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Content production toward customizable broadcasting services using combination of
object-based audio and multilayer coding of video signal
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Perception of speech uttered as speaker faces different directions:
Identification of speaker's facing direction from the listener
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Fig. | Experimental results (lefl: Exp. A, right: Exp. B)

1-1-2

1-1-2

HEDHREEENRIGEEFETTO
BEETREICEZ25FEBDONH

Influence of one's own recorded voice on speech intelligibility
in the presence of a competing speech
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Fig.1:Response screen

in the CRM task. Fig.2: Correct rate of all trials
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Kymograph analysis of articulatory movements during pop-out voice
production
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Table 1PV & NV OEOQR L EOEROE (mm) OFH), FEEODORILITHRDN

fa/l I/(46) 13) | /e/(13) | Jo/(40)
M1 138 -0.98 -1.53 -0.83 1.37
F1 1.05 -0.31 -1.75 -0.03 0.44
F3 154 1.13 -0.63 243 0.90
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(2) $%51H 3H6H (k) H1xE

1-1-5 ~ 1-1-8
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PC-controlled vocal-tract models for speech dynamics
OFHIEIT $iA BT AEARP, Chandler-itffith ( L ¥K-2T)
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Fig. 1. PC-controlled VIM-UT system.

e
Fig. 2: PC-controlled VIM-S24 system.
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Analysis of diversity in learners' listening accuracy for acoustically
diverse English speech
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Production of vowel reduction by Japanese German leamers
- The impact of English on the learning of German -
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Rises: Rate of Change (st/ms)
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Falls: Rate of Change [st/ms)

Fig.3:Rate of change (st/ms) for rises and falls.
{x: Number of Syllables. The three bars are English, Geman, and Japanese from left to right.)
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Automatic estimation and native speakers’ evaluation of lexical stress
positions in English recitation speech produced by Japanese elementary
school children
Yr A4 &Eth, Sylvain Coulange, MR 1BX (BFEALK)
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Fig.1:Pipeline vs. native speaker raters word-level mean stress score

AAZEZ2E151H (20 2455%F) ARERS



1-1-9 ~ 1-1-12
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Why cannot pulse train source signals generate natural-sounding speech?
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Analysis of relationship between pitches and bending of cervical spines
in operatic singing using real-time MRI
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Study on vocal membrane oscillation using a vocal fold physical model of
rhesus macaque (Macaca mulatta)
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Fig.1:Sound spectrograms of (a) macaque model and (b) human model.
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(4) £1H 3B6H (k) Z18i8 1-1-13 ~ 1-1-16
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Study on control interface and voice augmentation
in wearable articulation disorder assisting device.
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Articulatory Assisting System

unclear
speech
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microphone device output
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S\:J?.lcrile F1 H F2 H Voice quality Filter |

Signal processing by microcomputer

Fig.1:A concept and a prototype of the assisting system
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Effects of nasal septum resection on spectrum of nasals.
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A survey of noise environment in communication for speech therapists
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Simulation of formant change with sound source position in

substitutional speech using acoustic tubes
fNEFFFRA (HEX -k - PRAMI), EHE,
BERE . ANTBHE (HEX- LAMWR)
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1-1-17 ~ 1-2-3

£1H 38B6H (k) HIRHE~H2R15 (5)
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1-1-17

—RIEHIEEDRET TOERIEMRIC
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An investigation of what factors affect speech recognition under reverberation
for individuals with unilateral hearing loss

Ostfiith, FEHET(EEX-EL)
& —[IMHETE LUTOBENE#HICELZ LAEHSh TS
1) MEEREEN, 2) BEE TR, 3) ERESL
S HANBEITIToEREBROBR, FHIC—AIMHEBORFEER,
BENHORVBREICBVTERCERXEOMI AN HE SN D
S EDFRTICBES IR oz
SERB/TIE —AIEHEEORETERICALLIERERIT LI
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HoHLE FREFRLFLEETFHEBRENMES, ARKTREFLS
#26% (SRM) OEEHIELMERA A SN
B) d—IJL FR I AEEKMIEETHLEEMEADR I THE
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The degree of SRM [dB]
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hg 1 !\msclalmn I\-l\\o\-n spatial release from masking (SEM) and participants” demographics under
i target speech was Jocated on the poor ear side). Shading of the
individual data points indicates four frequency pure-tone averages (4IPTA) of the participants” poor ear,
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B

& ASR ETILOAEEIL, FET—2D KA UTKE K5
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& FA A DAOEBET—2OHTHITED R FCUERTRE

Fi&

S ECEEHYEBETIVE FAS VASETIEMEIRES L, FAA
5DI3F LILTF—A T Fineduning 28Ik Y KA1 LRD/S
LILT—8 —UHEHTIZ FA A s

& 5T (1] D wav2vec 2.0 Large ZFALV=5ERICINZ T, BAEED
BFEN-ZEEEECENFEE SN ETILXLSR T

#R

®XLSR #ALVES, FAA LNO—/\RAERALVIL S (Baseline)
EHAT, 8%F% (TgtAdap) [FCER IZHLVT 3.9 pts FhEE

Table 1: Chan E Rates (%) of baseline, comparison, and o adapted models, where
and \‘A‘;{!zlmm‘:.:i,}.‘:-l mathod and wavive: 2.0 lasge, -..mmm.‘? " P

Model name Encoder  Further training  CTC fire-tuning csl LTVS
model (spoech only)  (speech & text)  evall eval2 ewald  dov

Ideal W2VEL (NSA) LTVS 156 218 240 138
Baseline W2VZL (NJA) sl 6.0 a4 51 w4
Srchdap W2ViL C8J cs) 1.9 is a4 0.3
TgtAdap (Prop) W2VZ-L LTVS cs) 52 41 46 19.8
o E.Ili_ - El:‘\-_l't o _(XJ’A] o LT\:”S_ - _21.] 21.1 Id.ll_ 1 lO.'.I'_
Baseline XLS-R (N/A) csJ 4.8 ar 42 .1
Srehdap XLS-R csJ csJ 51 a9 43 s
_Tgtidap (Prop.) XLS-R LTVS csJ 4.4 35 36 202

[1] #oumen v Eesm. SEER "SR B3R oo 200, Sep 201
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LLM [2&BTFR MERZERV:
%E‘é‘ﬁﬂli '5 =] F"nﬂugta) l'~ A 4’ Jiﬁﬁf\

Domain adaptation for speech recognition based on speech synthesis
using LLM
OLEDE FR#H (HIRN

& SEENERAVVCESEROT—ABETIE, BRTHTER T2 0/
W EEEROMRERE R ETHD.

& AETIE LM #HOTTHER FERETL, FA ABIGET.

&® LLMA~ADARIZIE LibiSpeech OTFA bT—%, TRET3 b TO
TRERL, FASICMAT, TRIAOTER FT—20 FiA 1 AGR (FH4
L), TRHEDTER FTF—ED KA A AR (ecture-style) ZAHT S

& EEBERICEY, UMIZESHTHR SR, LibiSpeech MEEETILEE
T—AMDHH LIz THR b, BEFFESMAHTHR MIBEFAL EL
T, PEREHCREL T

® A ASTRIZ L SHIEREOUEN R Shiih o, TEOTHR bT—4
D RA AGREERET A &L Y T L 1=

Table 1: ASR performance (WER (%)) for TED-LIUM release-2 testset.
We used 100-hour paired data from LibriSpeech train-clean-100.

Model dev| fest
No augmented text (real: 28.1k sent,, generated: 281k sent) 290 714
Augmented model (real: 100h, generated: 281k + 562k sent. )

PPDE + RoBERTa 18.32|18.37
Official LM data in LibiSpeech 18.70| 18.97
Basic Prompt 17.24|17.10
+ Source information 16.96 | 17.28
+ Target information 17.24|17.40
+Both 16.72| 17.40
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1-2-3

Investigation of Cross-Lingual Mismatch
in Low-resource ASR
for Indonesian Ethnic Languages
4 2 FR L7 OREEEICAIT-{EFR ASR [2&(1 5 EEMT—HOHEE
Sakriani Sakti (JAIST), O Benita Angela Titalim (JAIST)

#Introduce Indonesian ethnic languages dataset for ML-SUPERB
Challenge on the New-language track.

#Investigate various mismatch conditions in low-resource speech
recognition tasks for those languages within the context of
pretrained self-supervised learning (SSL) models.

# The results highlight the performance of the pretrained SSL model,
demonstrating that as the data becomes more similar, the

performance of the model improves.
Tk Jav Jav

est set || eng | Ind ind ban sun

Maodel 2]

12] | (ours) || (ours) || (ours) || [2] | tours) || [2] | (ours)

eng |2 635 | 60 8.7 51T || 66.5 . 1 59.4 | 56.9

ind [2 58.5 8880 25.2 || 22.3 || 250 [|[33.5] 286 || 29.7 ] 23.9
Tod (ours] || 59.4 || 24.2 (A7 A 358 || 345 | 304 || 296 | 247
Ban (ours) || GO.8 || 324 | 22. I1.T 5.0 | 338 | 230 || 293 | 206
btk (ours] [ 62.5 [[ 35.8 | 0.9 30.9 TEL[ 48] 380 [[387] 286

Jav [2 GO.7 [ HE] 35T 2.3 [ 0.5 [P .0 [ 334 370
Jav (ours) |[ 616|305 271 3 I A [TIEEN|| 358 | 378 |

sun [ 67.0 [ 44.5 | 89.3 LI 383 [[ 484 | 425 [[294 5.1
sun (ours) || G0.4 || 298 | 442 8.4 T35 || 4rd | ZE6 K

mulil 5.9 [[60.7 | 516 5E.6 GI8 [T ] 378 58.1 ] 6l

Table 1:Cross- lingual evaluation of each ethnic languages

—
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Mt Contton el amalg. Ml (M g M

S —

Fig.1:The performance of the pretrained SSL model (CER score) under various conditions
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(6) $£1H 38B6H (k) HE2%i5

1-2-4 ~ 1-2-7

1-2-4

1-2-4 EARS: BAANEBIHEEEI—/\ZDHEE

EARS: Construction of the speech corpus of Japanese Super-elderlies
ORBFAF(SBEHX), BHERAGERX),

ABESREMRIX), WLFR—2(PEX), JEEE(EEEREX)

¢ EERtHR0BIE. NMEORY O - BALR
BT, hiClTiEsinE B BB m LA TR

¢ LAL. BRAESEHESHEOKREI—/ (R ITHEC
EFEEOERELEAR+AREREREENEON TLVL

& 123 257 (134 B OFA LIFEREEDEEEL
TR ANEHE L —ARAE

& SHELNBREBRT—IEZNLKTELFE

& I/ \ADFHMEESEE S RN OREREN

Table 6 Results of speech recognition experiments

model Trainig data  CER(%)
ESPnet2 BL1 8.6
BL+EARS 8.3

NeMo BL2 11.56
(LSTM-CTC) FT 10.52
NeMo BL2 10.50
(Conformer-CTC) FT 9.06
Whisper BL3 18.66
(Large model) FT 11.33
Whisper-v03 BL3 10.91
(Large model) FT 11.70

BL1: trained using only JNAS, 5-JNAS and CSJ
speech data

BL2: trained using only JNAS, CSJ, CEJC and
LaboroTV speech data

BL3: provided by OpenAl

FT: Fine tuning using EARS

1-2-6

1-2-5

1-2-6  ZRBRHEHIHEEERICATETER SO
RB A b—2 ARDIAAHTF B D5EER
Enhancement of text-predicted style token with
generative adversarial network for expressive speech synthesis.

O, #BBH (NTD)
& FO0—rUL s ZAAA =25 (GST) IZET A2 A LEES
- BRERENOHEES (REAL) OEHALFRTHS GST EHiH
- AR IUERE LT GST 2AWTEFARET NV EEHTIT
9> HRIHICLEREEHDE
& FERFHODAL A IBHAKZOTFE (TPGST)
- HEE TER MY OARAIUBHIARE TIN5 AL A L TFHESEFE
- RS FRIR 2 4 UBHAKL T GST 2448 9 HRSIISREETE@
- L1 BERMEICE T R A LFRBRORETIE, BB R 24 ND5T
EEFIMLTES
» AZAIBHABABRICTRE 2 A2 LERENETE
& 5 A2/ NFRBOFBITHOIERS Y F7—2 (GAN) EEHA
- L1 1848 MbI 35 C EED TPGST TIIIHS TRV A 24 L
DHTEETIMET B2, GAN OBEH TR 2 LTI ESE
- RERO R L A EIRIEE TPGST & UEN, 57 ThaHHLT:
GST zhL@%E

Reference \ Cipdsr (w9)
h \ _
At O ¥ - E -/ -

r o
El) Extracted (~1)

Extracted
style embedding

Style =

it 15 %
|
|

\ Discriminator — pradicted (~0)

tast _IE N I ) for stybs embedding

amutvdmg pradicter ]
Pradicted
$tybe ambadting

Fig. 1: A diagram of cur propesed style predicior’s training section. The style discriminator
distinguishes the style embeddings ‘Y oblained from style extractor and style predictor as
aither real or fake. The style predictor yields more accurate prediction than the styk
to predicts mone fluent style ings that the i accepts as genuine.

1-2-5 FEMHEEIRVDOHAIZED
S EEERaDEREEL
Improving Accuracy of Speech Recognition for the Elderly
by Combining Age Estimation Tasks

YRR, ANRE EWeE, LESE E@ERRR

B#)

& SHEOBEEEHRALLEET AL, TEESRECTIONMLL, T—
AERBITHEDHEBHLLY

& EEESSIH LSRRI o, BF AL TERMANSAT L
OBMERIEEORY MY, S{OEAIMHETES.

ETIUE

& E2E TILFHAVHEEETIL (Enc2age,Dec2age) : EFTHiE FitiEED=
DDRAVEFFEL, FRREIREL-SEERETILOMERTL. WE
OELEEETFETHS.

& E2F BpdtyeILF 2 AV FBETIL (Enc2discr) : BRIt EEE 2L VTHiE
FEICHEEERER Y REFT SN L ERSEEATL. MEOR
HEE3.

bi=E3

& ERHD, BRITILFA RV EBETIVERND & THEASEICHL
TISZHREERS DD, BlvEaA X T SRS dm L1

Table 4: Comparison of CER among baseline and three
multi-task learning models.

Model CSJ] EARS
Baseline 4.5 8.3

Enc2age 49 8.0
Dec2age 52 8.0

Enc2discr 45 7.2

1-2-1

1-2-7 Maintaining Personal Styles
in Multilingual TTS with STEN Approach
in Diffusion Framework
¥r Chung Tran (JAIST), Chi Mai Luong (IOIT), Sakriani Sakti (JAIST)

#Infroduces Style-Enhanced Normalization TTS (STEN-TTS), a
novel diffusion-based text-to-speech system, that can:

» preserves individual voice characteristics

» enables cross-lingual voice cloning from just a short audio.

# The proposed model includes three modules:

» Style Encoder: An audio is converted to Mel-spectrogram,
and is fed into this module to extract speaker representation.

» Synthesizer: The input is text, language ID, and speaker
representation, and the output is an auxilary Mel-spectrogram.

» STEN: The module executes the diffusion on the auxiliary
Mel-spectrogram with conditions text encoder information and
speaker representation.

#The experimental results show that STEN-TTS achieves good
performance, at 3.44 on SMOS for cross-lingual switching.

o ‘Table 1 _SMOS for cross-lingual adaptation . i .

T StyleSpeech t DiffSinger 1 STEN-TTS
VN |JA|ZH |ID [EN | VN |JA |ZH (ID [EN | VN |JA | ZH | ID | EN
VN-to® | 35 | 32|31 |33 |3.7 |38 |3.7|30(34|28)|36|35|38 (35|36

JA-to* | 33 |21 |27 |29 |28 |34 23|30 |27 (22 |32)|23|28|29|36
ZH-to-* | 32 |36 | 36 (3.2 |33 | 33 |36 |37 |34 |27 |34 |39 |38 |38 |39
ID-to* 30 | 29|31 |30 34 | 32|35 31 |33 26 32 36|37 35|34
EN-to* | 26 |27 |30 (3.1 |37 |34 |33 |29 |33 |27 |31 33|33 |34|40

31 (29|31 (31 |34|34 (3333322633 3335|3437
3.13£0.15 3.16:0.15 3442017

AAEEZ2E 1510 (20 2455F) ARERS
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1-2-8

1-2-8 Emotion—controllable Speech Synthesis
using Emotion Soft Label and
Word-level Prominence
Off T mill fiizsr, Tk (G4, IR ¥ (RK0R-15ET)

4 We propose a two-stage emotion-controllable TTS model that we can
condition on emotion soft labels and fine-condition on word-level
prominence, which conventional models cannot. Our proposed model
extends the Tacotron2 model with a speech emotion recognizer (SER)
and a prominence predictor (PP) to enable this dual controllability. In
the first stage, we condition on emotion soft labels predicted by the
SER. In the second stage, we fine-condition on the prominence
predicted by the PP model, as shown in Fig. 1 (left).

e [l
Tt Bt —— A ——
........... aset 173 e -
- o
S : b, 1 " L
e i : Ereem |~}
sromants tactons [ Yoo H )z vl ol
T e e e
——
| = T T T

Fig. 1. Model architect (left). Ojective evaluation (center),

4 According to the objective and subjective evaluation. The experiments
achieved 1) 51¥% emotion-distinguishable accuracy, and 2) 0.95
linear controllability on prominence, as shown in Fig. 1 (nght). In
addition, our model shows comparable audio quality performance
(MOS=3.9) of synthesized speech to the conventional models that
can only control emotion.

1-2-10

1010 EHEANBEZ 1 —FIRI—-FZRAL
IETTSETVICE 2HER

Investigation of singing voice synthesis using TTS models
with sinusoidal input-based neural vocoders
YOEKEEA 2, MARE2, BEE—, KBKXM?
BOEH, FEHEEZ FHE
(HEXT, ASHMBETFTEME 2EHEXRD)

s TERAMEEI-NAOHFZRAWHRESHETIL
TTSO—NAZBWRESHEETETIILORE
- BABEBSLUEEEREECHET ZHEE
CEEEANB - —ZIIRO—-FDHE A
« Harmonic-Net+ (K. Matsubara+ |[EEE/ACM TASLP 2023)
+ SiFi-GAN (R. Yoneyama+ ICASSP 2023)
— JEEDOHIFI-GANL D & S EGEREREH ET ER

Trabulig sk toxt-to-spoech corpi Tatfresmen for aliglig vokoo wvnt hisds

TISO—NAZAVWTFELLRESHERETIL

1-2-9

1-2-9 KGR BAREERVNFEI—/\RZAVN=T
FALRAKNEERK
Textless Laughter Synthesis with a Large-scale Japanese Laughter Corpus
YiF B il e, S B OEE ¥ (EXAR-RED)

S EVEEIBEULREOBELRE. BEORANEBHONLEELIE
EEMERO—ETY.

@ FHAREEFET YouTube h L EOT-KREEAAEELVEI— R %E
1BEI 5,

&R, BEEEEH YEBTETIVE SNV -TXR FLALENES
DFEERET %

@ 23A1S. HUBERT A L= BRI FHE T K-means 7
SRR VTETIVEFE S, TOETIVEAVTEVEZRER
BRI EHT B,

SEHERICL Y IBELETHFR FLALURBILERRR L VEL:
NIF—RVRER/I=CEETT,

BT, THA LAV ERRTEE S-SR ETILEY T
VITHIEIZEY, EVEEERTESZLETT.

ey WU~ corry PO -~ ”
Canter and YouTuber lists 1231 59 95 bR h

[ouTube | [ Dencizng |
Candidate Single-speaker AT
videos Lsughter

—_— A
Pretrained Manual

| Laughter Detector | Segmentation | :""

Wideors posadly
containing laughter

g + Single-speaker laughter
Labeling —— - Multi-speaker Laghter
S + Speechsugh snd others  (a) Lamght

Fig.1: Data-collection process. Fig.2: (a): laughter representations;

(b): architecture of the TTS model.
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1-2-11 AAS-VC:IEBECEIBRRIIBFELTHRIZH
[+ Z BRI 2B DR

AAS-VC: On the Generalization Ability of Automatic Alignment Search based
Mon-autoregressive Sequence-to-sequence Voice Conversion

O Huang Wen—Chin', /NHHIEL 2, FHREE ' (BHEXE ‘TARVO)

¢ EECEBERSIVC BTIVL BBMEGCEEHEERA DOEEN
ORELERETRT 5 EMNTES.

@ GERED FS2VC £, #EAETILE LTRVWSBCEIFERSIVC £
TILORBIZKELEAESh, FET2RBOFEEERE (2115

# Automatic alignment search (AAS; BENT 54 A > MEFR) FEICH
< AASVC [E, MTLIILT—ahoEEICIERT 54 A2 &R
Hab.

@ EEREHRIC L T, FET 2 HDELEREISBLTFS2VC YR
LMERENSERITE A LERMEALT-. 5 HIRED/ S LILT—20DH
ERVVCRSIZENTY, RIIERETILOEEHEEETHS.

Table 1: Subjective evaluation results of different seqlseq VIO systems in various training data sizes. Bold

face indicates the top performing system(s) in each column (multiple bolded systems indicate that there is
no significant difference in between).

Number of training utterances (duration)

System | 80 (5 mins) 932 (1 hr)
Nat. 1 Sim. 1 Nat. 1 Sim. 1
= : 1425000 B1%£3%
ANA-SYN - 3724012 T6E%4%

3.62+0.11 65%+4%
3.52+0.11 67%£4%
347012 65%£4%

FS2-VC (No PT) | LB4£0.11  415%+4%
FS2-VC (PT) 234011 50%+4%
AAS-VC 2.80£0.12 51%+4%

AAZEEZ2E151H (20 2455%F) ARERS
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1-2-12 ~ 1-2-15

1-2-12

1-2-12 Eden-VC.EFRMHGRET M A DR
FEEZAWNV-RINEEHVEFELHRET
L

Eden-VC:sequence-to-sequence voice conversion model with collaborative
duration-alignment learming

OIITIHEGFA/NICT), AHEEENICT), SERE—HF R,
RERFNCT), EOEhHFER), FEERER, AFHENCT)

S L2 5FEN S L1 SEEENOEBTRE L\ - TRE T, fEEET
#% Monotonic Alignment Search (MAS)Tl3éktth i < EREL T
SA A PHERTES, TREENSIELTLESMREN DS

€ T T, AWK TIL scaledot attention [ZH D754 A FERAL
1=TTS EFILT#H 5 EdenTTS % VC EFILISEA L= EdenVC %
IREL. TRBET MAS EHET D,

& B2, CER. 4EZ  OFHEERIZHE LT, EdenVC (£ MAS %
Fof=ETILELEY, EdenTTS IZTIRESII-T 54 A2 FFEE

DESMEERT Z Lh RS,
target speech target speech
—— traiing B ey
—mm e training oy
Duration PMW] Duration Extractor
Lo 1
[Comocer | [ melenoser | [ met Encocer |
1 : ]
source speech target speech source speech target speech

Fig.1: Network architectures of Eden-VC and Eden-VC (MAS)
1-2-14

1-2-14 CHIME7 Zf@RESFREE X D=0
NTT S RT L : £FHER
NTT system for CHIMET distant automatic speech recognition task: Overview
ofEEZ, fREsh, WNBET, FRER HARE,
NI, IR, FAR, RRES,
MTHAERS, MEHR, FLo07 - <—7,
hBER, ERA—, FTAEF (NTT)
@ CHIME-7 F¥ L > 2MDASR 2 27 12 L= NTT AT LOHIE
> DASR [H=@REFEFZEDA R T, FHINRELTSY
FUAT, BEEORFENTEHET 5 EHEH
@ U AT LI Diarization, B34, BFEEGD 3 2NED1—ILHS
%Y (Fig.1). Diarization, EFERMOFMEICEAL TIX. CO®RITHKE
{NTT ORETHNT D
O ~R—2 54 VAT LIZH LT, 47%0 Word Eror Rate MEREZE
ML (Table1). F¥ L PTIEIMEZFT o121
Table 1:#3¥ itz FOWERFS S [%]

1-2-13

1-2-13 Synthesis of non-native voice with
native-like accent using voice conversion

O lago Lourenco Correa, Sei Ueno, Akinobu Lee
(Nagoya Institute of Technaology)

# Create “golden speaker” for self-imitation
= Voice conversion (VC): convert source speaker's voice onto a
target speaker voice while preserving linguistic content
#MaskCycleGAN-VC: cycle-consistent GAN model for pair-wise
conversion
> Speaker embedding + native accent ID: speaker and accent
information
» Discriminator conditioned to the desired accent

» Accent loss calculation
# Experiments with Japanese and English
» Conditioned discriminator achieved improvement in most
cases

T + Cytle-consisiency 83 +

Inpat Converied

e
S N

[ ——

gt ‘
st uoge 0 ||| — .n
nat_jang :

] Yoty
1
o
Tral_eng 0
- o

o
o

L accentioss +—!

Fig.1: llustration of one training step from x to y. Speaker embedding and native language 1D,
accent loss and conditioned discriminator are depicted in the figure.

