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Fig.: A schematic diagram of assumption of embedded vectors obtained
by the proposed OE-based model trained with two types of positive
examples composed of normal data of target type and other types
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Fig.1:Overview of the proposed method
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Development of Anomaly Detection Software for Mechanical Sound
using a New Similarity Measure
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\oice biomarker for diagnosis of heart failure: Voice-BNP
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Fig. 1: Overview of Voice-BNP.
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Fig. 2: Result of a MFCC vocalized a syllable.
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Audio declipping using regularization term
that adaptively suppresses the spectrum
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Fig. 1 An example of the spectrum of the clipped signal and the restored signal
(left), and degree of suppression on each frequency bin
by the proposed method (right).
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1-1-6 Inverse problem processing of
optically-measurement sound field based
on diffusion model

©Hao Di (Waseda Univ.), Kenji Ishikawa (NTT), Risako Tanigawa
(NTT/MWaseda Univ.) and Yasuhiro Oikawa (Waseda Univ.)

#Proposal:

» \We propose an inverse problem processing method based on
diffusion model, including denoising, reconstruction, and
extrapolation of 2D sound field images obtained by optical
measurements.

4 Method:
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Fig.1:Inference process. The input data are processed through the diffusion model, with range-null space
decomposition (RND) as the solver at each denaising step.
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inverse problems of sound fields, including n from d noisy sound fields,
and extrapolation to unknown regions.
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Fundamental study of blind source separation for leak sound
in air-controlled equipment for Tokaido Shinkansen

Orpi=5, KEBAK, AHEHEEETAR, HEHR (IR EE)

SHERENRE LETFSRICB TSI 7 RUVBREEERRT 57280
DERHES & LT, ElANEEIRE TS = IER0ERET 7

BERRE LI-BERSMOBRIHET£1T5.

& EER S ORI TIFEHIFIRO N700 B & L, EHENSOFHEIIERZE
DOERIZEYFRSHENEDET S, AERBTIEMNEE LOER FaMT
EICAE—h#EE L TR 7Rh 5 hT 5.

@erSSNMF CIXETFIREEEDT 2 T« ~—3 3 V175, #ET 7R
NEORETINRVEDT VT4 =23 V75 EfEET 5. Eiliph
NESEUERI7RNE2ERETHL LEEL, FRETIIOH
#1&LE=

SHEESCEE L BRI 7R EOE RS AIEEL Z L AL

Fig. 2: Comparisons of leak sounds.

Fig. 1: Sound recording in JR Central.

HASEFRE 1530

(202 55&F%) HRRERR



1-1-9 ~ 1-2-2 £1H 3817H (B) H14~ %2518 (3)
1-1-9 1-1-10
1-1-9 EEHBETILDORRKE 1-1-10 ESRFIHAEEERA:

Bl EE R~ OBEAICE Y H1RET

Investigation of the Development of a Sound Quality Evaluation Model and
Its Application to Vehicle Acoustic Performance

OWh#3E, ABFRHE ABRINZT(RUH),
AFREE, AR+EES ((FZ7)

¢ BEHEOA—T 1 A LR T LOEEMS T E S, FHFHEOFIHE

EREAEA TR,

®MAZDACX-9 ZR_—RIEEY 77 LR H—%HEL .8 DOEH
iR - CERERRT SE/ Y EER.

@ E[ 49 ERDNA / —FIEE T2 LEBEHET 52 FIEL.
BRI TV EBR.

& SHEHEE T /UL, BHa10 mLRORE CEHEHERMZ TR
BETHDH - L &R,

& FEHBEET LV ERAVTER S~ OBAE R L. BERITER
B DWEMILRI R, EAE—hAEOFHEEET 5
& T, BHEMEFAIRMOE L EHED,

@ FRET— R ISR SO TEEFEEREE R L S £ 5 F A AR
7Y EEOERFRREISERRRETHO - LT,

4 EMEHOSROOFRWAL o
=MEREERAORN o LESCETbORNE
o - WEUIPLSA -
e <OCﬂ:m

L] 7 2mEmpsEmmETOEN
RRENMTSE/YSER

g 3EMSUEE S TINRRONRIY

win™ =WRFEEET AN

Fig.1:Step of Investigation
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Matural Speech Synthesis Based on Explicit Modeling Utterance
Fluctuations in Deep Hidden Semi-Markov Models
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Fig.1:MOS test results of naturalness
(GT:Ground Truth, BL:Base Line, P1:Proposed1, P2:Proposed2)
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An attempt at numerical evaluation of acoustic field characteristics
using the Continuous Sound Field Measurement Method
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Figure 1 The resulis of the odiave band analysis for amplified sound and badkground noise
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Speech Synthesis Based on a Deep Hidden Semi-Markov Model
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Bidirectional-Autoregressive Deep Hidden Semi-Markov Models
for Speech Synthesis

*ERER B FATE #HE— (TR

—MREERSRETIVCELTIE, HERFETFR FOAZEANL,

BREFREHAT A, BAMORLEIZIHEIAE L TGRENRS. AF
RTIE Bt OSESEEOERICENT, SEIFMEICNAT &
HHUBORSMMEEEERL, ERFAOHA 1t TTOSEHE
LEAL, BRMNERFTS LT ERICEHLhDERENHLL,
EEOBAEOR EER- Lz £, A—RETFILEHS DeepHSMM
TIIEMRTHS1=7 54 A FOFEMELAERIZE 1=
BREEOBEARMEFgNIZODNTEHEEITo1-. RBERI L,

DeepHSMM & el LT, 12F%0 AR_DHSMM DA 7HEL ik
#=rLT=

MOS Scores with 95% Confidence Intervals

Fig.1:MOS Test

Proposed model
:AR_DHSMM

e ¥ B o
o o m-"'gﬂ m?‘”mﬁ

1-2-5

1-2-4

1-2-5  BERT ZRWLV=T7 VU INILAER
HARZE=21—7ILTTS
Japanese text-to-speech using BERT without accentual labels
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Fig. (a) Japanese neural TTS acoustic model architecture with duration and log fo prediction.
(b) Inference procedure of the proposed method.
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Lightweight Zero-shot Text-to-Speech by using Mixture of Adapter
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Emotional Speech Synthesis Based on Speech Representation Extraction
Using a Self-Supervised Learning Model
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Speech privacy protection with adversarial speech using anchor speaker
embedding vectors.

HIXELR PEE (BRX

S BESICHT AEF TS/ —{REFEMNE L=, BINEEE
ERTHFRE LTT Uh—EEBORAHRY bLEFA LG
ERET D,

@ ZEEERN S EEFETHS I-FGSM EEEE L T.UT-MOS & SNR
MEEAEEMDEHT. Cos FEFRELFIFHIEERL.

€ TOLT, 1BRFEIC & HHOIEREN D ER S M-I HEFI R
FEMDERSNAEHER L Y LBAT 15%EN 1R L.
R R O—=UFETIVHT 2R EET L.

—
Original Wave
mw 1 Speaker A, B, -
Anchar Wave Anchor Wave
________________ o b «l I “
’ L1
'
]
: [ STIFT ] l STlFT l J
5 I Style Encoder (Frozen) | Style Encoder (Frozen) |
H
. =& retees 1
E €arg Cadv i Average |
. w7l
| Back Propagation I‘ fandom Chaice

EqEp,..
------------ L(€org: €ancs€agy) +— Canc *—— Ewfs

Fig. 1 Flowchart for generating adversarial speech
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Wavehax: Aliasing-Free Neural Vocoder Based on Complex Spectrogram
Estimation with Harmonic Signal Modeling and 2D Convolution
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Frame-level neural vocoder utilizing phase information of periodic signals
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Fig.1:Structure of the proposed model
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End-to-End automatic speech recognition
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Fig. 1: The proposed model with the audic encoder based on HMTL and the contextual biasing layer.
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1-2-11 ~ 1-2-14
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Improving accuracy of CTC-based ASR using attention-based inter-layer features.
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Data augmentation for speech recognition
using diffusion-based text-to-speech model

©LENE FR{B (BTN

o EEARERV-ESIZEOT— 4 I TS REREORA R <At

shd.

¢ FHRETIE HEETIVERV-SREMICS HSREREESITT 5.
* EETIVEERBOIREREE & Uddlid 57=#DI<, FastSpeech 2 (&Y

SR L-BEREFETHIC, TOEROFEIIIEETIL CERL-EFER
LWAHFiE (Mix training)&, #HEBOBRIHEMRET HFE (Multiple mean
training & sampling) #1889 5.
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EEEZMOMEEN SN L #RE Lz - Mix training, Multiple mean
training & sampling MFEIZ& Y testother [COWT E5IZH#EL, mFEE
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OHEEHHEL-E0EEAGND,

Table 1: ASR performance (WER (%)) for LibriSpeech testset (other).
We used 100-hour paired data from LibriSpeech train-clean-100.

& E BEFETAVD I IS OAELE L ERT HiERED
HDWTHITL, PREOSRELGFIREERLMLT,

Model dev test
FastSpeech 2 14.91 1477
Diffusion model! [baseline) 13.85 14.02
Mix training 13.96 13.49
Multiple mean training & sampling 13.79 13.36
Both 1348 13.27
Fig.1: Overview :r: :lh; ;:prziimmﬁ?:gph?ms method (left) Real Speech 6.68 7.06
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Domain adaptation based on intemal language information estimation
in non-autoregressive speech recognition models.
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Enhancing Keyword Recognition accuracy in EZE ASR
Using Pronunciation Prompting and Dictionary.
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<EBIE> SIERETIE, BHSE L L EEELNERICE o N D LRE.
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S ETIIZIIHBOREETATIOLT FELTASL, SLEET
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SHHRIC, NI VIR ES>TELVWREICES®RR 5,

Dictionary
{[01:{4 1 +— : WHEH),

Replace special tokens with specific
graphemes from dictionary
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Table 1 Domain adaptation performance when the source domain is LibriSpeech, and the target domain is
GignSpeech, (WER %),

Subsets of GignSpeech set 5

gy SublM  AM —or—prrrs—Vopoople Y-news — V-aclencs —V-education . g
WlSTM-CTC | N/A | N/A A FIE] B0 ) 24 35 DU b-bzsIr A - _
+Shalow Pusion | N/A | d-gram 130 26.2 10 5.1 0.0 anl « [0]% 4 F=[1]=/=x[2]y & T
+Proposed l-gram | d-gram | 118 235 307 318 26.8 28.4
Conformer-CTC | NJA | /A ET ] L6 154 6.4 163 146 Pronunciation prompting
+Shalow Fusion N/A A-gram 3.52 10.8 145 154 150 137
+Proposed l-gram | 4-gram 2.7 10.3 14.0 15.0 14.5 13.3

