULV15S & k-means 5% H
WTHERLT-t Y oA FERWEED 2 D% e LT,

@ AT TR NS LEAMZRDFHEICENT, RThES L THREAY
MLERW-ETIVFEEFRE A, HHOENMENS EARERT
E1=,

made | GST(256dim) | GST(8dim SA) | GST(Bdim k) |GST(32dim SA)
average 6.77 £ 1.22|7.05 £1.11 | 7.07 £ 1.30 | 7.04 £ 1.16
dispersion 1.49 1.23 1.69 1.34

AR )T T2 RS LEHOTESHSATEE L DT GST. kkemeans ZOt2 bOA )

|mde| GST(8dim SA) | GST(8dim k) | GST(32dim SA)
ratio(%) 23.7 25 27.7

A FHIEEOREOPTRLE (FYEToh-HEY MLOEE

3-9-3

3-9-3 Coco-Nut:
BHERXICLSEFEREICR 7=
AR -FHEBHRLERNTT—42tvh
Coco-Nut: Corpus of connecting Nihongo utterance and text
toward prompt-based control of voice characteristics,

w8 DA, EE Mz, TERE EE E R EE %
(HEKfz-1HERET)
S EHERRT ZEAEGENIC & HEEED > FO—ILATHRER TTS,
Prompt TTS OEBRZBEL T 5.

@ Prompt TTS MFEBICAWNDZ LD TELF—TUh DR EFENEE
EEEHERART T2ty FOBHAEE LUV, 8T 5.
®\Web LOEFEFIEL, BH - RENBOREELIZLTISDF

V=TI R Y EE BB E R L -
& IRT—2 OZEMEIZ DWTEHBEIT o 1=(Fh, BHGEROERIZD
WTathETo7-

diaci Characteristics Content
n,
. filtering, 1. High-quality speech:lessnoise, elc. pm||11p| pml;nm
3 annotation 2, Contentprompt: text transcription. Goal Speech
&A“ 3.ct s : description that : :
e Speech
Internet Coco-Nut corpus Prompt text-to-speech
Fig.1:Overview of Coco-Nut corpus and Prompt TTS
GERESGEED BEMsmSEs SHERIERTL
PEETIEE BMansL SheeaTh

SR RKERBRIEY S s = ,% e i
NS R LT punaEsh SLNEEE 0

Fig.2:Word cloud of characteristics prompts (noun, verb, adjective)

3-9-5

3-9-5 55 XA A LEFERATRELTFR FEBEER
DF=HDOHIEHA 8 7 T —ADExET
Design of a control interface for text-to-speech synthesis with 55 styles selectable
FHRBEXR BAREA BXE AASE, BEE—

& TR MEESH
> NHIOAEISELVEEREOESI <R
» REASAILCINBORIE, BIERERGE, REAEMGEES

BDHELHEDH N TLVS

> SRR A VERBARGIERSM AT LOERA RS

@ Gl 2 7 2 —ADFET

> RERSANEEELT | .
EEARMETS 7T — |2 ™ oy |
L3 L EERR . =

> SEBEDAR A ILETS -

FlfEA 8 7 T —RAERGH . FERRDAD

> EDA LB TT—AHRE B e
A IVBRIRISER LOF LD il

B
S EJRHIF IV r—ay
EEAL, XEIZA2A
JLEER AAALRIRETS

> ERLL - XEIZDOLWTE
MOS B % 17U 5l

Figl : Application
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3-9-6 ~ 3-9-9 £30 9A28H (&) HE9H (129
3-9-6 3-9-7
3-9-6 AEE A BRI IR = 3-9-7  RMFERELIEFERASMIUKEER

PSRBT O ERHEIR
Computational Complexity Reduction for Clustering in Speaker Diarization
FIUTFFLEA, TERK, AMREH¥Z (KMRARE- EEETEH)

SAGERTIE, FEEMEEEIERERLVEL, Speaker Diarization &LV
SEBERIBMRERS . BHMICIE V5RF) TA—ADED%E
w932 LIRS ORERERS T HEERET .

& LEEGRICBLT, TANERES EERVTER SN AETIDE
B%, REHHICE>TRODENEND, IZEFETE 288
FAR®D Fig1 D& 312, MEHE TR/ E G HERHSH Z EITE
BL, EETHOEMEE#RECSRE L .

2.5

o 100 200 300 400 500
p

Fig.1:Behavior of sequence discussed in our presentation
¢ BEEFAMEEF AL RS EOME S LANS, EREZH
—t 2 MZETHERLT=
S EBEBTIE BEET LTV 2ERERHTICE T SRR R
REMEHZDWTERT 5.

3-9-8

EERE
Utterance-style-dependent Speaker Verification by Utilizing Emotions

FrEIUE (FHEIK), EREE (WFEX), ERAEX). REASE(FEN,
EFHRENERXR BEX

EERSICRET AR TIE. ) T/ BEROEESH. FEERLE
DEYFELFECHT HAFENBB L LTS, FARTHE. 1Y
TELESICHT SMERUEFEE LT, BEEHICRIEEFEERL.

EBRICEFNLEEOHEL T TR BN RIORE LTHWS Mk
THEEE LI-RER 2 M IUKFLOEEREF X £F-ITRET 5.

FRCIL, IBEFEE xvector Z{EA L-BIBORE LEEEORED
2EBROBESATLE LTEREL MEFEFEI—/\AT#HS Japanese
Twitter-based Emotional Speech corpus (JTES) &R LT 4 FE0E
ThENETORE LT-B0FHERIRZ T o1-. REMER (Table 1)
&Y. IREFE (Proposed method) [HE4FIERZEEDIFIRTEIE,
BEDRBEFTHRELERDIFERS (Conventional method) &Y%
EER #XIBICHI TE 5 2 &h¥hh oz, F=. x-vector HEEERBETE
11T, BEOBREICEVWTHERGHHETH S LEHLMIZL
125

Table 1:EERs of conventional method without emotion verification

and proposed method assuming that emotion verification is
fully correct

Anger | Joy | Sadness| Neutral | Average

Conventional Method |  1.23 201 1.10 1.63 149

Proposed Method 060 | 113 | 078 0.93 0.86

3-9-8 BEHMHYFEETILIZEDC
BYTELRENEERAVATAIC
52 %) R0 D5
Risk assessment of spoofing attacks using self-supervised leaming models
on speaker verification systems

T S GABCK - 1WF/ B0, E0MA(BD)
@ SSL EFILERALE BUATLIZHT S Y4 FE LB
FRHERITN L, BOREIE SSL ETIVERLIROMEREAEHE L 1=,
(FHaiN] RBHEE or LYTELEFO_(EREE
(W8] SSL ETILEERAL, BEEHCEEERICK >TER
Shi-iaY ¥ & L EFHBROEEHES, REERED
EEFEE LD L SRIEETIVEFES

= AL SSL ETILEMALVAC & TR Y IE LIRHOMEREN S
= BEHAIETHFERINMES SSL ETILARILEE L RUHIHEET
Y4 E LB OMERESEISAZERGL

Defender side
Anti-spoofing model
= ==

X Spoofed
v Bona fide

1| SSL :
.. =
S g W = Pretrained
= Altack-—" ... M @
I N
Enhanced '/"‘
spoofed
Spoofed " edmelfr-—memmmaa-
l:.nllam:emenl
- b,
e Feloser
* : SSL model }» E:
g '
pesabae Speaker embedding
extractor

Attacker side

Fig.1: Overview of evaluation flamework

3-9-9

3-9-9 HKERBHEELZBALLERNEZIEIHTS
Speaker Diarization D 1= DT —2 £k

Generating speaker diarization data for conversations
by introducing frequency of speech alternation.

HMNES, LDHE FREB(BZBIXR)
@ Endto-End Neural Diarization (EEND) ETFILOHET—4 /%
Simulated Conversations ;&I - FEELEEDHAEIRET 5.
& FEEEHOFEE BN EFHT 4 & T, FEEREHELL
EFET—2~OEEND ET/ILOMERER 545 5.
@ =R K L) SC ik & H#E L T Missed Speech OREDZIEDS
FHohtz

Table 1: DERs (%) evaluated on the CALLHOME. DER consists of Missed
Speech (MS), False Alarm (FA), Speaker Confusion (SC).

Dataset MS FA SC DER
SM method (8 =5) 42 79 13 13.5%
SC method 6.1 a1 19 1.1%
Proposed method 51 4.8 25 12.5%
= High speech alternation frequency
(o] [a] [
® SC method data a
(a] [a][a] -
%lmmanemﬂmmm
(a][a]la]

Fig.1: Proposed method
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(130) %£3H 9HB28H (K) HEIRZE~FI055 3-9-10 ~ 3-10-3
3-9-10 3-10-1
3-9-10 RESNILIHEEDRMBABRE ALV O FHTHFILOFEFARETYEEET LERL -
EERIERE FEEODFLFELIZRET 612
Speech Emotion Recognition

with Knowledge Distillation of Estimating Emotional Label Sequences
Yok FEAED, 188 MW, T F—(GI&HEX)

— wav2vec2.0 75 EQFIRIEETILIZBAES ~ILFIHEEI ZH%h
v —ATETIVHA ADENE HIZEHFE#a R b8
— HESARE AV TEMETILE ASOMREN DHETETILEY £
NS ETIVERE
S HERETIUSHT DERETIVOERELEZ ETILESE - FHE
- 3 BYDEHEE (521%, 28.1%, 16.1%) OEFETILEEE
— EEOFE(CNZ AEREET 52 L TEAETILOMRESAL
ERETILOEELEE
v (521%DIFE) HEFETILEEFETIVOBREOEN
BN0.2 RA v bETEL
v (181%MDi5E) HEEEBEFR LG -G8 DEFETIL
DFESREY L BK6.5 RS FALE

1. Training teacher model

2. Training student model
Emational label sequence
(Grousd truth)

Posterior probability

Fully connected layer

o Fully connected layer

wav2vec2 0 T [ av2vec2
[ Transformer layers =24 | Posserior probability (seacher) [ Transformer layers * 13, 6, 12)
Feature extractor layers “Teacher model Feature extractor
{frozen) (frozen) {frozen)
T 1 . T

Fig.1:Method of knowledge distillation
for estimating emotional label sequence

3-10-2

3-10-2 BFH2EEETIVIZBHZER 2 ARAD
Bt LE ARSI I R X 58

Effects of horizontal-to-vertical stiffness ratio on the vibration characteristics of
a two-mass vocal fold model.

FeREAE (BB, TKE) (KIEX), REAS (SFHERX)

S BELEALLNTLAER 2 BEETILCIESEROEGLELY
BEARDEMDEESN TS0, ThABORE SIREWEEIC
RIFTEAETEE L (GRARDATLVELY

SRR T, HROBEAFOBEERRECL, [Es s/ EiEE
Lf=. RAULARDIEROEROLE—EL L, SEARDISROLE
Fiat, TOEEEXTA~-

SHAEOHESIERIZLYBLIIERFREATRERL, [l 1 XTn
Bemoulli DR, RISHIEIHEFEERIC K YRHE LI

& ERREEE(6) KRR ORI (0, MEMIZfE>TEML, SREHRO
Bk SRR SRS, ke D DVEHEINT £ HYESI iR
HENHLZ Lotz TOEETIHREE— FAELLL, ¥
[ERBOFRIKZEEEEEA 5 Ehhh o=

130 10
i i
110 -
{150

i w0

kly (N/m)
8

T™ 80 %0 100 110
kix (N/m)
Fig.1:Change in fundamental frequencies fo with stifiness changes. (Black line

indicates the change of convergent and divergent shapes before closure.)