1-2-15

1-2-15

CHIMET ZfRFEEE R R#IRIDT=HD
NTT SRT LSBT AT I1E—ay
NTT Speaker Diarization System for the DASR. Task of CHIMET challenge
Ofkish, REER, TUoO7 -3—2, IMNIEE (NTT)
¢ CHIME? s2fmRei Bl A JITI#FALI- NTT SR T LDEEE
FATZAE—a0OBEFig1)
1. End~to-end neural diarization with vector clustering (EEND-VC) &
ECAPA-TDNN [ZE3¢, sEE B B 7 7 TET4HEE (Fig2)
2. DOVER-Lap [ZR DA (TS E—La BROF v HILES
3. Self-supervised adaptation (SSA) | ZET<F v )Ll
¢ BELATLIZEEMF—LOPT 3 HOMHEEEZRL,
DSR2 AF | ZEDERT LELTIE 1 LD EREEER
7

diarization system Spesker cmbeddiog 2],
AT L CHIME-7T DiPCo  Mixerf  Macro F'g 2: Schematic dmram of EEND-VC
- Baseline 4 54.7 337 553 with ECAPA-TDNN
GSS [ ASR _— 123 - 5 23 Table: Performance comparison with top-7 participants on EVAL set
Main  CHIiME-6 DiPCO Mixer 6 Macro
Fig. 13 AT LD TS Team Approach DER DER DER DER
USTC-NERCSLIP TS-VAD 25.1 16.4 6.1 15.9
IOA-CAS-Speech  TS-VAD 27.3 22.4 7.3 19.0
| NTT (Sys5) Clustering  31.3 21.1 5.9 19.4 |
Tniv. Cambridge Clustering  48.2 25.6 10.3 X
Baseline Clustering  56.3 27.9 9.3 31.2
STCON TS-VAD 46.0 30.5 17.1 31.2
NVIDIA NeMo Clustering  56.1 28.7 18.0 31.9
Paderborn TS-VAD 58.7 30.0 12.4 33.7
xr LA o A
AAEEZ2E151H (20 2455%) ARRARS
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1-2-16

1-2-16  CHIME7 ;ZfRFEE R REM IR I DT=HD
NTT D RT L B ERH
NTT Multi-Speaker ASR System for the DASR Task of CHIME-7 Challenge

OFREH, MEE2, WHET FE8E NIEE FLo07-3—
(NTT)

& ERES 1214 TIXCHMET &, NTT A4S L= R T LDO2HE
[ZDULVTHER L=

@ FFETIE, FONTT L RATLOEERE (ASR) SHHISEAL, L&
TALTRAWN=AE ) I—2 3 >0 ASR EFILOEEIZNZ, FIFA
LE=T—42ty b« TO—T 1 VI FRETOHRERNT S,

@®ASR EFIUIDWTIE 2 ATy IS AEEER-LVELND 4
BEOETIVERAEHE TR

*HEfidHY T—4 &£ LTCHIMET & LibriSpeech 8 (“RALV=121+T
1<, $5EHHYT—4 £ LT VoxCeleb1+2 ZF—2FRLI-LT
FEICALV-

& FO—FElE, LROETIUCH LECHES YBEEEE (SSA) &
WA L, B Transformer LM ZRWLT ) a7 >4 L= (Figure 1).
¢ SEEHERN S, Ffity MZHLT, Baseline ITHL, BRIVATLA

DFE WER 51 38.6% & 1o 1=

Coaformer - 54 decoder (ASR1)

Conformer - 54 decoder (ASR2)

Table 1: DA-WER on the eval set for far-field
task (sub-track1).

I Model CHiME-6 DiPCo Mixer6  Macro
(0) Baseline 155 363 26 334
% 1) } A M o
() ASR4+55A M4 232 146 207
Fioure 1: Schematio dograms of ho NTTASR systrt (1) Gomiaimcoong 20028 1be 208
—
1-3-2 TAALOLVTIRD
SRS =5 -
HEEGA LITEFEHMECE 1=
=2 =
BHEDKRE

Exploring features for assessing oral reading skills of dyslexic children
*ISEEER WEKE ENREACER), HELHDA (LLIR)

& TARALOLPEIL. SIBRE N OEAMTMERENICILME
ALz bod ., RABEICELVVEHF R FEE

BEThA. .
& BATOREETEN, KELTERH 2?
I=. ZAHBECEHERT FELLBAA,
& TAALYVVTREOERREALITIMEI-ESZST, HS
DS EFEEEFE T~ 3O0OBHBEHRILI.

> }-ﬁ_xﬁ " .'/:?"':: M R—XE: 0127

it 0y

& [T —

# -

P E—284;25

> BIREEEO L1 /ILLD
E—o%

»-

> SEREOFEER 000000
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1-3-1

1-3-1 The speech perception of English consonant

clusters in hearing loss simulation
OEri Iwagami (JSPS oversea research fellow), Rosen Stuart, Tim Green (UCL)

€ This study conducted a speech perception test in a simulated hearing
loss condition to investigate the speech perception pattems of real
English words and nonsense words with consonant clusters in
individuals with age-related hearing loss.

# Real words and non-words, with identical consonant clusters, such as
‘still', and minimal pairs of real words and non-words that could exhibit
consonant clusters due to the condition that weak vowels in those
words tend to be deleted, such as ‘behind’, were presented in the
simulation and non-simulation conditions to 22 participants .

#|ndividuals' performances were significantly poorer in the simulation
condition than in the non-simulation condition, suggesting that this
hearing loss simulator successfully simulates age-related hearing loss.

ST

Ty

o Tyoa

Fig.1:Figures of Mean Scores for each condition. Figures are divided into 4
based on Cluster Conditions. The Y-axis in each figure shows HLS, and
boxplots display Word Type.

1-3-3

TIEFEOTRMEETIRAFY
EIRIERARIMIVIZE D734
Masking checkerboard speech with checkerboard noise:
Analysis with modulation index spectra

FHGEAKREChR-EIR), EEMXCAK-EI0), MhigE GE-1%
$REEARED), WEISE, Gerard B. Remiin (FLK-EThE)
EEZV OO OREREHEICEYY, HYE 5 ERSEETELWE
WCERES B - EROESHS 2HE (-6, 0, +6 dB) TEZH
A, TRREOZLEHA~T- (B#iH2022 ) BHMES2025128) .,
BERCTRALV-RBIZOWT, ZEHESAARY MUZL 55 ET o1
SHFEAMUGVTIEEOERERARY ~LIZEERES O
# (20,80,320ms) |2k BFENRONT-, —AT, B6dBDHET
EEES EBERA-MNERIRROZENNE (ot
¢ +60B DM ECRENHEZB M IBEICEIAFLTI2RY, &
FIEOIRBERNEEH o TLVE Z EAREND b=,

1-3-3

10°

frequency (Hz)
=
%

10?
10° 10! 102 10° 10’ 10?
rate (Hz) rate (Hz)

Fig. Modulation index spectra of 16-band checkerboard speech stimuli
(left) and 16-band checkerboard speech stimuli in which silent parts are
filed with +6 dB noise (right). Both stimuli are segmented at 80 ms.
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1-3-4 1-3-H
1-3-4 Contributions of Instantaneous Modulation 1-3-5

Components in Temporal Amplitude
Envelope to Vocal Emotion Perception
¥ Taiyang GUO, Takuto ISOYAMA, Shunsuke KIDANI,
Masashi UNOKI(JAIST)

# The temporal amplitude envelope (TAE) of speech signals is very
important in vocal emotion perception. However, the contribution of
instantaneous modulation components (IMCs) of TAE remain unclear.

4 Aim: To clarify whether the IMCs of TAE contribute to vocal emotion
perception.

4 Method: Comparing the emotion recognition rates of NVS when its
IMCs are controlled in the time domain under four conditions: no
processing, strefching, compression, stretching and compression.

# Results: Controlling the IMCs in the time domain leads to reductions in
emotion recognition rates.

# Conclusion: The IMCs of TAE contribute to vocal emotion perception.

= R H
] : [ :
2 — ' :
fo || e = :
E

: I
g A ,
o 69.% 70% 71I&
s ' |
= :
g | P
- ) Mran

- No procesing Stretching Compriaion Strvtching and comprosion

Condition

Fig.1:Emotion recognition rates of NV'S when IMCs are
controlled under four conditions.

1-3-6

1-3-6

2TV IEOEIFEOETENERL
BREOBGRTD 2
~ REFBICKHIEEHIFI & LKL SO FF il ~

Relationship between acoustic characteristics and texture of chewing
sounds of snacks Part 2
~Type Discrimination and Evaluation of Deliciousness by Deep Learning~

FEAECE, BREA BREERE)IIIRX),
SRR, BRI TR

SHEETIE, VI OEFEOSEMTL AREHEEE #ALVE®RL S
[CEbAEFAETL, BT FF v TR EQBBEDENERLM
L=

¢ FETIE, 8 IEEOS T OEFEE, O FRES ERVGERHRIET
L, BEEHBEEMOART b Fy TRAETIORBRIES(EHRLE
DENFET IO ERAA-OTHRET 5.

= Cissi
52

u Classd
@ | = Classs

] || JJI

4454443544544444445552585
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Fig.1 Predicting the Taste of Gummies by Ordinal Logistic
Regression Models

B AL EEREEERL-BEEEELMAERD
BiRDS4

An analysis of the relationship between advertising speech and
willingness to buy considering product type and speaker attributes

ORFE HEFE WEEBNTT)
S EEEEHNHEER A 5508
> BRI L EREE S EEOMEERAORE SN R A0
> BAICHESERNYRS GIEYRY) HERE - MEECEAE K. 210
> WA EREEOHRIS ORI T 5 Z & TREBEMRM_Eimith, 19)
> B R 05EE - BEIEOREO—E N R CMEER ST S
B[ 5ETr5Y)
S R0 THESN-EEN & 5 BUCEESE Z ALV
» EEISARY LTIk YERE LI-IEE B 26 0L, 1 iEEHY 13
E EERAHIES E/ME ) R ES ) EEESHTER
> BROHE) A9 EENROBNRICRIFTHELES - ERERE
O—Bh EEEAN R T T RAR & GRS T RATMEER < & U i
@) R RURE—BOZEE T ThIERNDH. 58
& THEE
A A0 HELEROBEOHEOBR SHIEEREEESA S

> 55E - EREOREO—HE Y L BRI OB EEOIEARE
II| U g JOIBEE g <OEEE o SHUBEE g (OERE

o s 95 CT n

AT pap B SB L

£ W B # 001 008 015 DS

(o) A5 W 022 o000 005 040 |||| I||I ||II |||| IIII
148 007 LT L&

OB % 103 015 076 1.3

20/ 40 N GO

Table1: HiiEy 2o CaEs = T MEI GO 2R
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Fig.1: 5547 REURAHEA L Lo IR PR AR

1-4-1 Multitask Learning of Speaker Separation

and Direction-of-Arrival Estimation

¥ Roland Hartanto (Tokyo Tech), Sakriani Sakti (JAIST),
Koichi Shinoda (Tokyo Tech)

4 We propose a multitask learning between speaker separation and
direction-of-arrival (DOA) estimation to enhance multichannel
speaker separation

» We assume DOA info of each source help speech separation

#Evaluated on the SMS-WSJ dataset, our method improves

Location-Based Training performance (SI-SDR) by 6.09 points.

Speech 1

Multichannel DOA g
input feature 1 DOA DOA 1
Est. —
. Layer
B, speech ' '
: Separator Speech 2
DOA .
feature 2 DOA DOA 2
Est. —
Layer

HASEFRE1510
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1-4-2 ~ 1-4-5

$51H 3H6H (k) %455 (11)

1-4-2

1-4-2 REEFEE T IVForIVEIRS B
[ZBITEEEHTDTE
Effects of stationary noise on deep-leaming-based
single-channel sound source separation

OBFER—, ZiHFE(KaX)

S FRETIE, FBFBEAN- L U INTF Y RIIVERSHEOERETT
OFIREEEL, EREEI bS58 0AHIEREDFEE, T
T—ROEWNIZTDUVTRERRI ST L=,

& FEICERSEEF AL L TRz SepFormer Tl Transformer @
Multi-head self-attention ###E£FIFL T, BRESORBNELUE
HRCESHIDEEHEEE L, MU ERIEIMEEEERL TS,

SEB0RER. BEESET 42 (WSJ0-2mix) THFE LI-ERAHET
TILTIE EEMEIINNDZ & TRE (RN SILT D55 4
EEETILERILMBIZ RS LT, #EAEET—2(WHAVR!)
THEL-EROBEETILEFEEL EOS NGO D T &
hahotz.

Table 1 FET—2 RN K HEREEORY, % SDR(dB)

FET—%
WSJ0-2mix WHAMR!
= | WSJ0-2mix 2277 1490
,L SNEE:20 dB 407 907
% | SMEE:10 0B 3.23 921
NIErETE -2.18 9.15
Table 2 MR SHSINEEMATIESOERMEORE, il SDR(dB)
PET—4
WSJ0-2mix (B ST RE) (WSI0-2mix (B FSHAE)
+WHAMR! (i B 0E) +Wiener 74 JL
[ smik:20 a8 952 -051
N EAE 956 -069
NETTT 942 -228

1-4-4

1-4-4  PRERBIELEMAFE DOHRAICES

BT e RS
RS =R
Diffusion-based Universal Speech Enhancement
with Joint Adversarial Training

Qi A75— OEY, EEMEMT, #HEKER(UNE ¥27—)
®FHETIL, HERBREICE S EEEFETFATHSD UNIVERSE
ISEE L, v hO—oE S IBARRROUEERET 5.
®UNIVERSE DFEEHELEZEMFALT SRy FT—I2
weight nomalization, T4 7 P58 7 4 IL8—, AHHDIER
b E, BRUHELETAT S,
&) —UBBEOSTETIT HEHEE RS GREEEEMR,
BRMEOFEEEERLET S (E1).
@ \/oicebank-DEMAND T—4t v FERAT, MREMEIESEF1T o1
S HEHTEE 0N, MRARBIRNA., F-IEBRRLERIFEEICRS(F
REHEL, REACLIBAMHBRORLEEREL:: (&R1).

N OM
e _..h Method SLSDR PESQ ESTOl DNSMOS
----- i\'. ‘ Unprocessed 84 L980  O.787 2.70
_- ; HiFi++ [4] 179 290 — 3.10
e SGMSE+M [8] 173 2.96 0870
[ Condition StoRM [8] 188 293 0.880 —
i D o StoRM! 145 205 0.861 3.16
i .;. i '} UNIVERSE [3) 179 286 0849 3.16
x Condiion 1 +Network 184 293 OLB56 3.18
i i B | +miFiGAN 183 288 0.863 3.20
: 1

e T reproduced from https://github. con/sp-uhb/storm.
y=z+n

Fig.1:Network structure with
old and new loss functions.

Table 1:Evaluation on
Voicebank-DEMAND dataset.

1-4-3

1-4-3 HERE TIVICE D K EFEAHAD
EH< 1 71k & F¥Hill
Multi-microphone Speech Enhancement Based on Diffusion Model
FARFIET) (RIEEA NTT), PEEE (NTT), JIEEZ (NTT),
Marc Delcroix (NTT), FEREEF (NTT), 4 EB= (RfEEX

S ARTIE, MEHETIVIZE B —T o5 FHIATE (SGMSE)
EHEEL T, HBR/VORAESEAVTERESOERHEHE
LERECRET 2HEM < VEFMEREFE (nNSGMSE) £12%
75

SIEFETIE, EXVERBICMIBET HILATE, T/ 7HOEMN
IZ& At EROENER/MRICHINZ AL TES.

S IHERBMOBER, EHTIOBASBIZHL T, SGMSE #&<
ADIERISERT HIBE LN, RERTREEOSHEMMAMN
BEEEBL DD, LYBHEICEMFEREQETSE, XiRICHERE
HHIBTEAZEN RSN

Table: Accuracy of signal estimation,
PESQ ESTOI SI-SDR [dB]

Validation data SGMSE 3.07 0.83 16.4
mSGMSE 3.09 0.84 16.8

Evaluation data SGMSE 3.21 0.82 16.4
mSGMSE 3.16  0.82 15.9

Table2: Estimation emor of spatial i ion and ing time per

AITD [sample] AILD [dB] Processing time

per utterance [s]
SGMSE 0.84 0.0072 31.2
mSGMSE 0.14 0.035 15.5

1-4-5

1-4-5 A US54 HBEBEIRINI ML D
SHAMRH O BIFIEI RSB EN TR

Dynamic control of forgetting factor
in source separation for moving sources.

LT, PR, AL NBIER (FRTA)
L 35
» TEROF 54 U ERSEETIE, HEHTIEERLT 1= Z{ER
THEGEITIIDHERIZIE, THRME WS NS A—FHWET
HhY, EEBELEDNEZELSL
*HE
> DEHES DRSS MLOEEZE BV TERNICSENRSE = HT
B ET, BANREZTINICHIET 5 2 OB ERRT 5.
& =GR
> 100 @D 2 2 L—i 3 VEBROER BEHERNEET AR
TCOERSECBVTHETEL YBLOEHEREEZR LT

Source 1 Source 2 Source 3

|

YT
Forgetting

Fig.1:Boxplot of SI-SDRi for different forgetting factors. 0.97, 0.98, 0.99 are
conventional methods. Linear and Sigmoid are proposed methods.
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(12) £1H 3HA6H (K) HF4x5

1-4-6 ~ 1-4-9

1-4-6

1-4-6 ZF v RILIERIEFTHIRF S RI<E <
BHT AT UAZRAW-RMEIRES - 778

Joint Sound Source Localization and Separation
Using Multiple Microphone Arrays
Based on Multichannel Nonnegative Matrix Factorization

AR B/ FEXERD, Aditya Arie Nugraha (Z2H),
ADiego Di Carlo GEHY), SRIEIE (FELH/IEH, FHME GRA/EW

& B8 - F—URROREN L G 5EREM - SMFEOER
& BEEH : @ BSS @ ZRIEANRERLV-EFROM - i
@ MNMF, FastMNMF 12 ED TS5 > FERSEE (BSS) sENHE
(2 ZERHESHITH SEREEAE A S BRAHERA
— BHEROHHE LIEAROREHEE ZER
SIRESL WA U T LA ZAV-HEEE - EREEORRHSE
> MR A U7 LAttt MNMF OREEE TILERGR
< BREE () (TR0 EMSEaTERESEA
> ZERIESHETIIE MAP 5 - BRITE #1351 HEE
& FHlSER : &S o L—3 3 L CER LIRS £ ALV -EHE
> SDR & UELEREHEIC & VIR RO ENEEHER
"

I— TAFFv 22N
- o

Fig.1:Overview of joint sound source localization and separation
using multiple microphone arrays.

1-4-8

1-4-7

1-4-8 ADMM 7 LU X LEAWE
ILRMA BT 51 > RERS B
ILRMA-like blind source separation using ADMM algorithm
) EEITF (RIX), WFHl (FX), LEEH, EEET (RIX)

& FAETNET, ADMM 7L X LEBEWE
ERET S FEESE (BSS) 7L—LT7—VEREE

> ERGERETILHES EAHLE - BIH0BMHES

& L7 L—L7—27ICIEAaMliTHET I (NMF) Z8HA
» ILRMA B Sq Y RERDEEIL—LT—0%RR

& WT#H 5 perspective Bz L 7z ILRMA & BSS #5R1{
> {ERE L EEREOMERE, AnEEdc & DTSR L

Conv.  Prop.
4 — . -
| 8 -
. s
12; 1 /
L | {
10} !
611
__ 8i[® = !
= = |
=z 6 o ]
e =
2 a’l
9,0 B Lo | |
-} -] f
o 2
o {1
. i | —-=- Conv. (AuxILRMA-I58)
e Prop. (A= 001,a = 11}
gl | L o =
P I8 A=0.01 0 500 1000

a =11 ITteration

Fig.1: Comparison of separation Fig.2: Separation performance
performance after 1000 iterations per 50 iteration

1-4-7 MRS VTR ICE TS
RS EOBRIL-RELETILTYX LA
Accelerating and stabilizing iterative projection method for ILRMA

FRNEAN, AKRARER, BRAX (X, EHXH(FIEE,
ch R (FERSRR), R GRX), Bifth, RS (v<n)

& REEHT IV XLORESEZE (P) (23 L CARREI Sl 2
AR YIRY Z & T, MEMICREN OB TILT ) X L (Fast IP)
LELRAREILERLI:-7ILT) XL (Stable IP) Z1EE

& HIEOBEEDT =8, WIES 74751547 (ILRMA) [ZHULTEA
L, A0kl CE Lf-SITHH & B A R & L

®CPU ETOYZaL—2 3 UERICKY, GERTILT Y X LEA
T, BEFNLT ZLIFHESUTORMTRTEN, A OTRERE
ISR L TRARTH S & ZHER

Conventional IP v
Fast IP -
Stable IP HI 1

0 100 200 300 400 500 GOD 700
Computation time (ms)

Fig.1:Boxplot of computation times for each method

100
— Conventional IP
—Fast IP
— -Stable IP
50

0 ——— e
107 107 107 10
Control parameter for instablity

Fig.2:Ratio of unstable cases with respect to control parameter

Ratio of unstable cases (%)

1-4-9

1-4-9
IRIE% ZERCHE T & 2 RREEEEERR O
ik IC & IR

Realizing time-frequency representations with
flexible adjustment of magnitude via convex optimization

O FHABEX, LHES, REHSF (RIKX)

BB R TR & 2 BRI (T-F) X8
BIZ & BIED Y DRRAFICHE > R/S— ZARRBEAYE

WE 4/ vLEME A BTFEYEMILICERS

EE EHOT-FEYHERERSD
(eg. HRIBARZ PRI FLDES 21 - BOAE)
RIBOWEEZR L D2DAN—ZAR T-F XREHFHE
FE —ARICEMEEL IS
A HEABEYI TA WL ERERLF LA L
BRE perspective B# % AL mEELFiE
RIg%ZHICHABMTE D T-F BIFE2ER

DGT Low-rankness Smoothness

Frequency [kHz|

0.3 0.60 0.3 0.6 0
Time [s]

Fig. 1 Obtained time-frequency representations of a speech signal
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1-4-10 ~ 1-5-1 $1H 38B6H (k) HF425~FE535 (13)
1-4-10 1-4-11
1-4-10 14 BERSBREVILFIRY FEEO
RIEDEOMNSEERELT- T BE(bicET 3R

MEEE ISR HFIRITE S 7B
Anisotropic-smoothness-based harmonic/percussive source

separation via convex optimization

OFEEE, LERY, FEFEE (BRIX)

BEm BRTESESEE (HPSS)
- BRESOEMKMS TREEMY 08T 208
- REOMEDEVCE T FEIMRESATVS

ftEk RER~7 bOS7LOARAERW-MSR#EL
- {fEoEEERA TV AL O BEREICERS Y
- EEICAAICHRT 3 LEMMBEL-TLES

RE FOFHEEELO>OEEOEHE B
- HEANS QI SLERUD(EXEFRILTS
- SEEREN AL (soR: Emmms +1.7 dB, sTgEss +1.9 ¢8)

Weight Smoothing
Harmonic Percussive Harmonic

Hatizongally

c2
i
32

Complex
Spectrograms

Fig. 1 Overview of the proposed method

1-4-12

i)~ J~FT ] (/004

Investigating optimization methods of
signal-adaptive multiple sound spot synthesis

OR#RE (HHEEHEE)

Q: "BETR2E0MEICL-> TECNICEBHES2RELTE
BRIFARY hBE-TTEBATIN,
AHEL D "ThizsohTly

cZa—ZUFRY b T—7OFBICAVSNTWSREYEREE
AWTHB4AESICRELCEHESELNICEELT 2AR
=R

EHEY I 2 L—Y 3 VEBWTREROEMIEERR

{a) “The=invaerinnit mnlti-clinnned Blters optimized with
1l — 7 ~DFT b 51,11
= J{orr} .

_E—Ef—‘ | P | -

Wi || Wamas| |2

P, P MDD,

(1) Time-variant sdnptive driving siganks optimiaed with bock propagation

1-5-1

1-4-12 RYLAN) VI BEBEDTHD
INAI—=FZNWL BT ED 3 Rtik
Three-dimensional expansion of binaural rendering method
for volumetric audio reproduction

OFHRAER (NHK)
& NHKTIE RYat ) uoFeTFrRETHEEELT,
[ABRABTA ] OWR - BFEEEDHTLS (Fig. 1),

& "ZOBMEDRY) 2 A B v X TF G T HEEHWERT
ELT, RYaA b vy BEEFHEEIRELTLS,

¢ FERTHE BEETLHHHEIO—DSE, Ay FRUIZESN\A/—
SILLUA) UTEE 2 RTTIRE L TREL . ABTIE BE
D 3 RITA~DHERI 2 DULTHER T 5.

@ AFRFATHITE Fig 1ISRT KIS, AT—CFMYED LS
[27L—LHEBEENh TG, COT7L—LERMT HEEED
EAISRA 20K FLAEIDV ML, BRA Tz &Y
WEEhHERESAMICEST 5.

* OTRICEYBRSNLEH LT T/HEL, 8D
BEREICAKT HERICK YR EhABISEEET 5. EIC,
BEEE EOSEN S, B
(=S E RV TEARICIRT
54/ —3IUEEEHE
T3,

Fig. 1:Interior view of the meta studio

1-5-1  SEEEFRALYTOIOUICES
S EEBFREZEL-EEH
Chord recognition considering all interval relations
using classification semi-restricted boltzmann machines

YIS PEE(E#EX)

+ 81
> BEBREBICBLT, HABZICEOMBNIES>TLVANER
WY OB GIEZE) OEEREORLE
SIREFL
> HFIRARILY T T ESEREIRAIL YT R L EEAE
bttt HERHHRAILYT LT (ClassSRBM) %FIFH
> T2 5 EOBEROAEBRT HMERFEHL, £TOEDHER
EEIRS - ERTTAE
*HER
> MISEEREORL BEUETIUEEOHRERESD
> SIERROEEICET ATTRMEOEEL ETILONASA—28E
MEREDBSROAHT, 7 MREHEOEEH S HEDIEE

H - .
? —— Cm
- +
= p == @ E g > Fm
= f— 4
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= i ClassSREM 1

Pitch feature

Fig.1:Overview of the proposed method
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(14) $£1H 3B6H (K) HE5xE 1-5-2 ~ 1-5-5
1-5-2 1-5-3
1-5-2  FSL/\Z—VFANEBD YU LD ER 1-6-3 FIUNYNERZXRELI-A D EYMEH
(2B BHR [CEOTFURELHETE
A Study on Music Genre Classification using Drum Patterns Tempo Change Estimation Based on Onset Detection for Trumpet

K EE, WA ER.HE BEREER
SHRET
> A%, Spolify HEDNEEF—ERDEEMNELL
4 BEODRFECHERIAIDREHY
& 8% - {HEA RV ITITER Sy VILOERYER
» L LEBED v U LOIAE IR
<+ ANDZ& =BT v UIVHEITER
> LD Uy VILnEEER S B
*Fk
» RSLT—A%EARY FOY S LIZER
» CNN [ZEH5HEETILTES
> FEFEEEHE

1

Converted from
warve data
to spectrogram

CNN
model [ Result

Figure: Experimental flowchart of this study

1-5-4

1-5-4 4 EBIESME L -
I[IRA—JLISRA 7 4 ILE DEZXHVFBDORET

Research on musical applications of IIR all-pass filter
simulating cochlear delay characteristics.

wIRAAE, ILAEE, KEEHEF(RIX), BELREF(EEA)

o ER
vEAZITLET BEOMBEEEEEL:, BEED
FEANAREL A —ILINR T 4 LR FERET LT,
VB4 BREFEE L-ESNEAERIERTI2LT,
Hii-GlEZRIETE SN D S,
® KR
VDI AIWNRAEART KFTL, MAFTL, A—2,
FE—FRISEAL, 742 H"ETROERMEY
CRETHREFFHTMEERBRI-L-TREL.

o iER
VA—R, £ EDEERISHLTIEL,
FEMMAMESHLLEEZ NS,
guitar

classical-unique —_—
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—
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o — e
artificial-natural .
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Fig.1 Results of guitar evaluations

Performance
wAH—H, EE—# FEHEE(EGHEX
@ EFEEICEVTBE LGV T RO ETRLEED = AOFEFIZD
EH DRSS
& IRy NERSERRE LIEFEL ey MEE: FSURy b
BROFET—F% MDI THEEL, CNN ZRALV-FETHEE
&4ty FRDSOT UREEHEE : Aty MERRE IR, T
UREALREBEENE T HHRMEI LR T LAICLHETIUE
@ 2ty MEEIZIEL deletion & inserion Z3ERL
& T URELHEERBRAS RI BRI GRE

bl S NI Table.1:Results of onset detection.

n_data 204 10000 n_data is the number of onsets for
deletion 16 4 each dataset.
insertion 3 0

error ~0.1 0.1~0.2 0.2~ | RMSE
frequency | 7830 49 70 0.044

Table.2: Distribution of errors in
tempo change estimation.