Fig.1:Proposed method
1) WA . CICRAIPIE FIUZ 51 BE— LY —F FI— T 5N TOMMEIERIEDES, SPEASIP 2024
[2) T. Takagi, etal “Text-only domain adaptation for cic-based speech ! implicit linguistic
nforration in the search space”, INTERSPEECH 2024.
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1-2-15 ~ 1-2-18 2£1H 3B17H (B) 2%
1-2-15 1-2-16
1-2-15 End-to-end =1 —FLEEEX (T 5/t — 1-2-16 FERORAHFHER

AV D=ODTIVFFrRIVEERHE

Multi-channe! speaker counting for end-to-end neural speaker diarization
OffiEsh FEES, EOMK TIL90F7-I—2(NTT)
# End-to-end neural diarization with vector clustering (EEND-VC) [Z&2
FEETAT 48— 3 VL AT LOODEESHEEEFRE
@ GEED EENDVC AT LT -kt v 3 o TOFE
YHEEMREDIE T Z LITOHMEAEBAT 5 ETRER (Fig.1)
> Guided source separation (GSS) MEAIZLY, HEEEEF v v
Mo EEE T ORE O L EE AR OZER
> EHOF v LD S/ LN EEEIEAAF AV THENISSEER
HETHLT, RELEEHIEELEER
2T EENTT O CHME-8 @Bt o AT LISHATHI LT,
EEEROETERE (SCA), SFEH 17214 HE— 3 3RYE (DER),
EFEEARY (cpWER) OZRFHEICHNTA—RFM VPR T Lk
Y £, KIBI Sl WEREZERL (Table 1)

cliv
o [F 2 - 1 i
ing |1 i [ ing | -
M (Eeni " “Tusterin .
5 LECaP o A
b TV Speaker counts
r— =
| - i 5 er |
o P unting | | average
grouping | | d
MV STy speaker counting

Fig. 1: EEND-VC-based speaker diarization pipeline. The red module is our proposal.

Table 1: Performance comparison with SCA [%)], DER [%], and tcpWER [%]
System SCA1 | DER| | tcpWER |
CHIME-8 baseline 344 396 626
Proposed 892 140 270
1-2-17
1-2-17 PEFFEDOHMEZEEL-REERE
T_&)mnﬁﬁaﬁﬁ#ﬂﬁd%&d)ﬁﬁ

Differences Between Singer and Speaker Verification: Training Singer
Feature Representation Extractor Utilizing Singing Voice Characteristics

Jr URUERRE, AHEE, EOEH (FX,
ARFR—F, ARTERE (B—HE) /DIIES (B8R

< F7Jo—F >

¢ EREOFELEIMV & {, REMICh-2FELEMHIREENS
PEEEOHEEEREL, B<(ABILTANTH I LICk>THNES
MOEEEWZIERRICIEA, TR A HET 5.

*ﬂ ECAPA-TDNN

. L2 Sy
3s vs. 30s

-—p—

Fig.1: Dividing singing audio into shorter segments for pooling allows for
more accurate representation of within-speaker variations
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®ENET AL MIHE L TR EFE T 5 LT WEERE
[ZHHRENRLDRNICERTEL L ERLE

S FERLBABOANRDENCZLSEELVEEIT AV MELT
FETLIEOHMRDIFINKREN EARE ST -

Segment Length of Training Data
B mmm leftunsegmented WEE 305 mEm 105 e

35
L}
4
, ml
= HEEE
L .Ieft unseumemed- 305 10

Length of Vesification Data

Fig.2: EER for each training data length and test data length
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A study of age estimation task for young speakers
using age-embedded features.

wRERE BR B E— (FIELR)
® HEESEANLT DEFEEOFNEEREZR L
YR T—42 Y FOEREREE
¢ IZEFL - Age-vector i A v R T— (3l NN)+SGAN(GERIZS)
> 3 NN - FEFEFED S Age-vector ZiitH
% AgeVoxCeleb (KiRILT—4) THE
> SGAN : Age-vector ZA N & T SRS
< HCHRYAREEZ & YU T2 BROZR E IR
@3 NN (2B T—2 FB, FRESERALV:-£9 5 XNREER
> BEE - BEEOY L L ESUEROFEE T2 5B
3BT — 5 OIEMT Accuracy 0.09, F fif 0.08 A > FORLE
S ETOY SATEREAIEML TS Z L EHER
- PRRA/NEY 5 AHBEEOR L EHEE
Tablel T—4%:B00R1 (L) LB (TF)DERITHI

™
uaE | syusrs | seuers [ srumve | ewm [ *A

am [ 6 NG
drmare | ] 182 10 10/ | 8 5
i i 16 18 193 16 e 2 1

m hreRTe | 10 9 10 165 10 16 10
a H “ 2 n
an ] 126 20
fx 18 a 12 15 62 EX ]
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EoL Y ATFRATE SFROTE ATRETE it e XA
wam 179 7 14] 5
hrnaTe 5 183 10 ] [l
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1-2-18 HEeHMHYFEHFEEA -, SERE
M FERX B D End—to-End #i &

End-to-End Integration of Speech Emotion Recognition
with Voice Activity Detection using Self-Supervised Leaming Features

OWITEE, WAIEDR, JIQ%TF (B IERR)

& SERIERSE (SER) 4, LIZLIERERRAMEE (VAD) EFILUCE
STHRHEN-BEEES AV FEET 5,

& LA, VAD EFILITZ/ A DB VBB CRERAGEE 1 A
v MEHAT BEREEL DY, TOMRE, %O SER EFILOMAE
HMETT 5,

®FIT, BOHEIHYSEE (SSL) HMEMALT VAD & SER %
endHo-end IHEET HFEEIRET 5.

@IEMOCAP T—#4t v FERAVV=EHETIE, BEFHEN/ 1 XD%
LMREETO SER HEEAFXIBICRESEH I L /DAL =,

Ssl.featu'ea
Fig.1:Overview of the proposed end-to-end approach composed of SSL,
VAD, and SER modules.
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1-3-1 ~ 1-3-4

1-3-1

1-3-2

1-3-1 #T2z) bR=RFEOLUH T
2T S BEFEDMILE
Prevention method for audio clipping in rendering of object-based audio
QAR 3, B8 /L, K FIsE (NHK)

& —fRIZT « DRI EFBESIZ0dBFS #BET HEBHEE (V) VE
LIE) NELD BRITOBELETOSA THlETIE BFELAL
HEEEEELGENESIC) 2 VA ERAVVEREZLY 5. HEE
0dBFS #T# dB I2EDEEENT—T o> TaESND.

¢ LM LA TVH FA—RE# (Object-based audio: OBA) Tld4R
BELNBEBEFEHAZ A AL THBEESEER (LFY D)
TEAH=8, BED 2 v CHIEREETLICIEFETEGL

®O0BA TOEFEDMHIEEZRIT 416, FHRIESOMIPLAL
EEAEIHRALEFTLUE VT LEBREEDY TILE—
J(SP), kHIL—E—5(TP), 7 FRREOELRZERAE LT -

® TORR, TROL LY DIFEHIZE-TIES dB #EAHLNIL
ZieARoh, FCLSTEEREDOY—C U ERET HEHFEETS
DFAFZTvI LU UHGIREN G EAVREE W=

®O0BA TOEFEMEAL LTERSLICv—Y o Emlibd 5 &
REL, SEEL-ERISEAL-ER BEEn<v—C M

VBDISHLAAFIY : —
AV 7 X - 17 G P — ®-
REODEEEEMLT [y | Lanonerne | L.,

) ot . }17/J/§HI K

HIENTES _ R — L

Fig.1:Prevention method for audio clipping of OBA
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1-3-3 EEARDEZTRIZHT S
BUREA IR S BRI T ORI
Evaluation of acoustic transparency compensation
for open-back headphones with a frontal sound source.

OFBER, TEAS FOR—, it (FRELE SKE (NTT)

& 55, REORMENAIRT 54 —T « ABERENEREShTINS,

& =L, BET A AQEEIC &L Y REROSOmEHEN L,
ThICH EHFOEOMESELT S, COMEDTLIE T 1 REEIKE
LIEERNEOIRERMOLL TR N, EEEAELTIhD.

& FHRTIE AE—HBEERH L TERBEIHRE D « L2 235t LiEA
THIET BT/ AEEEOEEESEETHIET 25 EFIRET S

& TEEHEEROER, A — A v—EAy RO TIHREEROWIE D 1 L7
12 > THRBEE £ AT OSBRI T, o AR ORIEIEBITESC
an‘ﬂ%&hr_,

4&3%@ #Waker ker

w/o device w/ device 'lf device &
comp. filter
Fig.1: Audible sound without and with headphones, and proposed method.
| ==
3w : wt AXO K712 PRO ,.,_M- :

Frequancy [}

Fig.2: Compensmn ﬁrter for each device. Fig.3: Similarity values for each device.

132 ERSATBEREMN=ILFForL
#HIFRRAE—HT T LD FHED KA
Evaluation of Multichannel Bending Wave Loudspeaker System Using Live
Performed Music
FABAER, AR—E (hK-=I)

®ARIZk VIR SN Lab-made BWL (& TL vk S iEaarE
) Ziibd SEEHEA TR Sh TS,

#Lab-made BWL £HRY ANI=RILFF ¥ oI AE—DI AT LE
FIAL, TEROBES M TEREFENEH L TRIBREAENR
ZOMDERNIERAF L L= E S5hEERIFEERZ 17U RIE
L=

@ EZBRORBRN L, BEOHFECPFETLE EFNI-F% Lab-made
BWL hoBELGAIC, EREE - 8FhE - OLE - RABA LR
T HERLH DT

Center

Type

< Rotk
- Pops(M)
Pops(F)

5h fich_H55 fich WL
Loudspeakers_Posifion

Fig.1 :Multi-channel bending wave speaker Fig2. Box-and-whisker plot of means and 95%
system block diagram confidence intervals foe rated value of presence
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Development of a compact and lightweight field recorder for multi-channel
3D microphone array

HPEHE, FURMERERK)

#BoSC AT L (80ch) ¥ HOA AT L (152ch) #RALVTINEET
DIFEICEETTF v oI EBZ DA GA—T « A La—4aM
WELE D, TIT, BoSC ¥4 &ML= T7 4 —ILFLa—& %]
1RE L1-80 ch EEESORMAIER ZAIREL T 2/ NEUEER D —ILF
La—5#FELz. La—4¥BEUERE Fig.1I1ZRY.

/BRI —)ILFLaA—HIX 10D 8 ch 4 o OKR 7T
R, EEEEE<,1o0 SD h—FIZUusiT % SoC-FPGA EF

(AMD-Xilinx #3) ZE#H L BB L UVEhoDA 2 —T1—R
Hiph opiEh b,

& EEAE T S0k (PUI 8 AOM-5024) 80 {@% 3D Z1)
DA TERLT-RIER (EfE23cm) [CERYTHT, SEMRNICEELT
La—4 &G L TSP {ESEUER LT=. TSP ALEHELzA 2L
AGEDFERZE Fig. 2 IR,

Amplitude

, rk -
=02}

001 002 003 004 005
Time (s)

Fig.2 Impulse response

Fig.1 Recorder and power supply
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$518B 3HA17H (A) $3%15%

1-3-5

1-3-5 FBEEHIEICE DA 25 0T« RBER
DEMNT D EROIBHIEDRES

Investigation of Apparent Source Width Manipulation for Interactive Virtual
Sound Sources Based on Cormrelation Control.