120 130

—t FOEEEILIRET H—ER—
Voice instability observed in a vocal-ventricular fold physical model of rhesus
macaque (Macaca mulatta): An insight into evolution of human language

HERIC, LEEET, IMBXE CLHIER),
AFHBEIGRERX), BB GLaIER)

& 7 Hh5HFILOHEHEHEED < 4 7 0 CT Efgh SR Sh-BETIL
HERAL, (S HFEBEOFREIIZDVTHEE LT,

@ EHONELAUHERLSPBETIL #0~-4 (NSWNEERNER
i) FEEL, PEETIVCEZ 78S 0~100 Umin £T20
M TS, KREOTLERE~ .

@ BFETILEHIBWT, £EOIRBEHIZH1T 5 (RELR) FEHiRE),

(ZEL) Fr- AR S L UFREHRRDEIS Z 1~ 1.

@ FEHFONELAELEST, TRAGIRIN S <Bnhl-,

40

Total time [%]

20

0

+0 - 2 3 4

Physical model

Fig.1: Total oscillation time (vocal fold oscillation, vocal-ventricular fold co-oscillation and
iregular oscillation) observed under different adduction condition.

3-10-3

3-10-3 BAEFREZFEOEPEICEITS
EFCHEORFERRD LB T
A Comparison of the median plane vocal tract shapes of palatalized and
non-palatalized consonants in standard Japanese

KRBT A (FET ), 8 E AL (EEER

& bbhIZBAEES 22 20T—2 &£IWR L= TYFILE A LMRI
el T—42 ~A—2X (MVMRIDB)] #2afLT=. TLTT—2~"—
ADOEEN B RE DRI E T AR EIT > TE

S AR TIE, BAEEEERTE 1 AOEERRERITL, hiTEHT
OFILT HES EHEOFREEEF i L=,

S TORER 2 TOUHETFESIEOSREL TSI EEHELE

(Fig1). Et=, Kka-Kal, kol-Kol, lsal-sjalDFDMETIEFE

MNeBE~DIEATIA S TR, BT HREMEONTH -
CNoOERTh Y E0ERETET HAREEAHS (Fig2), —
7. IsoHSOIDFIITI, FEMNSBE~DBITEA I 05 &8EIC
EIFR o ofz, Ff- ku-ku, suHsiWORIIEWNThEEE

huNE L, ELBRRETHA T,
90

Of
/ka/

=90
1 2 3 4 5 6 7 8

frame

score

90

-90
1 2 3 4 5 6

score

/ka/
PC1:83.2

/kja/
PC1:90.6

' . frame
Fig.1:/ka/ & /kja/a) PC1 Fig.2:/ka/ & /kja/d PCI
H48 LY, B +18D, i -15D RO 7OBEZEL

AAZEZ2E150H (202 3F#HF) ARRERS



3-10-4 ~ 3-10-7

$53H 9H28H (Kx) HI0HH (131)

3-10-4

3-10-4 ZEBIZBITRITILEA L
MRI B)E~ D FIFHIE D FEE DT

Accuracy of tooth superimposition on real-time MRI videos
for multiple speakers

YR RAth, MTAER(TEIXR), B E AR (EER)

SHERThhbNE 1 20 MRI TIEDE 7 L—LAICEHFIEZ & Ut
PEEET AFEERELTHRE L=

S EHETIE 10 BOFEED MRl BENOE 7 L—L (#87L—L3
289,304 1) ~HEFEHEL TEOREERI L=,

@ W5EHE L= 7 L—ATHEIE L TESIZ1 EYRIVETRE, &
BHEE1 EERR S ETEIINITAME LI-RIE (REEHE) ORX
ExEEEL L, 27 L —LTRETEENSEETBA-EIEE2S
EfEEBEL L THELZHEL -

& TORR SEEBRENTETIIZ TOEETS%RGETH 1A
LEETIE4 BDFEETS%EEBLT -,

S UBEBSHEOEMESELAL, THREFRMICEATEBE(TEH L
TIL—LIEIMEREEOMIEZBH L GEl LR, 2 TO:E
EBTEEEEBRFEN S%FMBI TR L=,

Table1: LR EFHHAOFSE Table2: FEEMMEF4HEHADERE

m w = P 3 T )

27 26 ..:.r i
3-10-6
3-10-6  WAVE [k 5FEEEELSET-BD
EEFDERA
Observation of tongue movements while changing speech rate
by using the WAVE system

*BAHE, ATEFE AR, MASRFEIN,
HEMBIETF, BB AL (EE)

SEHETIE, 4 BOFESHEHIZE->TER (nomal), ELY (fast),
B (slow) ERET 2 DOBEE MEE) (195 —3) & I8 (235
E—3) EiAEIfEEOFTERERE LT,

& EOEPERKEIZH 1 om ORBEHIT TN T1, T2, T3M3D
D WAVE oY EREL, 100 Hz 427 L5 TlB %8 L=,

@ Table 1 TR REIEM & &L U HORBRREH#125 L =R
RIS O RED AN E o T,

3 ihs, EEOETLITORHFEEES N HHVIET 5LY,
FEOBRMEEEE HHWNLECTHIETHRELTLV =

Table 1 SERERERF & 451 Lt ORBEBEMEOZ LR (%)
FRERERN © IR BRI RAERE, o WHEL D RETLE,
sn: L DR EETLE

3-10-5
3-10-5 HRIZ K BEEEDEL
—AXEAESLEI—/SX(CEJC)
AW =9 H—

Gender Differences in Speech Rate
— An Analysis using the Corpus of Everyday Japanese Conversation (CEJC) —

O Rk &RESLS (REEX - AM#EE)

¢ EES, BEOMENYBEICHEERIFTASHERO—DLE
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Fig.1: Speech Rate across Unit Length, Gender and Age.
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Examination of mechanism for generating singer’s formant based on
three-dimensional acoustic analysis of the vocal tract
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Influence of Personal Traits on Attractiveness and Familiarity of One's Own
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Fig.1:Top five effect sizes for
aftractiveness ratings
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Fig.2:Top five effect sizes for
familiarity ratings

3-11-2 Interrupted mosaic speech revisited: Gain
and loss of stretching on intelligibility

O Kazuo Ueda, AMasashi Hashimoto (Kyushu Univ.), Hiroshige Takeichi
(R-IH, RIKEN), and Kohei Wakamiya (Kyushu Univ.)

Periodicity and temporal fine structure provide a perceptual cue to
connect speech fragments when the speech is interrupted. In
mosaic speech stimuli, which are noise-vocoded with stepwise
amplitude and spectral envelopes, interruption drastically reduces
intelligibility because of lacking the perceptual cue. Here we report
that the intelligibility of mosaic speech stimuli, consisting of 20
frequency bands and 20-ms segment duration, decreased from
95% to 78% and 33% when they were interrupted by 20- and 80-ms
gaps. However, when the mosaic segments were stretched to fill the
silent gaps, the intelligibility improved again to 92% and 54%,
resulting in gains of 14% and 21% respectively. By contrast,
intelligibility dropped by 7% with stretching and filling 160-ms gaps.
The intelligibility minimums (9%-16%) were observed at the 160-ms
original gap duration irrespective of stretching ratios. It is possible
that stretching with short gaps effectively restored the original
amplitude envelopes, whereas, with long gaps, the effect was
detrimental. Furthermore, a probability summation model with a
short and a long integration window, by which the intelligibility
minimums were predicted for lowpass-filtered interrupted speech

stimuli, seems to be highly relevant to the current results.
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Analysis of the Effect of Modulation Frequency Bands on Vocal Emotion
Perception Using Modulation Filterbank
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3-11-3  Selective Listening in Checkerboard
and Interrupted Speech Stimuli with
Two Talkers

frJun HASEGAWA, Kazuo UEDA (Kyushu Univ.), Hiroshige TAKEICHI
(Riken), Gerard B. REMIJN, and Emi HASUO (Kyushu Univ.)

Atwo-talker situation is tougher than a single-talker situation when one
has to selectively listen to a target speech. To simplify experimental
conditions, we focused on the situation when two talkers speak differ-
ent sentences altemating with each other, and introduced two types
of altemations: only in time (two-talker staggered speech) and in time
and frequency (two-talker checkerboard speech). To our knowledge,
the intelligibility of two-talker checkerboard speech stimuli had never
been investigated. Under three steps of segment duration (20, 80,
and 320 ms) for both stimulus types and three steps of the number of
frequency bands (4, 8, and 20) for checkerboard-type speech stimuli,
native Japanese listeners (N = 22; age range: 21-34) successfully
heard out a specific talker's sentence while ignoring the other for both
stimulus types. The intelligibility curves of two-talker checkerboard
speech stimuli exhibited characteristic U-shaped curves as previously
reported with single-talker checkerboard speech stimuli (with 5-20%
drop in intelligibility), suggesting a common auditory grouping mecha-
nism works in both single-talker and two-talker cases. Or otherwise,
the U-shaped curves may emerge from probability summation of two
antagonistic processes in speech perception.
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3-11-4  Magnetoencephalography elucidates
mosaic speech processing

OHiroshige Takeichi (R-IH, RIKEN), Kazuo Ueda (Kyushu Univ.),
Takako Mitsudo (Hizen Psych. Center), AAlexandra Wolf (AIP, RIKEN),
AXYaoji Hirano (Univ. Miyazaki)

4 Magnetoencephalograms were acquired while 17 volunteers
passively listened to filtered, noise-vocoded, and mosaicked
speech stimuli with varying segment duration and the number and

4 The intelligibility-correlated brain activity was found in the theta
and gamma but not in the alpha and beta MEG bands, in bilateral

perisylvian regions.
Intedligibility-correlated sources
| [e—

#®Results support the hypothesized two temporal windows in
speech processing.
# This study is supported by KAKENHI JP19H00630.
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(a). 600Hz sine wave
Fig.1:Sine wave sound field around the listener using a game engine

(b). 2000Hz sine wave
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The effect of linguistic information on subjective speed of sound sequence
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Virtual Room Impulse Response Estimation from Reverberant Speech
with Context-Aware Neural Network
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Pressure Matching ;%2 &k 5151