1-5-5

1-5-5 MDA —F (AT I/ BRI - EE
|24 AT I OMFI A AEEERSET

Estimation of audio effect chain and recovery of dry signal from multi-
effect-applied musical signal

+ BB (FAR-RET), ABEY, AIFIZ, ACheng Tian,
REMALE, SEREE (LT, SmEEa, TR (AR HERED)

SEHOA—T AT T+ (AFX) AERAShESHI S
ITJxY FFAUEHEL, RELETT 2R %108
> B RTFHA AREDIEILD, FEEED=H0 AFX FiE

ERETEAOILAL SIS

¢ REISEREN AFX ZHEEL, T0 AFX ZERT 55I0ESE
#5975 DNN ET/ILERYRLERTHZET T2z b
FrA UEEADLIEEICHEEL, REFERTLIFEFRE

& F2—07 L—XERERITHT HFHERRI=L Y, REFHIZLD
FEEETEESENTHY, #EL-T 7V FF A U EERTLE:
REERWVCEEEBHTE A L2ME

Recover
dry signal

Recovered dry signal

[[ Reverb J [ Distortion ]]

Estimated AFX chain

Fig. 1 Overview of AFX chain estimaton ana ary signai
recovery tasks.
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1-5-6 ~ 1-5-9

$£1H 3HB6H (K) ZHE58%5 (15)

1-5-6

B X DIREMGERH T DITRIIED
1-5-6 F&: XM+ ELUVL—F—FvTS
—iRENETIC K AHEFE
Effects of striking position on vibration duration of tuning forks: Evaluation
by microphone and laser-doppler vibrometer

*r EEFHEEE, KIFH, PIIEE (FER

S EXTHASTHEGEEL, BFLEON ST HIEMTELL

¢ EXOMEIRIZEVTIRSARMOF1—=0 7 Ehdt0
O, EOFFOFHBELTHOA TR, F=, ITREEEEOREIC
BET AN, HEEREA O EIITERTHD.

S ITRUEN EOFFEICRIFTEEOMAEEEMELT, v 07
A EL—HF—RyTS—RREH-&-T, ERHLELLEEEIEED
D YRS FHEL 1=

TR 3 BRI T bE 2 =05 BIERSEHEIN S high, mid, low),
EEDRGEESMILAEIHAIT mid = low > high &A1=, Zhid high
DEEICEESE—FOHIEET 5=HL8hh5.

& — 7, EZOBFEEIEL—F—Fy7S—RBETIE high > mid >
low T, EEOB/EOENSFEShIERLGST-OIZHLT, 7
A 20742 TlE low > mid > high &4o1= (Fig. 1). MEHBIO FaED
[REFTEETHY, TR UETHD.

Microphone Lascr-Doppler

20 0 ~o—high —e—mid —e—low
£ 0 — 5
g 1B 15 §p 3 P |
& 17 s = L
ER L IR
e ® 15 5
a8 14 : 14

13 s
E 12 £ 12
> T £ 10
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Fig.1 Vibration duration of the fundamental component measured by a
microphone & a laser-doppler vibrometer.

1-5-8

1-5-1

1-5-8 MEET IV REEAN:
EvI OMEHN LIRS 2 S EDIRE

Investigation of the effect of pick form on string vibration
using physical model calculations

KERCR(AK-ET), BBESHAK-ED)

SEEDIE Evy EHERRE LIHEHPRETILE TORITAEE
EELTWS,

ST, EvyOHiRSEtE LTERE \FEHAT HRRET.
COHRIZEST, EBEBEOE v OFLHEBRPEETIVICRR
SEHIENTED,

& COESEPEETIVERLTHEETL, EvI/OiiE HSiUHSRK
BrDREEEI BT £/ 5 A -2 EE(L S EBRC, ThASLIREN
EDESUEFRFEES A DD EHETT D,

17

a0l

L
\

(v wp)

(g, wy)

Fig.1:Collision and stick-slip Fig.2: Time response of the vibrational
between string and pick. displacement distribution of the pick.

1-5-7 Physics-informed Neural Networks ZFAL =
EEEBRRBRETFADEREMRET

Fundamental study of design optimization for brass instruments
using Physics-informed Neural Networks

OHMNE ARMELE AFSHE_R (REBSHEERSE)

¢ EROERH-H LT, BEENERITIERLEERO—DOTHS.

@ FFEOMHEEOESRIZEY, Za—5 L3Ry FT—4 £ENTHIE
BETOEENRERESA TS, TO—DTHSD Physics-Informed
Neural Networks (PINNs) (&, SZE2AFE0C & DI E1BKREI-E
ATEHILT, PENICHRT RERIFETHD.

& KR TIL PINNs A0V -23R0BREHREEOERGRITE LT, +
SRy bOTEBEEIZOLTHET B,

& TEOREEISH LT 10%0REEEE LTER., REET#E
AL, BE1%LUTORETTERBILETS JEMNTES-.

¢RI OOOER LTIV T ALEHBEST 0BG (R
FHREE AT CEAATRETH Y. BETHL LV SEFDH 5.
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Fig.1: Trumpet shape consisting of Fig.2:Initial and identified trumpet
four dimensions. shape.
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1-5-9 AREFREKICKSOVAR—20D
Yy TIRENSETILOEREEL

Improving the lip vibration model in trombones
through the finite element method

HTPLE, SEEs (CoR-ET)

& SERFEOWIEETILOFERR L 4L vioh 5 Adach-Sato ETILTIE,
1w 7% 2 ARICIRET % 2 BREEZROEREEA TN,

S AR TIE, PSRy FEERELTESN TLVS Adach-Sato T
IVE FAUR—UISERT A & EEA

¢ =52, Adach-Sato ETILEREREE LT, T0Y) v TiRBEETIL
DORTEEFRE LTORIEL - 3 T ERE L.

#Adach-Sato ETI)L, IREETILEDIC, EEOESLY LS
EEFMANE BEEEERTES LM ol

& £1-, BEETILTIT Adach-Sato ETILIZEEARTHEREICHT 5EF
BEEOBEAMEL, B v IOEERERICEKELTRESL
THY, EEOBEEH AR,

Three-dimensional

Fig.1:Schematic of a lip reed and proposed physical model of a lip reed.
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(16) #1H 3A6H (k) #5235 1-5-10 ~ 1-5-13
1-5-10 1-5-11
1-5-10 HFRERETLEAVEZIT 744 2D 1-5-11 FASEETSHER
R AEAT EREEFOARIE

Vibroacoustic analysis of violins using finite element models
ORRBR®(FHA-EI)

S TFAF) LOFRR - BHRF 121 20RO 3ID T2 EEEL
FE EFIEMRLT, Ffz. EIMRTID 7Y Va—%ANTI7
A7) e LTz, BEBEZIHAIL. SHHIC K HIREIEERT &
HE LR ERNT D,

Fig.2 Experimental setup

FRFIdB/N]

Fig.3 Comparison of experimental and calculated results of acoustic FRF

1-5-12

Visualization of musical instrument sound field
using high-speed polarization interferometer
*EE E(RA-ESBET), bl (UBESEXR- 88, = Brk(EX
I - FRAERREAT), RN & (WATR SRR, RIEL (BX-EHET)

¢ EBRTEICRAEABEOERELAYIZDNTIE, JS/ VDB
Mo THILHARTEAN] 2k DFARO oGS TN ETHEDE
FECBRREICTRT 7 L—LAT— IEEE L TV,

¢ FEAEBEET S 2ROV - I c I E IS RIbRIRI L Y,
FAF) VI EQEEN SEEMS. IS hLERE, TOBRE
MoTH { EHEERIZTRIELI=DOT, FOAEEHHT 5.
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Fig.2 EMLERT H5FRDARIE
6-L $TZ 6-R O FS1RBICEEBE

1-5-13

1-5-12 @R EICLSBRIEBE—FDAHRILE
BLIZRSLANYR DRI HETE
Estimation of tension distribution on drumheads by visualization
of high-order modes using Fourier transform profilometry.

OfAFGR, RIIIIKL(RAIRT)
S EREEEFRAVT FS ANy FOQ21)E— FEaIRIL
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The black and white dots represent position of tightened and loosened rod respectivel,

B

(a) Initial state. (b) 10th visualization result.

Fig.2 Results of the iterative tuning measurements.
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Evaluation of sound characteristics and membrane vibration characteristics
for different excitation positions of kotsuzumi.

HRAEEA, Saha Chaty, IRERE, ARFITEIR)
+ B89 ; RORIEAORIBIEL L TOREORTN S, NEEOSHE
B S DOLVTEASANTT B,
¢ ROMAROEEHEDRIE, MOMFEOEL = & SiRIHEOR
. BEATHEORN L BN EOEORTEY, RRROMHEE
OEXF. 8. T, ROFLTOEOME L RETEAE.
S [EDIREC 55 192 Hz, NHROBEFEITHS 840 Hz, IAA(E
OIRINT#HS 1580 Hz [2k Y/NRD BRSNS Lahhv o1z,
S EREONHETIE, F. SIHROLLIEOIREITOT=OROIRER
WL IRADIRE TS 800 Hz, 1200 Hz (HADE, 7, RTIHE
iy e D(01)E— FERDIBRERA T
b T %200 Hz. 800 Hz (HiE0E=

EWP uil Y '.-\ £ O THIRLEh TS Z AR
WS

o m @ g :mmlm:m:mm

(dpe

E:w _— H 153001z
E,‘W‘ L 'f i
0 «n o 190,100 10 1400 1600 1800 3000

Fig.1:Results of the measurement of  Fig.2: The spectrogram of the four
hitting a kotsuzumi with a ball. types sound of kotsuzumi.
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1-5-14 ~ 1-7-3 £1H 38B6H (k) H5RB~F7R5 (17)

1-5-14 1-7-1
Las 1-7-1 BEDENE BRI TORE
ETVHRFEAV: — TR —
AF7 2 J'-\*TEU) RIVFFx *Jl"uﬁﬁ * Some recent topics on room acoustical design in practice
Multi-channel recording of snare drum head using piezo elements OBESEH REESEH
Yo TRETHE, (WBRH, AR XEEET (BRIX)
- BR N i e
BT E R B RATES ADIREE ® BEOEHIHLTEL B L ORELE . BROIOOR—LOE
» TAHORUIZEEA MR OEAZINE REESEH b ETRT STV =Z{,
\ < S ERHROBHIBHHIUE1—2 32— 3 VOER - T,
_aw v . FOMEMEORIE, (N DDA NEER B,
HEMEICE>TIRBE—FAELLT S
» HHOMEBEICETYRFERELTINE
3 J

P

ARTDEEETVEFERVTILFFrRILTIRE
Yo 32— ERL-EADIGS L

i3}

Mic (Ring mute)

Frequency [kHz]

RO R Y
18

[ 15 05 _' 1

Time [s] Time [s]
Fig. 1: Spectrogram of recorded sound with ring mute (left)
and with multiple piezoelectric elements (right).

N J
1-71-2 1-7-3
1-7-2 oo _ 1-7-3 BEDO-OODERNEEHRIICHITS
A EBICB A EEMRELEEMOMSE - "
FEEIX
Imegrat?gﬁ%ﬁﬁl%ﬁ%ﬂﬁiﬁ design Issues and innovations in room acoustic design for music
- - K,
OIS — (BRI OFtE#HF, b+ E— (NHK-TECH)
*EED RE WY
& REOFEHT, BERET IENERTHIERE - s - Bl - Rl & BEAR
LV EEREABOR L TORAETHY, EBLTOHHO— - ik
= . - EFETFERERE
IZHA NS, FHEld EFEREAEICERSNOR—ILOEREE * AT
FITHTHHHESES, AEFHMICIEEY, EOLS534BAGT P EIA -2 (Fig.1)
. - - BALEROARIL (Fig.2)
RERTEEHRLBESERES SE TV AN ESHICEYEBNT LT LA T EE (Fig.3)
FHOMTy FT K (Fig.4)

BB LALEAREET (Fig.5)
- BE7 ) —FTOREK RS (Fig.6)
- LR SR O HE (Fig.7)

TR RN

Fig3 LONGITUDINAL SECTION 032 10 Fig.7 LONGITUDINAL SECTION

Fig.1:Facility examples
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(18) $£1H 38B6H (k) HE7R5

1-7-4 ~ 1-7-7

1-7-4

1-7-4 MRS EFEIEB LR —ILEER
BB DN

Examples of the Acoustical Design focused on the control of lateral reflections
OEBFE(TTN)

@R ILORIENEATER T EDL L TEELCLE LT, Z0
ORI TG U - IR DREsst o m A, B EOZEMENRA~D
FAEDRKE LIRSS $H 5.

& FEH LRSI EOP TR A RAE SR L. AU RED
BREEA RV EEHRIE LF 2B HaHE S0 51T TH
Y, BB TOEE S S 2 L— 3 VITkBREH, WEAtte £
RO < A 07+ L ERAEDE -BIEDRERERVTER
TOFBEIT>TETLS,

SEFEOTOT LY FOFH L, ThENRZHERM SBARETEC
FELT. BRI 1L—2 320, BBERTORERLEE

BLTESERET RN T 5.
350 T T | |
e 1980F fE LU
= -bh-p — 1900
a0 = q .y L -
—hd e Rele Gy 4
° 3<>° 1 — T T
T — Y & HE-n—|
'--:_4' oot b I —— ==
S
200 : zf‘Lj ."fi : = 1/‘ ;QE”I;'—‘I‘
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8 190D S B 094 5|4 el
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50 } |
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Fig.2 LFfili (RS OBSRZE(

1-7-6

1-7-6 H—TAF A4 %A=

BRELHTFEEDRITF L
Method for Analyzing Sound Pressure and Sound Particle Velocity Using
Cardioid Microphones

OFAGH, EMERX-EX

Sh—T A4 FR AV DBELBBOEEEMTFEEEAVTH:
IZEEL, ChEHEICccZzoflEREEZEREL .
®h—T 14 F 1 FA O DEDHER
M(w)=a(w)P(w)- f(@)pcU(w)-m
:a(w}l’(m)—ﬁ{w)m"u(w}"cos&m
=a(w)P(w)-f(w)pcU, (o)

al LA rads), M(ah 2 2 HUTEOBEREERY), Play I~ 2B o
PR Pa), el 1= 2 (Uil kst S Al o2l Fmslm i
A 2 i (BHERROME) DHfE<7 B, G 1XU(@)E m L7 fifrad), uga))
B~y RO L UdalE WedE m OPEECH YD WapDo 2 [mZ~nifiEs L
TORT-EEBEERmS), ofo) 3TFE B A S at R Do & 1ok R V/Pa),
Aol TR T B SRS R e Und ah D2 2 0B VIPa, o IO
PE—H A kgs| TS, de)EAal HHEEREET, BTS2 ok AEHTORTH
N

F A A - LA, o
ETHIENTED,

@2 ENDTA o ORUERBLS cc ik

OB S N 12T HTTEN e & o HaR iy Uday e e 5 Z L 552 5
2HDN—TF 4 AA FvA 7 M. Mg 2B O TENEhx #DIEL ST L &0
IR Mi(eh, MAad &2,

2H0vA I Dan(en, Bled, odad, HayiBETRAUL2 Ao 2% 180 EEem
&S 2 LD L THREOTHE L Rl A b 5 = Lailes,

p()= B (OM (2)+ A ()M, (@)
o, (o) B, (o) + e, (0) B (0)

% ()M, (@) - (@)M, (@)
[ (@) B, (@) + e (@) (@) | pe

i, NP, TR LS LD TERE

U, (@)=

1-7-5

1-7-5 (1BFES) v bO—JLIL—LD

FEREHEBERMICEIL T
Some remarks on the acoustic design of a control room
and their related acoustical technologies

OhFHES (UF)
BEEAUTUVHEERT IR DAL, BEMERETA2H0D
La—TF« 29 T—R&E ThoERAE—HA—HSBELEND
SXVUTEQEEEITSIAY FA—LIL—LhBHEREERS,
AETIE, BEOEFERH L TOMERNCEALTEET S,

[FEREPEE .
180y | 0y | 20 4000k +50ck 30y Odg +30ck 50k 00 | 2ok | oy 10
T il SIM

' St +

Modal

Eigen

100
frequency [Hz]

Fig.2 Acoustic Design for Ultra Early Reflections and the VSV analysis.

1-7-1

1-7-7 79U TILFEHERON-REHEDR
HAIEE -0 NIE BRI DT

An in-situ measurement method using ensemble averaging technique

for sound absorption of materials
- Data processing procedure -

OXEE i, BHRILE BFRRIF(KHK-EI)

® 7 U T IEERW AR OREHENEL (EARE) OT9RE
HE, TRNEBEI T DLVTERET LT

S EALELE EALED 2 HIDFET AT OB EHEFRNETHTY
ISHIE LR ENRICEE L

SEH—DOZFEAICET AEREA E—F VR LIRS EQRERMEEIC
1. 250 Hz LITOREEMGEET. 2 HOFRIC & HEICESDEHIER
HhD : Figl 87

® A E—FURIEL, 28 - EBAIE BIZ, 250 Hz ~ 2.8 kHz DERE
A~ 8B+ 5 2 BOFEIC & S RIEMEHIAET 5

S EECELTIE 250Hz~ 1kHz TORUIZRIFCHS

0 * Rnjezns_pu)
g 20 = W imjeree_pu)
e as . * Raj<ms_p)
5 ‘.- NI A Imj<zro-_pp)
B 0T w e Teeteetetetiaenet eensiass
% 1 ’fﬁ’—‘#—
Jo ns

£ 1 .

I

E 40 =

= 125 250 500 1000 2000

Frequency [Hz]

Fig.1: One-twelfth octave-band mean values of surface normal impedance
ratio { Z» )pc of artificial grass measured by EA, and EAy, methods.
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$51H 3H6H (k) HB7H5 (19)

1-7-8

1-7-8 . S At 3 2
C-CEZRAVW-BEEEBRERAEDHA
Attempt to measure sound transmission loss using the C-C method
Okl B 5F ROWKGRITHR. B Mg &k B— BA g(aX-En

* BEMOEEEMEAERRETAET HAEE LT HITEL
~AILEE (JIS A1416:2000) EBHA T T 1K (JISA1441-1)
b

& KETIE, FEA T LT AEIC CCHEERAVT, HBRE0E
EERRESEEA VT LT ARIC K VAE LI-ERERST S

@ CCHEFh—T 1441 FRA VARV ERVTER, HFRE, 5%
AT TAEEAET BHETHY . RATRRCREDHEE
Rz W EWoFEERD

&® HYFELAILEERE CCHRERVEEERA T T4HD22
DOFETTE Yy L ESCEROEREARATAE LI-FER. 250
Hz LLEORFEGHETIE, (ZIFREDEAYF LN

50
n i /
= P
- 7 /
& —
H]
& v,
: N
= / hd H
- Y B B e Sound pressure difference method
3 & — Sound intensity method
using cardioid microphones
5 I I I I
125 250 500 1k 2K dk

Center frequency (Hz)

Fig. 1 Measured sound transmission losses using two different methods

1-7-10

1-7-10 A DHE N ERESFEE
JLR—ILIZKYBRT 51=6HD
BhiR# DERE LEHAIRE R

Selection of vibration isolators and measurement results for reproducing the
impact force frequency characteristics of the car-tire with the rubber ball

OBEMA(BA-T), ARIKA(BAR-ET)

SFHKIL, WD D3 ISRENTOAHEARHE (1) (LTS
B4 20 cm SE FEOEHENFHEE, JIS A 1418-2:2019 DEE N
@) OITLR—IETISEYBRTEOHEERETHLER
#ET B,

oFig 1 2RBL, 54 @
20 cm LA AD
375 mm[E (325 No.
0) MBLHEERL T
WBZ ERDNB,
HETRBE, 54
20 om IZHAT, T4
A—JL 100 om-+5iR
HA 375 mm) (&
315~250 Hz HigT  °
09 dB~18 dB /h&LY .
EWSHETHY, (E

Center of frequency (Hz)

IZEWEOERE HEEE  Fig.1:Impact force frequency characteristics
iffe hi f vi ion i
I - L of different thicknesses of vibration isolators

Zbhd,

Impact Force exposure level (dB)
g8

1-7-9

1-7-9 HERDEVCLIIEZEX-ERBENE
ERFEELANVEREDOEEIZETS
BUEARTRIIRES

MNumerical analysis on changes of improvement of impact sound insulation
of dry-type double floor system due to different heavy impact sources

OWE(EA-T), FEEESTER,
HEMAMKET), EARES®EX-I)

@IS A 1440 - 2 [ZHEBAL 1= — BEHTMADSEARTE TILEHEEL,
ZERE OISR ETIVA AL ORI RIZTEEERIELT-,

SFERS T LHFEM, Tl KTESBE TN TNERESR Kelvin-
Voigt EF)L, BEEHRICEYETIUELT=

& B E AT < & S SRR ERART.

& [5iRT LDOEROIEEIC & 23T REROTLIL ALY DZEEIZ
FEEIHLL, AEMEEETIIELEEZ GRS,

& HHEHIOZ BRI H T B EhOERNFBLC EHALY DTEDER
THhoHLEMRELT=.

arm
= |5 A
= In A o
£ i W e
+ [ |
= | .
= AN A
z | o= 100 (Lincar) | ¥ P
n 5 *5[a = T8% § f
y 2 am=5 -
E . |opea = 5% o
= e =
15 <o [hfTevence of L,
- : .- 35 83 125 250 S00

Frequency |Hz]

of Slab Vibeation Level [dB]

Differe

Fig. 1 Numerical model, Fig. 2 Samulated difference between Ly using tyre

and Ly using ball when including Factor 1.

1-7-11

1-7-11 X _BROKEFESFLAIVEREEZ S
REL-BREHERDOERIEICEIY HRELE

Verification of the compatibility of standard impact sources for reduction of
transmitted impact sound of dry-type floating floors

OE@EER(BR-ET)

@I TIE B ICIRE LR —ERORHEE LN UERED
HEFETONT, BERY0 3 FERL R0 —BTEEFFTRE L
T, BEIL-HREHET 5,

®Fig 1 ZR3E, 2vELITRL UM TLR—ILO#EEEE TLR
—ILOZERNEIZDLNT, H#EE L1z 500~2000 Hz OFERIE 2.5 dB kL
HOETH o1z, 24 vH DI LA—ILOHEEEE T LR—ILOER
fBIZDLVT, #5E L1z 125~500 Hz OFERIZ 2.7 dB LINDETH -
f=o

30 [l =é=Estimated value of rubber ball from car-tire
= —a=Neasured value of rubber ball
E 20 =&~ Estimated value of rubber ball from tapping machine
©
& . 5
- " .

S . =

B 10 ~=
b ”ﬂ”',
E
g2 i
£ 0 e
w 0,7 /135 230 5p0 1000 2000 4000
8
B -0
=

-20

Octave band center freguency (Hz)

Fig.1:Measured and estimated Reduction of transmitted floor impact sound
level of rubber ball for dry-type floating floors (1st.)
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(20) $£1H 38B6H (k) %$8xi5

1-8-1 ~ 1-8-4

1-8-1

1-8-1 F—=ToTSUBA D4 RIZEITS
BREMNMEERBC LOMEIMEICS5Z S
FE (2 DONTOEMERRET

A Basic Study on the Influence of the Sound Environment on the Impression
Evaluation of Each Work Type in an Open-Plan Office

weptl #E, R BT AILE HREL BR T ARE 6L TR EGERX),
ATE BACKHN\IATH), [E FRELRIIX, A%Y EHHar3)

O F—TU TS UBA T 4 ATORMAEIZ & UYRBH T TOEERS
LERBOMZREHHZ IR L, TRIE L MNEEHHLE DBHRIZDLVT,
EEBOEN L DB EIT o=

S EEE AN T, FREICH L TE Y BAGERN
Riohi-

& FENEG R AV OLEF T o BRI VTE, A—0
EREIT TH> THEHE CBARRELDIR S, 5 TEAERIZE L
Tl BEPZET LIRS EEZ(T5 A5
hefEofz, (Figt),

Mann-Whitney U test(* : p<0.05, ** : p<0.01)

Significant for both the Mann-Whitney U test and the Kruskal-Wallis test : *

Not care
abit

8 — - - -
2 v 5
= ’7. =
54 o g
£ - g
ol T =
= z
B, ]
E? '- g
= - H
g1 Y o b
eI 1 Very Ll i I Hard
Lpog=80 50<=L <55 35<=Lyoy Distracting Lpeg= 30 50==L <58 58<=Lyq
Noise Iutl [dB] Noise level [dB]

(4. Sensitivity to ambient noise Q6. Concentration on work
—o— High concentration work  =-#= Operation work
Fig. 1:Comparison of the relationship between impression evaluations and
noise levels for different work types in solo work

1-8-3

1-8-3 A—TAA—BRIZLBERTINTAMDIRE
Proposed fit test for sound attenuation of earplugs applying audiometer
Ol 2, /IVHEE NIRRT, BB %, @&+

MeE, BEETREDSIEDT O A FF A LidnT &4, SiEsiET
IS (2 X 5l EA S S OEENSERARE L, FHTH &8
FHIHT B, FHIEHRRIZ OV T I IO RIEC k.~ Tl
ﬁdi? L e n, AT L OMESREAARET 5 Z LEETH S,

F ZCHS bR OREZH Co Wb b A — T A4

(RION, AA-KIA ; BRI RIA YR) 1hD7 1 v b A MEREL
To, PFET, MSHNERS GM™E-A-RAM™) (21 AMARBANE, FERE
ANERME L A2 5TV D REAT HIIE D 2 BRI ER AR, & 1640
BAEAFTEM L ZorEE, REEOETE (Figl) @55, 1000
Hz HEldh 51 L4000 Hz 2002 7 2 JEE0 & 2 SNR i 2447500 SNR
il LABRSERED)S 0.8 LLET, ZORETHRAI®E L TH REAT HiRiC

% SNR A T 56 LRERDSERE e B e (=72 LHER AT &
Gie) = Edbnols, é ORI CORREL ERT 5 TFETH D,

Fit test by audiometer
16 subjects

Sound attenuation [dB]
3

o

(a) Earplug A “Foam type”

125 250 500 1k 2k 4k 8k
Frequency [Hz]

Fig.1:Sound attenuation of earplugs by fit test applying audiometer.