HERRA, PHE—(E#HX)

@A BT T4 TH—T 47 TlE BFEBEL EHEOZLMERENRIZ
FREEZLAREEA B D, FHARTIERNFOERMEISEE LT
FEEITot- A - LTFICESE L2 DOEBEEE (Fig. 1) £HA0
TIRFRSN-BBREMFCTLT - ERIZRTF5EEE1TS. RO
F#Fig.2 |IZRY. FOREAR L SROREAAL—HFE TR
HEEIZHENT, BENTOEFTROBEOEL~DFEEZRSN T 5.

*E— 3 F v IFv L 2 RESRORESHOEEFIEIZL>T,
AFREIOEEE S C TERORMNTOEEFIET 5.

@ EERIFHIDYAUFOT L VKTEEREE TIXASW OZEALABARE <5
HEh, EEAROHEMESHLE, TAOFOBE(CHLTIIER
HEAIZ, LTFOFEOTEILTIETEEA LT - EEARIZERIC
BB LS ICHESN-. CORRIE FOBEHEROELY AR
[CHEERIFT AR TS L TS,

Sound image Virtual sound source

M>1<M/
Al

(a) Horizontal {Hori.)

Fig.1:Source layouts

O 525 m

(b) Vertical (Vert.)

Fig.2: The experiment
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Study on the Sweet Spot of Simplified Sound Field Reproduction, Tottedashi
Yrrp B, HREL EARCUNA-ZI)

& (iS5 15A £ (Tottedashi)lE, 24 ch OFHEFAIEYA I 7 LA ERAE—
A7 LA EAVT, BZNICEEOLREREBLEY 554,

S BHERET A P ETILERALERE -BEYIaL—YavIsy,
BAEBIHEILIE "> TaHl. ( SHERR | FEL~IL [dB])
®BRT L EY =y AHOA)DEERM S, 118 A9 2—T13w FED

FHAi =BT, BELNLOFRELSHI2 dB LT L HMEEER
A—FRRy FEEEL, BiRMESCRAEEEN,
SHEEEREDAA— AR Y bE, {EE S AT T HOA B
A — hRRY FOEREDFEADRE SIH T4 H DAL
HLEHBHBNT, NIBIHEAT 5HC & &R

— TTDr_mic=0.5m
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Fig.2:Sweet Spot in SPL distribution

Fig.1:Marrow directional
microphone array
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ABS) T4 7 REERORITEREHICONT
Distant movement of interactive virtual sound source
passing through the front and back of a linear loudspeaker array

OFpEIC, FREX, HAE—(EEX)

& B AMEICEhE THET HREFRISHT L, #RECEDEY O

{837 DIBE £ £ 5 THLMEEOEITE BB A5 HE L 1=,

#32ch EffRAE—DT LA EE—3 3 o3y TF v £V -EEEHE
EEE, BT OEHEIER L (EEROBRIE L YR CERL
F-EEROEREENFHIZTh D,
D3 DNThIFTER L =,

@Fig. 1 [TERE LTEBEOEEEALIBEICEITS, ARBIOF
FMECHER THA, AT, (ERLIRERME, RRU-Eai
B m % HshdRTEReRd,

SHERELY, BTERIER IR LRSS ROBRAMEIcHEES
1+ 5MEEN B D Ehthh oT=,

[ Tinstructed distance, r"m..{.u.:fn--.w.-un' 1

—
— !
g4l ) L B | g4
2 I 1 ¥
£al | Eol L i
Wy ,.—\\\ o o

\""\“\"-‘ v \“ “\‘-‘ \“ o

(a) Straight (b) Right
*p<0.05, *p<0.01

Fig.1: Mean rating score
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1-3-8 D A—TAFI=EITS

thf@s EENERIEFERREEFIZ DLV T

The correlation between the middle and top layers and the listening area in
3D audio

O, AHEFR(HREKR)

3D A—T A FIZBITEBLBOA ¥ O OEREEF Sk 25
MENS & DRI OV THREEL .
& Ty 7 I O—HHE (PEROER OFEREND, B—iERE<( Y
Ok @M S L TS LI5S cERM0LAT Y BER L A1E
AL RSNz,

& <A 9 OR U OEAECE S IC & > TETAROERIEMEL 45
CET, hROEEMIE & ENRAEE D S AL EREGEEAYA Ao 1= 2
Ens, HARASESOREILE T2IERE < A ¥ Ok L AE—{ER
HTEEAELEEOMNRDELHBREICREND &S o1-0

TlFELIhEERBND,
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I
| ]|- + |l stim
" L T | 1 - C2m
g | | i | -+ C3m
g o L i 5 == Cam
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t
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Fig.1: Means and 95% confidence intervals obtained from pairwise
comparisons of the xylophone.
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(10) £1H 38B17H (A) %E3xi5 1-3-9 ~ 1-3-12
1-3-9 1-3-10
1-3-9 EEARKIZEITS 1-3-10 BoSC L AT LZAVWE=ERRDEMSE

RBGEREB/RR 7—") VT NBDRE

Scaling processing of virtual source in wave number domain
for sound field synthesis

Ol 2K, oILIETEE (NHK)

SEEOEFEY—ERELTHY 2 A4 v EESWE - BEIZET 55
TETOTLNA.
> R
SR A 9 ORUT LA EZRVTERELER
EEEIFIAARY MLE LTHEL,
BMERRATART—R1E
> BaERd
HEHHE OB LR EDOERA Ty MIET A A8 T2 %55
ICBiHEAR
@ HEHHEL L THEBNAAY ML Sh-BROBIHEEE
B AR, REERDKESETLSE DR —) LI MBERE
SHIES S aL—Sa vy, IBEEFAVTARY—) VI EED
ABHTET BROKESHEELI-E EZDOHEHENISHTTRETHD
CEERRR

E mam“ E \Nkup E

Fig. 1: synthesized sound fields (lefi) scaled-down field at a scale factor of 0.5 (center)
original sound field (right) scaled-up field at a scale factor of 1.5
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1-3-11

1-3-11 2 D0 BoSC BAEZMALV-3D A—T 474
ZEE AT LDEE
—EHRABRO L LRIFOHNROKRET—
Construction of a 3D audio listening system using two BoSC sound field

reproduction room
—Effects of sharing and talking about the listening experience—

HREHRE, LBESEF(RAXR), FXH, AR (ERERR)

S EIARICHITHaIa=r—2 3 VOHMRITERL, 2 DD BoSC
BEEAAT, 3D A—TABELHIC, BHEBICETOREE
ESRFTRICEIRT 5 VATLEHEL: (Fig. 1),

@ BN 2 NDOAT 10 EERRIODESHBERRE T o2& 2B, 1 AT
D F—TFTsAZEEL LY, 2 ATRELEBEAEF LGN SECA
HEERAERE 2 L= & L\ S FHEERAE O .

{"“ Sound Cask Compact BoSC room
-y

b —

{ [Woopone ] [wicophoe]

[

‘ g Muc amp and AD converter |

Ty

PC (Sound Cask) 1 Pf (Compact BoSC room)
Real-time I Real-time Ci Juti
(Fg"He) (F*Hs)
[ oigtalmier || |[  Digital mixer |
1 1

+ +
| Digital amp system : Q&h] | Digital amp system : 64ch |

| Low pass filter : 96ch | | Low pass filter : 64ch |
L3

—{ Loudspeaker : 96ch I | Loudspeaker : 64ch }-

Fig.1:Sharing system about the 3D audio listening experience.
(Fr / FL:Impulse response from the conversation partner
positioned to the right / left to the listener’s position)

INSA—RETHIN—F¥)L 3D ERFIHD
£15

Virtual 3D room sound field with room geometry complexity as a parameter
using BoSC system

FRIBEED, R (REERL)

S FPETIE PALICE > TRESH-EREEERIH S A8
LASEERT7 LT LEROTA—F v ILEERSEE S8
MIZERT HURTLERRL, COVRTLERV-RETIEDT
BEME S DLV T DR £ 4T o 1=,

&/ —F )L 3D ENEH L Th EFREEOREERHTH S Nuendo {1
BOR—IL) =T ENTTEEBDRTADRD 12 BOR E—H—
MOHALEERO 2 &4 TERICERRELR ST, HERE 10481
Xt LREEE T 1=, RERERHOBTEHNNOET % Fig 1 1277

SHUEEET AL LIohR—ILA—T e —F )LD DEE LA
BLwihEWSERIZHL 10 At 8 8hY \—F v )L 3D DML EE
L. EROEHS DS A—EDNSA U IVAIGEEERT HTIL
I XLht BoSC ARITE DU TILE A LEISERICEVTEHMT
HHZELERLT

™ !

Fig.1:Example when playing an instrument
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1-3-12 ZEBROYEETILERIE VR-ARIZ

BWTEDESIZFEHLN D=5
How do we use physical modeling sound synthesis of musical instruments
in VRIAR?

Ofgat##iChX-E1)

¢ EZOVEETILOBERE L SLURBHHEOEMNE - EHEELE
OIBFET, EBORSHEDEHZTTIIAL, BELEBOA V53—
7 1A & ERMMELER LR ETIVEERATES

SHIZIE EFT/ONR—v ) EHBEADR T, TrAF)
DB EFTOHEES (Fig1), P IWDATA 9T
IRy bETORYA Fig2) LETHB. TH
SOHREHEEBNT 5.

®EBE “HICER" L, TLTVRARIZBLT
“HIEZ D" EHREEL-OICE BRI —F
I DI O EBELERBOAVE50 vk
EELEYEETILNBETHL EEFEER
%, BNTOMEEDIE FO—HFHI-HS.

* EBOBEEZOT LY BIZIEFG]) 1245
“FHRESFDRIE" 4, EHEOYFEETILOVR -
AR [ZBITBFENEZAO—DThHS.

m“

Fig.2: Effect of the mallet grip condition.

Fig.1:Effect of the
bow tilt,

&

Fig.3: Altematwe snare
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Trial of a virtual recording scheme for music production
by sampling virtual sound sources of a target space.
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® /1 —Fx)LaA—T 1 VT ERET HFE V2MA (VSVerb Virual
Microphone Array) #5859 4.
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VSVerb VZMA
Geomelrical Acoustics Audio Engineering
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Spatial reverb restoration Spatial reverb creation
Original number of reflections are reproduced. 7 times more reflections are reproduced?