Sound field reproduction with control-area-variable
pressure matching based on equivalent source method
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Fig.1: Experimental condition and
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Visualization of scattered sound field using small number of microphones
based on sparse equivalent source method
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Fig.1:Comparison of Proposed method and BEM (Frequency: 1kHz)
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Three-dimensional sound field synthesis using reflections
based on sparse equivalent source method
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Investigation on Frequency Response of Beamforming Filters with
Sidelobe Suppression
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Blind Source Separation based on Independent Low-Rank Matrix Analysis
using Rayleigh Restricted Boltzmann Machines.
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Fig.1:Overview of the proposed method
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Study of sound recording for volumetric audio production
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Proposal for an Opposite-Phase Sound Wave Induction Enclosure for
Mear-Field Reproduction with a Single Loudspeaker.
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Fig.1 Proposed model of opposite  Fig.2 Sound pressure distribution in

phase sound induction enclosure. ~ proposed model by FEM.
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A study on binaural rendering method for volumetric audio signal reproduction
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Fig. 1:Interior view of the meta studio Fig. 2:Binaural rendering
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A study on the noise reduction of lavalier microphones
for volumetric sound production
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Fig. 1 Frequency response of noise due to rubbing
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High-level feature disentanglement for audio difference captioning.
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Fig.1 lllustration of proposed method

3P-12  RY2A MYV I BEBED-HD
Ef - KE7 L1 BREFSEmE

Linear and spherical arrays cooperative sound field synthesis
for volumetric audio reproduction
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{a) Plane wave field (b} Spherical wave field
Fig.1:8ynthesized wave field with a linear loudspeaker array

taJ.Planemﬁeu . (b) Spheical wave fieid
Fig.2: Synthesized wave field with a linear loudspeaker array
and multiple spherical loudspeaker arrays
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Masked Modeling Duo: Leaming Representations
by Encouraging Both Networks to Model the Input
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Fig. 1 MAE pre-training scenario.
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3-P-19 DAGMM Z# LM AEEE D 3-P-20 32 bit float §FEILD
EEBRMS AT LICET 1% TERET 2tV DEE
Using life sounds by DAGMM Anomaly detection system Construction of a hitting sound dataset using 32-bit float recording
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Composite of generated data by VAE for subject voice detection in MRI noise
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Table. 1 F-measure of each step by voice detection model

Stepl Step2 Step3

EPI noise 0.973 0.971 0.958

Proposed T1W noise 0.695 0.730
method T2W noise 0.873

Average 0.973 0.833 0.854
EPI noise 0.860 0.782 0.778

Conventional T1W noise 0.683 0.574
method T2W noise 0.569
Average 0.860 0.733 0.640
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Fig. 1 Scatter plot based on swing and ball speeds.
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Model weight reduction in abnormal sound detection task
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Table.1: Anormaly detection results.
Machine Method L-AE S-AE  S-AE-nd
AUC-s 7254% T70.78% 7160%

Al AUCt  4812% 47.92% 47.50%
pAUC 54.81% 54.44% 54.46%
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Single-channel Environmental Sound Classification Using Distance-Based

Sound Separation
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Fig.1:Spectrograms of mixed and separated sound using pipong for
near sound and trashbox for far sound.
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ToyADMOS2+ Dataset for the First-Shot Anomalous Sound Detection
and a Baseline System Implementation
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Fig.1:Miniature-machine models.
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Fig. 1: Comparison of DAS and microphone
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3-P-26  Snore event detection using large-scale
pre-trained audio neural network
O Jiping Wu, Jianmin Wu, Xiaolong Lin, Gang Qiao (Baidu Inc.)

#Snoring is a typical early symptom of Obstructive Sleep Apnea-
Hypopnea Syndrome (OSAHS). Audio-based snore event
detection can serve as the first step to OSAHS screening.

# Convolutional neural networks (CNN) have been proven to be
effective in sound event detection. Recently, models pre-trained on
large-scale datasets have shown outstanding performance in
recognition tasks.

#In this work, a CNN system pre-trained on AudioSet is proposed.
Fig. 1 shows the pipeline of snore event detection systems. The
Mel spectrograms of sleep recording were fed to the model for
learning to distinguish snoring and non-snoring sounds. Compared
to the un-pretrained systems, the pre-trained systems can achieve
better performance, with an average F1-score improvement of

1.9%
AudioSet

Pretrain

Wavefiorm | -| VAD H Log Mel Spectrograms l -{ CMNs system l -‘ Classfication ‘

Feature extraction

Fig.1:Pipeline of snore event detection system

BEAEEZ2% 15000 (202 3FMF) ARERS



3-P-27 ~ 3-P-39

$3H 9B28H (K) KRRy—=5 (139)

3-P-27

3-P-27 HEFERFEREEERAD=HD
BEfS{bss & N RBOFEM T

Conditional autoencoder and classifier for machine-independent anomalous
sound detection.
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Conditional Conditional variational m Subtask

autoencoder autoencoder sectionid, s  machine type, m

classifier

Fig.1: Conditional autoencoder and
variational autoencoder conditioned conditioning classifier by machine

Fig.2: Multitask leamning for

with machine type m and section id s
(inlier modeling)

type m and sectionid s
(outlier exposure)
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Evaluation of suppression performance of noise mixed with music
based on deep leaming
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Augmentation of Various Speed Data
by Controlling Frameshift for Acoustic Traffic Monitoring
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Fig. 1: Temporal changes in true and estimated traffic speeds
with and without data augmentation
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Residual Control of Diffuse Noise
Based on Deep Binaural Multi-frame MVDR Filter
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Fig.1:Block diagram of the proposed method.
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3-P-40 Mask-based Neural Beamforming
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Extension of mask-based neural beamforming for moving sources
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wing | movin '3
Method SDR T WER) |SDRT WER ]
mixture 5.3 4.9 5.3 4.9
15.1 2.9 114 38
135 34 10.2 4.1
13.0 3.1 114 38
17.8 3.4 16.7 38
154 3.0 13.9 3.4
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A Study on CNN model with Long-Time Input Data for Approach Vehicle
Detection Using Sound
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Fig.1: The classified probability each time in
approaching and moving away situations. (New model)
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Noise2Noise iearning for domain adaptation of speech enhancement
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RemixIT [2E1TABREZ BTS2 &Ic&YFohd/ 4
D—ATIZH LT Noise2Noise PE#HBT AL FREL,
FOHEMEE CHINE-T Task2 THET 5.

Tuble 1 LibriCHIME-S §¥lit » F 1235133 SLSDR
[dB].

Methods 1spk 2spk 3spk  Ave.
Sudo rm-rf 704 766 507 T80
RemixIT 1105 1076 986 1004
+N2N loss (prop.) 1143 1161 1080 1146
only N2N loss (prop.) 11.48 12,11 11.81 11.65
Table 2 CHIME-5 i¥ffit » Fic8313 5 DNS-MOS.
Methods OVR  BAK SIG
Sudo rm-rf 2.88 350 333
Remix!T 2.84 3.63 3.29
+N2N loss (prop.) 2.84 342 3.37
only N2N loss (prop.) 2.84 357 131
3-P-43 BE<1/OKRUIZED
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A Study of an Approaching Vehicle Detection by CNN
Using Spectrograms with Multiple Microphones

TSRS, PR, NEGRME, IREFFIE (R

®CNN ZBLT, EEETEHN LEBEERZE ) 7ILE A LIZBRHTS
BEET-o>TWD. LA L. CAETHEALTE -T2ty ML
P ILE A LEHEEOT=HIZ 1 ANT—2HY67 x33x1)&. Ly
INEWT—aYA XTHDHZ LHBHBER _ EOBIFEE> TV,

S TTEET—ANBHICER LA 70k 7 LA Ot F v 4
TR EFIAT 5. FARTIE. 1 ANT—2FE1 Frrnic 4
FrILNIBET 5T E T, ATHREAS o DBREIEER RS,

SERLI-4 Fr i T—R 2ANTEE LT 1R, RIS
8% LY, 1 FoRIT—REFFTEEETIVNSH 52pt FBE
Mk Ltz $ISHEBET—42 OREFEEISH 30pt SERLELTEY.,
BET—45 OYERER EICESTHDH - EAFEILT=,

Table.1 : Confusion Matrix of the proposed model. Values in this
table show the predicted percentage for each correct label data.

predicted label
(%)
approach  leave nocar
approach 83.14 350 13.36
comect [ foave 1728 6296 1976
label
nocar 9.89 232 87.79
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Investigation for improving estimation accuracy by a model with less
instrument dependence for multi-pitch estimation

YolIER), REFFHH, ABAE(BHA)
S ERFRLERERCHHT AERERETILERET S
SIREFE
> BEEREERIERANY MLOHERIZIT UNet ZALY, THhE
DEHAHZE > TARNARARY b ILEBHET 5.
> BEHEEITHIERRORIERC U-Net 28 CGERERLVA.
L 2t
> BEFZOESHEERERIE Average Precision T 78.09%THY,
TEEFEOR1.2%mE LT
> iR L-EEIE RS S REROARARY FIVFRFL:
ANRY PR &3 i o=

Table 1 Multi-pitch
estimation results.

@ : convolution ) : Retu Proposed 78.09

Fig. 1 The proposed
architecture.
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Examination of early detection of livestock infectious diseases

using machine learning
ORELE 2, BN, ABFHE, MIBER(EEHIIAR),
AZ BB, H LT (RBIHEM), BPAN TRELHED)

S FEECNFBLI-ANEEEN oREBEFEZEMRER T OFEERE
FL TS, ABIETIE., fhdBEE 4 BEh oits L BBOEHEE
ETIVEER L, FET—42 SIERG IR0 T—2 251 L 1=,

@ LT TILL, JIFERSREE 98.6 %. FRELHSREE 98.6 %. TA MEE 96.3 %
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Table 1 Evaluation data
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Fig.1: Positive Accuracy Fig.2: Negative Accuracy
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Japanese word intelligibility estimation by phoneme recognition using
wav2vec 2.0

Y ARERELES, AEREFOSA (LR AlR-E IR

¢ EETREOEHRNMOFAL LT, SREEERLV/ V) I7 LY
AROHEEFEE R

& TREOFHFEFE JDORT (Japanese Diagnostic Rhyme Test) &5
LM THENT AL TTREREES D

* ERDLHETIVE wav2vec THEL, ABATEOHELETI 7
A oFa— &

@ ETHEGMM-HMM T JLF T 1 23 )OI FE ORI Z3R8E
TH>1-REHEDZHEDET 5 (Fig. 2)

& TEEHEI% L TISAER8{HER 0.95, RMSE 1542, FSEMMERE LT
KELVOHERETH AN, ETILOFESEHOUVTIE, FED
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== Subjective
== wavitvec (Noiy model)
== wavivec (Clean model)
== GMM{multi-condition)

[] 1 s 0 [ i) cean
SNR{EE] SHR{dB]

Fig.1:Correct response rate with wav2vec model for each attribute vs. SNR (Left)
Fig. 2: Correct response rate with subjective & objective vs. SNR (Right)

3-P-47

3-P47 FRGEEZAV-BEORBEHTEETIL
DIEE

Construction of a model for disease detection using body-conducted sound
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GIRARSLDIDETNTNRANELT, Za—30L5y hT—5
D 17 T#HH LSTM(Long short-term memory)ZFRUNTRERBRHED 2
IS ANEETOETIVOMEET 1=

& EER 8 BEALTREBHEETILEHEL, TOETILERANTE
BIKERLRR 6 BEHFEL:. TORR @EBIAT TR LS
LETIDHEEEHNEHMIZELD, EEFIERAAY FOJT L0
AT TR S LOANDYBREIBNC L of=

W Spectrogram @ Cepstrum @ ACepstrum W Spectrogram M Cepstrum ACepstrum

rummwwv Pigh g8 PgC  PD  PgE  PigF
Fig.1(a) BRHHF 7 HIHNE

Classification accuracy(%)

= k-3 &

Classification accuracy(%)

Fig.1 (b) faRniyc 73 MR
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(142) $3H 9A28H (K) KRRI—=485

3-P-48 ~ 3-Q-2

3-P-48

3-P-48 iRIE-LIAHARIMILE LUBHSEAF
LS —Da B OH N REHHEHET
TRESNSLDRANRDLEE

Comparison of impressions evoked by binaural noises with equal frequency
and phase spectra and time envelopes but different Lissajous figures

Yo AFIA, BB (NBU), IREERE (B D17y,
SIRE— (B T—aub), BB (NBU), AWERIEO, #)I1HE3(ars!)