1-8-2

1-8-2 F—=TUTSURAT4RIZEITS
BELALSMOEHATFEICE T S5

Study on measurement methods of distribution of noise levels in an
open-office

OFFIES, AILTHRE, DIERE FAES, BRWF ARZRAGEER
ABEER (KN DATE), RAMARLRIN), AstEEHES3)
O A —T LTS URIA T 4 RZEIT RS LNULHHRORHE & F DT

iAWV TR E1T o 1=,

@6 BEIChi-YEET 34— T TS5 874 RARD 15 A TE
BELALEEIL, TOT—2 22 CHEFE L 2B ELLSTH
DHEEHA -,

® 4T 4 ANDEE LRIVSREREET 2F-00OwMFEL LT, Tl
JIFLTHERLELMEMFEL TR Lz (Table 1),

& FHRIRANEIZRT 25T, FHRD S HER L TRMIC X UISER
{HEETEDMELSH D EhHh o1z,

Table 1 Root mean square error of measured and
interpolated noise levels at 15 measurement points

Averaging time length for Lagq [min.]
5 10 20 30 60
NN 29 28 26 26 25
IDW 24 23 22 2.1 20
OK 23 22 2.1 2.0 19
RBF 25 24 23 22 21

1-8-4

1-8-4 HiE#HEEZEE L= HATS £V
FEEREEDES RS E DA

Attempt of sound attenuation measurement of hearing protection
earplugs using HATS with considered ear canal structure

Ofk RX(HHFFE)

SERREOEEREICLDENELRENILT 578, HRATEAR O
WEEENBANLA TS, FLTTORSERESO A EITHEIZ
& REAT &PEIENDEREHEESS. — A/ A X5 v LB~V S
DFhlZ JEITA RC-8142A LL THIESHEEAMRESN TS,

SIEE, BRERECITON CE-BRREADESHEREIEE. B
EHE (EREERD 2B ML= HATS ZRLVYBERIE TITSCEEAA =,

SHAEA v —2 (21 3M £“IMTM HIA(H520A) ", BARIZIZRE"E-A-
R TM"318-4001 (i) "%% . HATS [ZIFHH L EE “SAMAR Type
4500", £I-BIERASIEICIE RC-8142A DBFEEH-TH S5 R
EFLILHL Box Typel020"% AL V=, 1 F

Externals of Hﬂ.TS I.ISEd for measuremenl fa -
with heari & with | al i
@A V—TTREDHER. HEFEMITEL THESHME O EEL X
EThod . MR ES AL ERE G T,

S EAIETIE, fTh O EEScHESHFEEREL EEREEREC
FALEA, EREHEES X RALERE o, Chid, BEEER
DEFEEOE LN ERT, EETIIERLHEL WESHELEHhD,

S v—TILHEEHALIGE, SRRNCESENAEZVAOE
B RAEL . FAFROH O LN RITEL,

SERIHHATIE, EROEBIT  HHE i
EfzadiEAd SR, £33 "6:.';:'{:'5_51 | —sen [1T1T]
HEILHTRFL T LEELR gﬁ: e i
A EEEORRLRES 11T R Ty
ZERLBDNhD. Ball i N
Measured back round nonse and sound ':| T A5,

) b

attenuation and EJIT Sn%’g?ﬁ'gﬁ 989SEnSERRERRESfuA AEIAR LAY

MFuquney:Hll

and using it together by J
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1-8-5 ~ 1-8-8

$51H 3H6H (k) H8xi5 (21)

1-8-5

1-8-5 —RERRDBKESHRICE TS
BEEETRE/ \T-LAIL
—2EDEHEEETOREHER—

The sound power level of road vehicles on a general road with porous
asphalt pavement - Measurements taken on national roads -

OfE B/ AWK LR(EHE ERREW, AXE RESH cEiH)
2020~2022 FEICZEDEHEEET, —AMEROHKEECET
SHEMEETRES/ T —LNLERE LSRR ERET 5.

& 5iENE 5 SRR T, BHAE L A TEL VAR TEEEREMELH
Siiz, SE%E 15 FEE TIIERIC & VESIEIRICEN B Oh
=5

S SERLAEEZRGEL, —ABERROBKIEREICEIT 5/ \T—LALD
HEXALMLTL FETH D,

F' Matioan| highway No.
* Measurng points
(Years since paving)

R17
Magaoka

R13
Fukushima
(14.3)

R202
Fukuoka

R191 Hagi
(6.1/8.1

R16
Yokosuka
(15.3)

R58 Nago =%
(15.0)

Fig.1:Measuring Points
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1-8-7 BLMIBICHAFRIZKIEMEDIEAE
k(2R 9 S RIBEIEER

Scale model experiment on insertion loss of buildings in the case of
high-position sound sources

OffA H—(FRERD, KB FH T RS,
KB EREAER, NH HEERR

S EYEHC L HIBABKICEL T, BRSOEZ AR LELVEIREL
EOHE~OIERZBIEL, SEFRENESRERV-REET 2TV,

S ERVBWMIBICHDIES, LA LOEEEREVEIIEOSFEN
BRI LEENHD. TOEE, ERIEEERTRESNLHMTE
EZEEEMAESE L, TOFEEEYOHERE % ASJ RTN- Model 2018
[CHET2RMOFEE R L THET 52 LITk > TEHITRE R
ELT1=,

*5iE I5IZEZBLDT—RITDONWVTHEEEHITA, BABRET—2(3
EiEEICIE L, ERRROEREE L FRG HEEEEEE L OERIC
LEARREL G AL ST LB EEDLIFETH D,

—a— RS R-Calc.-B (S:10m,B:dm) | !
“|- =~ RS Exp.-B (5:10m,B:4m)
—— R5 R-Calc.-C (5:10m,B:10m) |....;
=®= RS Exp.-C (S:10m,B: 10m)

SPL [dB]

1 2 3 4 5 6 7 8 9 10 11
Source position

Fig. 1 Revised calculation Fig. 2 An example of comparison
method result

1-8-6

1-8-6 EMEEICLDHIFERETEMDFEMN
EESOEERE DHEHERICRETHE

Influence of the setting of unsteady driving section
by driving speed on the estimation results of road traffic noise

OREFMMELURIR), ANHEFE TRIEEGEEX),
Kighth GHEX), T, ABNEL(BFRILaAS41Y)

O EMTE 4 X7y THEHZBWT, BEEEMIC, —EOFEELUT
DIEEIZFESETRME T ST A DV TR L=

SRR LY, ERRETRMEEE L -HEERIT2EMIZ
RMSE A%gkE L 1=,

& E1z, EEREETEME 20 kmh LT & LIBEISRE BULERNYE
DA, ETRELADBEBERIC OV THREEED T BE
b ERENT-

ol
A

o Spest w0/ " 3
&= & Speed 30~ 35 enh]
=70 =70 Spemd 25 30 fomhl 7
£ £ #  Sooed 30~ 8 k] o
"Est FE5] + Seeed 1S a0Rmb s {.‘E
g g u St 40 kW & -
< < "s
S 6071 - < 60 = A )
] RMSE: 4.64 (d8] - 2" E RMSE: 6.15 (48] - A
255 L Speed: <20 ) 255 5
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» Speed: 40 [km/h| 5

o =0

a0 50 0 70 1 60
Reference Lagg, zan [4B] Reference Lagq, 2an [dB]

B
(=]
B

20

Fig.1:Comparison Reference vs. Fig.2:Comparison Reference vs.

calculation value (all section calculation value (non-stationary
calculated as stationary running running state under 20km/h driving
state) speed)

1-8-8

1-8-8 AT EEEE DFFEIZE DS
FO—> 128 %
—F1 ] RIEEAFICEOCERIFH—
Drone collision avoidance based on the characteristics of helicopter operation sound
- First report: Sound source detection based on amplitude modulated sound -
* EHEE (PR, ARDE—, FHERE (PR

& FO—2OERIHEL, BF 150 m KBERITTH~N)aT4E0
WEOBERENEEY, FO—UIHE#T 5~ 2 TR0
BN ERRENE HHROEN TS,

SEHRTIE, A THRBERSISE D (ERBNETS. AU
TRIRIBE RSO D EOTRR S EETHET K
O—UBHEEHSRIET HPM A 2 T2 OERFMAEIREL 15,
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Drone collision avoidance based on the characteristics of helicopter operation sound
- Second report: Direction estimation based on amplitude modulated sound -
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Estimation of aviation noise with classification of flightpath by DTW
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Artificial Intelligence identification for aircraft noise: A study on the analysis
procedure in judgment of overlapped other noise
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Fig. 1 Sample of the time and frequency ranges of for the input image
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Two dimensional FDTD simulation of moving source with

directivity
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Fig.: Directivity of moving sources.
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Abnormality judgment of pump sound
using fluctuation feeling by adding sine wave

Fmfl (PRK), RREL (hRARR),
AFIAFRT, EEE(ERUER), FHEE (hRX)

& R TDE S HEIESBROREEET TR 3108 SHBLEODR MW
BTidH, AR TEREH CFRHIMALIHEMS (UT, BEEE) (S
EEEETHSE, AN CETRBEHIET A LEBHT

& THEE L HEREHS, AR I55TE TiRrsoBERciT
% 5 EPEOIEETMIC & Y, BENEICIEEE S HEEEEI ST
HHTEEBEL, EWIEITHT 2 EBINSOREMEL 4 Hz LB,

& TEEORLHEEETE < L CTRIIHEL, 2 $F0OERELFELA
NEOBRICEVTREHEORMEL T5ERELINET 22T REWNE
(64 2 EREOEE L LEEED .

& RO RO IS £ IEHH & REH SEA L TISSHRETL. B
EMOWHEE Fig. 1 17T, Th&Y, NSk A2THBEEREE

EEYFEOEMEERL =
5 4 * % _l *#: p=0.01
g 3
$
i m
=
0

Mormal machine Abnormal machine
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Fig.1 Evaluation results of pump sound
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Comfortable sound design for pump by adding consonance
focused on amplitude modulated pure tones
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Fig.2 Ewaluation results for pump sound

Fig. 1 Pump sound with prominent
steady and amplitude modulated
pure fones.
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Comfortable sound design for pump by adding consonance
focused on steady pure tones
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Fig. 2 Evaluation results for pump sound

Frequency Hz
Fig. 1 Pump sound with a prominent
steady pure tone
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In switch operation creation of complex senses
through touch and hearing
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Table | Multiple regression analysis in hearing
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Inter-Noise 2023 TfE>THELT=,

We designed a timer sound appropriate for conference presentations,
and used it in Inter-Noise 2023.
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Effects of information about the car on the auditory impression of door-dlosing sound.
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Fig. 1 Comparisons of impressions between door-closing sound image and
stimulus D for each vehicle evaluation condition.
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Analysis and Evaluation of Design Process
for Auditory Signs for Future Vehicle
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Fig. 1 Flow diagram of designing for auditory sign.
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Improving acceleration feeling by designing gearshift sound
for each gearshift stage based on changing background noise
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Table 1 Good condition of gearshift sound

E)::er: Bersmeter l—;ee rszh—rilamg;-a

Freq. range | 0 kHz | +1kHz | +1kHz
SPL +0dB | +8dB | +3dB : :

Freq. range | 0 kHz | +2 kHz | +2 kHz . -

Condition name
SPL +)dB (+10dB| +5dB Fig.1 Result of verification expenment
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Creating gearshift operation feeling
by sensitive balance design for each gearshift stage
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Fig1 Result of verification experiment
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Changes in life environment and musical activities
during COVID-19 pandemic
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* Stage and streaming environment setup for live streaming concerts
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Fig.1 Line diagram for online live event
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Feature extraction of cabin sound by machine leaming
based on time-frequency analysis
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Fig.1 Grad-CAM and SSIM of two groups of sounds
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Creation of pure tone in the cabin that matches
the acceleration intention during EV acceleration
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Fig. 1 Relationship between the degree of conformity with
the acceleration intention and the protrusion quantity
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Masking characteristics of pure tone components
during acceleration/deceleration of EV
considering audio-visual stimuli and driving operation
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Fig. 1 Experimental setup

of masking evaluation Fig.2 Results of masking evaluation
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Allowable threshold based on critical band passing velocity and
loudness change of pure tone components assuming EV acceleration
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Fig. 1 Auditory characteristics for pure tone components at resonance passing
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Comfortable sound design for home medical equipment in consideration of
arousal due to synchronization of respiratory fluctuation sound
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Impression evaluation of life function sound cues for daily events
in elderly considering body clock
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Empirical research on the effectiveness of disaster prevention broadcast
training system
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Creation of pleasant feelings by the sound of eating hollow snacks
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Hierarchical Structure Model of Motor Drive Noise based on Affective
Engineering for Pleasant Sound Design
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Fig.1:Hierarchical structural model for the pleasantness of motor drive
sound
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1-10-2 Visualization of sound fields of cymbals

#r Tin Ng, Haruka Nozawa, Yasuhiro Oikawa (Waseda University)
# Research Purpose:
|. To investigate and visualize the sound fields generated by
cymbals and thus understand the principles of musical
instruments.
Il. To investigate the relationship between sound fields and
commercial music preferences.
# Technigue and technologies used:
|.  Parallel Phase-Shifting Interferometry (PPSI)
IIl. MATLAB
# Tools used:
I. Hi-hat
Il. Microphone
4 General Results:
It is believed that different striking methods on cymbals can bring
various sound fields, thus it is essential for further researches.
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The relationship between steering angles and statistical fluctuation
in echo-envelope statistics compound
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1-10-4 Examination of quantitative evaluation
method of lung ultrasound
for pneumothorax detection
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Fig.1:(a) B-mode and (b) M-mode images of chest region.
(c) KL divergence with Rayleigh evaluated for M-mode signals.
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Heterogeneity of ultrasonic wave velocity and attenuation
in cortical bones of Thoroughbreds
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Fig.1:Wave velocity (4 MHz), (a) proximal, (b) diaphysis and (c) distal.
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Phantom experiment to investigate relationship among interal pressure,
pushing pressure by probe, and tube cross-sectional shape
for ultrasound blood pressure measurement
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Fig. 1 (a) Relationship between S(t) and Py, (t) = Psensor(t),
(b) relationship between p(t) and P, (t) — Piensor(t)-

(A) Maximum intemal pressure: 125 mmHg

and minimum internal pressure: 90 mmHg,

(B) maximum internal pressure: 85 mmHg

and minimum intemal pressure: 55 mmHg.

Psyrface (£): (A-1) 15 mmHg, (A-2) 38 mmHg, (A-3) 51 mmHg, and (A-4) 95 mmHg,
(B-1) 7mmHg, (B-2) 13 mmHg, (B-3) 40 mmHg, and (B-4) 58 mmHg.
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Basic study on the application of harmonic pulse compression to
non-destructive measurement using chirp signals
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Figure 1. Measurement sample. Figure 2. Measurement results of
the proposed method.
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Accuracy of detecting the position of obstacles on rough road surfaces
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Sound pressure distribution in the case of the placed flat plate in a standing
wave sound field by aerial intense ultrasonic sources
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Level-set method optimization in three-dimensional extrusion model
—Topology optimization of large ultrasonic tools (5}—
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Fig.1: Target model design area Fig.2:(a) Optimal shape, (b) vertical
and boundary conditions with three displacement distribution of eigenmode at
holes by initial level-set function. 50.012 kHz in the: final optimization step.
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Evaluation of airborne ultrasound sound field through PVDC film
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Fig. 1:Relationship between sound pressure and position of thin film.
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Acoustic radiation force profile of the focused ultrasound
for the object within a plane
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Fig. 1 Sound pressure distribution and acoustic radiation force (armow) when the the target radius is 1 mm
and the distance (2,) between phased array transducers and target object is (A) 105 mm and (B) 50 mm.
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Elucidation of the mechanism of the “jumping and dropping” phenomenon
of a piezoelectric element ( for soft-type ceramic C-6 )
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Fig.1: Frt—:ql.lencg.r admltlanoe charactensllcs measured for the 1.5mm-thick
piezoelectric disk with the frequency step and the delay time for each step
of the sweeping process as the parameters.
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Three-Dimensional Acoustic Manipulation Using Small Sound Sources
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Fig.1 Three-Dimensional Acoustic Manipulation
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1-10-  Enhancement of underwater acoustic
15 streaming using a cylinder with a cavity

©@Yimeng Wang', Kohei Aono?, Manabu Aoyagi' ('Muroran Inst. Tech.;
2SEIDENSHA ELECTRONICS CO., LTD)

# The effect of a cylinder with cavities of different dimensions on the
underwater acoustic streaming was investigated by FEA
simulation and PIV experiments.

#The vibration source consisted of a BLT transducer and a
duralumin horn, which worked in longitudinal vibration mode at the
resonance frequency of 28 kHz.

# The diameter of the cavity (d =1, 2, 3 mm) and the gap between
the vibration surface and cylinder (h=1, 2 mm) were the main
parameters discussed.

#Among the results, when d =2 mm and h =1 mm, streaming
velocity was the largest. When vibration amplitude A=3.1 pm,
simulation and experiment results of sound pressure and acoustic
streaming distributions are shown in Fig. 1 and Fig. 2, respectively.

{b} Acoustic

(a}Swndpmkurc

Flg.155mlaﬁonresl.ltsofswndpl‘essmearﬂ Fig. ZSaeeWofPNemerin‘lenlvidajam

acoustic sireaming distibutions at 28 kHz when analysis result of acoustic streaming at 28 kHz
d=2mm, h=1mm,A=31pum whend=2mm, h=1mm, A=3.1pm

(b) Analysis result
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1-10-16 1-10-17
1-10-16 M7 ILIREEEMSI DER: 1-10-17 BREOBERFHICRIZT
BERBALOADIA—HT T BIEDRE

Focusing characteristics of ultrasound liquid lens using a viscoelastic gel film
and acoustic radiation force

Y =R}, RBHE hFIE, MUK (FHHK)

S EBEREEL VAL, 1 HOL X TEATIEATRETHY, EED
BERESILL X LB L TSEHEERT 52 2 EHRETHS.

S BEREEL VXD T+ —h S LT ETHET =012, LVAD
BERE AT LT

& AHEROEMIZEL, FILOFRERAKEZESEICFAEN > TFEISE
SLESITER L. TOBEOERIEHOEERBIEREL VXDHH
M%KEM>T=. (Fig. 1, Fig. 2)

@ SHIFEL ADHPREI O WVTRIHEITIFETHS.

N

v direstion [mm]
[

af the gel [m]

Deformation
Deformation of o

:\dim'l»;n Imm“ll
by
Fig.1 Surface profiles of (a) the ultrasound gel lens and (b) the liquid lens
excited with several input currents.

pE-+
. f

Current [mA]

Fig. 2 Focal length vs input current.
1-10-18

1-10-18

Small-sized ulfrasonic linear motor utilizing
traveling flexural waves

¢ Zhiyi Wen, Yuji Wada, Kentaro Nakamura
(Tokyo Institute of Technology)

# The device utilizes bimorph transducers to induce traveling waves along a
linear bar, constituting the design of a traveling wave linear ultrasonic
motor.

4 The proposed methodology enabled miniaturization of linear motor down
to 10 mm in diameter. A novel methodology for the miniaturization of the
traveling wave linear ultrasonic motor is presented.

4 The ultrasonic motor achieves a long stroke with a maximum speed and
thrust of 54 mm/s and 0.83 N, respectively.

# The traveling wave ultrasonic linear motor achieved a long stroke and
compact structure, which has promising applications in in aerospace,

biomedicine, and other fields that require a miniature linear actuator.

Fig. 1 Structural of the linear traveling wave Fig. 2 Working Modes and Principles.
ultrasonic motor.

Effect of liquid properties on ultrasonic levitation of droplets
FH LR AZmEH(ETR), BPE—(FHEX), MEREEIKX)
& /NEEIRA E—h 36 EEMEfARIEE L-ER1 =y FRHL
Eheic2 DREL, £RTOIEEREHEEET D,
SENT SBEEZEAH_ETEEELILSE, BRAHEROERES
EOHIHHEEE 5. BEEZLF TV EFBL TV SEFHNET D
L <IFBEFDHS, EOIMEC R > TEOEEN R 57128, FHERIC
K HEEEEIT S
& LRI LEEORE L RIEEHITER LAY SEISTEOEMAISE
B LEgRETo1=,
*EMA LS, HOEROLICEREEE LIRISTES, WEDA<
LHDIEELTHIELL-LDTH A,
®Fig. 1 ISERTHERAL-EERSISREETY. Fig. 2 ISHEHED
mh%@ﬂulu{#?iﬁ:@ﬁ?@ HETY,

(a) Levitation I
1|>f;1|h |

@E

[ 0

i W r
Fig. 1 Ultrasonic speakerunit Fig.2 Deformation of levitated
droplet with increasing
applied voltage

(c) Burst

1-10-19

1-10-19  Ultrasonic Levitation of Droplets in
Horizontally Excited Standing Wave
Sound Fields

AL JAMII Zahra, O #5), AR (EIX)

4 This study investigates horizontal side-by-side ultrasonic
levitation with various reflector configurations.

4 Finite element analysis was conducted for both parallel
and angled cases.

€ The reduction in peak sound pressure was small even
when the reflector was rotated by 10 degrees.

4 Sound pressure distributions were calculated for the
parallel and angled cases.

4 Figs. 1 and 2 show the measured sound pressure
distributions for both parallel and angled setups.

4 Successful droplet levitation was observed in both cases,
with differences in pressure distribution and droplet volume.

[ ——
- . -
£ -
»
3 -
»
" s m w

Fig. 1 Experimental sound pressure Fig. 2 Experimental sound
distribution for the parallel sstup. asmhmonramemﬁado(mgleurao“
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1-10-20 ~ 1-P-15

£1H 386H (k) ZFIORE ~IKRRI—RI5 (33)

1-10-20

1-P-13

1-10-20 B2 T L—T40J & ERLI-EEHRO
TS LEREDBEL
Advancing Acoustic Hologram Generation with Dammann Grating
O RAEH (FEXRS)

FEROT S 4L, HEEET « 2T LA OEEHE EOZTiE
ERCAOHEI SRR THD, ThET, B—EROERIZR YT
fEhHY . MEEROENICIIFEROT S LORBET LT XLAO
BRFEETINWETH 1=, FEOXITHARTIIZI T L—T 4
VOERAWNET TO0—FIC &k YIESERIEOERNTRETHY . il
EOEEOFTRHARRETH D EAFIBAL TS, Ll 21—
— I EOEES RIS CENT AFEICITERLTLVEL, T THE
RTIE, EFRFEEMRAEL. HBSROAEMEROBREEEATS
C & THIRICEE RO T S LZERT - GFEEEET 5. 20
7 70—FlE, FEROTS L AOERERD, UFAFIvIGHE
FRSOEE~MEZE,

x=0

Fig.1: Adjustment of Spatial Relative Position of
Focal Points using Damman Gratings

1-P-14

1-P-13 VA XEOREREISENERDE(C
RIFIFEDHRE

Effects of frequency characteristic of acoustic noise on sleep quality
e WAMER, KIE #, PIIEE (FER

* H5—F/ 14 XEFA LS8R SR B OB A oh TS,
LILGHS, RITHREORRIZIT—RENE], EROEOMLIZEET S
EELFELICTHATHE.

S HERTIE, /4 XTud 20T L S LEROEOMREF R L. 7%
Lk HABLEEROEOA LIHRRShh - 12200, HED/ 1 X2
& HEREHOEEIRESA

& FETIES HED/ A X R4+, ED, T390, Ti— 1+—TL)
FRAWT, &/ A XDARY FVSMHISEREOEIC5 X S8 FRET L

* 5/ A ASTEN BIUERREH CH TERRCES S UIRERIOEHEIE
EhEL, EERRHEOHEET o1

& EHEEH IS, /A XERTIHERYHEET MERI RSN /
A AOEEERS DS 2 5 LEREHOEBIENREM T2

& ISV BEUTI—/ A XETHCIE, SRS LT SWS AR
HERAFER SNz (Fig ). —A, / -+ XORLE#H & SEERERSORRE
EORMIZIZT—8 L8RS s hih of - SSERRET OSEEROE S H%E
Lk AW e 5 e

1-P-14 O— FETEREBREIRAFUIOD
MEICE D ERARTOREL

Pleasant sound design based on integration of chord progression generation
and auditory masking for dental treatment sounds

bk EEE SR IIREX), B BUSCIGEEXR), Il A (REX)

¢ BANTHhFETREL TE-EHAMEORFEFETE 12— FiEfTickY
B VE SN BRI AR HEE AR S & Y TSR EAYE T3 SR
BHof=. £IT EEHNECAVShTOIERYASTUJIHBELE: B
L VID—ERH O E— /BRI — FETERVTRELETS LT
HRAMEORELETL, TOMOE— Bl L TIREE< A+ S
EAVTTFRSEHERT 2FEEALVA C & CERARSOFHEREITLY
272, BELEHTIFEFEETS. Fig 1 ISERFZOBEMERAAT LD
A A—T%5T. Fig 1 OlY, BEFETIE 2—FHICLAMRELETR
H—EIZk TR AEHS L TITS.