Fig.1 Detected virtual sound sources and CBA rendering; VSVerb and V2IMA
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1-3-15 Full Audio Bandwidth Wave-based Acoustic
Simulation: State of the Art and Challenges

(O Stefan Bilbao, AJan Smits (University of Edinburgh)

Wave-based numerical simulation approaches offer, in theory, a complete solution
to the problem of auralisation for a virtual acoustic space. Obvious applications are
in architectural acoustics and in virtual reality. Such an auralisation requires the
generation of output over the full audio bandwidth up to 20 kHz. At present, most
approaches to wave-based acoustic simulation are restricted to the low frequency
range, which, for auralisation purposes, can be complemented by geometrical
acoustics results to cover the higher frequencies. However, even for
commercial-grade hardware, computing power is considerable now, and the
possibility of full-bandwidth wave-based virtual acoustic simulation over the full
bandwidth is becoming less remote.

The design of wave—based simulation methods is constrained by a variety of
competing requirements, including robust behaviour, or the need to maintain
numerical stability under very complex design choices with minimal user
intervention; accuracy, or the minimization of solution errors, perhaps to be
considered in a perceptual sense; and efficiency, or the minimization of the required
runtime and memory requirements. These constraints are interlinked, and the last
must be approached with great care when scaling to very large problems.

In this paper, we examine these design considerations in full, focusing on methods
defined over regular grids such as the finite difference time domain method.

Simulation results are presented.
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Wave-based VR acoustic simulation of architectural sound environments
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Toward Mutual Understanding of Diversity and Support for Social
Participation Using Spoken Dialogue
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Developmental Stuttering as a Neurodiverse Speech Style
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The Role of Pronunciation Education in a Multicultural Society
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Exploring diversity in speech production of infants and toddlers
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Fig. 1: A) Mean modulation spectrum of speech sounds produced by
infants, toddlers, and adults. B) Transition probability between
spoken syllables. Lines indicate preceding sounds in the sequence.
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Japanese Vowel System Analyzed by Real-Time MRI Data
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Figure: System of Japanese vowels and relevant phonological features.

BAEEF2% 1530

(202 55F%) HRRERR



1-5-1 ~ 1-5-4

#£1H 3RA17H (B) ZH5%8% (13)

1-5-1

1-5-1 95290 E0v XATRVLLN AT EITIC
T HTO—TEFE:
O XRBOFEIZLDHFAEBOEL

Probe tone ratings for chord progressions used in jazz: Changes in ratings
due to jazz experience
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Fig. 1: Mean rating for each probe tone. The preceding stimuli were:
(a) classical chord progression, (b) classical chord progression with
jazz tonic, and (c) jazz chord progression. The solid line represents the
jazz-experienced group, while the dashed line represents the

no-jazz-experienced group.
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Symbolic music composition capturing global structure of music based on
bar-feature sequence modeling
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Estimated Song

Fig.1:Overview of inference architecture
in proposed method
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Music Editing Al for Instrumental-Part Level Modifications
through Text Prompts

it B, 2B, BRI (5EX)
®0F, FESFTIIAER Al ZEo7= Textto-Music (TTM) DEHiAY
HERL TS, HHMOESRVHBREITOER Al HIFEAEFE
LTLVELY
ORI TIE, ERGBIE TRIERIMDER, \— b C i ROHEE
DOMEFHEDS LT, FEDESR — bOAEEILSH, BkE
TOFEERERS .

SEREETIL Fig. 1) ERAVTEER — FOREZITL. TOEE
IERZEHFOEREM Al LFHEERZALT, BB .
& ChickY, FA A RGO IR AR LTS, AkiEE

o1 SR RTRE ORI & o 3 ENFEL T D,

1 Latent Space
1

atrantal

(sauwn 1) dag Busiouag

Text Prompt

.|||||-|.
Music
(Arranged)

Fig.1:Architecture of the Proposed Model
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Electric guitar sound conversion based on reproduction of acoustic guitar
sound hole characteristics
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Resemblance to an Acoustic Guitar

Percentage of Respondents

Traditional Method Proposed Method Uncertain

Fig.1: Comparison of resemblance to an acoustic guitar based on
subjective evaluations
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Generating Bass Phrase from Guitar Chord Backing with NMF:
Experiments with Real Music Recordings
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Figl: Chromagrams of the generated bass sound (Left) and

Onset_strength of the generated bass sound (Right) of “ F (Al
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Detection method of fingering noise in electric guitar playing
by filter processing and frequency analysis
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Sparse CQT representations via harmonic/percussive source separation
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Fig. 1 Analysis results of a music signal by CQT and the proposed method
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Proposal of a target sound method based on
acoustic characteristics and subjective evaluation

Yo Rl RREE (PR AR, FHEE (PRX)

& ASACTIE BRET AHREEEEHET DI T AT L THIEEAYE
REhdES, THAHABRT HEMHES THERE ~EO 5 (LT, Hak
HEHLIES) OBUMEFIERT 5, & SRICHE LR EH5 LT
THAF—IZHfESh-E L, SHEASETIREF MRV TERETESR
FTL, RS OBETEOZ S EEELT 5.

& TERHEEAL S, FRFRCGLI-BORLAICIARERIFTEIHETHD 112
=, e ERR, FEOET) HEHBOSHE 6 RSO
e LTz, BHEEIL 4 A—USHEd Wl & T4 vE—3) OAOMEEESE
TLESHHY THIEL, THEFEREREIT o

 Fig 1 (SRS EIEHELY, (2)BFE LI-HHES SRR ERE £ L =HHEEH
# BHELUBOHSTRLEHROIESET 5 LHBELT, LAt &8
S TR R OU VARSI L Y, BIRO TS A A—S0EA%E
TERCEDS, THA ABEELTE, A YBRTES L &AL

] Moming  ElMoon I Night

L] o
1%
Ly 3%

" — ™
ES L] E

£ H |
k- = {Lre

g‘ s E‘ ]
£ £ ™

- S %
0 o
il Ori.2 Feyl Fey2 Feyd Fayd Fas Feyb
(a) Targeted functional sound (b} With design conditions
Fig. 1 Time zone evaluations

AAZEZ2%E 1530 (20 2558%F) ARERS



1-6-2 ~ 1-6-5

#£1H 3RA17H (B) %655 (15)

1-6-2

1-6-2 MERS DRMEERLT-
EEEREHE DIREERET
Comfortable Sound Design of Rotational Order Sound
Considered Perception of Pure Tone Components

HIEHBER (hRAfR), ARSHEE, AFARFE, ABRECTY),
AiD#—Ep, FHEF(hRXK)
SLEFEANIADSE, MY TaESTRRRISEEL, E
EIEREEN B HERICHT HERMES VARG L,

[EEHE IS B THEA TR E L AREEEBA SN T B,

S EREEORLERS S LT oS AR L Y, BRIk o
ThFUT 1 £ET7 FRRAODMERAES O ~DFSENRLY, 5
) FRAZEAbIC &k > THITOEEC 2 ARG S Ehthhof=,

@Fig. 1ITRT &I, MELNDLRAICHEIIHELE SIS M) To
HFEREE S FRAEI RO,

SEERRHEICTSV/ A XERML, Fig 2 [TRT&EIIZRFUT
1 EETEEHILT WEZHMESLVETL, BEEs M LEL -,

Loudness -~ 10 sane
®20 sone
@30 sone

2::::::’”\

) Frequency Hz i .
Fig. 1 Tonality threshold line by regression analysis
_ 15

® Tonality 5 = = Q’
o Threshold (20 sone) | 5 i | . :
—_— %300 _— -

-1.5
30 31 32 33 34 requency H. 30 31 32 33 34
{a) Pure tone components peroepl oﬂ value (B} Tanamy analysls result of sound 3-3  (c) Comfort factor value
Fig. 2 ion of Tonality line

Tonality tuHMS

7

4

Tonalty WHMS
Comfort fact
value

Perception value

1

1-6-4

1-6-3

1-6-4 BETIILFNFA—2FRN-HHEE
(& 2 BEBEETEDOHFHEMLD
-1 —a—JILRry  NI—=U %
AL -EEERME S LRSI ED
HHEHEOBER L—

Feature Extraction of Car Driving Sound Using Machine
Learning with Acoustic Multi-Parameters
-First Report : Improvement of Feature Extraction Accuracy by
Separation of Rotation Order Components and Background
Noise Using Neural Networks-
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Fig. 1 Spectrogram images and parameter contribution by SHAP
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Comfortable Sound Design of Multiple Rotational Order Sounds
Focused on Dissonance
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Feature Extraction of Car Driving Sound Using Machine
Learning with Acoustic Multi-Parameters
-Second Report : Extraction of Common Features
among Car Models Using Neural Networks-
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B/YYTE LTEEROBEVILF NG A—2 YR EBRTT 5.

@Fig. 1 [Z7R9 SHAP EAOHFICL 2B vy T&Y, L truck &
H_truck [ZIE56 1 ERASBRICKELENH D Z LM o1 Ff=,
Fig. 2 |Z779 2 BE#5@) Order-removed spectrogram MLEI= LY, &
1 RS OEFRSEFEOES, BRIFEHOLHEEOFE LU
& :»'Cil:'cué&%ﬁmahf:o

truck BL_truck #M_truck .sseda\

(

Pyincipal companent 2
o 2

1
UO Tme s

Princpal component 1 (@ PCloaings () Liukd (0 Hiucka

LE

0

Fig. 1 Sound feature map by SHAP-PCA Fig 2 Omder-removed speciiogram
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1-6-6 ~ 1-6-9

1-6-6
EEIUH
1-6-8
1-6-8 [EEETHAVIDRE

AR EETOEEHEERAD =D DIRET-

Proposal of “Sound Space Design”

- Consideration for permanent development in our school library -

HERE, B)HpH (EEFE)

&5tk FREBEICH T ABEMTY A L EEENICRET 51200
HRZEFD1-0I, FEEERICETLEEMTH A D OERE LU
EREH T AFHEORRET o1

¢ FTRTY A URER L ERER CREEOFREI ST AR E
B>7 77— R (SDE7ERERESLU SEOSFRETRL
LBot-m) & SEOBTRHETENEBo1-A) OB/RED %17
= =

#Fig.2 [ZEEEED SD AL HEREDFHHER (2EESOHER
DOFHE) ERY,

& EZEFOBHR T, IFSRELHL L) B EDRIEAE SN,
JEREBOBEHRIGETIE, —2—DOFRCHEC /4 AT=OR0H
HEBMotz) BEDEEI B LN,

3020 10 0.0 1.0 20 30
grLa [#zLome = | FELY
Boema | Bosesimy | LA

/
] iy

\

\

W
Bira Brlw Wirts
I —e— BRI

WRokhi

Fig.2 Evaluation results of sound environment

1-6-7

1-6-7  EBEOELGLIBEDTLITINEZARYIC
BT 50K E ALV -2 B RO 5T

Evaluation of Cognitive Load Using EEG in Auditory Dual-Task
with Different Sound Volume

OEF 5, KT #F #5 hE B0 H— K 8 (NTT)
¢ OREFTIE BEOEITHPT XL RV LFAEOMOEIZHER
EL SR R FRBSICITS SEAROONDIHEEN DS
SRR ERIF A ERBFCKRIEL, 2 A7 OFEEE BEEERTS,
AR EBR LT VER/ NS VRERELS:
» FRRY  BFENback 29
o NEfIERE LEFHIRMC Ao RG
® 1-back # A% & 2-back 4 A9 &R
> BI2RY  HEEMERY 2R
® N-back # R4 thIZ 4 E—SBOEEOMENY
@ (LRERIE N-back # A5 L T-6dB &£ 6dB THE
¢ 2RO DEHNEFHBLIGEICEIZ RV OFEHNKENE, THR
4 DRFEETOREED o ERA OETIREES hiz

1-back task 2-back task

o o
@ o
o o
@ o
&
w

o
Li-d

Power spectrum ratio
o
.