& B WEETE TS 5 25 MIFHE: L B OIS A BN TS
®HiH : 1(t)=sin(wt) & r(t)=sin(wt+ ) B Li-AealkEs

OEEZDHZET RS BHIEDS Z &AL
& T2 - HEMEE L O RN
@A - BEMET L AGKERS Tk 2 THE A§HE

1) ERITE 500y 2) HHETHES08E
Sl BEMEE) 1) [ (In-phase), 2) W(ifH (Anti-phase),

3) M (Out of phase)

BEEfk{E% (Randomly Permuted Signal Sin and Cos signals)

SR 1) Flshiz, 2) BiRShimghibhoiz
1

1 ’
i S0
3 e ©Anti-
I|\phase_
Leh

=1
=1 0 1 1
Leh Lel S8-8C Out of phase

Fig. 1 The Lisssjous figures of 4 binaursl stimudi, Fig, 7 The most froquently selectod impression patiems

3-0-1

3-Q-1 End-to—end T IILZAW=FA—/\—5vT

[SRA@7 B et ET LD FTHE
Evaluation of Robust Speech Recognition Models for Overlap Using
End-to-end Models

# RS0 (SEEFX), AURKTE (Poetics), LM (SHEHEHRIX)

@ HFEY RSBl TR SRS TR A [ — 3 —Fu 7 11T, H
FEe L O OERICIDIEGCRAEL, TR0 Ao
FBEARDEIZET, BAGEREOIE TICoiia,

SAFFETIE, T BAGEEL S — A0, PRttt ins
L, HRE R E AEEL B VERERVHIL, A ——F 7R E
HHT— s Me NIRRT 5, 207 —#%FIRL, HHiti
T MAZKL T finetuning (ZLViHA— A —F v T HEET 5L,
fine-tuning Pfif{% T CER D2 A HLT=,

@ fine-tuning OEFEIZEY, A—r3—=F o7 OE (SNR) (ZBHLF
CER MCfL, il A ERR L= %, =7 05—/ —F
TG DLW TE, i, T ARES e D E R
BT MIB N THO D SGET A LA EE LT,

Table 1 CER of each models for test set.

3-P-49

3-P-49 B —1 LEEIERO T E REHERIR 5
IZ&DEEED®RET

Investigation of Coherence Using Inter-channel Correlation Functions
between Visual Scenes and Auditory Information

FBIFAREREE, PAFANBY), AE— (T —Huk),
HRRERE (WS 7o), EEF(NBU),
BRBETF (log a), #1183 (arsl)
& R ECEET MR e TR A RO M
& By BEMEAMCRHET 2 Z L ADEISR LR 50
PEH LT 5.

& B EO—rF =P85 (ASCP: Acoustic Scene Change
Point) &BHEDI—1F = 78 (SSCP: Sight Scene Change
Point) T

> FEFE AJ® ASCP & SSCP —BuAig (Fig. 176

< Y& ASCP & SSCP v (Fig 14)

rag time (s)

SSCP time (s) SSCP time (s)
Fig.1 Correspondence of Temporal Variation
bet\%ﬂen Acoustic Scene Chan E:OPoint ASCP)
and Sight Scene Change P%)int (SSCP)
(Left : Prize-winning artworks, Right : Rejected artwork)

3-Q0-2

Overlap Test Set (SNR)
Model non-overlap 10 5 ] -5 -10 random
Conformer-Transducer
Pre-train 417 1010 1248 14.08 1490 1548  13.52
SNR 10 Fine-tuned 4.40 G541 6.45 7.09 973 1136 810
SNR 5 Fine-tuned 449 555 6.01 681 825 081 7.19
SNR 0 Fine-tuned 4.50 6.13 618  6.71 7.89 0.00 7.03
SNR -5 Fine-tuned 4.37 6.01 6.61 692 T.84 B8.94 T3
SNR -10 Fine-tuned 447 7.54 741 7.56 814 9.11 7.92
random Fine-tuncd 448 571 624 692 803 915 7.10

3-Q-2 RHEMTHEEIIELXELRLER
BRICKDEFRHD-HD TSR
Data augmentation for speech recognition by sentence generation and
speech synthesis focusing on hard-to-recognize words.

IS (AR, FAFRM (Poetics Inc.), JLEISEE (SHEHFIK)
@®Endto-End BT IERICERELTMNTTETHEN, EE
DR R L LB EDREEN EF GBETELVESYH S,

& COREE LT, TOREEOEINEENLFET—F DRI EEF
o2, BEZEOFTEICHERT 2 L TNITHIGLI-BEE
LAKET, NS 2ICIEEMA - SBMICIEALOR FEET 5,

S AHIETIE, IS EETILEESESRETIVERVV-SEEHET
TILHGE R & HHEEEE LI T— 2R FEEIRET 5.

SHEOBEEMTET A RHEHE THHELFMEL, GPT2 &
Tacotron2 KU Parallel WaveGAN ZMLVT, FMEGESRALVIE
EMEHGT HABEREEERL, BEREAT -2 OIRETS.

¢ EBORE, BRFRIEFIHTTIVHEEEEL L EE0EHE
BETRESEHILAYBALL,

EREn f:“ﬁ:;a 2% saum
s * B
=71 | TEEn L
fine-tuning
WM
-2

Fig.1: Overview of the proposed method.
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3-0-3 ~ 3-0-6

$$53H 9A28H (K) MRRI—=45 (143)

3-Q0-3

3-Q-3 End-to-End B EEEFiRBET /L
I H T IEREFE DR

Effectiveness of Metric Leaming for End-to-End Multi Language Speech
Recognition Model Training

#HERINLEIA-BR), L F— v (LEIK-IR), P (LSRR
* wav2vec2 0 EA—RIZ LIS EEOERZEN S R T LD
mLDf=8IZ, EEEFEERLV-ESEERR
> B ISRT &S HEH T 54 4 > MUBL BT AEE, CTC
BEBMEA—RICLEEEEMATAIZREL, HREET
» RIGAHEREICSHLTY, RLXFIRLEEEEAY MILEER
T5LIIFEE
& EHEROEFEAE (CER) A2 EEEITH VT 0.7 %ML, Ff=,
S U (TR F) RS RLEBHTE:

Triplet

ere
Metric label
Transformer
Encoder

Fig. 1 ASR model with forced alignment and metric learning

3-Q-5

3-Q-5 Cross-lingual Mapping for Hierarchical Softmax in
Low-Resource Multilingual Speech Recognition

¥ Zhengdong Yang, A Qianying Liu (Kyoto Univ.), Sheng Li (NICT),

A Chenhui Chu, & Fei Cheng and A Sadao Kurohashi (Kyoto Univ.)

4 We presents a novel approach to enhance Automatic Speech Recognition
(ASR) performance for low-resource languages, addressing the limitations
of current systems that cover only a small fraction of spoken languages
worldwide.

# We propose a method based on cross-lingual embedding clustering to
construct a hierarchical decoder for multilingual ASR systems, enabling the
system to capture token similarty and transfer knowledge from re-
source-rich languages to those with limited resources.

# The method involves creating binary representations of cross-lingual em-
beddings with hierarchical clustering and constructing the hierarchical
softmax decoder with these representations for training and decoding.

# Experiments on the Turkic language group show that the proposed meth-
od outperforms previous baselines, with pre-trained cross-lingual embed-
dings performing better than a mapped embedding method, demonstrating
the potential of pre-trained cross-lingual embeddings.

Method CER%
ba | ky | tr it uz | AVG
Softmax 171] 184| 164 111 185| 163
F-Sofimax (Huffman) 168 178 149 111 165 154
H-Sofimax (Mapping) 154| 175| 120| 97| 190| 147
H-Softmax (LABSE) 134 148 115 83| 147| 125
H-Softmax (XLM) 145 166] 121| 91| 150] 135

3-0-4

3-Q-4 FEFISHMEINIERERBEETILE
TXANEBRET LEHAEDET:
BEFE s AT L
Automatic speech recognition system integrating
a disfluency-labeled speech recognition model and a text conversion model

OFLHG(FEIX/BREERX), HER(RREAX)
SIETMSRE (T15— BLVEH) FROISEIHEIATLESRE
¢ BAREOREREY (hFXFHRI) FEANGHEAEL, SoI2ERS
BTRINIL (T4 F—I1F4+F", BLNEAID") ElEAEhE—
I UEHAET ARENEETHTETILEHEE

S EHITEDHEAEANEL, FX WEEFRELYD ITEHT 58
WERRETILEMEL THEASHE, 2F0IATLEME (Fig.1)

S RERZESETINEBREELER I — R TEE - FHEL-ER
XFRYE ERSRRIRHAERE L L EEE L AEOERNMEON
f=. EEOME AT LADIGAEIZAIFTTA M) —3 DS EEZSET
DOEETEEENTNLLEDMREA G ST (Table 1)

— | REE FHRR
g | BERR [ gaemes<o fa) %
REBTFAN (S GAFRLYT)

THE| T | FHRIUF| 2025 |<r>§<.-'F);;luésa\.r;'.kj:razr:?\‘utm
Za—YasFF=RAL T

Fig.1:System Overview

Table 1:The experimental results

CER[%:] Fillers Disfluencies
evall evall evald | Prec. Rec. Fl | Prec. Rec. Fl
Conf/TF+CTC | 4.4 3.2 42 | 0541 0925 0933|0835 0.528 0.647
CBS/TD 4.7 33 4.2 | 0933 0927 0930 |0.747 0.577 0.651

3-Q0-6

3-Q6 CTC Ta—AZALV=AN)—Z 5 aEL
HFERHIZH 15 Density Ratio Approach
[ZE DR A i
Streaming ASR with CTC decoder based on
Density Ratio Approach for Domain Adaptation.
FrEEEERL 1, FMAE 1 /NIERE 2, LR 1, (1 SHBERRA 2NTT)
< BRB# >
® M-S ERZEICEVNT AT -2 TR T 2D R A
A VDB L OIREETHIREL LTHS,
® E:EETILMHERL = Density Ratio Approach(DRA)IZED{ KA
A B ZE YR ) —= VBRSO ER LA EEN ?
< BEFE >
® CTC M7 L—LEOHAITH L TERHMIZ DRA Zi#ifAT 51-8
[ZFaA—F 4 V7T XLERBT 5. (B1)
® CTC OFEMHIEMIEDRELEEZB L., BHASHEETILELT
1gram ANEL TL\AEER . 2-gram, 3gram £ ALVARAIEAS
HETEEL., BT 5.