S ERFEOBMMEAREET 51, AR ET o1 TFA—EUITk
SEELAMEENRE L, EELTHSHESFLHEL . Fig 2 (TS
(EREOFTHRRETY. BHARE+HIAN—E OM: iEEFR . BHn
WE+0— FF (O : $EEFD) . BRAME+IAHh—F+a—FE PHM:
REFH) #FELT- ERRERLVEREFHT EEFRLEATHFREE
e R EL TS L EREEL

Overtone Good 5
of chord

Frequency

Bad 1

MM CMC PAKM

Fig.1 Image of the observed Fig.2 Discomfort reduction
sound in the proposed method performance

- 12 40
E 10 T
E 8 € 30
5 6 5 20
5, b
=3 2 10
8 2 a
® 0 0 7 Y
N1 i N2 i N3(SWS)
lI None (n=9) EBrown (n=7) BEPink(n=35)
O White (n=6) B Blue (n=4) W Purple (n =6)
Fig.1 Sleep latency (left) and the duration of each sleep stage (right) in
6 conditions (Mean £ SD).
= — = Ir

1-P-15 FOENEEEREEETD

BRHERICEALFE
Effect of mouth opening on the hearing thresholds of bone-conducted
sounds presented to the human face

Y E¥ B KIE H, PIIEEFER

& — B EE TR EOFHEEOCTREOFREEICRIMET
SNDA EEITRE, 8F &V o EEADER LB S TS,

& HEIGHHEEE LR -TRY, RETOSTMEDEL TRV
EADFHADTHE (ZHE > THIEEA D= X LLELT HrREEAEL .

SHHLHORECELT, AF RETH (L3S, BB THS

(T=88), BELUF (ISR (TR ILETRSh-BIEEE0R
HREERA~T. Ff, FNEOEAICH SREROELEREEL =

@ HNEOEAIZE > BHEOBFE G LIFHER o1 (Fig. 1).
FAESMIIZHB T SFODFEEINES VDL OT, BLTRE LA
AIRET#HDH Z LATRREND.

* o081, THABLUT M EEETEBDEOIERICHL Rt
AhIMILF Lz HLT &8 BETBELIVEETEEEA
EZELEM o1, FOIC K DEREMMARCHIESR. ThiE o
BOZLELNFEL TS EBbhD.

< Vertical axis: Hearing threshold [dB re 1V, ] >
[

250 He x o0

88 &

Ghuanak BaBEbid

BatbbEE B8

o 2 3 fem] o 2 3 kom o 2 3 e

Fig. 1 Hearing thresholds as functions of amount mouth-opening at each frequency
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(34) £1H 3H6H (k) HKRA¥—=i5

1-P-16 ~ 1-P-19

1-P-16

1-P-17

1-P-16  BEEICHETEERIRISEFE
BRBREEIC R (X #E BBE T CORE

Influences of the occlusion effect on monosyllable articulation of
bone-conducted speech: Examinations under noises

X HTE KIE A Pl JEFED

SHEHEFPELKETREIS T 5L, BEDSY FRRA
18Xd 5 “EfME (OE)” h4ELS.

& EH S FENOBRA T AOBEEHRR - 5 OF £l/RTE
f=. —ERDEEESHME (SB (Nasal) AERETER (Infraorbital)) & £
SEEM (FLARZSEE (Mastoid), BBIRZEEE (Condyle) %) %:#< OE
FRYCEEBMELTLA.

& =1-, FERTIE Mastoid, Condyle, Nasal &1 Infraorbital (240N
T, OE A HEHERHEE T 3% LRSEHLERLE

SHFHRTIE, TII0BLW —TIL/ A RFETIZHT OE H
E SRR T BT R AR LT

@ Ei272 Lt (Open) [ZBLVTIE, RiE/ 1 Xk HEFEETIET
S0/ A X L THEETH o= E-ISBELVD—EHFDTSD
/A RDANEEELVEIRFLTTHHEEZLND.

@ Hi2d Yt (Occluded) 1IZBLTIE, M TEELETO/ 1 X%
HFIZHENT, FEREEOHEBREAF Nz FFERTEITAEIVE
FREFOBEEERLTEY, BREHERT D/ 1 ADFEEITL
~EZITTEN2TRDERDNS.

_w| 100 .
£ o F f
i« Fel (I |1
2 i I :
=) = |
ol f
Al oL LHIN| (HLHCHLE LEH
= Cpenistent) 1 Open(teoen) 1 Openipurpie) 3 Openiusent) 0 Opengrown) 0 Openipurple)
= = = = = =

Fig. 1 Percent correct of the articulation Fig. 2 Percent correct of the articulation
test with female voice (Mean £ S. D.). test with male voice (Mean £ S. D.).

1-P-18

1-P-17 Evaluating Cartilage Conduction:
A Comparative Study of Sound Transmission
in Artificial and Human Pinnas
© IRWANSYAH, Sho OTSUKA, and Seij NAKAGAWA (Chiba Univ.)

# This study explores how cartilage-conducted (CC) sound travels
in silicone versus human ears, focusing on how pinna hardness
and where the vibrator is placed affect hearing.

@ The visual below shows the consistent hardness in silicone ear
models versus the complex patterns found in real human ears.
#Trends in hearing thresholds mirmored those in silicone models,

yet the influence of hardness on these thresholds was less pro-

wo

Silicone Silicone
& Pinna
i

Silicone pinnas vs. average human pinna: showing uniform vs. varied hardness.

1-P-18 FMEREMI ORI FZHMEENELE
TEEBEROGHIFEICRIZTE

£ BRHRH K UBESMRENC & S8R5

Effects of anatomical structure of stimulus placements on transmission

of distantly-presented bone-conducted ultrasound: Assessments by
hearing threshold and head vibration

wEBED, KR 8 PR (FER

S ELHETEREN-20kHz LLEOERES (BHEER 11,
HH LA UECET (REUET) Shizi58 4L BEIcm
WARETH Y, WECESLZ EHN SRIFICHh =R EIE
RMIZEHBEEET IHET A AADEEIESh TN,

¢ ETREOTOREOREFHMET BUuETERETED
MECKELEEFEZSTREENHS.

S - HE - EBICEERTRAETL-HOBREBEEEET
LY, AERONEENIRBOBR LHET, ERIMIOAETIZEM
it L R OBRERIT L.

SEMITHEOLE LY EARICHEREBANMET L (p < 0.05).
EHEHALHMEZELTHY, KHFLOHY TV THE
¥T, BOESEHIADEN EAERSEO LRIZEN =T
BEMEAVREE Eh D,

OEZERETOEMICEFL-BHEMELIHLTED S G,
of-. BREIFMEOREENERESOZE TR LT
Hs.

(c) LB

(@) oS (b) 8

1l

1 ol o

1-P-19
1-P-19 ERZERAROBEIEZTHMERFHEIC
RIZT RERSTHEOLE
Effects of noise exposure on bone-conducted sound perception during
earplugging

*RBHE KE H PIIGE

& BEHEEICE AEVCPEENT S LG EENEICERET DR
DHTFET 510, BEERABTLESICHESND.

& iR CESNER T AEOESORMEEREHES
EieERAHE Bt ROREERITEILLT S, Chond
INSGA—BDEFEEDRATIT 4 v IHA=flED1E0N

¢ FRTIE REESHECERERRBOSCETORERE LU
B SR S R R A A

& F0A /A XTlE 2FFEEMT/ 4 X LAILOERIZH#E->TEY
MNERL, Evy /4 XTld4kHz LIETRHEBO LS SHEL
f=. #F£t=, TILFb—h—/ 4 XTlE 1kHz LITCEREROLERED
SEETHH—A, 2kHz LLETIHREREID LFAREShizh o=

& Fz, B/ A ABETORSHBEREL TILF —h—> EVD
> ROA hERY, FTHREFET SHERELG -T2 KITHIRE
DEFEDELDEZE LIRS H A0, & 58RO 5
ha.

=1

—0dB —60dB —70dE —80 dB

MW W S
(=2

[dBre 1 uN]

Hearing Threshold

]
w o

PELLESTE £ LSS P LSS
Frequency [Hz] Frequency [Hz] Frequency [Hz]
White noise Pink noise Multi-talker noise

Fig.1 Hearing threshold for each noise.

HASEFRE1510

(202455%F) HRRERR



1-P-20 ~ 1-P-23 $£1H 3HB6H (k) RXY9—=5 (35)
1-P-20 1-P-21
1-P-20  Spectro—Temporal Modulation 1&#zz FAL V1= 1-P-21 3B HFHETTOINOHIE « HERE

BREMNBHEORMSINLTEO
FiRl DR

Study on prediction of detectability of target from background sound using
spectro-temporal modulation information.

FIROEAER, KRGS, #RHE (ILREEEIEA)

S5 BRERERTIE BEAREEREAANKICERT S
BHEOESEPOENTORM LOT SOV TRE SN TV
(AN

& B KBIRTIE, BRAR & EEEAROERFIEX 25T
# % Spectrotemporal modulation (STM) 1&#8RZRLVT, EREFDO
BREOBREENAT A FRIRIGEN ESHVEBRL N T HIL.

® 5% SIMIERZ S LICEREHSUBMNTEMERL, BERIER
EREREToT=

SHER  LITOEHDEEIZSTMIER (Fig.1) HoBREDBREE
hoda (Fg2) #FHTELI LRSI
o HME L ERBEOREDBEIRLELEE
o HME L ERBEOIEROPLERENRELEDLE
o HMIF L EREOHERNE L CRIESBENRELY,

SMIFERD AR FILDEAY HYELE &=

Spectro Temporal Modulaticn 45

5 .
4
5 as
£ 3
T

5
z 2
2 15
1
05
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Temparal Modu |BIO HZ] Average slope KM'\IN H‘m(ﬁdf the amplitude

[ »
Detectability of target sound
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&

Fig.1:Example of results of STM  Fig.2 : Example results of auditory search
analvsis of experimental stimuli experiment focusing on TM information

1-P-22

1-P-22 BEERBOE/ZIL/ATLADEHEE
ROBEICRIFTEE
Effects of monaural and stereo auditory stimuli on sleep quality
K AKES, KE B PIES(FER

& SR L SEREOEOR EAN DODRITHRTHRESIT
WD, TOMFIZIHRAE LTTRBAG AN S

¢ VS5V BEEERALT BEABOE/ SILERT LADELD
BN TR E R RIFT AR EEET L=

* (1) FE (2 B/SLBR (B) AT LARROD 3 Sl CHEERSR
RORAETof-. F-, REEAROHEREICH L, OSA HEHREFREER
fii% MA iR (OSA-MA)Z AL TEERNEOHEET o 7=

& EHD2TRIC & Y EIEIRRS R & SR REEER A R T S IERH D
ShfzhY, B/ TILERT LADRN & HEERIBESHROELIRE
BTEhhotz

® OSA-MA DFERIFPEREIZLSERIKEN 1=
THFELESOELDEE L TOARREEA H 5.

SREITH L

iosers B

Correct Rate

[CEEARARIFTHE

Direction dependence of detection rate of sound
appearance/disappearance in noisy environments

FAREE RAE— (LGB - 1§,
AChait Maria (Ear Institute/UCL)

@ AR T, SRAEOTLIES AR EREHEICFZE L RFTH
ESH0E, KFEELO2AR GO 12 AR) IHLVTEE L=

SHRASHET T 1 5HEMAMIR (Change-Appear), & L {ILELT
%%t (Change-Disappear) #1&H 7 25REZ AL, BIEIZOH
I HEZHBLEBRCRE (R VB LTRIE L=

& FERLREEHZAEL, TR DARI L IZTOBREST
L=

SEB0ER FERLTHEELIC, FHFLE - HET HAMMIC
BELETG L, TIERERENIEAMTRETHH LETET D

ERAMGoN
b

| NN

24" —§-Change-Appear
~# Change-Disappear

wf by gt

3 H-}--}"f"£‘v}--)f"”*‘w}f'l“é

Reaction Time (s)

a1~ Change-Appear
=& Change-Disappear
"o e e % W 0 W W W i Be W0 TR N R R
Sound Appearing or Disappearing Angle (%) Sound Appearing or Disappearing Angle ()

Fig.1:Correct rate and reaction time of change detection
as a function of the direction.
(O :Change-Appear, & :Change-Disappear)

1-P-23

1-P-23 AYRIHU VRYDUROBEIZENT
BEREMNZECHERICET SR

A study on the factors that cause for the lateralization
in headphone-based VR sound reproduction.

OFFiiAm, TRz (N WmE), RER(EXAT)

@ FHRTIE, HEREFRAD RIF ZALV=WR Y2 FIZELVT, B8R
EMES ISR T ERERAT SRR MRS E T o=

S FHEOFEL. MBLEEMT HEEDFHIMY ELTHETFOND
ITD, ILD, EffhROERIIA. BHNEMOEEE LT, MEIZRH
LIESEIRRT 514 T v HEEERAL=,

& COEHOG E TIRAORHEEERL. 2i3REE LISE8EE
0° . 45° [ 90° | 135" | 180° @5 AMIZDLNTIERILT=.

& EOFHEAEIZIE, Scheffe M7iE CEOZEE) ZFLV=5 BiED
FRZERAL. 2 SORIEE TR ET 5 & TIEERAEHA L 1=,

$5ER 0 0 L 180° TIXEHAEAR. 45° . 90° . 135° TIIEHREHERE
ILD OEEHBENELOER LGS,
2 2
K * @ modeled HRTF * ! modeled HRTF
q o | it . ..!F.“."ﬁ'".f‘*.'.”.'.“.‘......+..............
¢ bt ¢
RS :
g4 " _:[;>|< .................................
£
22 2 ——— —
o e 0 w“: h‘,@é WP ® $% e 0 P o @0 5 ©
conditions conditions
(a) Odeg. (b) 90 deg.

Fig.1 Average score in each condition
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(36) £1H 3HB6H (K) HKRY—=15 1-P-24 ~ 1-P-27

1-P-24 1-P-25

1-P-24  BEHORGZ -FROXEERIZLS 1-P-25 BELA)LEZEFRIMIEICE DL
AR ERARICB T — R EDFHE FEEA IO/ OMEIZ RS T AR
Effect of the first reflected sound on relative distance perception by The effect of sound pressure level and sound source position on the
perception of auditory objects.

alternately listening to two sound sources from different distances

P FRERARIRERER), NRAFERERX),
LA, SRR E X

YHEEIE/\, RAE— (MR BRI EET
O AHETIE, BRGFZHTHEE LI LRI EDRRDZE

5 #EELT-

O M o7& [The first one is nearer| SEETIE, 2 HED 1B F95—TNY /(XA B hDHD
S SN ABB ABBEIEAL. BTCLICB BOBELAL, RU2
gﬁgﬁ%\m& — ey Secoat ERMOAEETILSCTHE L. BIED &F5IH 1 SOER
G)iﬁ?&'(‘ﬁ%‘.%):]:\*;“‘lti:wiﬁ Fig.1:Experimental condition. [SHRE S °5fJ‘EIE|§L,T:.

500 WO SENEEOSR S EBOHER 1 SOBIRE L TAR SN AAEIEORE =HER)
£ LRSS (R) OE—- OREERE 14, 2 EEDHE (ont/side) 1<BHST, BELALENKEL L

FE =R IR OFRTOEAHIGEE (Fig2) Bz THELLE (Fig.1).

=R IR OFE=E—7 LIEAIRRO TR TOELIERRE (Fig.3) — v 5oz ¢ hl i )
(Fig2,3: MAYIERESE HHE—5 QWE—D) ® DT END, BELNLVEDOFAMYIL, ZERAMEI“ES < Fik

R BOHIRIILIAEE 15m LUELE (Fig2) OANIIMESA SRR 0D,

F=E—) LBILETIIR K E S (Figd) c2s
BoP—) (—RRHD [SEEHFCES LA (FRSE g > e
520 . ]
B=E—H LA L& 4 b
| SHMISEERAET £ I~y T
[ g“" . ;|
‘g 25 i
i 5
g %% 53 ss se 62 es

Sound pressure level of tone B (dB)

™ Disance to st stimutes o
Fig.3:Perspective perception Fig. 1:Allowable limit at each sound pressure level.
for manipulate IR.

1-P-26 1-P-27

1-P-26 BERERBE TR 1-P-27 _ ;
AT=a—SILRvrT—4128513 SVM |2k BT ERE D5 LT
mEMBEMEF1—=2F Classification of Middle Ear Pathologies based on SVM
R a s e s Ot (@RA%), BT URAY), HllE (@RA%)
OE4 SHNTT CS 5. S8 35#NTT CS ). ® B : CHAFETIC, BANERLERERSIA Y E—F 2R (SF) 2RV
@Il AR REREEFRIEK, BERIEEHER, NTT CS 5) MEALPEREOBIRIH L. T4 2%/ A RU— (Tymp) & YHMEDS
BENBERNT IV BTEERLTE L, K, ERISTORTALPEREDSMRIHMAT
= ERIEBR AR T D126, FHARTREHEF LB OFE (support vector machine:
Eﬁz‘.‘ 1Sx—5EE > %‘ ?;Eﬁ,g SVM) (2L SE/MEOEER (Sep) WEM (Fix) OBIHRHMEC DL THRE
f “émi 1 T Lz
. RS I—SE .Tomﬁm o Fik : ABRISTHULHMTRUIE (Sen). WEE (Spe) EMME (Acc) DF
S axs B (RERE) 2k Y SFOPEREDEIRHEREIHEL <.

Za—JIpyhT—0%ERER | ITDOHZHEAD
N /=S ISR TR REZEHRFTHE

o HER .
1. AHRMEORER LY, BELT= SFI A Tymp & Y BE/EORIIFOER 27 L

fERMEIRT - —
PPN EMRENT=
10°
Layer 12 2. WE, BRELSES L. BELRESH A Tymp & UELMEES B LN,
10°
103 " bie | Detect r
. Table | Detection accuracy
Layer 8 : .1-' ﬂw : . al T FCCTCY 0O
102 Bal WE W Tes Middle Ear Pathologies
L
107 SF1 Tymp
Layer 4 ]
- Sen 0.82(0.18) 0.39(0.28)
g 102 Sep Spe 0.96(0.10) 0.94(0.11)
10 T . Acc 0.88(0.10) 0.67(0.14)
Layer 1 & wle o Sen 0.82(0.20) 0.16(0.20)
g +BestITD i, - Fi 5 0.96(0.10] 087(0.21
3 i =y PO L R L Spe 96 (0.10) LBT(0.21)
E- 102 el x Most discriminable ITD £ %.". - Acc 0.89(0.11) 0,51 (0,10)
e =10 1 =10 1 =10 1 -EFt .

ITD (ms)

ITDFa—=>5%rR1t- 3R Fig. 1 Data \"mﬂ;imoﬂil'l and Tymp
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1-P-28 ~ 1-P-31

$£1H 38B6H (K) HKRY—=15 (37)

1-P-28

1-P-28 F—JRd R RS E
ME T TORRAHEOER

Relationship between medial olivocochlear reflex and listening
performance in noise, by DOWAKI, Yuri, OTSUKA, Sho
and NAKAGAWA, Seiji (Chiba University).

FEBIEE, KIFH, IEHE (FER)
& ERDOHEERERNENT 51— TRt TE FIMCRGL. AESHAMEEITRT St
BB CHY—THEREN - MOCR)., BFEFIUSHLIT, MEBOE—5y MHT SHTTENMOCR
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Effect of attention to frequencies on medial olivocochlear reflex — relationship to
randomness of target frequency variation over time
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Analysis of bird song with independent control of
left and right sound sources of syrinx
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Fig.1: Spectrograms of (a) song of Zebra finch and
(b) signal obtained by the model
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Study on analysis and synthesis of sounds from chickens during foraging
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Fig.1 Spectrograms of actual and synthesized Food call
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A study on stage acoustics in a multi-purpose hall
-Measurement of Furano city hall's auditorium-
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Measurement of echolocation sounds of flying bats using an acoustical
logger equipped with a pinna-shaped hom.
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Fig.1 (A) The fight path in paired fight. (B) Temporal ohanges of TFs of
other individual's sounds by FDTD simulation during a passing flight
(Simulated sounds are Bat 1, 2 doppler).
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Sound environment simulation in a meeting room by wave-based acoustic
WR. -Study on ceiling sound absorber layout-
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Fig.1: 7 ceiling conditions and 2

Fig.2: Overview of VR content interior conditions
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Sound absorption mechanism of microslit-embedded acoustic
metasurface
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Development project of floor-embedded anti-vibration device for acoustic
countermeasures using coil spring -The purpose and evaluation test-
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Fig. 1 Measurement results of glasswool which has 50 mm thick and 32
kg/m? density with no air backing using three cardioid microphones in the
metal tube.
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Experimental study of the absorption characteristics of air conditioning ducts
exposed in a hall space
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Fig.1:Sound absorption coefficients in a reverberation room
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Acoustic diffuser composed of multiple obstacles
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Fig. 1 ‘itruclure of acoustic diffuser (a)Front view, (b)Top view
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Fig.2 Directivity of reflected sound (a)Proposed acoustic diffuser,

(b)Conventional acoustic diffuser, (¢)Flat board
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Experimental investigation about horizontal source localization of
moving noise source using multiple microphone arrays
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Fig.1 Localization of moving source using three microphone-arrays.
A: Microphone array which has seven microphones.
O: Estimated source locations.
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Statistical analysis of peak frequency of climax sound for robust cicada
in 2023
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Fig.1: Spectrum in the part of /nn/ Fig.2: Histogram of peak frequency
made by a robust cicada of Inn/ made by 73 robust cicadas
(s =1 m) (Mean = 15648 Hz)
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The evaluation of the developed two peak sound absorber using the plate
vibration for under 200Hz noise.
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Fig.1: The structure of the proposed sound metamaterial.
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Fig.2: Measured absorption coefficient
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Hybrid infrasound measurement device comprised of a MEMS pressure
sensor and tiny infrasound microphones
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Fig.1: Blockdiagram of the hybrid infrasound measurement device.
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Development of Noise and Silence Rejection Real-time VAD-less
Speech Recognition Model
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Fig.1:Rejection rate in each noise/silence pause.

1-Q-13

1-Q-13

EFERBAOLOHOIMET VICE T A HEDHE

Computational Reduction of Speech Enhancement Using Diffusion
Models
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1-Q-15  Investigating Effective Methods for Combining Large
Language Model with Speech Recognition System
O B (NICT), 15 IER (50R), AR 8 (500, AN R (50K), 1 12 (NICT)

+ This paper uses LLM for ASR error comrection. We use second-pass rescoring in the
output transcriptions generated by the ASR system (N-best decoding hypotheses).

7 [Whisper N-best hypo (™| 2 carrected The experimental settings:
L |largev3 pm:m (llama2) |~ Hypo * LLM s ELYZAjapanese-Llama-2-Tb.
-

Whisper-Large-v3 generates 10-best

embeddings N outputs (1-best CER%=12.91).
+ *®, = NVIDIA Tesla V100 GPU 8-bit LoRA

S Wy 1 finetune.

': = 15 epochs, leaming rate 1e-4, batch size
Pretrained LoRA weights 8. and .
retraine
weights W, W,y=aW » Japanese dataset from SPREDS-U1.

Y e # NIST-SCTK for evaluate the Character
T Error Rate (CER%).

# The improvement from LLM model (Epoch 11) CER% is stafistically significant
(p-value<0.01). This paper proves combining LLM with a speech recognition system
effectively improves speech recognition performance, even in low-resource settings.

Before Correction After Correction CER%
ASR CER% Epoch7 | Epoch® [ Epoch11 [ Epoch 15
[ 12.91 2620 | 824 | 7w | 1651
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LongHuBERT: Evaluating the Importance of Leveraging Full Document

Contexts in Speech Processing

D4 YFL-Fx (Cvu) , O HERR(TT), MNIEEE (NTT),
T—%5 - FILY AT (NTT), EHEE (cMU)

& TR OEENR - BlR - FIEAT57=8I, Conformer DETIE
EHEOHERTHIRT SAEEREL. BEMHYFEETIT

% HUBERT ~#AT 5.
& FEEERATIRAE (. CEERIO Endtoend FEEEENETIE, &
XAREREFET DI ENTED,

S FARTRELEETIVMCELTIE. BEEEEHBOHEROIEE
FRLTLAH, —ATEORBRADETHIEL TS, LHL. 12
FETIUINEBEMOFPEEERT 5 LT, BRNICHEENOE
TLEYLELEEZTR L=

== =0

() (we ) (e )

= l==f<=l<
=

Fig.1: Overview of each LongHUBERT architecture.
1-Q-18

1-Q-18

FEEDFFICERLE
FELERZHD T
Evaluation of child speech recognition focusing on speaker’s grade level.
OFEHII3S, HER MR FAREF (NTT)
S FELERIFEN KA KT (RAY, Ff- FRICKDELHK
FNI LMD, KABEENRICUIGEICH BN E
SEEOPFISEE L, FROBRY EREENEICEA S EETE
P HBEETIL: FELERTEE SN GMMHMM EFIL,
DNN-HMM EF)L, KABEOHTEE Shiz endto-end (E2E)
ETI, FELEFETEG SN E2E £7/LEFT
> FEER TATOETIUBVTEEINMENZEWERH S,
FELOFELOESFEINERGIRITHH L, FELOR
EAEEDEREICS A 2N REV T EAVRER (Fig.)
S SEIFELORELZEE L - EEEHTTILOEREBIET

100
o= GMM-HMM

90 + =

80 Iy ".‘ ==w== DNN-HMM

70 -..\\”‘.‘_‘_ -4 E2E : trained with adult speech
F 60 v =
= B —=—E2E : adapted with child speech
= 50 A
: :3 %, l‘.‘ P i -

0 ‘-._q__“‘" . r— - I o

e s et

0

o 1 2 3 4 6 7 B 9 10

Fig.1:Child speech recognition results as a function of speaker's grade.

1-Q-17

1-Q-17 ST IWNFYRILIINFh—H—EESEE
LR EBMEEDORFET VY

Joint modeling of single-channel multi-talker overlapped speech recognition
and utterance-level timestamp prediction

OWEESE, HARK HAES RTHES, WHITNTT)

& 7ILF b—h—BREESHL SEEEEOA— —5 v TEELE
BITH L TREEEOHENBERET 62 R THS.

SIERDTIVTF F—h—EBEFZMTFATIL, SEEOREHRMAE
FEnLviz, ERELERTHLEERRDS A 2 704 ——
S v 7DOBMERUEA—\—F v TEEREOBENRTERE L
SFBENFET D,

S FHERTIE, ChEERT D=0, TILF —h—ERSHETHER
EERSEHEEDRBFET ) LY EHRET 5. 1REATIE BIEEOXKE
MA L REEOMHE SN - RIEMEFE R URFE THEZE2
EFETILIZE YERMITHEET 5.