Power spectrum ratio
o o
o =

o
i=1
o
i=1

theta alpha beta

Fig.1 Power spectrum ration of EEG during an auditory duaktask (* p< .05)

theta alpha beta

1-6-9

CCNHSEBE DRHD
YAV BETHAY
Sound Design for Future Mobilities
Owrgigth Gk - =T), f8— EIFEFRA), BLESE (rA=7)

1-6-9

BEhEENEE SHRD,
HOBWANRE L FL GBS bDITHR>TeRE,

HICROSNBMEEPEHRERELEBTLTVWSTL &L D,

FABETESHAVER, EABTHIYTLLEIN?
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1-6-10 ~ 1-6-13 #£1H 38B17H (B) 6% (17)
1-6-10 1-6-11
1-6-10 BEFHTOTLBEEERICMI(T1= 1-6-11 [{BiFEE] EBhNEEGRE R T E/NRINED
ADRELERDERHNT S THAUTOER
Jélg) ?—l;F,l’ b Design process for Level 4 automated vehicle audio signals

Sound design for harmonizing human safety and security for fully
automated driving under specific conditions

OFRBEDT1+—H)

& BEREEED LAULDEES LT, NTHT 2EORSTIED LIRS
1EDLD. EREOREOH MEOFRECERICLSHIa=/ "~ - EE
T« EFHT H1=01, BiRrHEORHEL EORREVEIZERE L TOREIE
HLEESRMLCROTES ‘De Y BREOEE Fig.1) AWHEEhA,

& R EMEEEG L LT, B \L— 1 —%2Y, JILTR—k B&U
T —2Z0—FEY F+5h\H D, FEEMEL BEEM&BEZMIZH T
ohd, AOBEEERLI-REFEOE=2)2Y, BEMHaSa=yr—
3 VIR AOfEEE D AERE CILFES ) T ORESHIRE SIS,

& ETTF—2CERT—20 57 FLICtESh, S oRiisERicsy
T—AOFERE VAT LOEFN TOND. REWTEOTH A L A D
&St AT L EDRERI & YRERRIA DIAFNEDRE - WLEFFIT S
A== - BE T A DDV 7 FOTFRLDTHA ~F7T 5.

’-‘3;-::::“ Iy

{.0)?(‘){*7?;3{))

o<
3 HRADEE
(50 )

L2500 sound bedd cony

L BER

- 3. - i e e e
g e ; - 1T mEROR, |
TAEHE | Functionslsound '
a e e 770 : .
;:; P T y e .
= Amsm{ il At R, ]
(e L @ BRI 2=~y

Creatve COmmunCaton

AT ST T S TR st s -5

Fig. 1 The next concept of functional sound space

1-6-12

1-6-12 BEREEREFDIERBEEEAD
YUK Ul OFFHE
Evaluation of sound Ul to inform takeover requests during automated driving
OX)IE REEE(CSHERW, WABth(AMK-E1)

€ LRT LASEERIEE NHED B A 1 3~5 | &4k CHEFIRREE (Takeover
Request: TOR) L—ISEENGEH2 2 F Ul ZBBoMN T Hi=HEH
LI=—ENEREBNT 5.

5551 BREN 30 AR TORIBAEICHERT 8L LTOMEY
AR EIZDVT 7 B TEHE L 1=, @A RO LIRS B,
SRR - T - HEERAPIEEDEN S 0T,

@8 2 : TOR L—L ZEBE LIRS AN 7 HE2RL0., 80
TECHRCEA HFEEFEL . TOBR. RABOBELS0E
UIMEEEER 1 &Y BETT BEEL A S (Fig.1).

& EER 3 =5 1 OENREHEEE BavEl. SEREEIAEREL
=ERFRETILOBEIRBRZTL. HEELSDEBELEDEEEHEE
Lf=

7 T AR .2

BHE (1)

" “sound1 soundz sound3 soundd sounds soundé soundT

Fig.1:Mean subjective rating score for adequacy in each condition (light
gray: reading, medium gray: supervising, and dark gray: Experiment 1) by
sound stimuli. Error bars indicate SEM.

PEEAN DT ARERKIE), ADEREALTHRE,
AREFEARAFHAS), AT A X FHA S,
AFRBEEAXF AL, I R ARREENEE
& LAY 4 BEREERE|C(E RS 7 HVERE LUV, EROBELK
REASITECEEEL EOEEBIE SEICHREmET SES
@I+ HMI (Human Machine Interface) AWAEIZ# 5. EHRIEDF
FEELTRTA RIS FEORERTERAT LI L0EZ NS
AL AR L TV & HIREEARRE B E RS AN E L E
ABo

@ A XX BASMEEMRRE LU T o) AEFRAPOXRHEL
L TERE OB HRAE T L ERE L, CHREOTY
A VEHER. QUY—F, QETILOERLE AV FiE, @70k
A4 7, GEHBL VSN TEEL-. ERE LIRS, 2—YW
Eh b—EOFHEA G oM HIENEHAMERL S Nz,

Fig.1: 32808 535 L UHMD Py

1-6-13

The transition of in-vehicle sound development: From Auditory to
Multi-modality
ORIHFT, {Ekfek(AEE Bk )

HENICIE ETICHIEE 1 Uh—OENE, FES—2avIATA
DEFEENGESHSHUEIFEILTEY, TholLEinE RIES Ol
PR IERNGEEERITTEELERTHD. fFE, /AT b LA A
DiEle, & YUbTREMEORERICHFLETEOERCEEIRE(TEL,
DORPHERER & (FRUGMFEER DL SITE - TETLD. F-EWEIHIT
ikl &Y, EFEEROBFREIChETLLEZSIMEL, k0 EEE)
L LToiEEh DRSNS Z L TEERORADITRIOLEBNE=—XITE X
ELTARENDLIITH->TER ZOKSWKRIZHNT, BEROEE
BREEHEL, #-EZ AR SV TET BN S > TS,

F0—AT, EmEHMEAEHAEL ST 5, BESUHRAUEREENE
R S AR A R DT C S IFHRRICEREREL Y 005D, A
Tl COFEICHNT S-h0—HlE LT, £ ROBMMBSEERIAL-E
ERREOBHEIRY £If5. COBRTIE FTRITUOUEELAILAER
LTWBIzEihvhad, ARBOEZHALEhES 2E(BLEER
ETHELEE->TWNS. &5, TORYBAHDPTHRELI-EEY IV FLE
AL—RIZDWVTHIBAT S B IaL—RELERDESH “3BE{ELIC
CWhvi—2" LT 5 LTHAGM, L(EFRETORSTE ~ORMmnE
HEEEREL, ThEETIULT 2L TLERAMNGETES.
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1-6-14 ~ 1-6-17

1-6-14

1-6-14 BiEH OV TIZE I BHEETE
DA F RO

Development of a method for analyzing vehicle noise characteristics based
on a sensitivity sound map

TrepBUEA (chaKlR), NSRRI, BiDE—E, FHEE (hRX)

SIBESOMRLDETEA ) IR EOBRERITL, BEYOUF
Ty TEERTHIET, ANHOBEOTRRIEETS,

& 15 1ERL L - BREEITEI TN T HENEEHEETL, Bt
Fw JEHMEL, BEOTRIEETS.

® BEEETSICHEVT, ICE & EV TIHELNDENEARLY, ICE
& TEEENEE), EVI(E SR (CRL. Ff- SEROEERER
ZBMYT HZET HRER ALY LI LALLM ST,

®HiR— tRY 4—7 L tlasso BIREERT A LT, Fig 1 TR
TEIHRBLUBRBRIZETHARY bLE M) T 1 125
R FRIS AT L 1=,

SEFELY MERENR), [FHER), HRR 3, ThEThEMEE
FIERR, bF)TAIZHFELTWAIEETRLI

(a) Spectrogram
Fig. 1 Spectrogram and Tonality of ICE2

1-6-16

1-6-16  E8H JUEFHEHEICE D SRR E
REREZMITIREYY Y FORIE

Creation of an arousal sound that balances valence
and arousal based on subjective and objective evaluations

LEHEAR (PRARR), ASBIE, LOKEX FHEE(PRX

& BIERPIHEEAET LAY, A0 RIHEE NG, FIFR
Tld il WEERAMIT ANERY O L FEIRTT A LT, BAESED
YAV EHEEL, SEEEOn EEBET.

& EZRFIEE FIUEN OHERL 4 HIIEE 125 Hz, 250 Hz, 500 Hz AR
HEOFICEUERIL, EREHMEEET 5, K, B TESSRLL
Sf-HEEHD L %, ESTE 600 s HICEREANIC 5 BHERL, FOIRTHE
DGR & FERERRBEDTECREEHRT 5 LT, WEBREHSNT S,

& RRERIT, WERY O FEHRTRTAILT ENASLUEIETEH AT
EEEAHLh, EERERRIIEL LT,

¢ ELEELMEORRAEBASHE LI LT, NROLHEY SR
#REL, EEEEEORLEABH LMo =,

7

2 2 [lovs oren

Evaluation score
B

n
[ =] -
o

Relative power rath

o

AS1  AS2 AS3  AS4  ASS AS1  AS2  AS3 AB4 ASS
" P . Conditions = Conditions
.1:Subjective evaluation score. Fig.2:Brain waves.

8 Orginal scund B Arousal sound

Bedore After Before  After
Paricipant A Participant B Participant C Participant O Participant E
Fig.3:Changes in lane deviation with arousal sounds.

Lane deviation m
o
=1

1-6-15
1-6-15 BEREEICESEDHED
ETVIURT AU DHEE
Construction of automobile driving sound design based on acoustic
features
Omi#E—ER(hRXK), chBig A(hRARR), EFHRE,
FHEE (hRX)

¢ EREOETEERNRE L, BT Ry TOEESEEIcES
{ETHIY FTFYA D OMEEBIRT .

SREYI Y PRy TR LIRERLFHIEAR OEV2 E05 L L,
BiZEESEL .