< HBRR > +/¥\ )

SRE LTS, REBHTLY. R |
R M= S DS EERED A A n@ﬁd LM,
UHRI BT —4 I L T @

EFBTENTEL, T

LA, Bl 1-gram ZALSC |
thﬂz‘a‘ L :El EL\ﬁit ‘it‘: Ia t‘“ Fig 1 Extension of DRA to apply to frameby-
L‘:t%m")}f:o frame output.

pack(Sg,-1)
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(144) %£83H 9H28H (K) HKRAY—RE 3-0-7 ~ 3-0-10
3-0-7 3-0-8
3-Q-7 A Multimodal Model for Personality 3-Q-8 EEDERREICHITS
Recognition through Speech BEINIIFAIZLIHERERTDORE

ONMNathania Nah (Tokyo Tech), AYuri Tsuchiya (Tokyo Tech),
Takafumi Yoshinaga (YCU), Koichi Shinoda (Tokyo Tech)

Exploring the field of affective computing is important for understanding
how humans think and interact with each other. Personality computing
focuses on methods of performing the automatic detection of human
fraits which compose their personality. Using the Five Factor Model of
Personality as a measure to describe a subjects personality,
temperament, and psyche, this work employs a multimodal model to
perform automatic personality recognition on speech. We employ the
use of speaker and phone disentanglement in speech representation
leaming, a technique known to be effective in emotion recognition, to
predict scores for personality traits trained on the UDIVA dataset and
outperform current methods that use visual features.

Speech Madel Taxt Model
gt Fusnos Ermaction. Ercodes Dwcodes  Cutput laput Festes Exiraction  Desoder Outgut

+ — i
== | - T (== —
Sasta el

Fig.1: Overview of the architecture of our multimodal personality

recognition model.
3-0-9
3Q9 FELEEEBRL-FHBRICLS
EERIETE

Speech emotion recognition by linguistic features for spontaneous speech.
FREROLFER), EEEEF (LRXR-Evh7—R), /MEE X (LX)
@ik, BERT ZRAL -SRIk L EFMERETIE BEE%E

THE LEREEETLERLSON—EITH > 1=
—IE ’&ﬁ@lﬁ:ﬂ;‘éﬂxﬁ L_iiﬁ*ﬁa)ﬂ&t T;*%)T_H‘J = )]

OJKM‘UJ: PEEFEICHA L,f—-F’E-r—S! OEL VA EERUHREIC
EQ&S1FEEER HNERILT=

SEIFETETILE LTITHEFLE L. g T 250807
FRARELT, BERILBLUSFRNGER 210 (HHEH0E
) ERALT-

®itEELY L, SNSDTHXRALT
BLEEEL T oT

L1z BERT ETILH

Table.1:Recognition results for each model [%].

smET " | EERC L | ASRGERH) | ASRGERHE)
ELER 6750 | 6275 5325
BEER 6750 | 6400 57.25
SNS 80.00 76.75 59.75

Detection of consecutive parts of speech by inserting
consecutive labels in speech recognition for people who stutters.

TMRER, SRR (EHPX),
ARFAFRSHRRARHER), EOEHEEX)
SIZELIIEENROHNICEELVREEETO—OTHY, RIS
HIFEEEISELD, FEEOMRIIMZEEROE L 510 o haREE

HEHTHY, FABEISa=r—avELbILH#L (G5

& A EIERIDIEDT-0IZ, FHEENEICHIT AL EOREERT
*EEEATERET S LAMIFEND.

SLEOREEREME LT, NERE) & Maf) & T8RE) AHH80 &
MR TIIPHHEETE LT, Fig(b)D&3ICRLEEAEREYELTL
FHEKTHS NEH) xR, EREROBMRE*BIET

& AR CILERERTERE T 57012, EEEOFHALITHRIE L
T, Fig1 D& SITERERISERSAIL H) 2451, EHZEET
TILDEEETIET, BFEEH-LEHREERAS.

& -, EREFROBEHEZSH L1012, ERSAILESH-EE
EEAFEETOFELREIL-

SLEEOIGERICL HEBORE, REFLORIMEREEL-

. é\ é\ Eﬁ&\ ﬁUl:Hﬂﬂ‘”’fCo

Add consecutive
“ labels [#)
[ ##Bom#BHA 1. )

Fig.1:Characteristics of consecutiveness in stuttering symptoms
and the assignment of consecutive labels.

3-0-10

3-Q-10 EFEEDHAARBZEAVRIESTEN L
DFREGRERFEDRE

Subtitle generation from emotional speech using word embeddings
Yt (EX), R (ZEER), 588 ROTHh@EFX),
AREHT (SEEW

& \HIIHEFNSZIERT LR SEFRLHLESORIFPED
—UiE ENBHERISh HRBIBIHFREFIALTLS,

& Kpils, BFEE (ASR) THONDEEMRE BHEFRE
(SER) |2k AUEIEREFRO I+ > FELTRRTHILEEM
ET 5,

& Web 1 bASIELT-T4 > FOAJIERE, FEETERX DS
i LB 0 L—XBE L UBHEE £ OEEIENIAAHOELER D
TEREHT S ETRIFERICE o= 74 M efBRT 5 FRER
E SRR

| KEEYOUCTIPING HET |
Subtitle
in the selected font
-
Font search Tagoed-Tont
g e {raoan”
‘ Key phrase | |Emotinnal wonﬂs| L
ChatGPT
angry: 80%
Nemmﬂhg* sad: 20%
ma?"
‘ Text | | Emeotion
[ asr ) [ ser )

| |
[ Emotional speech ]

Fig.1:Procedure for generating subtitle images from emotional speech.
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3-0-11 ~ 3-0-14

$$53H 9A28H (K) MRRI—=45 (145)

3-0-11

3-Q-11

RHNASDEFE - BGHFRIZE DS
X EEETEEDHE

Estimation of conversational activity
based on audio and video information from a ceiling camera

O&HE. AFAKF, AMEHZ)
AERE, ABHEZWEAVIFTVATLR)

@2 ZOELEFELTERETMLHIHBORY LAY OESEHEE
SEMEEHIT D, KHHD A SBED & S ICBARETIZEVLAYMDOERS
TR CERIERI SR DT, S E R T O FEEESETILE
BT 5.

& SEIEREEREREOTILFE—FIFEERU, REFEXMIEE - 5
LERMEHETE - RS ORILF AR EBEEETHCET. 5
FELEET-,

¢ TA T4ty FERAVEEETHETIE. BEETILHCOMEEE
TS & IR B EERS XL THE LT A - fREL
TP AZFEREEN, EERETILELST—HELO. 67&1
3. 44%ERY, BEETILOBENMEAHET L EMNTE,

e s
o W -
Hie Bos 15 )
H: B .
W: B 10 o
B Eow
m: E: os [l an
| [E3 FE w o
N - s o | an
T = N a0 [l 48
E . 10 Efl Er
13 X 0-10 07 I .12

Fig.1:Example of conversational activity estimation by the proposed model
(-2: discrete, -1: stray, 0: stagnation, 1: somewhat active, 2: active, 3: very active).

3-0-13

3-Q-13 WEREBEMTORNIZ&DITILEA L
IR ZAT L
Real-time emotion discrimination system analysed on morpheme unit
HBEN(EEMAR), PILH=E EETHAR)

SAMATIE, HEEAMICHEIL-EFEHRICEERHES
L, MRERTEOMARTER L2 7ILA A LIBIERR
VAT LERET S

S HERRIT L= TXR MT—4, BRT M AV MEE—TF
HEHRAT S L TEROEENENETS.
& EEESH L EFEHHEADERIZ(X openSMILE ZFL =
@ Table 1 ITERBMI CORMBHRIERICEH5T—2 1Y b
EERUTR bT—RI33d D EMEROEAIREEZRT.
S EBERN D, HEHHORVEACIHELYL, Thoz
SERT DGR, TAIFANCEEL EDEEICREIERNEF
NTLDRTREMAVRIE ST =

& FEEEEMOHETERRN 5, ELADBEBITHRENTA ST
HY, PIREICERNESINAERIZHD.

Table 1. Estimated number of correct labels per morpheme.

N. V. Int. Prt. Aux. Adj. Attri. Adv. Pref.  Conj.
fotal number in 20, 760 &7 1506 456 s4 76 100 16 2
closed dataset
Correet for —16or 6s9 80 1441 422 9 T2 04 15 18
001 001 002 090 093 0.4 095 0.94 094 075
Total number in s - " . 5 4
toen Fitasin 34 170 19 369 106 17 16 13 3 B
(Gorrectfor e g 12 o4 o 12 12 T 2 2
estimated labels
Recoguition 062 058 063 05 060 071 0.5 054 0.67 025
ACCUracy

3-0-12

3-Q-12

N—=F Y VEDEEEICHT B
AR ED O

Analysis for advanced stages of Parkinson's disease
using phase characteristics

Oimmffth (SHEEHK)
B
SHESEEDI CEEFORIBEARY ML LREE LT,
BIEMTHAAEARY MU G BN ESENSIET
Fik
SERAME L URBEERICHT HAHE0RRE &R SRR
DEAEEN T FFE SIS —ETHH - L EHH
SSFEROAHEECH TSI L ERE L O—BUEE
cos FHUETEHEL T, SHEASEDRINCRAIGER EiRt.

fBR
ST EMIOGHREN S I FREEDRED AR L ZER
SHELEOEEREEE S BEN T BEDET /R

|

=1

=2

I

= 1

£o
1)
&=

=€ 2 = 05 i 5 2z 25

Time [s] Time [s]
(a) Healthy Control. (b) Parkinson's disease patient.

Fig 1:Waveform (Top), spectrogram (Middle panel), and degree of
coincidence (lower) of sustained vowel /a/.

3-0-14

3-Q-1 BALE-RETsYEBETILAETIRBICRIF
4 FEEIZOT

Influence of enlarged ventricle fold physical model on
vocal-ventricular fold co-oscillations
wERER (GIAfER) . BI#HT (IdfEX) | EEE (I&HfEX) |
fEMELh (ILEfEX)
¢ EHBLUREHETILERLT, [RAESIEAZ15E L -EEarsse

EBEiTo1=

S EFETILOADER L TOSESIZHA, B L EEs iR
Y HIEICIE, EREREAMET L=,

S REEFNERORETSNLEE., EEFEREHET. FHOAN
wEILT-.