@ IMESRERIC R Y, IRERIGERO L VYL b—h—EETERUTIL
F b—h—EEEL O BRI ER L, £, 1R
AT o540 E—La VFEF OIS RESHER I EERT 5L
T

Timestamp tokens and textual tokens
for each speaker

1 1 1 1
" " | Transformer | | Transformer - E"I'[:G]’t;“l"'z“w””;[,wp]'
M = | encoder ™| becoder 1), 18, . wha, o,
Y (0 31,03, ., wi, eos]
6 oeade ¢ I

Single-channel
multi-talker overlapped speech

wl

Fig.1: Owerview of the proposed method.
1-0-19

1-Q-19

FHAZEFALE
chain of thought 75 soeak
Chain of thought speech recognition using pronunciation output.

OEFHEH (EFEE ARFE, ATRSSENHK BB, MNIEF(EX)

@ Encoder-decoder ) end-to-end BEFEZHTHE AT EHIEET
o, BFREZLYDRTEHNSELETILERE.

@ =ETlE Base(EFRERX L YREETEHNT ). Dual(hsh7
Bl & EFRE3E L Y DFREEHIE 2 DO decoder THiA). CoT(IRREF
HE)E LR,

#Encode Shi-EEIFEE % cross attention T decoder [ZBAT 5 &
Y 4., SRERVEABROEATRETO 3RS decoder ICABLTZIES
. EERREEOSLVAFETIIENTHD LHER.

NN =8 B AL
encoder : h l decoder
Acoustic feature P /'\ L PR,
Fig.1:Proposed CoT model

Model evall eval2 eval3
Base 6.1/3.3 4.3/2.3 5.4/3.1
Dual 5.8/3.1 4.1/2.3 4.9/2.7
CoT 5.4/2.9 3.9/2.2 4.5/2.5

Table 1 left side is Character error rate(%) and
right side is substitution error rate(%)
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1-Q-20 ~ 1-Q-23

$£1H 3H6H (k) KRRI—=5 (43)

1-Q-20

1-Q-20 wav2vec 2.0 EXFISRY S EFRALI:
ARt R OD B PR AR
Speech recognition for persons with cerebral palsy
utilizing wav2vec 2.0 and pseudo-labeling.

HHMRBEE (HFX), SEE— (P X/JIST 24T, BOTH@EHFX)

S RMREEDSZ X, FREZERICENT ZLHAEMTHY ., BRE
EORE LTERESEAVVR VAT LAMIRFEN TS,

S FEE - OREFRHOE D0, FADETETHE L-ERZEY
ATLHWEEGSHH., KEOEET 2 OIREATLLY.

SFHRTIE, FYEDT—REIET 51007 TR—FELT,
fHERFEREDZ N LELEREFEINERT A LR 5.

SSAUELEEDEREE LT, LARAOETHETEREL:
wav2vec 2.0 DECHERH Y FEIC L HFEMEITNA, SEET-I125
PSR LTI HFREERY AN, 2 DOFEREEHAT S,

®Fig.1 OL3IZ, 2 DOFGEEHALTINIVELERZERT S
& T, RERREOEFRMI A SR REDR L EHE L=,
(FEFIROEHI ISR < TRL)

f-: rvised learni ASR training with -labels

006
|

Loss Loss
t
[rscimres | pr—

wav2vec 2.0 wav2vec 2.0
t
e, (CEE—
Unlabeled Labeled Unlabeled
CP speech CP speech CP speech
Fig.1: Utilizing of unlabeled speech through a combination of self-
supervised leaming with wav2vec 2.0 and pseudo-labeling.

1-Q-22

Correct label ‘ Pseudo-label

1-Q22 CTC %RV
AN —SU T BERHEISHIT
EEIEHROBMRITE SR A

Domain Adaptation Based on Language Information Substitution in
Streaming Speech Recognition Using CTC.

FeERIHERAL 1, EHMAIE 1, NI 2, ALEEE 1, (1 BB 2NTT)

< HIREM >

& 5ATRIE (1] TCTC £ALV=R )—S V4 ASR ET/LIZTDRA
[2kD FA ABIGHERNTH S EATRESN TV,

¢ COFERIZASR ETINOYA ZAPEFETIOHA X, T—20D4H
A REFT LD THLHIDH

< REFE >

& KEGT—42 1y b, EYKXKEL ngram A—F—DEFEETIL.
NSA—BHORERT L O—F%EHD ASR EFILEFERALT
DRA 2k B FA A AEGERERFITI,

< HEBER >

& ERHEENEEILELL LA TR E [ER L AERLS R oh -,

& 1ExH977 CER ORE IR L TIXSITHRRICII RIS G o =S i E
LBEXT, T2 OETILOER, 7a—T 1 VI FEIONTO

BEHERTHAZ Ehhhor=,
Method — LMy LMigt  Asut Aada  CER (%)
baseline - - - - 25.375
DRA l-gram  l-gram 1.0 1.1 25.356
DRA l-gram  2-gram (.1 0.4 25.359

1) PSR, VIS, S, AUEER ;" CTC Fo—¥ £, oA kU —3 L Al a5+
density rafo approach [ZI83< ot £ L4505 ", ERREAPEHERRERSES No3 06 (2023 49 F)

1-0-21

1-Q-21 BIRH 74—/ \woZAL-REERm~<IL
FHARYEEZ&S End-to-End FFEERH
Hierarchical Multi-Task Learning with CTC and Recursive Feedback
LHIFETE, FEOBE /MNIEE, NHER (BXR
® B : End-to-End SEIEMH1T5, A Hh =X LOBAIZ & DRHE
TILFA A EEHMTLETILORER L
S HMVTL EFI)L (Fig. 1)
> H-CTC(Fig. 1a) - fERHE L A S HhE CERIEMIHEE
> REDOHRCTC(Fig. 1c) -Gt EBIMBEEEA L /(5 A—2 OtEhn
T LICETEREC O Lk
¢35 BRIMEEBAT 5O LTl A SR
> HERES) E— MEOWINIZ & U PERERRE(FERO ) E— FE=3)

Model #RepeatN | WER[%)]
H-CTC 127
HR-CTC 1 171
2 120
3 17
I o S - e L] B B - S S
I _—m=— i
e [ e [ W'_[ulﬁ)—‘ﬁ!-—
— % =1 . -'.mi..u.' —— .
f I i
(a) Hierarchical CTC (b) Hieraschical conditional CTC {ch Mierarchical recursive CTC (proposed)

Fig.1:Comparisons between hierarchical multi-task learning models

1-Q-23

1-Q-23 BREEEERICHTD
BC#bMdHY 2T I E OEFREO
Evaluation of Automatic Speech Recognition based on
Self-supervised leaming for deaf and Hard-of-Hearing people.

wEth R KR WS B B BH GEEEERR,
KA REEFESE), M BRCIR), HuE SEEEEEHR

- BaY

¢ EHREETFOEEEHOMENEN

S HEBEESHEICBLTECHENH YFEEHEL (1]

S EHEEESEICE T 2288 H U EB ORI EBRIT

F&

& BCEERD Y FE 8D EETEOE
® XLSR, Conformer-CTC, Hybrid CTC/Attention CiHisEER

R

& XLSR ZAFEEFCEMSERFEZ L, @EEES BHREE
BRI TR T 74 oF a—= 09 LEETILLRIEE ST,
EHIFEEEERICRLERE

Table 2 CER of s which 1 after trai ing 8 il peech,
where “pretrain’ o-trai y XLS-R, “Defa icat -1 train-
IK, MLS, CV, VL, and BBL, *=" and 4" respectively indicate

ing XLS-R, that is, the combination of VE
the order of training and the concatenation of datasets.
maodel train/pretrain fine-tune JNAS CER DEAF CER
Hybrid CTC/Att  JNAS DEAF LR 0.1
Conformer-CTC  CS] + JNAS + CEJC + LTV JNAS — DEAF 29 15.3
XLS-R Defanlt — LTV JNAS + DEAF 4.2 186
XIS Defanlt = LTV JNAS -+ DEAF 1.4 15.1

[1] Abner Hemandez et al. "Cross-lingual Self-Supervised Speech Representations for
Improved Dysarthric Speech ition,” 2022,
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(44) #m1H 386H (k) KRRY—L1 1-0-24 ~ 1-Q-27
1-Q-24 1-Q-25
1-Q-24 1-Q-25 JL—LBf-RFEMBCHEHHYFEFIC

ChatGPT [k 5T —4#iaRICE <
BFHLTAARISEIEL =
BERRHETET ILOMEE

Construction of a Speech Recognition Model Adapted for Electronic Medical
Record Entry Based on Data Augmentation by ChatGPT

#LI CHENGFENG, B, EMibEE, LMEE (SRR ERE)
< HR-B8 >
& MG TR RAT A0S KBOEET X AT —25EFLT, BEETIL
e AL TEEBEEOWE CHH (1]
* ERSMEEERAOTTRRAM —5EEL T, SEEMESNETD
< BEFZE >
& THRANT SR Sk DR A AR

& TXRMBET —HLRI R AF A EG
< SRR >
& ARSI AL - SR T VA EREEETILLHAL TERR
R EL
& JPAFa1—=2 U= BT )LIZIE Shallow Fusion F#EERLT, BF
AL
Table 1: CER(%) of Language Model Fusion Experiment
SF DRA
Model | base | LMggig | LMuew sgr [ LMotd tgr | LMuew ter
ASRp... | 320 2738 19.0 258 159
ASRy 131 1.6 186 14.3 136

[1) WIBE. #iS, BHGE LEEE (RIS T — S AL Ot OSCER SR SR RIEET L
DHREE SPEASIP T7—9%av7, 32023

1-Q-26

1-Q-26 Za1—ZIRY McEDSER
FI2AXY NDIOHDETIVEIE - FBE
& &K UHRE O LR

Comparative Evaluation of Model Structures, Training Methods, and
Features for Phoneme Alignment Based on Neural Networks

OBBILEE (Y /\—IT—Y v k)
» BHR
» SEFEOendtoendBEFERE - ERAHETILO
ERT A MERFERLGERRAEB B IR T+
» Fik:
» VAEICL 55 - SEREERRE
FIAAY FORZAWEREFE
» B RALGRBEREICELDT 77X MMEBED B

» ConformerTy I—4PBEHMAHEER Y hT—0 DHE
» forward-sum/HMM/HSMMIC & 2 kiR R 4

» HUBERT*Whisperic K 25 #SHEAD

» BERENAL vs RAEEAL

lil [T ﬂild

Fig 1: Alignent result using the proposed model,

FHAA-FEERRETILOLAY—RISDH
What Do Self-Supervised Speech and Speaker Models Leam?
Mew Findings From a Cross Model Layer-Wise Analysis.

OFRENR TIIOTI—Y, HFHRL, WHET,
ERA— #EEH (AXEEERSFASD

S EFERITECEETHYEE (FFSOL) & MREBELI-IL—L4
BRHOEFR[EFETHEIICEEIEATLADITHL, EF, &
EOBRELEORFEUOEEHHREIRA S LITHEL-ES
SSL MR LEALTE-TLND

& LA LGAS, BFESSL &IFHiBRIC, S SSLABREDEDEL S
HERFRW{EIRATLSONIDLNTIE FEAEFMSTLVEL

® T THIETIE, B SSL - 558 SSL - ¥ VIEEEETILORE
OEWVEFRT B2, 2 BRAOFE (Fn—EVT422Y - 5Bl
FESH) 238 L TRas - EEAICHET % (Figure 1)

SEHHD, 2 DOFEETIUIFICHEBTRULRI[ERL, Th
HEEE AR DREEICDEA > TSI AR EhT - F. o
NOMETIUELERE SSL ICRoh A& SUBmELREERAIESL
TUWVEWLE I THoT=

sszom muzau

ASPLENFFN4BR

—W_Sell-attention

W Self-attention
3 X

Figure 2: Simiarity results of each layer
DINO wil

comparing
model, (B) DIND with WavlM Large, and (C)
supenvised speaker modsl with WaLM

Figure 1: Schemalic diagrams of the analysis
methods for the direct and indirect comparison.

1-Q-27

1-Q-27  FIRNet: FO Hll#EI A 87 HRA >/ VLR

BEICEIBR=1—FILRI—F

FIRNet: fast neural vocoder based on finite impulse response with FO
controllability

OXRBAH, BAEE (NICT), FEERE (NCT/ZHEAL), FHtE (NCT)
SERA L ULRGE (FIR) 1285 <EAERE (FO) OflH LU
EEL A AR = 2 —F LR —4, FIRNet 18
& =R T IWAETIVZEDE, RERMERI-H L TESEEEN S
—a—F)Lay FEELTHRONAEHO FIR EHMEREAALIE
TEERLEER
@R L Y, 1% 5 FIRNet [Z=2—3S)LRa—F &L LTDRE
FHEHEL DD, FO L ERDESWBRR 0 —4 LEREEDR
i diae i)

Cont. Fy Excitati | Residual |
ViUV . generator I IF[Rﬁlter hluckl

FIR filter block
b +
Acoustic
features il m WF
Mixed Residual Speech

excitation signal waveform

Fig.1: Architecture of FIRNet
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1-Q-28 ~ 1-Q-31 #£1H 3HB6H (k) HKRAy—=i5 (45)
1-Q-28 1-Q-29
1-Q-29 AARBEEESHICHITH3EETAIERD
1-Q-28 THF R MRRANEE W FIFIz L AtaEE
pﬁ I_, ﬁﬁ?ﬁﬁ‘ Prosody Improvement by Using Dialog Action Information in Japanese
Speech Synthesis

Spoken speech synthesis with text style transfer.
LR A, KM, FHEE (BK)

FTHEAMFHGHICBWT, BLEER - ¥+ 77 2@k Yolbk
TRZAN) B LEEHEGRT SO, THETTHL 15
WETa7F2AM) BEDAZ A ALFIARELERYEHTHE L ER
sa, Fusld, Conditional VAE (CVAE) (2 EHER & {7 [ 1 sh 1A &
WAL, /AT ULBHADARA LT HFA T =2ty PR
T7HF R FAXANERFEREITS CVAE+Atn ZRB L. 2612,
CVAE+Attn THER L= 7+ 2 F 2R IERERCE LTRHL T,
BRI TR, BUEMERTETLDAZ A MIET Z L TERIL
HMHERLFHEAREE 75 CvleCVAE+ALn+CWAPE Z$2% L
ZOfFMEERLE.

ARANGHENSTEFR P EEHER LIS, Z0R51 %R
TWHEHBLRENICR>TWAZ L, T7FA FOE®EHEEZDREWE
BTHLHIZEMHNETH S, AT, 7FRA ARSI AERE TTS %2
HMAGHETLER 2 2OBEEMERTE 2080ET 2720, HABEFL
S — 02 ¥ HAE Wikipedia 2HWT, TESEosEH) GELE
- WESH) CHTEITFXRAFRAXANVERETS. ZheFFA b
DEBEANHT 2 FHIFMEERS R, S, TFR P RE A LERERH
Wiz TTS Ol EH 6T 5. FliicAlvETFRA My Tro—
#% Table. Uz,

Tablel. Sample text used for TTS
ERH THHSHTHET. IHLLEAZEFANASTANONTERMLELE
KRk A-FhbaibdT, BALEBLBDETFENASTANORTERMLEL:
M AETh#ET, ZS6EBSEFFTAASTENVETHELANOWFEINRL £ L1

1-Q-30 BB IR AR E G AL

WEETVERWV-BEEEH
Speech Synthesis Using Denoising Diffusion Probabilistic Model
with Implicit Nonlinear Refinement

wiEAE LHE FRHBEIR)

S HLELFE TIVISH 1T DILHUHIE & B IREBTEI BV TIRRI IR L 7]
BECLI-BEERETIVERETS.

@ Grad-TTS OF7—*FF4 F ¥ E~—2A & L, Implicit Nonlinear Diffusion
Model (INDM)DEE - R T7ILT Y ZLIZE SV =Fa—4ZHAL
1=

S IREFRITLLIEHBEEOREEA—RATA VETILEEEFULD
MEREE R L, HITHER T v T8ELG LI-SICHRERIE L

Table 1. The MOS with 95% confidence intervals, MCD (Mean Cepstral
Distortion), PESQ (Perceptual Evaluation of Speech Quality) and RTF.

wEBRER SR, REE GRAR-1HED

@ 23— TAFUIIEIT HEEERETIT S TTS ETILVOMRITLE
LY AR TIHE =274 F o123 25 TAERE AFERE
PEAVSTXA MEEERETIMIDONT, 4> b—2 3 VDF
WM — 2T A F T OFRBUT dESEEHEE L=

¢ PEORBEEI—/ RIS LTHEF — OSBRI 55
ALEFS LTEET—2IZALV:

& 12— a3 DERMEITRET S XAB TR ME, HEORTFEH
[T—EOEFEE LTARERERELTA— T4 X5 0BRMN
%305 AB TR FEERELT-.

S ERONETAEROANTEELE LR, HiF5HTAERN o8
FEREFRETFALZOARERERE TTS ETIMANTHET
DM — T4 X T OBRE EERIERERE L. &2
MFRBREAOANINE—2TA X T OBREERETHI LN
g EhT

= S et B ~ express turn-taking

training | sceeny” —— PBT label generator — Plx! !hi Lwn
phrase | e
tewt L model " speech
inference Seatires PBT label predictor —— Ill [ | l__dlzlu et
dialog act ___ predicted ( Iab‘eﬂ; )
st PBT labels

————————— accent phrase level —--eeee--

Fig.1:Concept of proposed method.

1-Q-31

1-Q-31 BAREBERIEOBEMLRIERZMIL
IZEDHEFE—VICHLE-BES

Speech Synthesis for Japanese Conversational Scenes
Based on Implicit Speech Style

FIBEEE—, EHEE FERBEIX)

#Chiba 5[ZCEJC DEFEDE SR LTHR FEAVTETFSET
Ly, 7 EOHRBEFIAEITE, ThoxBAEAESIENDEEN
IEHFRAAIE LT

¢ BFEARSFEEENRT -0ICHEL— ID LETILE, BFE
BESEICFET 5 LR -EFO&EME L —OEFERER
LV=ETILD 2 DOMEE—vIZEbhE THIERIRE SR ST T
IWERET .

®3EEL—2 ID EETILOEHEEDRE TIIN—RETFILELER
TRFLLEDOMREERLT-

S EFERERAVVEETILTIEAREEOSETIE PESQ LS TA—
AETIEHATREFLU EOMEREE R LT

Table 1. The MOS with 95% confidence intervals, MCD (Mean Cepstral
Distortion), PESQ (Perceptual Evaluation of Speech Quality).

MOS MCD | PESQ

Ground Truth 428018 - -
FastSpeech 2 255016 7.80 | 082
Based on Speech Style ID 226013 745 | 086

MOS MCD PESQ RTF
Ground-Truth 4.77+0.07 . = -
Grad-TTS 1 2.77+0.13 7.343 | 1.188 | 0.008
Grad-TTS 5 3.86+0.13 6.976 | 1.193 | 0.019
Grad-TTS 10 3.96=+0.13 6.930 | 1.212 | 0.033
Grad-TTS 100 3.90=+0.13 6.917 | 1.193 | 0.292
Proposed 1 2.15=0. 14 7.223 | 1.189 | 0.020
Proposed 5 3.99+0.13 6.943 | 1.196 | 0.031
Proposed 10 3.90=0.13 6.947 | 1.197 | 0.045
Proposed 100 3.80+0.13 6.934 | 1.205 | 0.306

Based on Factor Score of Speech Style [ 2.89£0.15| 761 | 076

AAZEEZ2E151H (20 2455%F) ARERS




(46) $£1H 3B6H (K) HKRY—=215

1-Q-32 ~ 1-Q-35

1-Q-32

1-Q-32  HFERA=LITFEXEOTHOER
ERASA L DOET MELHIEIBIS HiREt

A study on modeling and controlling multiple speech-rate styles for
English listening leaming assistant

+ FEIRE, AES & P R G

S FHETIE, RBE)AZUIEEHIRERATLOHOD, (EREFIE
BREL TR FEBEAHETIUZDLTHEET L=,

SIEEOFIEEIC L VR LEEOEE CL BN RAY, HEEE
OREMY 0T S EEERIFS,

S EEFTEHRICHVTL, SBEOAL ST IREIIREL TELT 25
BEBREL, FEEEHEHELBAEHEIC K YLl viSHE DR,
ELLY

SR T, EE - BRAEEIC L AEERA L (Fa—/ (ADIEL
FNERL-FTEP, SGRRBABMOTEICLY, HECHE K
79 o5 E L Y ERICERATEEL TTS £5=1R L 1=,

®Ff, TERAMIUO—FISGEEFREENTANTHILET,
EEEFFEH LGS, REREICRGFT AHHOBRES S E
HIENFERETES

Table 1: Comparison of conventional and
proposed encoders by MCD (dB)

Speech rate  Conv. enc. Prop. enc.
Slow 6.71 6.63
Fast 6.77 6.75

1-Q-34

1-Q-33

1-Q-34 HZEERIT TS YRATLDTHD
REESRBHERERRL:
VITS DEBEFEDIRE
Training of VITS model reflecting the duration of a physically unimpaired
speaker for a text-to-speech system for a person with stutter

*RAR FR LT BE, BB 8- R E8° RO '
(HBFAER, 2JST SEANT, P ABRARREAS)

& AR TIL EEEOEE TH DI EN AR AT LAOEREBNE LT
BESHVATLTHS VITS OFBFHIONT, TFR MERETIFE
LEEEERHRREEAVSTFZ0 2 FEHEET D,

& EEEEESHICALTIE HRLHIh A EER TS FIFS R E
hBIET TADSEECRIMRE) © HERcRELRE] ARBELTLES
BN H 5.

& TXAMERETIFATE LEoOMEEREENS T LAFEELIA
COFRIEROFEH I ->TLES.

¢ FEEEREGRAAVSFETIE MEHICRIVAL) ofEITSES -,
—A, TASCE L AL) OREISOUTIE, ERtlREICIE i -1
1LOO, RIEEEELHHEEEoNTEEIERTELILEHIEL .

Fig.1 Proposed training procedure for the stochastic duration predictor of VITS.

HEIEEUH

1-Q-35

1-Q-35 EFEAHAI—/ S\ ABLUBBRIEFI—/SAD/N
ATVIRETILTICLHAERFEEFOERK
Synthesis of daily conversation speech using a hybrid model of read and conversational
speech corpora

HENRX, FXR(FHEX)

+ 8
BAEAESEI—/{A (CEJC) hSEAfEliEEE. JoERHEI—
IR (JSUT) MBRARY MUERESET S EI2EY, BAHLTFE
FOEREAFUGEEREDD, 41V br— 3 L PEEDY XL
BEEEFTOLOTHALSUEFEEHTHLEHAD,

* Fx
CEJC EFILDARIMLTFAEDH%E JSUT TIFAFa—=y
LI=ETFIL (Hybrid) #12RT 5,

* iR
Hybrid EFI/LIE, BERFEEFL LEIE JSUT EFILIZHAE L,
CEJC ETILELY HBARUERENSHTEDS LRSI,

ol 60

JsUT cEx Hybrid J5UT

CEJC Hybid
conditions conditions.

Fig. . BRER{E(%), AR SEEFRLLEHE)DFHERSER

AAEEZ2E151H (20 2455%F) HARERS



1-Q-36 ~ 1-Q-39

$£1H 38B6H (K) HKRI—215 (47)

1-Q-36

1-Q-37

1-Q-36 EBFEEAVVLET -4 LONENEEESK

Lip-to-Speech Synthesis from Low-Resource Data Using Transfer Leaming
OMEED, BAR, SMARE (LMKE)

¢ OEHE, S EEFHEE FIT SN ENESHES/MIE IRETT
—Sy RSN TV EETOREL T HFREEDT 41
whhUNRS EEEICILERA L.

¢ AR TEAEHEHLELNGL VR T CEARREE T H1=8 8
BB BEEHUOMAILEREI LT, TTS(Textto-Speech ET LD
Tacotron ZHATFE L THEF Decoder ZHEFL, E5IZF D Decoder
ISANT HEEESE L=,

¢ EROBRTTS EBFEILThOT—2EIBLTLERERED
FHEERA AL LY D ROT—2 THBA AR 0T,

& ERBFEERIEIR T2 EATELEE(1000 XLUTF)TIZERATS

S HLEET AN HHESICIXEBRFEEOH DA RIFEof-.,

PESQ STOI WER(%) PER(%)

Baseline(3000) 1092 0587 5066 2467
Baseline(2000) 1072 054 7054 3312
EHAH (3000) 1099 0615 4019 13.22
EHEHE (2000) 1093 0571 4613 1586
WS (1000) 1050 0467 7829 3738

EHEHVQI000) | 1086 0501 4285 1411
EBEH-VQ(2000) | 1.082 0574 4672 16.65
EHEHEVQ(1000) | 1084 0579 5640 2258
EBEHVQ(500) | 1061 0493 7058 3040

BREREOERAETHEER

1-Q-38

1-Q-37 NecoBERT: BEEMDT-HIZHHFE I
Shi-BCHEHYEBEETIV
MNecoBERT: Self-Supervised Leaming of Speech Representation for Speech
Synthesis

©hHE E, k{8 =0, Wik 6, &l fmen RE KR 1EEHET)
Neural Audio Codec & SSL ETILEEE
® EEBARICEN-ETILERE
> SEEEITHENEREE FIE
> —EERTIEAILARY FATSLEYERELEFESH

Z: Ground truth NAC | : Co Trained
quantized tokens | | | N parameters
Frozen
______ § cross entropy loss [0 1y

F(X): Predicted NAC P )
Continuous

quantized tokens © ! % I o
y variable
Transformer encoder _ [Discrete
I’} . Tokens

X: Masked NAC [ \ -
encoder output |J ) M) M) O Posmc‘lnal
) | encoding

NAC encoder
/Convolutional layer basec&
1. 1237 % NecoBERT DET/UEBERUSFEDFth. M TREAT
WADIEZ RS Ehi=Neural Audio Codec Ta—5HATHS.

1-0-39

BT BFATTILIZEAIEOAHARITE
HAAAT-BEREET IILOREET

Investigation of speech editing models that incorporate embedded
representations with pre-trained models.