S EEREEOSICEY, FEERE M) T o, FHERES Y FRR
DHEEHNBN LML ELY, BEEHEKLI) & D/ISA—4
AR T4 EEEL, BEHEREThThFig. 1, Fig. 21T/

@®Fig. 3L SIZBMY DL KTy TRERLIzE 25, BLEEED
No4 DFHEE TEZEL LTV RREL AR LS LI LN
i Gy

08 igf;\
§ 04 [ s
00

L Loudness.
: ! ®-20% -
A% No.7

08
-A0% -200% 0% #20%  +40% .
Toralty No.S .
Fig. 1 Factor effect diagram for future sense g 8

No.&

15
1.0 H
05 —db’m Bt
0.0 T @-20%

“:“I- 1 a20% N3
40 20% 0% 20%  +40%
Tonal

B
Fig.2 Factor effect ciagram for calm sense Fig. 3 Relative sensibilty sound map based on EV2

1-6-17

1-6-17

BEEELRT COERNETT 1 LD
Vehicle Interior Sound Design and Evaluation under Autonomous Driving
OFExtef ([GRHLK)

® ChETIUUUEEPLERNE T VOB EIT 2 TES
S ITUT U EIMBEEENEMS D — PNy IERTLH oA
£ EIhEIECIHERSICL > TILBADHER?
& ILEEITEESIRY (R51-03) 7x—X 32T T EV LA HETHES T
[SIBERFICIEATEAEREN S,
¢ ChETOBRHOPTRELEMEGETLEMREATES FEYID
HLELELT, FeviavzfALTEERES STV,
P IUUVETHA VINEES EHIERE LV S BHETEREMR
BELTHER.
P A =T 4 AHPT HDIELED 5% < HLY (Automotive audio,
AES, 2017),
> BT TORYERGTALT VIR "REE,
P OEEAFEG EEHES12EE, FEAREL L FITIEHITE
HIEERETEREUL,
@ ZIT, UTFD2 20Uy FTFYA e ZOFHEERY EIF TR,
P FRLAINGTHA L9 2ENERS
> BERSIETREN S THA LT HREH
® SEITHEREZ LTH 21, SHRINLEA—RIELLHFREEE
ETOFE,

“@ilfth, EHRE (&, 1619, 2025
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1-6-18 ~ 1-6-21

£1H 38B17H (A) %6515 (19)

1-6-18

1-6-18  BEREREXRHOELIZLSZERD
BERHA~DFERE

Investigation on the effect of changes in passenger conditions on the
acoustic transfer function in the vehicle cabin

O® =%, Adiho Chang(KRISS), A Sung-Hwan Shin(Kookmin University)
¢ KR TIIEFEORE L LN BEANFIEEAMI-RITTZE
[ DWTERMASAER DT EITo 1=,

& ABERN S ER L OMELE~DFERIHERICKE L, BFE
Ik HZIHREN THAERSRES Wz, ChIHTERMEER
DI YIEIC L HEDADNRENE NI ZEETRT,

& AMETORERIE—DOOERMIRES AL DO TIEHSH, BHRZERM
DIELMIEDNT, thOEFTHE-ERASHELEEZ N5,

FATOARE mEaadEn LN~
L MIAANE EEaeNEN ¢ \“ﬁx

MmO maaesamnm - \
-HEEEEEN -EEEEEEE - -
source (@ front left door source (@ left headrest of driver seat source (@ front left door

iR oRERREER 1~

ITLLEE TlanudK s:/\___,}
STLARE - URANNER

-EEENEGE -mEEEEEE © .

source @ rearnightdoor  source @ left headrest of rear-ight seat source (@ left headrest of driver seat

Fig.1: Effect of passenger layout on the acoustic  F19-2: Effect of posture

response around the driver head on the binaural respanse
PO between the driver seat

and source positions

1-6-20

1-6-20 EARFHMICESCEV EfTEL
EIRENMEIC L DRI BOFHEFIE

A method for evaluating fatigue caused by EV driving sounds
and driving operation based on physiological information

FINRFHEE (FPRK), chBIEA (hRAfR), ILOKX, FHES (PRK)

S EEOERFBEOMEIL, EROLEIC & AFREHRL A THhN T
=AY, FEEERIIES £EE LELGANHY, —A, LEITTERE
DEEEERNOEEEZTOTVRANH S, FTARMETIL
fibd3E 2 FAL V=R A SRl R A hRET L =,

@ ESAELTLE A L—3ERWNERA AV, 3 HOAS—/
A XERRL, DBERVESBOMEER & ik s OHEE SR
Lz £LT, BEROD High o B3RS OB £ £BALH
[TLtz Ffz, T2/ 4 XhRAET LB Lhthh o,

8852 2702, BV EfTE R LSHES AR RL, LEEAN
FEFBROFBER S MEE OBEEMT Lz, LT, BED
High a3 H 3 & DN E (. Il TRPEATHECE 54
MhSIEEHOM LIz, Fz BV BTEEERELISHIED
fClE, BERSARAREVIEES LB Lt ot

18 W Before driving . 13 B Before driving
1 4 W After driving _,: 1.2| M After driving
£ 12 :|: 11
g ot 1.0
Eo8 ‘“
Z06 l 0 0.9
0.4"
Brown -12dBloct Brown -12dBloct
n:}ise noise HOISE noise
Fig.1:Variation in TP Fig.2: Variation in High a wave

1-6-19

1-6-19 BENERIRIEEERLT-
ETEISHT HIEEHAED T

Evaluation of attentional mechanisms in response to vehicle sounds
considering autonomous driving environments

*RILER, HEWR, BHEN (RBHIAR)

& BEREGOERICHL, BRIESEENOFRGEISRO oM HIMELE
LTS EEZ OGNS TO—2OT7TO—F L LT, FEEASE
12 < K LUBSORNENZ SEREDRELFNTHS.

® FBETE BORESOEHITHE LT, WROERESEBRI(ERP)
ERVTIROREPT LVETEOREZALMNT 2L ZAM
ELf Th&Y, FRORECTVEOREERET 5 & TIES
EEBLIY I FTHA VCHT DHRERMTEHEERD.

® ETORER, BOKESOEEITLY % L= ERP FGOERIZRIZE
HEOAHTEL, IEEH SOEFI &k HRENEENTNDZ LAVTRE
Eh, ZTORENKREVEETEAAVTND EAMRTE -

@ 5[, FREMUROIEMHEIC & > TSR CAD SEEIAIER
&h, BEEERAT CONESORHOBEEA TS SN

@ ETEOERBRNS & YBERMAS (1 KHz HE)OFH R YIEEHAE
AEIEDLT VO EATERTE, B & OBSEEI DLV TER L=

. ETTEH F (B SR R R S L HE)
" 20 min 9 min

I D

I O 5T MBI sy

WL

iy g o o

(14 [— g PG+ gl +opal iy + e

fu e e e v

g | O SPLEF{EBs A b U Momgiey = N/
Fig.1: Flow of experiment

1-6-21 FimER[ENREETHLOZRSTD
PRICRIFTEEDRE

The Impact of Age and Sleepiness Levels on the Effectiveness of Waming
Sounds in Maintaining Arousal

w2 (EOELT-RAEL), ABKET EOERT, RIEEBRXETL)

S EREEThOREEER L TETSHY - BiEREET-TLAIR
T, EHEFIER L TEIC LIRS RERET L=

& 2EHOERNRED 5 2. EEREREPOBEIHERPORTEN LI
W24 S LU CEREEIRT L.

& FHRIFTTHREOEIER L. 20 £~30 £ 12 & & 50 £~60 1
12 BEHE LT,

& HEENRZ RUCERHIDEEI M CIRA 1548, 50 ~60 ok
Fh' 20 HK~30 RICHATHEICRGHr—AbREL S =,

SEETU— Mk D, BORRHFORSE L HEENRICOLVTIL,
20 £~30 HOFHOA T, IEREN S BHIHENRI NS VEIS

fﬁj(%ﬁ":!f:n
2 B Notaroused st al 8 saghtty Aroused B High arsusal |
- 1.5 = 203-30s - 503603
i 1 l l “ o
= 0.5 . ”
3z o = -. - M I
5 o5 = in I I I n l
= 1 15 15
2 x m it
ol ;____.s..!.f
TS - Nolse 2 HSAE - Woised  B5AE - Noise d - “Rw ‘\-: ”%Mhﬁ
Worning towsd A Warning somd & Waring sousd § Sleepiness scale Steapiness scale
Fig.1:Reaction reduction time Fig.2:Relationship between
comparing between young group sleepiness level and arousal
and elderly group function of waming sounds
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(20) £18H 3H17H (B) %£8%i5 1-8-1 ~ 1-8-4
1-8-1 1-8-2
1-8-1 A7)~ ERRIRED=H D 1-8-2 TR T OB EIREEE) (<
FFEMTEREERICEYT MR B9 DA & ERARRET
—EREEE vav 2RV =N EBREOMECICET SR () — Mechanical and electrical considerations for high-frequency drive of
Study on the noncontact acoustic inspection method ultrasonic probes

for non-destructive concrete inspection
—Efficiency improvement of outer wall inspection using sound source
mounted type UAV (3)—

Ot #, 2K 1H% L4 7, Pl # (REEERRR

& BEREL. SFETHE UAY (Unmanned aerial vehicle) Z LV -5
EIRE FURF v = U JIREEHSLDV)ZRLV =, JEERtIC kDI
WIERE A THLIIHEHE TR AOBREToTLV5,

& SEIE. SR A IHFET Shi-EEMERNRIZ. 75 v FAE—
# (FPS1030M3F1R, FPS Inc.)Z & L 1= UAV (MATRICE 600 pro,
DJI Co., Ltd.)&5 & T SLDV (PSV Qtec, Polytec GmbH) % FL VTHREE
EREEML,

BEH82 m MEET UAVY v 5 &4, 121 m i2Eih-
{EiEM S SLDV IZ& YEHRIL =,
& SEIRIZIE, 7004100 Hz DILF b—2 i—R MR AR,
& ERORR, KEMEHRNShIRELREALBEA oI5,

N ua
(Matrice 668 pro)
= A
Flat speaker
(FPS1030)

SLDV
(PSY Qtec)

Fig. 1 Experimental setup
(Side view)

1-8-3

Fig. 2 Vibration energy ratio
distribution (700-4100 Hz)

1-8-3 BT EPBE R IT—XRT7LA
RREERERIZKDEILZILERELEEHT S

IREND /LR ESE

Pulse compression of waves propagating on mortar surface
using nonlinear airbome ultrasound phased array source scanning method

@K SMEEXR, M8 X8 (BXREED),
KBE %, P F—(BXEI)

¢ EERFY—ESLIX UYL AEESRER AR UL
AEEARIZ DLWV THIEZiTo TS,

¢  HERFEFRL TG LI-BL2 LORMEEHE o6 L TiEE
FEREERAL, TORMECOVTRIIETo1-.

& Figure 1 [TIERFAOBERE, Fig. 2 [CAITRRETT.