S EEMVIER LIz &, FEHEERERERE L=,

et o
0.01 0.02 0.03 0.04 0.05
(a) Time [s]

0.01

0.02 0.03
Time [s]

0.04 0.05

(b)
Fig.1 Kymograms observed when the ventricular folds size was (a) normal, (b) 1.3

times.
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3-0-15 ~ 3-0-18

3-0-15

3-0-16

3-Q-15 MRI 2SS EETILE BV
PRSI

Effect of vocal tract constrictions on physical model of the vocal folds
o RIUASTFQLAEER), BIRGIAHIER), ARRMEIGIEHIEX),
EREL(STERERK), {EMINIHEER)

& B RO & QERORE. RUThLOEAEHENREBICR
(FF RIS DL TR

SEHYEETILICE, MRI B L& EPI B#EALT, REMIERMTE
EEHAILT=

@EP| E7)LCIIEM LA REAE HHS I RERIEEAET L=,
MRI EFILTIHEED LDIES2ENKE < —EDFERIEA S
ot

EPI model mSE mOE - MRI model mSE mOE

§888

Onset Pressure [Pa]

- 8%

5L oL SL oL

Fig.1 Comparison of onset pressure for EPl model (left) and MRI model
(right). Comparison is made between vocal tracts with (SE) and without
(OE) constriction at epilarynx. Effect of straw is considered by adding a
narrow lip (SL) and normal lip (OL) to the vocal tract.

3-Q-17

3-Q-17 EERHTEZ AV -FRETIRFHHEE
D EFERET

Basic study of nonnegative matrix factorization
with estimated number of bases.

*REHE KBEE, hli=s (RETAR)

o FEAHTHITHFRMITIEFHRE NMF) (LERHOEEZHR
Y FLRUZEDFEETRILA—ITMRT BN TES.

® BEfFOD NMF TlE, {ESP0ETELY 2 —ERd EERIT—H
RET ADENH L ERTRIH L OB TREMZRET S &
FEETHAOLIC, HIBRICKELHESZD.

® HATEFPETEARIAEREBMHEE LI LTNMF £175F
EERERES S

| Il ¢>lﬂ m]ﬂ

”EI IEIH I|||I[|

L W b c>

Fig. 1: Process of the merging bases with high similarity.

3-Q-16 FERMEFTHIEFHRIE DS
BFENZEDORRIEFEDERERET

Basic study of visualization for acoustic variation based on
nonnegative matrix factorization

HAFEEB(REHR), KBEAKE - (LEHAR)
®EEETIETSE (NVF) TOEERIFICOLT, £2EAY LD
BB ER K 5 & LGS, REROR r—IUcE0TE
EtEORRENE LS.
S FETIENMF ZAVWTERESZAIL, SENELEEEDLIC
ERIEETWS S 7b 52 L TARILE T S TEFRERT S
OEEHRELYET VT4 A= 3 VRITOEEENAIRETHE
EANREN, BEHNOXMGFEREZRR L LI-BEELE - 58S
HOmREEER LT

4
3 ¢
L]
=
g
=2
£
<
] t
0
0 0.5 1
Time [s]
Fig. 1 Visualization results of stacked plot for the monosyllabic word
/shi/.
3-Q-18 U-Net ZFL /-

ale — Xr Xr S
KB EETOEERERE
Improvement on sound quality of
optical-body-conducted speech using U-Net.

wellAAH, Pl-E (LREfARR)

& A B E TR TR SN AT I 0R VT E > TELH
-GS THL. BICHE LRSI TR THLELLIC
BREEMAESAEELIZ LD, SIS & I L TR A R
Y, FEOEELELD. COEEEEN L TMRI 0L 5 L580EES -
HETICBITSa3a=4—L 3 UAEHEEBEICT 5.

SEAHFETIE ABEESH D& YBEENOBRLTEEEFH0I
U-net ZALV-BEAEETY. HRBRECTRETEABEEEE
BIEFRER L, SNR=10, 5,0 dB |24 5 & 312 MRI SHUGES =X BEE
BITLT= UNet (k> THBERNEABEEEES ) - R
BLLEAHEOIUBFEMETL, FEFH WaveGlow [ZL>TER
EHRSOEEEREIT 1=

& FOFEE MCD |2k 251 T419.22 dB DB BERENRER TS

E’é%L b‘f%‘zlf%

" Feconded  SNRe10dB  SNR=SdB  SNR=0dB  Comwerted  Convert c.onn'mms )
clean DBCS GBCS oBCS GBCS SN0 dn an =5 I f.\.a oes clon
(baselize] HaC Pl

A& Mean

MCD [dB]
78

s

Fig.1:MCD of speech signals before and after conversion.
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3-0-19

3-Q-19 MBI B T 5B EBEHFD
FRDI=HDXFETVRDIHEE

Estimating Dialogue Tempo for Predicting Alternation Latency
in Smooth Dialogue

HEKET, FIHG(FRIR
& BRI INEET URITIRET 2L VS RRE, BFSED—
NAD_EEEOFHEIC L YHER
SEMENITES VA LT A LA FEIRETILEBWLT MR
T UREHESE, RU Forward Selection ZFALTHRISHELHRE
&S5 UALD4 LA MNEIRETILOREN S, THEEOHEE) IE#
B 5% AYEEICARLESE THATTREZHER (Fig. 1, Table

1)
A2 -®- MSE(MLR)
1 o MSE(RFR)
10 =M= R*2(MLR)
09 =M= R™2(RFR)
08
07
06
0s
04
o3
0z
1 2 3 a 5 6 7 8
Number of features
Fig.1:Results from Forward Selection.
Table1:The ranks of features based on importance
for each estimation method
utterance Alternation
model™ feature Speech rate
frequency Latency
MLR 1 2 3
RFR 1 5 3
= — - -
3-Q-21 REIIIVTHEICEITS
B REDE K

Consideration of psychological time scale
in response timing estimation for conversation system

HEOR, BIRG MRER TR CRX FEIX)

& B89 : $EELR T LORIER A = LHEROFE AR L TOHEBEES, 42

A 22 OFNIEET HUERRRE (FEER) £8AT 5.

& =ik

> SIHEEERIZE Y A A = LS OTHIZERT SARIREERY, R &
EfE L BRI ERL V= (Fig. 1)

» FEHENEER LRES A S LR OTEREFERL, #5802
LTEERREBITEL - (EEEEICHS, HSSE THOZEE & Y B
ISRT 2 EHTES. (Table.1,2)

> EHEEESE L2 1 S U UHEROFE AR FREL, BEF4 13
THEEEER LS EHIEATE (Table. 3)

124

]

o
=

Sensation Time T [ss]
= e
L -
\

=
R
.

s
y

%800 025 050 075 100 125 150 175 200
Physical Time £ [s]

Fig. 1: Relationship between physical time and sensation time.

Table. 2: F1 evaluation with ransition
interval of labelled training data during training.

Table. 1: F1 evaluation using
physicalipsychological time scale.

Scale Feature  Foas  Fos  Fio Amss]  Foas  Foso  Fioo
Physical B 0.390 0.557 0.730 o 0.442 0615 0.739
Physical +ESC 038 0.5756 0.745 30 0.461 0.639 0.761

Py gical  Baseline 0442 0615 00730 60 0446 0.652 0.774
Paychological +ESC 0,450 0.6356 0.761 120 0425 0635 0763

3-0-20

3-Q-20 Investigating Deep Prompting Approach
in Spoken Lanugage Acquisition Agent
O YANG Haoyuan (TokyoTech), OKAMOTO Takuma (NICT),
SHINOZAKI Takahiro (TokyoTech)

# This research leverages pre-trained spoken language models that
aims at capturing intricate linguistic structures in spoken utterances
to enhance the agent's performance and adaptability.

# Leamed representations of images will be concatenated as a prefix
of pseudo speech units, working as a deep visual prompt for the
pre-trained spoken language model for speech generation.

#The results shows that the proposed method outperformed the
baseline model in both observation stage and dialogue stage,
reaching higher accuracy with only 10% tunable parameters to
adapt to new datasets.

@ |n future work, we will fix current limitation and adapt the sentence
embedding mechanism for more generalized scenarios.

—h— Baseline
—8— Prefic-Transformer

D 5000 10000 15000 20000 25000 30000 35000
Steps

Fig.1:Average Rewards in Dialogue Stage

3-0-22

3.-0-22 SEARETILERL:
EEREORET

Investigation of speech editing using a speech synthesis model.
RESLAH, EHRM (T4— IX-T—),
WK (T4— TR T—/HKR)

*EEREIEAON-EEO— SO EEHRERE
L. -G EREERT S

*REPB IR OEFHREFETE. EFEEMAICE
TIEERTALELNHoY, BEFEERETILAE
B 5EEERRELE=FETHOZYTS

X EEFAHADEEEHETILOERTHIERICHRE
LE=FE RS-, EROEFERETHLEDT
ELFHERE

* THFHRBOBR . ERFEEANARIIOTS
LOHEEICEDIFELLEATEAETHFELLCLE

2
Editing features of
source spesech
4' Iilﬂm _ (A =
Source spesch
R =

Fig. 1 Overview of the propesed method.

Table 1 Preference score (%) of edited speech

naturalness evaluation,

Method Preference score
Baseline (concat) 0.484
Proposed 0.516
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(148) £3H 9H28H (k) KRRyY—%215 3-0-23 ~ 3-0-26
3-0-23 3-0-24
3-Q-23 HxT7I5ITILTINA REAW B 3-Q-24 HEBETIZBITATFAMEESRUR
ANNEDEFEXRIEV R T LOWKE F L DBAMEME A EIZRE T B85t

Conversation Support System for Ambiguous Input
Using Wearable Devices

YORRERE [RE FEEMS (EILARE-HS HETF)

S FR|ETE THR M oOFESHERAV-RERMEERTORE
SEVATLELTUTEREERET S.
> DT ITINTINARADBDZ v F 24 EL TR I ARNAR
P Za—Z)UBEERR (NMT) ZRVV-IEHEE
BUFEA ELTTEHNAIEEF—DORCEFREFAL, 21E
DTEENDANEHET . ChickY, ANDBCBRNITE
L35, HEEITNMT ZANAZET, AhDEREEAEET 5.

& SEEHEEERL Y, NMT OHEERFEIL 9148% THAH T ARSI

& EREHERER LY, BRVATLEZEAVWTRIEETO L, 67.9%0DX
AHEFICIEL {fEhH T LAVRENT=

(MM --- 8977784871 ==~ k, 0, [, N, n, i, ch, i, w, a, $
movement Lhgits ikl accent symbols
+
synthesized — /-
\E'_{_s_mgn) ) CAICEIE

| BREEG B R 234 789
B B R 56 9

5: enter
| 6: backspace

3-0-25
3-Q-25 SiFiSinger: SiFi-GAN ZR& L 1=
MIESFE SR

SiFiSinger: Singing Voice Synthesis including SiFi-GAN
*EB #k PE B (BEX
& TIEEFEARKICHL VTISERRERE0)DFE &£ REDOMAH
ERHTEDZEAEELLY
¢ TXR MEESRIZHELTIXEndHo-End ETILARENZIDHTINS
M HCETTHRAMEFSHORHT, 0 OFEMEHITZE
@ BEFF LD XiaoiceSing £ WORLD FRo—4#ALAZ £,
0 OFEEIELD, REIERHY
& PIEEEARE Endto-End (L TENERBEA RLELZ S
& GHEEL 0 OREMEEMITE DL 31T BITIE
> FERHET 0 HiMEL HHHRa—4 L LT SIFi-GAN #EfA
@ SiFi-GAN 28 L1z Endto-End BNESFESHAL : SiFiSinger 2%
& RERA L 0 Ot ERE X EMILRETH S & TR

Waveform

Mors. Note Duation Note Pitch

Fig.1: SiFiSinger architecture

A study on improvement of intelligibility for text-to-speech system
in noisy environments

OZMEE, REFH, BRIE (BEAR-EI)

SEROWARGECHERORIMETIE, EEMEORECEHLT
FEERY T VERGEEFISLETHD.