OFAf£ih, PEE(EHX)

& SERERMTL X, BEO—HOEEEREEERZ. TOEEDR
BANELEDHRREED LI CEEEERT AT TH D,

SIEEDOEFREL. BEERLEOREFTR S 1 ILOEROEENH
LW &S EEA B o 1=,

& XTI, RO SEEEE TR CES B TG L =R
FESERETTIV-DLWTRHT A,

- M

Transformaer Encodar

Taxt Encodar

Text

HEIEEUH
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(48) $£1H 3B6H (k) HKRRI—=5

1-Q-40 ~ 1-R-2

1-Q-40

HEIEEUH

1-R-1

1-0-41

R RIS DN TR RS R ITT R
Effect of listening difficulty on neural oscillations during speech perception
*EEEH, KFH PIIHEHE(FER
& BEEEEIHSURA=LT T4 —b (LE, BEEE 510 CHCEEERO B 0ig
K, BREETOANLAPERENS ESERLL GEIEh D255
& HETOERHETSH LE ITELT, oo iiad 5 LoEShT
La L, YA F(IMES T TOER TREL DR DLTIEMR
HZLLY FHIETIE, EM &M EHGEL., SN HORAGD/ A XEERLI-EEOR
A U, M OMRLSREDLERELT, ESFELS—TUMEENREE Bit
F—EEEDISETORIRIREREL, o FHEOiREEOMRETA~T-.
4 EM FTIE SN EATTFASIZ DR T, IM EFTIEE—7y MEEEHEFTED
SELEEABVEE, BEIRENETT 52 LARERENI: (Fig1). oS04
& EM-IM WFhOFHIEWTE, IBEESHHC~TEmL (Fig2) &
BRTOY I (N=10)TIE SN Lk, RU., WWESHEOIBE G LI-HETH
[THEUEMIRRES NG of-H, EM S TIE SN HAYELY (LE ATELY (F
CEREAMEIIT 5T, IM & TIE& Y EIEESEAYEL (LE HYELY T,
TFEOMSREA YT HIEA R THh D, CORRE ofFdoikEiht EM-

IM TR <H L TRE HEBER - L TLWARIREN HH L EREL TS,

0 s ) N ) e
£ T

—ansa —wansn l —— namsn
= - mme MELL  ed B B

sivunsnanni
'
x.

Fig 1 Comect answer mte. **p<0.001, ***p<0.001 Fig. 2 o bend power. * ph05 (main effect of sttentional vs.
{(Comected for multiphe comparisons with Ryan's non-attentional condition)
method).

1-Q-41 DNN EEAMETILEZEED=6HD
T—RKELIZEITS
BEEESOMIAEICET 51%E

A study on modification Methods of speech signal in data augmentation
for training of DNN speech-synthesis models

O/NMRE, IREFFH, BEME(REX)

®DNN BEARETILOFESICENT, FET—2 ORI
BREICKRE(FEEE5ZXHLNOEEZ, BREERL-FFH0O
iR S F A S D Method 1, 2, EEE & EERS &L
T=t+% Method 3, 4, 5, &5t 5 HEADIKIE LFAICDLVTREET L=,

S5EOKELFEDIB4EEOFECBENT, FEL-ETILER
WV-BEQERICER LT { ot I CFEHISBFEEIM->T
WA & SUEEHHH LNz Method 2, 5 (E, EEOERICHENT 58
AN 50%E FE -1z,

& IRERICEE L= Method3, 4, 513 SRiEhAEHEOEEIE
KB LA LIZE S, REFFBATHDLSITELoh, TREHER
5B L HRHEENE otz ShEDFEDS S, RLEEOSHE
FREO®EFEEL, BFESEICHEi>TL V= Method 5 TéHo1-.

MOs
= N R RS |

500 370 3.02 392 373 388 432

2 B S
cfﬁﬁkwkwkwkwkw

Fig. 1 The mean opinion score for each method.

1-R-2

B2 sam L amEEOERSEMIEOLR

Comparison of phonemic restoration between young
and middle-aged adults

wilmiE FRE, KIE F o)l SR (FEER)

& MRS ORI - BASREOIETAR ohd—F T, SRS
[FElE L EFEETENRN I LRSS h TS, Thda, HeREE
I3, DOfsl < S thDATR - SRAMREDIE T 24 S BREIER-LTLhdH e
SREAREREEA TN,

& —7, EEEEHRE LR T, BEHSERIEE Il 3R SR
RREZERT LT, SHREEMEENSR I JEATRENTA.

& KR T, EEEEPREEICHTHERIBERIE CDLT, —HRE
[Zd AL EOTHE L. SHEERETIE 4 T—508ED

1~4 XFEOFEEHRIT/ A XEER F=3 ERL: #8E&ET22

OEEZERL, #5T 53T o SRS LD EHRNE

TSI LD SREENBELBISENECLTVWS LRSS
SIREREOADIES, PaEE L EFEORETR ohah ot

QFIE#I:ETEEQEE%_'-;%LT FHTlE, SHEEEROADESEYE, PR
FEEBTIIHBFORERNEML, SEERLVEE i1

& FERLSN SEEA RN DRI T T, Ml SV SERSEAE LT <
BHIEETELTNS.

>

a8Ba8

-

smgle Jspan  4span  Sspan  Gspan mingle 3span 4span  Sepan  Gspan
dual tarsk task chual tak
Fig. 1 Perc enlige of comect responses 1o phonemic restoration for sonorant {A) and obstruent (B)
in the dual task. “p.1, *p< 05

c2BEE8E

So

Incorrect answer
for cbstruent (%) =

Incomect answer
for sonorant [3]
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1-R-3 ~ 1-R-6 $£18H 3H6H (k) HRR5—=5 (49)
1-R-3 1-R-4
1-R-3 BFEN L DBFEFHICHT SHEORE 1 R4 EEERMFEETLCESEEZEO

IR ALIE 7 R V- R E SRR

Effects of hearing loss on discrimination of emotion in speech: Experiments
using simulated hearing loss sounds for normal-hearing listeners

OAES GOBILARD, £E —F AR L2 AR 2 AH EXETLL
& SIHEEAOBEEEMESEOMRIAE BIsT AME TIL RiEE
ERRIAREBEIEIE A B VTR Z =
o FEAY—ZUTEEL S 47 BIEOEEE SEBESETELS
OLIZERDAETVERS BU - LA - BY) 5L 10
BAEEAhH,
o BIEMEE—T 4 LY LE-EFEEAVTIERETEY BLSA -
RY)) OFERE S HDEERE, 5 PSE/ND 3.
o RTOBFRIZENT {EEﬁ%k'E{Unpro] &mﬁﬁcﬁﬁ(aow)r’ﬁr
PSE/ND IZHEZEL L BEHFRIEROM
LU alsEtED D .
S REEOER LT -0 SIS EHRE LI-ERE =
o BU-BUROHETHEL LHLLZ Ehhh o= [FREERITS
HOFETHD.

Figure: PCTQ;esuIt and psychometric function.
left:  Results for normal hearing (gray: Unpro, purple: 80yr.)
right: Results for elderly (green: Joy, blue: Sad, red: Angry.)

1-R-5

1-R-5

FA—IRIRTOEMERL
BARFEOEETHREDEN

Comparison of speech intelligibility between synthetic speech and
natural speech in the same environment.

@IS, HEBEALS, AMRFEHENTR)

®E, HEHIAREEOSEAWIMIZE EL, MOS 45 DMOS OEH
B CIEAMDEELFFELL GELY) FEEAEOhTNS, &5
TIFAHORERF L FFE LV BAMEEER LTz Tactron2 ZALVTH
FEREETRESBRAEE T2y b 2007 (FWO7)DEREEEE
Ty bEESHRL NHOBARRKELRAES TERTHREELE L.

& TSRS (BARE - SHER). BEE & -8, 1210
AGEBADEED THEDHEWEY) & #5F 88E 12/
AGERA LM (SNRT B O THEOH L5 TiTo1=

SFig1 IZHBOHLEMN TORREREER T BARELVE
BEBOANTREMMELMERIZH 1=, Ff= ALY, =
EHDERER - KEERELICEREN B O,

& "R, SEfERL-AMERIZK S FWO7 OFHEESICIE &
HEETOT 712 FIS5—AHY (BERBETH 21% SEHEE
THI4%), FWO7 DIEESRETH S35 morals & UEL Y 7 morals
12 ot=M% FW07 DIZEERICHRE L= L1828 LTV,

Haigh amisatiy

.“..«. _
PEETTTENT S

g
=

Fig.1: Results of under noise conditions.

hiIREE AV - BAREHEETREDHETE

Estimation of Japanese word intelligibility using latent representations of
speech recognition based on large-scale pre-training models

Yo ARENELER, SEREFEA (LR KRR- IS

ERTREOERIEFEL LT, FIESETILEISAHTEIR
4 & LT JDRT (Japanese Diagnostic Rhyme Test) O ZFEA

S HEEETEMSNTULVEN o F=, JORT HEDTFEHIFREN L FHD
HE - BT ARSI AR

¢ ETI)UET 23— HUBERT BEEEETI, T3—5I1224935
ANFADHIETHEAL FEIFEGITIES LI-ETILEMER

& EEENEICH LT, BEIESFITORIE exp-word)ZH LN THEEM
0.94, RMSE 12.86. E3ha8ii & 14 L FREEDFEEZER

& FEREMONT VAL, RMOBEE T SRR GRE

S 5EONERE LT, CTCIREL VORI Y FOE—REIZLBHTILF
BRI ETIVOEE

o
SHR{dB)

o
SMR|dE|

Fig.1:Correct rate with subjective(Kaga2006) for each attribute vs. SNR (Left)
Fig. 2: Correct response rate with HUBERT(exp-word) for each attribute vs. SNR (Right)

1-R-6

1-R-6 FIRBZERRHZT OREERIZHNT S
REEOTFHEELE:

/ARG ERUEEBEICLSHIRE

Involuntary vocalizations cormesponding to modulated frequency:
effects of noise masking and type of vowel

Yo KFREGEEEE0, ARECETILR), RFHFREERERR

& FRIF ARG ARSI RS EEM L GA b —EDE v FERE
T 5 ETHRONATHERIGHEISE = D2WT, REEA~D/ 4 X1
SRUREBEFREICL IR EIE L.

SRHEICE EER BMESELL SEEEREL. ThTh2s
cents MIRIE CEARRMZINZINA f-. SF(C(L RIS ZTEHR
Lih's, 120Hz OE v FT 13 s MBROBEFRE I BT,

&/ A XEE (Fig. 1L) TlE, hiol2 D/ 1 &5 L&
ATz, HESEE /A XERTIHOH, BEER (Fig. 1R)
TIEBAE S BETITof=

& / A ZOFFEIZ DV TIERHFRIGHRNR oh o o f=, BERRIC
DWW TIE SEABEF ESMEDBEAAY MILOBRERET D,

o
] i | I B .§$
i e D0 5|
' (LR IR I
— s T v T, T,

alueo alueo aluen alueo aiueo
[W— B I S— N S— —
SINE SINES MFND MFNDH fullSINES
Stimuli conditions

\
E
[

Deviation (cent)

SINE SINES MFND  MFNDH fullSINES
Stimuli and vowel conditions

Fig.1 Mean of pitch response to auditory stimuli.
Left: Noise Exp., Right: Viowel Exp. Error bar: SD.
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(50) $£1H 3B6H (K) HKRI—21F

1-R-7 ~ 1-R-10

1-R-1

1-R-8

1-R-7 Conversation Scenario Classification Based
on Conversation Entrainment

#Yuning Liu (JAIST), Di Zhou (Kanazawa Univ), Jianwu Dang (TIU),
Aijun Li (CASS), Masashi Unoki (JAIST)

4 Problem: How interlocutors employ various strategies reflected in
entrainment to guide conversations in different scenarios remains
relatively underexplored.

4 Aim: To investigate whether entrainment exhibits different pattems in
various conversation scenarios and may have the potential to
enhance the accuracy of conversation scenario classification tasks.

# Solution: This study proposes a linear model to describe how
different dialogue strategies modulate and integrate entrainment
calculated by various speech features.

#Evaluation: Use a dialogue corpus containing four conversation
scenarios to conduct classification experiments by using entrainment.

4 Summary: The entrainment exhibited distinct clusters for different
conversation scenarios as shown in Fig.1 and the potential in
classification task.

Largeatd Toetion  Seallest)

S
¢ 1%

Comp 2
Comp 3
Comp 2

» Ay
s
. ® Surrg oo
i &
- aacorn o BE1 Flgcore s 082
Comp 1 Comp 1

Comp 1

Fig 1: Modulator funclions in different corversation

1-R-9

1-R-9 HF—MtEFEMHLEAHERLV-2IEEFIC
%19 % non-intrusive T AZEHETE

MNon-intrusive Intelligibility Estimation for Degraded Speech Using Gated
Activation Functions

©hiEME (RATR), SERRFIEL (LK)

S UEEOTRERESZTIIEE D 4 L2 2L FAREGHEA T &5
BT ORI T ABEAMTTERA S TLV:

& AR TIAESED;RE £ L 1= Deep Neural Network (DNN)~
—A®D Non-intrusive (REFEZRELE LELY) EEETIVERE

@ 2R bOYSLEANE LT, BEEEHTE > 1 DT L3
&7 — MY EFEIH LB E ALV -EAMF TR E 1T 5

& BAEE (BETHRE), PEE ETHE IEOT—4tv T
S USSR £ 42480 L IER4ERE & RMSE CEH

@ B577 Non-intrusive %0 STOlnet & SRMR EHEEL TBLEET
TREMENTRETHH L ETT

MNoisy or clean

Fig.1:Overview of the proposed method for intelligibility estimation.

1-R-8  Leveraging Equalization-Cancellation
Model in Speech Intelligibility Prediction
for Hearing Aids
¥r Xiajie Zhou, Candy Olivia Mawalim, Masashi Unoki (JAIST)

# Aim: Investigating the Equalization-Cancellation (EC) model to
improve speech intelligibility prediction for hearing aids.

4 Problem: Individuals experiencing hearing loss face difficulties in
perceiving speech intelligibility in noisy environments.

# Solution: The EC model in the proposed method was employed
to adjust signals from both the left and right ears using binaural
cues (equalization step) and to eliminate the mutual interaction
between signals (cancellation step). This enhances EC model's
capability to differentiate target speech from background noise.

# Evaluation: The speech intelligibility prediction methods were
assessed using the Clarity challenge dataset with three metrics:
Pearson correlation coefficient (p), root-mean-square error
(RMSE), and coefficient of determination (R?).

4 Summary: Compared with HASPI, proposed method improved p
by 6.4%, reduced RMSE by 14.0%, and improved R? by 14.8%.

Improved SPIN

(HA system output) Equalization-Cancellation Model
H"}* Ime & Level = | Binaural [ - Speech

w | Jitters Z| cues |2 ; Intelligibility
i i 4 k] WavLM Seore

i' El * Fearture —+ LSTM ——

" B Extraction
ime & Level Iu_-J =
RO Lo i ol C N

Fig.1: Simplified Overview of Proposed Method

1-R-10

1-R-10 BREFHND=HD
EHEHCHSERICEREFE

Representation leaming based on variational autoencoders for imagined
speech classification.

OX%H & ERE— BOEHh (PR, SIS (THEX)
SMEER T2 (IUEAEE L <, S HICEFEEERORKESIHES S
BHEAMEL V=8, RIS ETILOFESIEE L.
SFEHDEANCE R DRLEHT—2 2 EONESORHERREES
THILTEEEEDAEREER LTS AN H 5.
S ERETIE, THECHSESE VAE) 2BV TERAOEEFEER
USRS ORMROS SRR Z$E LI 1T o1
S VAE FRV-EEEFEE L VAE OEEAAOETIZL->T, HEERF
OHFEREORENRLE LTz (Fig.1). £z, Conditional VAE ZFLY
= TF—AERIC & > THHEFEEHN AL LT

Macro F1 score

Subject

Fig. 1 Macro F1 scores of imagined speech classification with transfer
learning. Each errorbar indicates the standard deviation.
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1-R-11 ~ 1-R-14

$1H 3A6H (k) KRRY—=H

(51)

1-R-11

1-R-11 24NN RN EREE I —R /D128 T5H
SE-BERTORIEICEZLEE DT

Study on the effects of air and bone conduction presentation on speech in
formant altered auditory feedback

OLTM®RS, Fik EA, K #HE (JAST)

S HIEETEORE 7 +— Py VERICIIRE L BEAYHET H0% B
H-FEREB A H =X LOMEAEBME LR T, [uEE
TI4— RNy O EEEERT HBENELAETHD. FD=H
74— FA\y I BEEORTEROEVHYRERE-FEHEHHE - DL
SRR ESZ AOMEHHITBHOMENTLVELY,

SFMETIE, BT «— PV I BEEOTE - BEORTEROEL
HEEBERFCE DL S ICHET 2OME, T4 FERER
T 4—F\v o (AARVERLTERET L=,

S BREREEESAENRIC, BB/ LIEHTFTHIHILT R
AAF FEEEEREER LR, 8 - BHOIRTREROEL IVe/D
F2 #{EREI SV THERSN . Th&Y, Z—FNusEE
IBTEROEVD FEREE A BB £ 5 2 -AREEh SRS S h -,

—ac|
—Bc|

F2 changes (%)

1 10 20 30 40 50 60
# of Trials

Fig.1: Pattems of change in F2 of the vowel fef under air and bone conduction presentation conditions
under the formant altered auditory feedback.

1-R-13

1-R-13 FEHEOEREELES
15::&3_53’--\’./5%»“31&0)?_&)0)

HENEE —LT4—<

Low-latency beamformer enhancing mixture of
undetermined number of sources

ANing Guo (AudioLabs/NTT), OSh &[5, FATF, SF&E5L (NTT)

SFHTIE TEHBOERESERHMOBETEF v o +J)Lch)igk
LTHONAANESICHL, {EEE (=20 ms) M DIEEFENE
T, £ERESERFLOOERHETOALIES HER/ T A )
w9 %ch4—+ 743 (Mod-PMWF) #3239 5.

SIEFRICEY, FIRIE AEOIERIKRA TR S ch REEIRERI T3t L
T, Y7L A LNETHTENET 2EANEHIE—LT+—7
(BR)ZZEIRTES.

#Fig. 112, MUSHRA 7R T, MBSO EZHE LR Ex
7. B&Y, Mod-PMWF (L, thDTATOFEEES, FEEETT,
MEtRICELI BN BESEEER LTIV LA HERTES.

5 ‘Inpul RMNR: 10 dB i Ilnput RMNR: 20dB o Total
4 I
80| 80| s
i T
60 I T 60) { I 60/ i i1
T4+ | T
Il .
40 Rl 40
3 @x\e:\‘\“gé’ I e o
y’ef; kS X @ﬁ@“’\\d‘\’:@é *i“’“ o
& é‘%"
Fig. 1: MUSHRA test results. Error bars indicate 95% confidence
based on t-distribution test.

1-R-12

1R12 HETHEBEEHEICS 1T
RAE B INEEH DR EHE

Study on robust distorted speech quality evaluation method
for hands-free communications with auditory spatial perception.

ORR #F #t R T XF Pl ¥
(BFBETEHAR NTT 2o 1—R8F—2Y (I RBER)

& BRI TICHIT HIEFEEEONmES LT, ERMERHEREEE
RV -ZEEEBRERE L. FRTIE FEEGEIAL, R
EEEIEEH & B~ D EERE L O THSET 5.

& RiEE BRASVAOEMEHROLI-CLT, EHRREMLVNEC
7Y, FHEOFHERA AL Lz, #TFLAETEHHET
(separated) 5 & T, Y TIL \—T 4 HRICU-BFEAGEND
CEEHER LTz, EREIRRHEEE, S ERE S O <

MoTREEEZHLOLEZILND,
DMOS parsed S mised
5 (Modified categolys) mseparaicd (previous) = mised (pre

l L w 1] | . % i
1 2 3 4 5 6 7 8
Condition No.
Fig.1: Results of listening tests.

1-R-14

FEERIETVILEFHEIZE TS
SRAARTLAERV
ARYNTA—IYT
Spotforming using distributed microphone array
based on nonnegative tensor factorization

YREAR (FNEE), FH, BT 11—z,
AR (F)IBE

@ 2Ry =32

1-R-14

> Fig. 1 DK SUFFEOMEDIC - Interfarences
bEEMEREMET o &
*RRTS _
> EME—LTA—<—DHAIc  Target on spot  Extract
IRAET 2V VEFAREBA, », ) Target
Aot F'tc_'1|.l'\':1‘h:C E‘;iﬁlrar:g: of spotforming.
=R

> FRETHEFARERV-IERFTES LU
EBET VYV IIVETFHRERVIREFE SOV THAEE R
> SDR PR{E - FAEA L & EHE2

13
—12 i
m 1
U 1
IJDE11 — -
R |

9 ] ——

Conventional method Proposed method

Fig. 2: Box plots of SDRs in simulation when Tes= 0 ms.

AAZEEZ2E151H (20 2455%F) ARERS




(52) $£1H 3B6H (K) HKRY—=215

1-R-15 ~ 1-R-18

1-R-15

1-R-15 FEHIREBFZEIRETSH=1—3)L
E—L7+—YDEET TOAETME

Evaluation of the effectiveness of neural beamformer with automatic
detection of notable sounds under reverberation

#itilll BIK, B BEGRREX)
—MRICE—LT+—DZRT 1 LS GEEHD ZRET HHIZE
BMEAREEDSBIFERNWELLS. LHL, Bc0FE—IC
BVWTEEITREFNEIELEALETHY, F-ETOFLNEDAR
[ZHHOMNEBBATIIGZL =8, FPLEE LTE—LD+—ITBAT
BCEEHLNEEZLNS. COMREISHLTIhETHAL, X8
TAREFEEWRET 52— JILE—LT+—THIEEL, BEER
WCEOREEETRLEZ. UL, EOROEEHCLY, BEIFET
AEREICEVTILEY IR ERE L TR TERWL L WS HE
KB E S ot ARETIE, 1. ERT 57 1 L3 REERREEA S
ERHGEEICEE T B, 2. MEEOT -2 THAFEE LETLERE
BIIZ B A AERY HFREREL, BETISELCHEGERE
ERO 7 AN EERTES I L EHRAL-

] - o
e
e ) «
T ® -4 -g 50 ':
g « P
* i3 . -8
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] 2 -10
8 L N
-10 "
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Frame index Frame index

Fig.1:Two examples of directivity pattern obtained in a reverberant environment
* noise ©: target

1-R-17

1-R-17 CNN ZH\-FLE(C L 2EAEMRH
[ZBF2EHTA oK T—40DER

Utilization of Multiple Microphone Data
for Acoustic Approach Vehicle Detection Using CNN

KRBT, (PRI, RRME, RSB (AWK

@ FA2OWEETIE, CNN ZRVTEGETE, SIBEEHZY 7IL
A4 LIZBHT 285 EToTW5. ChET, BRERERLZEMN
EL, A FRRINDEET—ADBANRRY FATSLEIRT—O
BRHI% CNN DAHET BFEERIT LT

& LA L BROF RS, SETF—40 080N A MBEREERTET
LVELY. FCTHRHIRTIE ShETHEAL TEIRERRIZNZ,
2 FeRILOBET 2B AEHEE A -saE s LTAWL
AHFEICLY, EITHRE, OBREEER LERHS.

SLLEDSEIZ &Y, ETFILLHEOHEHEILH 83.00% LY, RIB
TERDAE 4 FrFILHEE LR, 5#) 6.30pt OFRER %5
L

I approaching I left B no car
1007
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801
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309
20¢
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0

Classification rate[%:]

NonoOnonononNoNnonNononoVnonow

Elapsed time [sec](0.0 means the closest moment)

Fig.1: Classification rate at each time

1-R-16

1-R-16  FEICLHEEEMREICEITS
CNN ETFTILD /NS A—AZF8F B1&5t

A Study on Parameters on CNN model for Approaching Vehicle Detection
Using Sound

Y RPREEE, WA BRI, B FH (KR

& HEL EEFEREROMBIEFBMIC, BREE TR L =S 2R ViSE
HERHEEFRF LTS, 3 AhT—2EPROBRTHEILT
ANTH2 AHCNNETILEREL. LML, ETILOHGEESR
BT B2 TORMAARIZHITS kemel B+ XE(3 x 3)IZE
FELTEY, #hokemel o ZIZDLNTEET L TLVEM 1=

@ AR TIEL, kemel ¥ XEZEL, #ERL UBLRERELBIES
FEBET—ADAIARYG FATILDOA A FEEEEL,
kemel HH4 X& A )L\ FEAURERERE CRIZTHEERET 5.

@ BAILNY FEL - kemel B XTEHE LI=HER, AL\ K 96,
kemel Hf X 1(9x9), (21x21)) DFEIZHLT, BiEAHZ (0.0
) o 5.0 Bah S 3.0 MEIETOESEL, LY 10HRSA 2+
LlbmEE LT
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< 30
5 20
G 10

ol

NONgWVoWoNQNoNgNoVSVSNSNaN

ﬁﬁfv't‘ir‘io.iw-—'-—'ddci.—'.-'o.iol.irl—irliqliqlt';rlhrli‘?'x.o'
Time [sec] (0.0 means the closet moment)

I Approaching B Left W Mo car

Fig.1: Classification ratios at each time in
approaching and moving away situations

1-R-18

1-R-18 #ZKB#EFAL7T= MobileNet R—RA DER B
ETFIVIZEHEESRA

Abnormal sound detection using a lightweight MobileMet-based model
applying distillation

e IBRSEA, ILREEST (REMK)
S HREMN
IyPavEa—T4 2 0RHIc, BAEES  H#FLIEHEE
DLV RGEEERNETILOWMEEXBMNET 5.
SIEEFE
HESDEBIZEY, ETNYA XOXELHEFETILT OFRI
MobileNetV2 A—2DERLTEFETIL S OFHEL D115,
&8
THOT U4 TOERGHESEFE S - BFEOES -
EEEHERISES FEELLGVERELETILSnd £0Z 1320
ETFILT, Source & Target D2 2D KA A L F—A[Zx3 % AUC
(AUC-s, AUC-) & pAUC TOEHTi% LBk L TRBOBREHET 5.
SR
EFEETILS[XSnd EHETHE, &9/ TITHTHRAT
DFFIFE A [2BHFERa7E2TEE>f Fi-, T EHET
HE, BETIWAG A= %1 85.76%HR L EH'E AUC-s [EFEE
1ot
Table 1: Anomaly detection results.
Machine Method T s Snd
AUC-s 60.15% 60.83% 56.15%

Al AUCt 6290% 57.76% 54.60%
pAUC  5951% 57.39% 56.88%
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1-R-19 ~ 1-R-22

$£1H 3H6H (k) KRRI—=5 (53)

1-R-19

1-R-19 DRREBBERERA:
EEFRAMOA T

Evaluation of the effectiveness of anomalous sound detection
using classifier and reconstructor.