¢ EEFRCS->TEOHTE ULAGEIMEEN ER L ESh TS
ZEHNHEETE, EEFROEMEI RS

]

i

(a). Phase compensation. h . .
i (a). Before applying pulse compression.

s
H
]
i
3
i

¥

(b). Interpolate discrete

frequency components.
. (b). After applying pulse compression.
Fig. 1 Proposed method. ) .
Fig. 2 Analysis result.

Ol AMEEXR(SCr/LT0-T)

& BERREFICEVMEI ML TS EBREICEY . ZohL
BEHYERLL T\ LIERRICAE S,

¢ BEREHTFOREZRIC & YIREFHINEh HEEISENERE
HREL, HEESENSKEVELERRIZL S,

& BERRSTICESICO LT LY EERT B SENERL TS,

& BERIERFAIEICH S A0EACIEFERORMFHER,. 2V Ty
HOEFERIZ & Y EEREEEA ATRE Z B,

& O VT U HOEIERES IS EC & YEDNEEMET T 5,

Table 1 Materials in contact with ~ Table 2 Materials in contact with the

the piezoelectric transducerand ~ piezoelectric transducer and response

response frequency. frequency.
Response Connected capacitors |Resp frequency

Materials frequency [pF] [MHz]
[MHz] Nothing 6.3
‘Water 20.0 1500 7.6
Polystyrene 19.2 1000 8.5
Glass 238 680 10.0
Silicone rubber 6.8 470 10.0
220 14.7
100 17.2
47 21.7
30 26.3
22 263
10 26.3
5 29.4

1-8-4

1-8-4 ZhEEROFRBEEFAL-ERER
BARERD LA EHR 2L

Forming phase images of metal plate thinning area using high-intensity
airbome ultrasound with nonlinearity

F*RNEAR(BX-ET) MEXE (B XE-2EI) FKET (BEEXikR),
FRE— KBS (BR-ETD)
SEhBE RO EREEEZFIALI-ETRE A A— > (Hamonic
Imaging :HIYE1ZEL, BIREIToTLVS.
& SERERS ORAREICEBL, RFWHRANHARNED HI 177
* TORER, SRHEOBEEGRLY BRSO IMEER[IILN
HEERTES-

g Samples

Acoustic guide

|.\Ii|:mq|| .....

Measurement  AD-DA Converter
amplificr

amplifier

degress]” |

ek —
B adsition, x [ue) “position,x mm]
(a) The fundamental wave. (b) The 3rd hammonic wave.
Fig.2 Phase image.
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1-8-5 ~ 1-8-8

£1H 38B17H (A) $8%1% (21)

1-8-5

1-8-5 R REREREAVAERX
BEBFEEE—F U REHAEDRF

Development of a substrate enhancing the thermoelastic effect for optical
specific acoustic impedance measurement

OBEHIE AXNFECEREKR KEPLEHITI

& L—H—BEREEFBLTAENITY  TILOBEEEEA Y E—F
DRI A FEORFECRYEA TS,

& EMEHREHNIZT /B ULA L—Y %% F—VEICZ=/HRn S
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Fig.1: The time waveform of the

out-of-plane displacement velocity

of air, water, and saturated saline
air solution are used as samples. The
amplitude of the longitudinal wave
reflection was air 1.236, water:

0.216 (17% compared to air), and

saturated saline solution: 0.049

(4.0% compared to air)
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Examination of forces action on a plane opposing a cylinder with a small-
diameter hole irradiated by ultrasonic waves through a gap
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Acoustic levitation sound field analysis of complex-shaped objects using Python.
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Fig.1:Sound pressure heat map based on nonlinear sound wave
propagation calculations.
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Evaluation of acoustic radiation force acting on rigid spheres
in wave fields formed by three sound sources
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Fig. 1. Experimental apparatus.  Fig. 2. Weight changes of iron ball as
function of the phase difference.
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Relationship between surface tension and resonance characteristics of
droplets levitated in an acoustic standing wave
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Fig.1:(a) Configuration of the ultrasound vibrator and the reflector. An
acoustic standing wave can be generated between them and
(b) Relationship between the signal frequency and the aspect ratio for the
water, 0.1-mM Pluronic, and 1-mM Pluronic droplets.
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Equilibrium Position Reversal: Case Study with Phase Signatures
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Fig.1:Normalized sound pressure profiles and acoustic radlataon forces
(indicated by arrows) at distances of 50 mm (upper) and 160 mm (lower)

normakzed sousd prossum [-]

1-8-10

1-8-10  #BHWHIC & A A 2 Wiz
B T— AT 1 W 238 — 2 DR

Dynamic Caustics by Ultrasonically Modulated Liquid Surface.
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Ultrasonic transportation of objects using droplet manipulation on a
hydrophobic surface
ORI BRI ARSHE—GRERE)

FHARTIE. BKINIEEL-ERBA v o FOREERERE LT
AL\ SEEMEOBEREEEEA. OpenMPD BTz —X K7L
A IRENF Bk A v L EHRAEHE, EHLISRELERET 1o
OBEEFR LIz, 743 OEERSSVEEORHREZRLSE, #F
AIRELR I ETRE LR, HEOFM T TREZFAL-RE L1k
ENEIRETHS S EER LT, AFEL, {EROEEHETIEMTSH
ST-RERFOIREI CICARTREE &L, S oA REAWIFS N,

(a) o AT

Fig.1 : Comparison of target
images used for animation and
the generated caustics,
presented frame by frame. .
Each frame was generated by

superimposing the sound
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Effect of movement speed on ultrasonic levitation of droplets
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Fig.1:Fig.1 Captured droplet. Fig.2 Operation screen of the function

generator control program.
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Revision of the differential equation for the room acoustic energy balance
in Sabine's reverberation theory
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Study on the reproducibility of speech intelligibility in a 6-channel sound
field reproduction system
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Study on the effect of the arrangement of sound absorption and diffusion
in a rectangular room on the reverberation time
using the sound ray tracing method
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Investigation on the effects of sound absorbing materials in an ordinary
classroom at a primary school in Japan
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Proposal of reverberation time to match the visual aspect of architectural
space displayed in VR using panoramic photographs
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The effects of wind on long-distance propagation of amplified sound
outdoors: A study using the ray-tracing method considering refraction
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Fig.1:The distance to the shadow-zone boundary, i.e., the distance where
SPL reaches -3 dB relative to the no-wind condition, for each wind speed.
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Auditory experiments on directional localization of sound source
in a simple binaural auralization system
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Fig.1:Result of static experiments  Fig.2: Result of dynamic experiments
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An Atternpt at Room Sound Field Adjustment
Through Active Control of Specific Acoustic Impedance
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Fig.1 : Conceptual diagram of specific acoustic impedance control
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Status and challenges of floor impact sound insulation performance in timber
construction buildings
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Study on model-based control of reverberation enhancement system
- Automatic tuning based on room acoustic parameters
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Fig.1: Reproducibility of room acoustic parameters.
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Sound environment survey and living experience regarding floor impact
sound for residents of apartment buildings
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Report on Heavy-Weight Floor Impact Sound Insulation Performance of
Actual and Test Non-Reinforced Concrete Buildings Using the Standardized
Heavy-Weight Floor Impact Source
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Consideration of case studies on floor impact sound in wooden and steel

frame industrialized housing
O 3 (KF0/ ) REEHH)

S FRETIIRERRUSBTRIFLEEICEVTHRBREEOHRES
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Fig.1:Floor impact sound level in wooden and steel-framed house

1-9-12 ~ 1-9-15

1-9-13
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Example of floor impact sound results in wooden panel adhesion system
OiFEDRE) (SYIR—LEH),

¢ EELIE FHRITER L TUO SRR GEEHHROARE, A LIS T
EORR (BRI Th, FRESESEEMERE Lnd5~55 AERTE
HIEEMELTE =, SE. K/ \FIUEE TEOEMHHERRE
LT, ZE-HEREMAL V= Libs HROMEEREI =T %
8=

* TORER. ERKHES LALOREHERE Li55 OFRMHHZHEINT
FREDHEREATERTEH L EFGAL . BREZMLH—Ry b E
FALEIEIZ&>T 45 LS ELMEREN R B

S EROBRICELT, 2/ VETLR—ILERET 5L, TEOHOR
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LTEHBEAOKENS A VIMROAAKEGEER LIz, ThiL
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EEZLND,

S EEOERICHLT L#E ARESELNILERET DL, WA
(FEREDE L G HERICHo>T=h EFEED L %R BREsd
M3 OEEHLHEE AREEELNLOALSKREHELE T,
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1-9-15 #HBHEUFEICHBIT 2 ESFREES R

Countermeasures for heavy-weight floor impact sound
in steel-framed prefabricated apartment buildings.

OBk [Fok/ 7 AREEEEMIR

¢ HEEHRAEEICHITPERRERENELLT, SHORKRE
HROEBSSULEGEEDERA A ERL, REESEEDR
ERAEECT, SEARICBTHAEBROESDOEY, R
—IVERERICB Y HEREERBN L .

¢ SESKROREICSVTE, KOBIEL - EELHIEMTH
%, LbL, BRE{EPEIZAMRSSNETLINTEETIZ,

REna COMIREITEERT S0 ENSH S,

& F— )V EEERELC BABEZ(VD LBEDOBFREERL,
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519%.
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Fig.1 : Relationship between Fig.2 : Relationship between
tire L-number and ball L-number.  tire L-number and ball BA-number.
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Basic study on heavy-weight impact sound analysis
of double ceiling by finite element method

OWFE (A T), BEh RS THH),
FHEMACRA-ET), ARE (AT

S EREFELRC, —EXAOEREGHRSIERMLE R 5K
THUSEDFE AT L 1=

S HFRORYRIL M EOBHBERETEIEMNICEN L ETTILE
fEREL, FOMREEIHEL -,

& THEOBMLIC & VSRR () : 63 Ho) TOEEEHEHN
mLET 57, BRI TIEEREAME T T AERS R E =,

& “EXFHOMIBERFIZIL XA THHOBILZETIULLHEETHS
CENBAL M DT,

Fig. 1: Simulated results using different numerical models.
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Experimental Study on Sound Insulation Performance of Curved Glass
OERE. TR, BIEE CRKEBRE
& 3—0 v/ EhiDCEYECHES S A ERRT AHINEE TL

%, —HT. SEOESHEH D ELESHRED T—2 134,
SXIRTIE, FiREMRDEL S 2 FEDH S R B FO ST EHERIE
EA Y b T—NHRIZ & BIRRMEREIE Z1T o 1=

SHEOHER, HEAZA T, FiRE LS L TEEICEEERMED
ELAHIENDZ ENDD T, RIMEDHRLEHHETEZ DL,
B2 & > T—REHRRSH LR L. 0858 SRIEIGEE Bt
HEHRIEND,
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Fig.1:Sound transmission loss of three specimens with different bending.
(Participants @:Flat, [1:R3,400, /.:R2,000)
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1-9-17 RC EEYIZH T HEMIREEO#EE RIS
BLUZEREHEREICRET HEE

Experiments on the structural vibration and the vibration reduction of double
floor system by floor excitation in an RC building