SFHIRTIE, TOLSUHRALHESRETOGAZIEL, #¥ER
BT TH-oTHAMICHMEMY DT WEBFEERAREL THA M
FAR (Textto-Speech; TTS) AT AIZDWWTEET 4.

SREEFEERELER AREFORETTIZERBLLOD,
HERETICET2MEMY LT S 2BEMICHIEL, MEmY oY
VG BREERT 5 ENTE

SREFER IS THEASh-MERETICE T DMEMYPT L&,
Ground truth OFHEfEE DIR%EZE, Fig. 1 1R

generator_var_pscore_loss vs epoch
= ftrain
2.00 \ = valid

17%

150
\
125 \
| .

1.00 > ==

generator_var_pscore_loss

0rs
050 \*’_ﬂ—ﬂ—‘_,_'—‘

epoch
Fig. 1: Leaming progress of Loss between the degree of popout inferred by
proposed method and the ground-truth popout score.

3-0-26

3-Q-26 AFITHTLEBREMEICEITS
BERRERADRE

Investigation of Acoustic Information Utilization
for Automatic Prosody Annotation in Kana.

OFRREEEIBEER), AREEE R =1t Fusic)

HR

B, BEORREREEN L -EFARIIBAUSESRAATRE
BMBIEEOT / T— 3 VIR L AW ETEL <, 2R M
B1=8, BEMEEEASETILLWETHS.

REFE

BFREBEOERL TR PO TILFE—FILIZERRSETFATHE
TILERET S, TR MEBEIEIFEEFAETIVC L > THEE
[ZZE&h, Attention #5H87% 3% Muli-Modal Fusion Deocder FALNT 7
SA AL hERY, Hi28912 Deocder D AMNSE F— Ui B8R
HESEFATS. e
o
THA M SERRFESETR Multi-Modal Fusion Oeooder|
FHREFINEHBLT, BETF | [Tooarayer J|[|[ iearimver )
FEN—BRLVETHT= [ —— N Feed-F.omard |

B, WHEEOHRAIREE .| [Soratenion )| Goss Atonton )
RAAIUZHNTE, B ' '

THERSEFATECEN | o | Ton Encr J
oy G

EYa—Zxb=aw

Fig 1 Proposed Method
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3-Q-27 3-Q-28
3.Q-27 e e o 3-Q BEERERIEEICE O]
BABREBEREEEOERHHEMRN 28 2258 (> + §RETE T 5

Acoustic feature analysis of Japanese voices that express disgust
FRFNE, HEEHEEERSR)

S B, EFLITFHEEOAEFE LI-ETUN CIREBRFERERS
EENT HFEIODVTHRET>TLS.

TIESHERL

S FERRORENFEISN TV S EEOSESE S0 L T ERRT
> BF BHEE 14 (TS - R £100030)
> N BEREEM, 74072 CEREE, #ER AR MLED
> $ER  EFEHO TR - X7 MLELDLER

n |Neu[Hz] Dis [Hz] n |Neu[Hz] Dis [Hz]
/fa/ |6369 117.46 107.86 /a/ |6201| 1196.53 1267.94
fi/ 4110 118.59 109.46 /i/ |3870| 1287.22 1391.89
fuf |2718| 12259 112.54 fu/ |2551| 1010.49 1096.80
/e/ |3182| 120.33 111.25 /e/ |3154| 1434.48 1520.55
/o/ |5690| 120.42 110.24 /o/ |5393| 816.71 858.59
Fundamental frequency Spectral centroid

3-0-29

3-Q-29 EXRARBELUVARY FLD
HMHREBESTE IS — FERAIC
BITDARY FLVEBORENBARNE
[CEZ S EDRAE
A study on effect on naturalness of vibrato by existence of

spectral fluctuation in singing voice including fine fluctuation of
spectrum and fundamental frequency.

OHRTFI, REHH, 1B RGN
S FHRTIEETS5— FOEBEBREL-ETS5— FEREEER
> ARG FILOEBEESTIHES LEFHEMEE(ANY MLERNHE
BER)TETS— FOERERELZETS— FERE
& EJ5— FERBOERTEE
» AN FLOEE D OBRI EAFBEHOBRIICEFNDLX
BRYEZERNh y b 7RER 3Hz HO— R 7 1 LA EER) &
FHEZEENh v b A RS 15Hz D\ 18R T 1 L2 EER) &
H
& ARG M VEBEREEOMER
» EJS5—hHBET 57 L—LLUBOARY MILOEEE T5—
FEROEEFEHOE T L—LODARY MLDETESHRA S
& {ERLT-E 75— FARBEDNR
> BEXBREHOE TS5— FOEEHIFEEShTVDEREDAN,
AR FIDETS5— FOEBATRE SN TLDAEREITHAT
FYUTRBRESHETHNRTHS
> EJS— FEROMEICEVTEARERMOE I5— FOEEHD
BAEOAENKE VTR EL B D

Leamning to assess speech based on subjective voice descriptors
©iEgEt RN, BPE €725k REE
(BAREIEEESERS NTT S0/ —L 3 RSP ERERTZRRR)

& FHIETIISEIFMERIREE (subjective voice descriptor: SVD) (233
EFEFHBFRIERL,. ACR BROERFHAT—2&FB T2 &
9% MOSNet [ZfElf=—2—SJILETIL (pointwise approach) &,
CCR R DEMEHET—4 £F B T—% &7 HRankNet (TS =
a1—3JLETIL (pairwise approach) #Htikd 5.

@ LLEEREAT S I2Hh= Y ISR EREHE T — 2 v FE{ERIL =

& 2558 L TIRERN SVD IR S EFEHETRISEHTHL L
&, CCRIEHDT—2 E#ANTEE LI-ETILHACR D T—4
ERVTES LEETILEUBUMEREEERT 5 C L #RERL -

Tab.1:The maximum value over all epochs of averaged pprefs across all
trials and the standard deviation of the pprefs at the epoch that maximize,
where the ppref (precision of preferences) means the accuracy rate for

CCR format questions.
Speech Youthful | Youthful
- . Resonant
assessment | -sounding | -sounding .
A .~ | male voice
method | female voice | male voice
B 0.595 N/A N/A
comparison
Pointwise 0.701 0.596 0.754
_approach | £0.008 +0.017 +0.012
T 1
s 0703 | 0641 | 0759
APPrOsCh | 40.010 | +0.014 | +0.009
(w = 0.2)
Yo irwries
Pairw 3 0.702 0.635 | 0.759
SPPrOsch | 10011 | +0.013 | +0.008
(w = 0.3)

3-0-30

3-Q-30 -
PLS [CE OB EERE AR EE ST ORET
On a study of TV-CAR speech analysis based on PLS
Oft REE— (FiEkKF)

RIS B39 B L #EFAR(Time-Varying Complex AR:TV-CAR)
BESHOREL L UICEFIMEAOBEROMEETHE>TIVS,
TV-CARERE 4 & LT, MMSE[1]. GLS/ELS21D#A 157, b/ L
LEANETHAHLASSOSH[3]. &/ ILLAERHE E L TRLIPEEA
[4]. TRLPE:# AT 5 UIZRIPETRLPD/ A T'1) w KARK[5] %12
EL. BEFORMEERFANTEHEET oz, E5IT. AMREELT
BT 4 LA[6)OEGA T T 77 VR[7]. HEUIZEENES
DEHIZZ lx—AﬁG)Hilbert?E?ﬁwiﬁ)ka)&ﬂ[s]%ﬁ o1z, §ME.
ZEHMEIC K YRR & Sh AE0H RSB ZFE(PLS)[9][10]1= %
DCTV-CARDHITEHEL . FHEE1T>1-OTHRET 5.
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3-0-31 ~ 3-0-34

3-0-31

3-Q-31 speech-laugh D FEAEWEFAEBAIZRIT71=
BEEEOTENT
Acoustical analysis on initial vowel of speech-laugh
*#HFO & HF BHFEIR

@R - LD ERSCRET S speech-laugh DFEMIFHTEE

& BfY : EESHTIZ& o T speech-augh TaEE HEEOBTERODEL

EIREET B

@ Fi% speech-augh BEEB S L HFEEICSFNLBE2EM S THILY
L FEIEECOEMIRRE, ARY MUVERERE L, EERRRSE
F1=l% speech-augh B58)&BEDIEHARE)ZERE LI-—A
BRI EEE

SR RHUETIREXLLICRERREEGEN AN, BEE
RSBV H D Z AR Ehiz

O£ T TIH O TENB SN LMD, speechaugh (F01
BEROZER A IO RE L TUODAREEN S D

g _ g
. i i
A A
o 'y o® N
g4 e & g
) i ) au Al
) ¥y < AC
[+ o o o
“8 *e ‘8
A SL A SL
| * SP 8 * 5P
~ 400 600 800 1000 1200 T 400 600 80D 1000 1200
Fi(Hz) Fi(Hz)

Fig.1:Vowel space for Speech(SP) and Speech-laugh(SL)
(Left:men, Right:women)

3-0-33

I A R NS

Transition from vocal membrane oscillation to
vocal membrane — vocal fold co-oscillation

Fo/MERE, SERR AREEEIHIER,
AFEHBI (EX) SRR

& EHIEMEETIVZNEZENA S C L CRmSREEER L=,

S PIEET)LLIHEEEE AL TVIRESETL, B TE. 5. &
EEREIEETHR L=,

¢ RREEMEE DT LT, FHREOHIIRET SREN 5, BEFH
HIER IRENS SRR BRI AHEL SR T E .

S YIEETILEHHEEEOE A T, HICEERIER & Y EHREIDSH,
REHELNSERLFER SN,

& VEEETILEEHEEAO™A T, £ SEBEROFSIMRE BT,
FEHEME R IRMbRER SN,

g
=

frequency [Hz)
E
(=]

FLOW [L/min]

Vocal efficiency [dB]

Fig. 1 Spectrogram and vocal efficiency of physical model.

3-0-32

382 Fo—TFLyhE#E
BED Y TEZBWERRREHE
Pitch estimation using chirplet transform and reassignment method
LPAEX FOEME, LARME KEZHEF (RIX)
® Fr—7LvhEH
ESORRE - BE# - Fr—7L—h0
IRTRBEHBESND
¥ Fr—TL—b - BREOREELE
o Fr—7L—hOEHRzAVWTHERESZERAL
AN OV S L%EES (Fig.1)

o EEMT7—UITBRICLZARZ NOYSLE
AwfcEE LD BERRARBEORE M LELE

(a) (b)
Fig.1: Spectrograms obtained by (a) the short time
Fourier transform and (b) the proposed method

3-0-34

3-Q-34 BEDARIMILBRMNOD
EARRERETF R
Prediction of Fundamental Frequency Using Spectral Envelope of Speech.
O5H HEA, A HHOALBEHFR
EEOIKREES (FO) BFEERE (AR MLE®) SHELHS
S EEDARY b EFRERME TR L TREZE
» LSTM ZRLvzU ALy b=a2—F L3y F7—%2 (RNN)
> IBEEREOFE=1—Z /L1y FJ7—% (DNN)
& FREERA] : &5 [HE 30 POBFHMEA -]

—— Onginal FO
'
00 r Bredicted FO [RNN)

I I

!