CRAEK, ILBRE (FEX)
& FEHET—2OHFRLAEENG LFEEICEL ST, FHNOR
BEERET HHHTARO SN TS,
> ERET—2OBMRIESCFE
> B - REO (555 LB LOEHFE %
#AEHET=Fi% [Kuroyanagi+ 2021]
@ CHETICHRALERD 2 DOFHEHS - HBREL-F5%
BEL:-
> 8952055 (S SBEMSRTENENS.
> BEZA7 :s=a(l-p)+pd +yr'
p IEEHEE, d' BBV SAEONER ' BHEEGRE
& RESRADS XY T#HH DCASE2020 Task2 DiEMT—4
ZEHTERZETL, REFEOFEMEERERLL-.

Table 1:Comparison of proposed and conventional methods (%)

machine DCASE2020 Task2 proposed
Rank1[Giri+ 2020]
AUC pAUC AUC | pAUC

valve 96.13 90.89 96.73 | 90.92
slider 97.63 89.73 97.62 | 87.91
pump 93.65 81.73 90.31 | 82.15
fan 04.54 84.30 96.13 | 88.T6
ToyCar 94.34 89.73 94.01 | 91.98

ToyConveyor | 91.19 73.34 86.53 | 73.24
average 94.58 84.95 93.56 | 85.83

1-R-21

1-R-21 M2D for Speech: A FIEEESXRIE
M2D DEE~DFFE
M2D for Speech: Specializing General-Purpose Audio Representation to Speech
O-RAH FBE Mk AEHRE, 5k N

® EEHEHYFEE MD FEBHETO2 R0 TRRAMGEEDMEETR
Li=—7h. RRESBHIEHE L-REREROERIFBFE IS,

®FHIEIL MDD L FDOEESHADIR M2DS AT, #HED
BMUWAHIFHE L -REQOEEIZET SRR ARG L=

@ SUPERB %L -8 Tl HUBERT R%#H 5 LM LM AE5ints
BEERL. HEERBOPEICHITS MDD OEMEERE L.

(b) msn‘;on (a) Masked Modeling Duo
Online  online  Target
- (M2D) 2
i) 2008 Lma
. 2
: o)
Positional ®_¢ e
: (_concat )
v A Zm
; [50 -2 %0 |
Sooer | z, [T TT] %m
{».g. HUBERT) :
5 ! Eoang O———9
! I I T

“Chapter one” (speech)

= a) xa -
Non-mixed
Speech

BG noise (dog bark)

Mixizl
LibriSpeech Notsy Speech AudioSet

Fig. 1 M2D-S pre-training flow.

1-R-20

R0 ENEERL-BCXMHYFE
ERAV-EERROES

Difference-aware self-supervised leaming
for general purpose audio representation

OMARKE HHEh {ZRAH REHNTT
¢ SCEEHYFE L HARTEESREDER
> ZRIUDENT—EDHINSFERTRE
> TAYERIC K SR NGEIIKTF LGV RBESE
& REGELIZE HRADEMEEB LG
*EHRTIE. BOEHEEE LI-BCEEH Y FEERE
> BEOREERFRTIOES TRAT AFEFEERE
SR L YIEEFALLRL T, SENEI A0 OREERFIEIC
FRELHA S, EOEWVTER L-BHESBRI AV TOREERE

Proposed
Conventional

Data augmentation  Encoder

| |
t.f() ]_L{fg ()}ﬁ_)[gs (-) l—i—,ﬂ—s:p i - Minimize L,yo1
Inira-bateh mixture as(¥s)  gpier D> Minimize Laiff

A 7, () S 2

s(v) = s([vy,va,..., vy]) —»: Exponetial moving average
= [, ..., un, 1)

Fig.1 llustration of proposed method

1-R-22

HEIEEUH

BAEEF2F151H
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(54) $£1H 3B6H (k) HKRRI—=5

1-R-23 ~ 1-R-26

1-R-23

1-R-24

1-R23 ERFEHREESHROMEICE DL
SEBEBOETRHEECRT HRE

Investigation for pitch estimation of multi-instrument music based on
extraction of timbre information and pitch information

IR, REEH, BEE (BHK-ET)
& ZEBTRESNDEMOE SRR LHEER LA TELN
> BROINI—HNENHE—OFEHE L EHER
& AL TIEISEBEMCH T LERERESH L TERRTETS
CETEEEEREORLERD
SEREETIVEAARAY bOF S L X hoERIER TLESHETE
HR TV HELBRET AL 5LETILTHS (Figure 1)
S REETIVTEOBHMESUHEEETILE Y MusicNet (25115
7 L—LBOESHEREN R L LT (Table 1)

X E Note predictor [ ¥ —»{ Reconstructor > ¥ —=»| Note predictor [ ¥/

Timbre [ f‘ ]

predictor

Figure 1: The overview of the proposed model.

Table 1. Frame-level transcription result
for the MusicNet test set (1819, 2303, 2382).

Model Prec. (%) Recall(%) F-score(%) AP (%)

Gardner et al. - - 68.0 -

Cheuk et al. - - 66.3 711

Proposed 775 67.1 71.9 79.9
1-R-25

1-R-24 BRBERS Y D=0 ZRAL:
PSS B OFERRIC B I H1RET

Woice band enhancer of namow band audio
using generative adversarial networks

YieA HARREXNR - BTHH), FE SHRIESX - £i8ET)

& ERVEOEGERE BRI SN -ERETILO—HETHIH
SRR v B 7—%(GAN: Generative Adversarial Networks)% F
A A R ZRAIT TR LTz pix2pix GAN ZRLV TSR ES O
ISR AT LT

¢ RERE - HEEE LERBRO R LRSS - IR EED 2 D
DERT—2OHZERIEL AT HNELEEYR L THFESES.
TO%, FEEAOENG THENFREN-EFEZANTHILT
R E T o1

SHEER LO-HOBMMES LT, HEEERICHd S2RERuE
THRONEEIRE KT A b/ A XEBEED L=

SIHAD T2ty FMIFE—HREEOH L BXREEETES
THETILEEEL, EEHEL LB

& EHEHE PESQ TIHESEOTENR NN o1hS, [LHEHEEC
B89 % MOS FHRETMseEREHHE: 1 ~5) CIXBLREERI“ k> TH
BEEETIBENT, HEHERMEOH A EHEE TE-(TR).

Table : Resdults of subjective evaluation test
MI0 | M20 | M40 | F10 | F20 | F40 | MIOF10 | M2OF20 | MAOF40

[ | 460 | 479 | 471 | 469 | 490 | 467 | 488 | 479 | 489

SR | 244 | 233 | 238 | 285 | 263 | 242 | 233 | 240 | 240

Ak | 285 | 202 | 204 | 275 | 279 | 275 | 233 | 267 | 292

1-R-26

1-R-25 ZILFFrRILSBESTFIIZHEITS
FERYA VHEIBDT=0D
75 7%FFHERICET S8

Study on the Application of Graph Search Methods for Reducing the Number
of Microphones Used in Multichannel Reference Signal Prediction

@ MFHHE, (FELE SERBNTT)
& [GHEOESARENMISINET F£& LT Feedforward 2OF o747/
4 X3z ka—)L (ANC) HYECELSR TNV,
# ANC OHIREROIEHERE L7 )LD ) XLEIE —RROERELG S L 58T
e LR 2, SRESETAT I LiIHE

IREL) = T
MEROC RN SN S S — FRER
Fig.2: Procedure for the Selection Method of the Microphones to be Used

1-R-26 BIRBH T HIRBREESD
FHAGIE AR ET

Consideration of measurement position of vibration emor signal
for window vibration control.

wehBia, EREEE(ETIR

& FHEITEIREHER S A T LDF=HIZ, HRMEEEREBIREE v S
Ty I OREERE L. ZOREBIOME L EOFNS 47382 — 18U
H L., ANC % ON [ZLT-IEDEE LNIEREHE LT,

SHALADINETOHETIE 220 ANC L RTLERALV-EETIL,
REEEOMICE < DB Ehh > TV, 2 0DIREIE Y7
y7EAW, BEEO-@ &L

& S/MEREE-4.25dB ARE BULMER E oA BAS 5cem fiih
F-EMLEICHITATHEE @ - @TRE TGN o1 ThEl,
IRERHOMEIZEOPDOO SR, INRAISET FALGORE
BLTULSEDM o=

1 ﬂ Vibrator

Q Vibrometer

Fig.1: Distribution of attenuation level
of sound pressure near window
surface.(3)
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1-R-27 ~ 1-R-30 £1H 3B6H (k) KRRIY—=15 (55)
1-R-27 1-R-28
1-R-27 BHOTAOMEEERL: 1-R-28  =->0 kRS E<TAIOR TLAIZED
N—F )L A2 & HERE HIED 1EREFTE E—LT+—3UF ICE I CERORE#E
Performance Evaluation of Noise Control using Virtual Microphones Simultaneous localization of two sound sources based on beamforming
based on Cross-Correlation between adjacent microphones using three asynchronous dis-tributed microphone arrays
HERTFHE, SXEH(BEX), FRELE, Yo ERKIE(REKXR), BET S (REKX),
MMEFEER, L RRINTT), HEBE—(EEX PULTEA BEMGREARD
& BRI CEMR CRE L E0E=2 ) <A U TERAIL- QLD EEE TN
{ESH &Y A HROEEAIMBIRE R, SRRSO TEE B ORI ARSR A RE] ;:yw;,vﬁﬁ vy

EOBESESEFAT 2\ —FrILE VU TRIRERELTET
3.

¢ FEEENCH O CEEMIE AT LRES T ITAE Lz 2 LA
& BEUSHMERET T 7 ) VARERE L TAE L1 2/ ULAIE
BFEAVWT, NERFEORBESHIEOMEREETEZTS.

S REFHCLIESESFADERLCE=R L IRA I TOES
ERVVERSERMREDLLR:, BELEROT U ILERERLVEREA D
DR & DUIGHERE~DFEEREE LIRBRIC OV THRES 5.

o] 55cm
o Do
b4
g 24
(77 YRR m’ODJ oy
o] 18cm
o]
32m 4—6*»74&' TR

s el \ R M S

Fig. 1: Experiment setup

1-R-29

HEIEEUH

(FE3EZ, FEREABDHECE)
OZE  FFEORIEAALCH

REASOYRT LA Fig.1)
- REINS (HE) OEEA AR Fig.1:Monitoring system.
 SHEEY I — T DU TTREI T —

(EE, ERELL FEEARHEE)

By EELD AT LRITIZER
SRR BRSO
— = ERORBHEEAHG
B EREESAERS
- SEGORT =AROEH ol

Fig.2:Sound source localization.

L
- MVDR

2D ERIEHFOFER Fig. 2) ol
BR —ERRFHEEOTIHERRE

MVDR:0.63m DSBF:090m 0
DSBF /> MVDR TeiE (Fig. 3) Y@ Tas i s

Localization error (m)

Fregquency {count)

Fig.3:Histogram of estimation

1-R-30

1-R-30

Y —E o v R
brxza—usr—yavaRy O

-FFEFIR 74 NZICEXB )V TARAL L
F—=T 4 Ay FLREEDIEH -
Development of a thermophone-mounted ultrasonic human echolocation robot
- Application of real-time audio pitch conversion using time-varying FIR filters -

FHBEFAHE, ARSNIER, AR, (WAMSBRIREX), AR
MR, AtkaRE—(HBEER, BRA(AEHAFEIES—
A=), IR, REEERF (RIEAXR),
SHFELESEEE bTao—04s— 300Ky FERLVE
Fhi & B OMEREER U FILE A LTOEREEMESREBL T,
Ia—A4—33veh, FEBREICEITTORREDRE.

& Oy FOHE(Fig 1) a &
)

OISR E RERETE HRTERTF TR

CEEEMEEROEFH TR AR (MDH) /bat head

GHFZEFIR 74 LRI LBE vy FEif

—ABEH D BIIEEC ) T IS A LCIIETE 1 pooe vt o MO

S EEBERLY, AR TEES LY L T0—0OFEHELEEOT
DEZEELNEL, BEETHRIL TSI LRSS

SHITHETNDIEL, EEMOFECETFNLOAROTETRHL,
EEAHERRTE=(Fig.2). £oT, AEEATLIE ErOII—
o4s— 3_>mm%waaumw¥‘ SOFEICEREEZ NS,

T @, 5T L )
o 3e Fig. 2 Comparison of the

(A)

N : A ;

iz . e l:t,‘” running trajectories of the

ig | Mk 7 T, if robot in the first{A) and
: {enth(B) trils.

&
ik
b

BAE £1510H

(202455F%F) HRRERR




(56) _#1H 3HG6H (k) Ky—2i5 1-R-31 ~ 1-R-34
1-R-31 1-R-32
1-R-31 ERZHICETHIRBETINICHT S 1-R-32 HFPFEEFEL DNN EFEEHAD
A ZFEDiER RIEAER(ZE D < R E

OBHER, HidHF EBMRILBHKT)
& SEDHORENBEES < OFEATHOR TR Y, SBEES M
[ELTLS,

& BRI BAT CHEREOMEETUSERET TEY,

HENZ {FET HIESOESRHEIIERENES.

& EEERMTE L TR ELMTLADNNDOERTHEH=1—F L
oy FI—=01E, BEHENMNTTRELEDE TEIEMIINS A—2 %4
LTV =18, BFEOFETRRE VoM@ LIZLIEELCTW
2.

& FHRTE A1 RIS Y, ERRIT/NF A2 ERDHDHILT,
BETEEE HSEATTDH, Table 1 Recognition success rate

SUREOBBBERRT 5, SN | wou || O
& Ao ZHEEHEATI1-80, L 11 [B5EE| w7 sooy
= o - mﬁl‘ﬁ —yop 4.} 100.0% 93.3%
WO—OTHS BEELE &AM | 1000%  1000%
FEETIIVSERL-, #HEHE " AHe~< | 1000%  1000%
EEEEFANSC & T, MR Average 86.7% 93.3%
1/2 HoLE 53.3% 46.7%

ﬁ'@ﬁ)éﬂi%ﬁﬁ'@?ﬁi 32 | itA [ 1000%  1000%
HFEECHET AL T BE | AR 100.0:.: 100.0%
ormsEmEEeSEsT |
=5, 1/3 HoeE 73.3% 46.7%
£E | 1000w  eoo%

W | 93.3%| 86.7%

hE~ | seaw  668%

Average 88.3% 78.3%

1-R-33
1-R-33 91— R E#DNN BEHEREICALDS
BEES Do

Target signal analysis in DNMN-based noise reduction without clean signal
KRBERA, RPEE, BER— (ELUEE)
& — M ERMEIREDT-HO DNN (£ ¥ ')—8F (cean) #8
E5& LTHALYS Clean-arget Training (CTT) &FFIENHFAT
FELTWLDA, clean [(RUEHBELBLEVNSHENHD.

#clean FELFEFEL LT, #E (hoise) HHBALI-EFE (noisy)
#EMESE LTHLS Noisytarget Training (NyTT) &FEIEh A%
BEFEHREShTLS.

SNyTT OAEITHONTEY, NyTT (& noisy ZRIEL, BINDMET
(add. noise) ZERET HFETHAHZ LM >TLVED, FHETH
TRBEL

SFWETIE CTT & NyTT [EFEBOBMIESHELLRIZHEEB L,
aAEa—4% ETHEMTE S noise VEZICIVETE S noise £ &,
He/2ig noise ZEENES & LTRAWTHHET-= (Fig. 1).

SERC LY, BRUESITNTIL A RERAWVESIHERETES
ZEhhinof- (Table 1).

Table 1 Improvement in SI-SDR
as a result of each dataset. DEMAND
contains babble noise and others don't.

dataset (n-n*d) | ASI-SDR [dB]

sin-TAU —14.41
square-TALU —28.84
white-TAU —3.68
DEMAND-TAU 6.67

CHIME3-TAU -5.75

Fig. 1 Overview of Proposed method.

Iterative DNN-based speech enhancement without pre-training
*PEER APPSR LA 2ERE— (@ELEE)
& — 7% DNN S TIRIRED R FOFELV ) — B (clean)
HREIZHETHSHY, DeepAudio Prior (DAP) #RLV=Fi% (DAP-
SE) |35 87 (noisy) DH CEREEIANAIRETHS.

& AFTIE DAP-SE DifaEiE#ERE LT, DAP-SE OHAHIES
RO DAP-SE MEMYEBICESRA, REMICEFSAZETIFE
#R2E95 (Fig1).

*Ef, FEOBREL LTHERAARY bOJ T LOMBELE
(Instantaneous Phase Correction: iPC) 8 A7 5.

3£ LY, iPC Z8A LI-R#EF# (Prop.) X DAP-SE LHELTE
TMDASN SNR THIFEHIAREDNRENHEETE 1= (Fig. 2).

.—w,m —
|

'—t—&;czs—mm;cza.s‘.
ﬁj Replace target signal
24k
S

Fig.1 Overview of proposed method.

Time [s]

Fig.2 Spectrograms.

1-R-34

1-R-34 F7OT47H o K BEMBERTS AT L
-IBEERTE D EETE TR B

Active Sound Automatic Coffee Roasting System -Acoustic analysis and
sound source separation of coffee roasting sounds-

Otz (RBHAR), ARMRIE @R
S YHHEREDH %155 Z EARREERITEZRAVLT, BIE0EEE=
Bl ChERWE= 41— FRYSHIEIZE DT 2T+ TH
v FERIHEEN S R T AEIRET A
SIREURATLEEINT B1=012, DSS-NMF [ & AIERE & RS0
EROBE ONMF (& AIERE ORI LOREEAT Z1T o 1=
SIEEIEMEIE L O0—R R & YFRAIDDEERLERAZLIT
HETDH FTOH, HERA 3T LEFBARY FLOTHIRR
HYETHEA: NMIF IR 2 BEET ) T E5A5.

@®SSNMF [2HEVNTERMS HARE L VEEHES L LTIIREZRAL
AL TIRIBOADMHEA AR C L EFERL-. (Fig1)

& 754 AR SRR U E SRS 3 EIERRIC, SEfI
& HHHEEROBERHARY FILOZELEREE L= (Fig2)

_ Spocinm fom Nutf

Spoctearn from NME

Frequency (L]

Fig.1: BSS from SS-NMF Fig.2: Spectrum of NMF during roasting
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1-R-35 ~ 1-R-38

$£1H 38B6H (K) HKRI—215 (57)

1-R-35

1-R-35 Exploring Feature Integration and
Training Strategies for Enhanced
Acoustic Scene Classification on

SSAST

¥rShuting Hao, Nobuaki Minematsu, Daisuke Saito (UTokyo. , Fac.
Eng.)

+ This study addresses the task of Acoustic Scene
Classification (ASC), which involves categorizing
environmental audio streams into predefined semantic labels,
as shown in Fig. 1.

+ We introduce a novel architecture that incorporates multi-
layer classifiers and direct fine-tuning, offering a fresh
perspective in the field of ASC.

+ The research utilizes the TAU Urban Acoustic Scenes 2022
Mobile dataset for fine-tuning and validation.

+ We utilized the SSAST model, pre-trained on AudioSet and
LibriSpeech datasets, and fine-tuned it on the TAU Urban
Acoustic Scenes 2022 Mobile dataset with a novel approach
to enhance feature learning specific to ASC.

+ Our Layer wised SSAST system achieved a 52.03% accuracy
and 88.17% AUC in ASC, showing an incremental yet
noteworthy improvement over the baseline with absolute
increases of 0.85% in accuracy and 0.36% in AUC.

e I s |
=)

Fig.1: Overview of an ASC system.

1-R-37

1-R-36

R N F e RIS A IEDTHD

ZHNRA XEMIC KD /1 HEE
Noise estimation by variational Bayes EM
for single-channel noise reduction
OJLH BE
REBERBPRT

RRER EF - /1 AOBREETFILERAEROAD S, /1 i
EMEFERTNCEETESD CVWSBWTHL, EHEMPILT
UZXLEBAYTS7/O0—FERRT 3. COPS0 —FIc&b. /
A AWEIFEMFILTUZALLDEONR MDD, /A RS LT

/A TMEEEBRKBEO R Tstate-of-art®D /  TMEFELRF DM
EfEEhd T e YIal—Yavhsahol,

- MCRA O EM . Prop. * .
B MMSE

SR

|
SHR [dB]

Loger (48]
p o B B F 5
=] = o - o i

n

Fig. 1 ESNRICHE (13 ./ LEEEROLog error: IMCRA, MMSE~N—2
. EMPILIUZ L, 1B28%

1-R-36 #RIBARIMATSLD 2 Rt T7—") TEH
ZRAV-HRRERE
Anomaly detection using 2D Fourier transform of amplitude spectrogram

OFRF#EH, ERAR, ARFBE, FHRSE(TF1o0),
ERSIECLAIEA/ AER) | BEEGIHEX)

¢ EFENROUERS TIIFMINEREEAICLIRBOETHE
MTHh TGS, HAE - BEEICESEEEORLELRD S
hTHY, FETIE BN LERREERET IAEZIRET D

& TEEILEEIT R 7B (Harmonic/percussive source separation)
FRVVEEERD ERERDORBEEIT oM, 2 KTkt 7—
1) TZHA(2 dimensional discrete Fourier transform: 2D-DFT) %A
W=5k(Fig. 1)Ic L A REREERET 5.

& 7k L-RERS O ZFETTHE(Root mean square) DIEF2E
FE& L, AUC(Area Under the Curve)l =& 25 3EIEEE#LLENT 5 4if
FEFHAUC: 0.89) & BT 5 LIZEFHAUC: 0.97)DFER L11Y,
FER EERERL:

Tene s

Fig.1:Separation results with proposed method using 2D-DFT on
amplitude spectrogram (top: original, middle: normal components, bottormn:
anomaly components)

1-R-38

1-R-38 memmT-sToBMEBTT LRI
BRI LR T REHETHADRE

Estimating speech intelligibility by speech recognition based on pre-trained
model in a reverberant environment.

FebiFHEA LA - I, RRERILRS, IEREFNSA (LT KRR TS5
SHEESIEL-BRICNT 2RAE THRERET
®wav2vec 20 DEFFEZTETIUK LT, JORT £EHIE LTHEN
BERESIEBREE D7V Fa—=2F
& ETIUSREEEED DRMEEIREOEE £ A0 LHEE TRENH
@ JDRT £HIEETHICHITAHBRTIE LMESICEVOTERTRELE
HETE T AEEEOOR S5 L ERS
& TERMATIE6 BEOR, 4 BETERESL-EmL, h2 EE
TSR OEMI L FEEN S

100

90 1

801

701

60 1

Speech Intelligibility[%]

—e— Male B(sbj) —e— Female B(sbj)
== Male B(obj)  --#¢- Female B(obj)

50

0.30 0.50 0.70 0.90 1.20
Reverberation time[s]

Fig.1 Subjective(sbj) and Objective(obj) intelligibility measured by JORT on
the distance is dO
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(58) £1H 3H6H (k) HKRA¥—=i5

1-R-39 ~ 1-R-42
1-R-39 1-R-40
1-R-40
1-R-39 2\ —Z{FFET I B < ] BIR PRI TORE L EAHRAAICANS

T54 > REERECHITD )\ A7 ABRDHR
Effect of bias reduction in blind dereverberation based on sparse matrix recovery

O WMTEA, \LBEE, KEEEE (RTAX)

B : HF v RILOBEES(CEETN3REEmiMEHRmL T
WETIHEFrRILI S FERERE

DIFRRUEFE : HMES £V DT 2 JICLDEFILE
IR ETARTHETREEE L TERE

BRE : ) (—RAEBNE TRV SBEERNES D/ A FPRICED,
BENSIET TR EESRIETHSNS

- BERAMERA ATl L 72 p-shrinkageZ AW T/ (A 7 2%
B L 1T BRI REE (T 1 DR B2 5T

AR IR (RTe0) D9ELMES TOD) 1 7 AR R FER

— & — soft-thresholding
L] —5— pshrinkage(p = 0)
—&— pshrinkage(p = 0.5)

SDR |dB]
-

500 600 700
RTg [ms]

Fig. 1 Each SDR with sofi-threshold function and p-shrinkage

1-R-41

TRAT quFLyy—mBsh-EE D
T Y HET
Study on recovering signals processed by compressors
*EH FEEBRIAN), PHEE (ELH, WHRYH, XBHEFRIX)

* B
» AT LwH—EENEESEERENTVS
» FhOBIRER ETERAOESHBELLRSEEHD
> 22Ty H—FIFESRTL —» ExhELn
* KT
> BEHAFNICED IExPILT U LIFE
» D2JLwY—ICliE — mESOETZEBEIEYT
* =5
F DTy H—ONSA-—SFEER L LEOETHEERE
* R
» HE) (SA—F EHD/ (SA-FH—HTNIFHRETH T
> B SA-FOREOHEENRLES

0.06

ot AN

o
5]
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Fig.1: Comparison of original signal, compressed signal, and signal
recovered by the proposed method under the best conditions.
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Fig. 1 Overview of the proposed method
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Iterative refinement of a constraint set for reweighted sparse audio declipping
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Fig. 1 Average of ASDR and PEMO-Q ODG vs. input SDR
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Theoretical Analysis and Experimental Evaluation of Relationship
between Separation Performance and Spectrogram Consistency
for Frequency-Domain Determined Source Separation
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Fig.1:Correct permutation ratios (CorrPerm) and cumulative energy of
observed signal as function of number of selected frequency bins.
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Effective permutation solver for unaliasing based on
blind source separation in reverberant environments
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Table 1: Accuracy rate of Table 2: SI-SDR and PESQ for each signal.
permutations for each SLSDR PESD
permutation solver (PS). signal Oms I00ms 200ms| Oms I00ms 200ms

spoech  Aliased observed signal | 1680 1814

Ps 0ms 100 ms 200 ms
specch conv. | 0990 0807 06R2
prog. | 1000 0964 0.962
cony, | 0.984 0809 0.693 s A
prop.| 0.986 0935 0984

Ressored signal (truc) 2987 2336 2139 | 285 235 2.4
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Research on Lipschitz constants of DNNs
proximal-averaged with IVA in determined B55
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Fig. 1 Change in separation matrix at each iteration for each
averaging parameter.

Mean of |Aw!|
2

H
<

0 (IVA) 0.25 0.5 0.75 1

—
=

|
m 0
i E | | I [ INone
g 5 W | |[=3sn
@ [ |
4 tl |
ofp 1lipda [

Fig. 2 Separation performance for each averaging parameter.
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Blind synchronization of signals with missing data
using cross-correlation and dynamic programming
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Fig.1:Alignment paths using the proposed method (“proposed”) for a
J3-second speech signal. The missing signal interval was from 1.0t0 1.5
seconds, with an input signal-to-noise ratio of 5 dB.
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