8

Frequency [Hz)
2

Ll

-] as 1

SF MF MM SF MF MM

ANN  ANM RANN  DNN - DNMN - DNN

25
Tiene [sec]

& TiAlRE (RMSE)

RMSE [Hz]
15 20 25 30

o 5 10

SF: Bi—EEE4p (JSUT 3—/XR), MF:51 B&7s
(VS a—/§R), MM : 49 BEE (VS a—/3R)
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3-0-35

3-Q-35 EMEEEHI-FEYEETIVICEITS
FEFRIERIE EXKRIEEERD
MERENSZSEE
Measurement of intra-glottal pressure with narrowed glottal width:
effect of flow amplitude on unsteadiness of the glottal pressure

FrepFFIE, A LR, SE(IHEX)

& 70U LEMS BEFEEETIL (Fig1) #ERLT=.

& EPNEE 020 mm IZEE L=,

L ik i e = e AN S5 -6 N B ) IEAE | 9 e = e p A
BERNE FRFEEAEL-.

& EEEROBER FIERIES 300 Pa & 900 Pa &E55E LT,

& ERTREL ERERER C B AEMREN S HOLEET o 1=,

& EPTTIERIG 900 Pa MBS CEER L FERR CAMINEICEEEN
Riohiht 300 Pa DIB&ICIFEEENRR NN o (Fig2).

Pressure{Pa]

2

45 50 5
Distance[mm]

5] ar
nm—— .| e — o [ —
F A | —_— =
| e ,I 50 ,{/
. | & N - — Presturecsteady)
; | II —— PressurefUnsteady amgplisude S00Pa)
|
|

ol P

o —
=== PressureCteady)
PressuredUnst amphtude 300Pa) |
10— ——— e e |
45 50 55
Distance[mm]

Fig.1:Configuration of M5 Model.

Pressure[Pa)

=

(

Fig.2:Comparison of the intraglottal pressure distributions
between steady and unsteady flow experiments,
Pressure amplitude was 900 Pa in (a), 300 Pain (b).

3-Q-37
3-Q-37 EriaiinREICRITTEEE
R BH-HDYEETIILEER
A physical model experiment to investigate the effect of vocal nodules on
vocalization

Y LAREF, Y GIHEER)

& SPMEESE RSN EEE L -ETE TV EPIEIHTET
W) &, NEOE®RE MRl TRELTEOW=T—RIZHSE, &
AR LB ETIL (VMR IHEETETIL) EERELT-,

S iENE KESRUESHAENThATEST SR LMEETIVER
BLT-.

SWBERAEL T, SETIOBMTE 575 SREHEZEHHL,
EEDHLYEEETIL LSO UEBETILELE LT,

S HEEHKELLDICONT, oty FERRRICERL, HEDS
E TR E o7z,

100

Pixel number x

Fig. 1 Laryngo-topographies of vocal fold models with a nodule size
of (a) 1.5, (b) 2.0, (c) 3.0 mm.

3-0-36

3-Q-36 B REMEZWNAICLHOFMKD
EHITDONT
Visualization of the palate by ultrasound imaging
OdeHEth (BEX), i, MEF(WFX),
HEE SRS A0S AL (ERER
& BEHESSIRE CIHBERE— LA ERE TR 571-6, OFEA
s
SKOE Y —FOERNICRET L LOENEREShLIEHHMSIT
LHAHY & UE LIRS ?
®K HEEK EU— TV, JAlICed, FRREOMECRSR
ETAb.
S UTuL AL TR E)— (RUFUT4T 3F59Tv
1) ZRWV-BERER% Fig. 1 1277
@ EIC L HNFEZNRICITEAZABH LSS LLN
SRR A—FHERTIE MREGEDHERRLTT.

<= Anterior

Fig.1:Ultrasound image acquired while a participant held crush-type jelly
made from Konnyaku in the mouth. Allows indicate the palate.

3-0-38

3-Q-38 1 REBHAH=21—FINFVRT—HER=
IPA Do DEEERN T —RERL
Generation of Articulatory Movement Data from IPA using 1DCNN
FAULETH, FEE, AHES, EEE— (ERERX

FHMETIE | REBAFAA=2—F )3y FT—2 (IDOWN) #B0T, ERE
FRS(PANSTEERT—420—HTHDS EMA T—2EEMT HFEERE
T5(Fig. 1). #EFHETIR, L—LA—RATEFEhi-EEFEELIS
BLSTH-LSTH ZAL\T, BMA F—A2Z£M LTS, COFETIHFERERTFA EMA
T—AMEREhTLAA, SEFMETAREME], HStEREHIZ8A
TWAHEIRLALLY, Ffz, BLSTHLSTN [ZB5RF| L TREIMASHERZ DL
ERELT LN, EEEHT—2 OERIZITEINEROFHNEETHLLE
Abhd. FOTHHRTIE ARMEIEL, AEHRES(EATLS IPA %
AHELT, DO ZRNT BN T—R EE/T 5. Ffz, BEUIEMELOTH
1=, IPARE L < [EEMA T—2 DRIESMOBEERMEREEETIET S LM TED
SEBlock #AL\B A% BRET 5.

FETIE, IPA & EA T—2 2 8AEBHFBEOT 4ty FERLV:. #EFE
EHELTERENOREIZM T2 2E/MT 5 EHMTER

)

inear

Avpooll iy

Fig. 1 Structure of the proposed model.
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3-0-39 ~ 3-0-42

3-0-39

3-Q-39 e AR—YIZELI=YIRAHT—FDi&RET
~EFBTIAH—FDER~

Examining of Mouthguards Suitable for eSports
- Creation of a speakable mouthguard -

OEmgz (BEHEHEER)
& e AR—YETL—dhIZEBLLIEY . 5058
DIEHEH L DBADND,

® THRH—FlFe RIR—YIZLLETHD.

® JL—IEITHLLEREZTS-OHREDL
FHEIRERDRAR—Y LY ELFELY,

® HERODAR—YADIIAA—FIFFELD
BLY,

& TJOEEL 3 BAQLLETL—V—ITBLL
TORAH— KE4E
Y, LTIV
AA—FZEEEL
L7,

3-0-41

3-Q-41 Pause position analysis in spontaneous
speech for L2 English fluency
assessment

Sylvain COULANGE", Tsuneo KATO?
'LIDILEM/LIG, Université Grenoble Alpes; "#SLPL, Doshisha University

When learning a foreign language, fluency is often considered a key
characteristic for being easily understood by listeners. To assess
fluency in a spontaneous speech situation, automatic tools typically
deal with the frequency and mean duration of silent and filled pauses,
but pauses are is not necessarily a problem, rather, they should make
speech more comprehensible. It can, however, be detrimental when
they occur in unexpected positions. We present a fully automated
pipeline for identifying pause positions at both the phrase (syntactic
structure) and lexical levels (part of speech of surrounding words).
Analysis of 177 L2 English learners has shown that pause position
varies greatly from one student to another, and should be better taken
into account when assessing speaking.

CLES IO « &1 & B2

100 N . .
H - 40
3 2 V- % PR
s o n A - .
E Ay B
3 Sagi s E e, ST
aa e a
g= ﬂg%z‘ Ex AN b,
5 Ll 3 - o G i
.E Yy U g i !A ¥
2 s ’;‘? zw ‘,’2:"&.:,&-
s I
- o "‘h -
20 S0 7% 280 s00 7%
umber of tokans Number of iskens
Figure 1: Number af inter-clanse (left) and intra-plrase (right) pauses
per speaker.

3-0-40

3-Q-40 Perceptual Assimilation of English High and
Mid Vowels by Japanese Listeners:

The Role of L1 Lexical Knowledge
HAGEES IO L A EEOBE L LU ERRFOMEREIZoNT
L1 35 oo i)

OKanako Tomaru(Tokyo University of Science)

# The current research investigates the effects of the lexical knowledge
of the native language (L1) on the perception of non-native sounds
using the Perceptual Assimilation Model (PAM) framework.

@ The current research focuses on Japanese speakers' perception of
the English high and mid vowels, i.e., // and /e/.

#The comparison between the baseline (NoAct conditions) and
conditions that activate lexical knowledge (Act e and Act a conditions)
shows no significant effect. The summary is shown in Fig. 1.

# The results of the perceptual experiment (1) suggest no L1 lexical
effects on perceptual assimilation of the target English vowels, i.e., /V/
and /e/, and (2) imply that the process of perceptual assimilation may
be independent of the process of lexical decision.

} (AT [

Condition
Fig.1:The results of the English /1/ vowel (light) the English /g/ vowel (right)
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Integration of a machine leaming model for detecting acoustic events in class
with a model for estimating class activity
Yo BILE (R K -f), TEGEREX)

S AR T BEEHE) HRESA L. THLREHREEEN
[T EEEEELTING. CIT MEEEEMEANELY &1 %
BIDEREE A LR S0 T 1 TIHREEITIRFIA LD L THS.

& T—RIZIIHBIZEE LI-E A 2 ERLTRER TR L= 21
ARDEBROEREERA L

SEERTIL BEPOEEAIZEVLTENRETWVNERLETAA
Y MIDWTERGIEREFEETHERL, ERSNLELTREE
TMEEOSHE ALV TEERE{T o7

& RMETIE NEENEEA AL MEIETIL OEATHEFRSAR
WEBEEFHEREOANFREL TH LT, ZXOEEL S
FEICkHFEEHEDOHEN EOREEARETHOINREIETS.

@ B THEEEETILOFEIZIZLghtGBM OEIFRETILEHAL T
HY, 21fold DY DR F— 3 EToT-. EfETIAERRFIC
DT ER CEHTEERET 1=

& &1 [ HBEFEELHERREE LIIBEORERITIITHS. HEILE
L <, QWK TIEFRIZ ) UEREDELERZR L= LML, MSE
TIEFFRZNIAERELSRELMETH o121, HEESNILEERT
BHLERREDBEIREL IR E 1=

Table 1 Experimental results
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Predicted Predicted
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Accuracy : 0.619 QWK: 0.592 Accuracy : 0.619 QWK: 0.481
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Impacts of German language proficiency on the perception
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Development of English training drills to improve speech perception and
production skills seamlessly with interactive gamification
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Preliminary examination of an interface
for the development of oral reading support application
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Definition and extraction of emphasis
based on comparison with read speech
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Error tendency of human speaker identification in noisy environments
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Fig.1:SNR effect on FAR & FRR

A study on the effects of sports coordination exercises on the development of
language abilities and social abilities in preschoolers
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Onomatopoetic representations for cat sounds:
A questionnaire survey of Japanese speakers
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