OB AEHH(EEIHEN, B:E(EX-I),
HEBA(LK-ZETL), EAREE(EX-I)
®RC ERMOKRR S TIRBOBERITZT515E8, FilHEEZELT
T IEREEOE R R EEA TR CRs S E RITT RIREEL B 5.
¢ RC SO ERFRERSATICRIT-#H5TE LT, EEchn
T, RRASTIRBOINER ST, BEXSJ, RC BEADGEE
EVUT« FREL, SEFOREHREICEL,
& SoCEEMICENT, ZERICKDRA T TIREBIOIEHE £ &54E
HEREIZDLVTHRDT =,
M 7 Exgjfation point a
_m‘n’ Exctedslab I Adjacentslab Ul
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Fig.1: Distribution of the mobility levels measured on the excited slab and

the adjacent slab

1-9-19
1-9-19 BIEEESEENLTER/T S
HEHRMOTEEBB/RD
HUEARATRYIRET

MNumerical Consideration of Sound Transmission Loss
of Laminated Plates Connected via a Thin Viscous Air Layer

OFF Ey FHE BALKETD
BNBREENT L GEET DRERMICE LT, ZREORELSE
[ L-#ASTEEEBRRAE I YRS . T EIREERGRI TR L1
1% - MR ROFEEERT 2 20ETIL BEREHETIL.
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RV AL TREOERE1TS.
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Fig.1:Sound transmission losses calculated by using VTA, BC, AC, R,
and R, models.
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1-10-1 ~ 1-10-4

1-10-1

11041 F—TU TSI EA I RDERIEE
T—h—DINTH—ITUAD
ST RS SR e

A Study on the Evaluation Structure of Sound Environment and Worker Performance
in an Open-Plan Office

*replf #EGIMAR), AT BAKINIATR), [RE FHRELRITX),
ER T ARE HEh TR WEGEEX). ABY EH(053)

¢ F—TUTSUEBA T« ATORMAEI & VEBR T TOERS
CERBOMZFEHHZ IS L. FRESMNZEEHHE DBHRIZDLVT,
NAFRFEROTREIT =,

¢ BEAEEOFHEEICDLTIE, MBSREOWES ) i HREEES
RELHEXFFOEETHY . BHERENMAEEEFR LS ED
RSNz, (Fig1)

& EHAFEOHBGE C BV TIE. TEEO LTS ASMAEREY
EHBMRELGBEFFDEETHY . [BEBTORMIANT S IS
ML THEETH 2o, EBLELD LOTLEEARD 5N
TWdEW =l EATEENT -,

0.074 D8z MIN : 133.804

M_nsl RMSEA : 0.076
— . | D GFI: 0,921
i 3HEE o FuwyeTE | CFI: 0616

Fig. 1: path diagram (Individual work)

1-10-3

1-10-3  ZHEEFHAIC AT LZRAVZIRIEREOD
FVRRRICEHERRE

Field survey on environmental noise loudness
using a multifunctional measurement system

OEFHF GERA), FHERGUETRA), WA — (BXREH)
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1107

y=090542329 | n=142]
|R*=098
100 se—0.0097 '
E 901
£
3%
S 70
601 o
o
y=073x+37.18  n=142 Fan
100 B2 =097 | & Hair dryer
. SE=00113 o Helicopter
g 90 | ©Jet plane
= = Propeller plane
g | © Road traffic
I 701 Sea wave
3 ; : ’
8 Wind turbine

: 030 40 50 60 70 B0 90 - 050 60 70 80 90 100 110
Lacy [4B) LLzcq [phon]

Fig.1:Relationships of Laeq, LLzeq, and LLueq for all data
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Experimental study on the effect of the direction of noise on noisiness
PAYEEEARFR, BRELEHEIHR,
FRAKERX), IEARE—(EXER

S BT T, SROBEOAAMEORIMNE LY 5 5 SBARS
BHEAATRENTINS, AR TILEIEEHHCORENES 5
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Fig.1:Direction of test sound Fig.2: Standard stimulus and adjusted
sound levels
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1104  HRHZEBOHIRERESTDI353L
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Relationships between noisiness of time-varying environmental noise and
metrics for loudness
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Fig.1:Time variation of levels of Fig.2: Relationships between
the test stimuli noisiness and loudness metrics
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1-10-5 1-10-6
14105 {EAFEREICLBFYLERL: 1-10-6

—~ X 57 g
NHIHERBFHEDHA
Evaluation of drill bit noise during drilling operations
by personal noise exposure measurement

Ol 2, /NS, HREBEE (NHIERE), ABPRE(SYFH)

2023 4, EREMHEEISLLICAUE L. EEHEHLOOOHA K5
A UHEGETE A, EEREAEERE LT, #i-IcENIKENELED
Sz, BICFBEWATEAHEAT D158, #HEL THEESL L
85dB LI EMIFE M ERGHEAFERAS ELELNHH FHTIE,
EE R IUZ L DNBIHERERRIC, BAE TRk HRIR LR
L. FHEfiiEBEEOBRan oL HA-. TORR. 1 &H4RE,
85 dB ZEBLTHY . REFAO/ o v—=(£ 95 dB ZEBLTL V-,
1 B 8 B85 dB MEFEIREL L (PEL) ITHET 5L, 95dB LLE
OERRBTE. FERE (5 B (PET) [X1BMLTEAS,

Table 1 Examined drills, and results of personal noise exposure levels.
drill type | bitsize | time[s] | Laeq[dB] | Lopea[dB] | PET
18 mm 163 84.7 99.5 8h00m
rotayMet smm | 85 | 876 | 1023 | 4n23m
rotary/dry | 6 mm 81 872 103.0 4h49m
percussion | 6 mm 94 96.7 112.8 0h32m
64 98.9 1186 Oh19m
97 96.5 121.3 Oh33m
hammer | 18 mm 66 97.2 119.8 Oh28m
81 996 17.7 Oh16m
111 96.0 1171 Oh38m
3 subscript for no.: D; with dust collector, E; with power supply (100 V).
3 time: operation time for drilling three holes.
# PET: permissible exposure ime per day (max.; 8h, for PEL of 85 dB).

1-10-7

8o 8o = |w k|- [3

IRIBZAUERER S O BRI
Sensory characteristics to amplitude-modulated low-frequency sounds
O#x@m FL(BX-ETI), BTA {EX(BX)

S FHROENI, EFREROMT LKL U-IRIEZERERR
F LT, AMEERS) ICL2EREEEERMNICTHET 516155
T HETHD, RRTIEL, AV EREE AT SRR LD
G & OREIRERA BRI OV THRET 5.

*AM EFES IHIEORERAIRIBES L TR/ L=, AM BRERE
OEEHT AR SHESELAIL, TEES & UEE
EHAEHETERELT=.

SAM BEFEDS Y FAR EEEEE, EERRMAEMT 5K
F{pAEmL AN, BREREEOT Y FRR L LR TinE
SEEIEEL 40 Hz TR/ E (RAERL B DTz,

S AM EFEEOFRE, R EBRIEEREARE {4dHLEm

T HERLFH LTz,
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Fig.1:Relationship between carrier frequency and fluctuating sensation
(*: p < 0.05, Dunnet's multiple comparison test)

1-10-8

1-10-7  Determination of sound power level of
aircrafts based on on-site measurement

¥ Xinyi ZHANG (Grad. Schl., Eng., The Univ. of Tokyo), Makoto
MORINAGA (Daido Univ.), Shinichi SAKAMOTO (IS, The Univ. of Tokyo)

#To determinate the sound power level of aircrafts, this study
conducted on-site measurement during the landing approach of
various aircraft types, including large, medium, small, and
turboprop-powered aircraft.

#Flight paths were reconstructed using video analysis and
geometric methods, incorporating parameters such as speed and
altitude.

#Based on the measured sound pressure levels at specific points,
the sound power levels of different aircraft types during the
landing approach were calculated.

Sound Power Level [dB]

[—0A B8 —0A sy £ A9
sobl —OA BT —OA BT —OA A
—OA B3 EI%0 —OA CRIT

=04 DHED

Fig.2:Sound power levels for various
for B738. aircraft types.

Fig.1:Measured sound pressure kevels

1-10-8 Experimental study on frequency—dependent
prediction model of insertion loss of buildings

#rQiyuan Wang (The Univ. of Tokyo), Ken Anai (Fukucka Univ.),
Hiroo Yano, Shinichi Sakamoto (IS, The Univ. of Tokyo)

# The ASJ RTN-Model provides an effective prediction model of road
traffic noise (RTN) behind buildings, characterized by the insertion loss
(IL, noise reduction level) of buildings. However, the model is limited to
fixed frequency characteristic of the noise source (RTN).

4 In this work, we report the attempt of forming frequency-dependent
prediction equations based on scale model experiments.

4 The modified prediction equations maintain the same structure: /L =
P1010gso {by + by & + b,10709%04¢dse} 1 g, with same
geometrical variants ¢, @, &, dsp while different constants b;.

#\We examine /L prediction model for (a) different octave bands with
b;(f), and (b) noise source with arbitrary frequency characteristics
using a b; synthesis method from b; (fl

15} [Fo—by ——b, —a—b,

2
=101
0S| ]
1584
v
o‘_""Q-————Q___
0 -20
125 250 500 1000 2000 =20 -15 -1? 5 0 5
Frequency (Hz) ! Exp.
Fig. | Optimized constants b; at 1/1 octave Fig. 2 Comparison of experimental and
frequency bands. calculated [Lgaprn With synthesized by,
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1-10-9 ~ 1-10-12

1-10-9

11109 —fiRERRICH 1T HBKERED
NID—LAN)WVBRIE-FHTGE
-BRABELAIREZFEMEOHHED -
Comperison of sound power levels of running vehicles on general

roads by the integral method of squared sound pressure on the
maximum A-weighted sound pressure level

OZBRHFE ABFER(EEM

¢ BREETESOEE T—LAL LWA OFIEIZHVTESLAL
DRET—RIT—LANEHET 5HEICIRAEST LALEE
ZEHNELHD.
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Fig.1:Relationship between horizontal distance from sound source to
measurement point and level difference
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1-10-11 AEMREREHE TR
ERIEHEICET BN =R

Outdoor experiment on sound source location estimation
using cross-correlation function.

K HFANE GEERR . REHNE (@EURIK) |
TERWT, FREE GRiEX)

S EERRESE RV -EREEE CH T BN COTERMENE
HEDESIZIT 3 1-t, BNEREEE L=,

& ERIBEREICAND YA 7 ORUHHEERRERE AU SNEET
FETEHES, EVEERETERNEHEEN TTHN =,

@SN EEAMET LI-158E, BRisMEER-THH L=/ 7 0Rom
HaEhEIck YHEERENKE (EoTf=

SIEET BT v FA—AFRICL HERITEHE(Fig.1) TIE, 1HEH
BAFREES )y FIZEIY S THI LT, SN EDETHLEICE Y FE
¥ OEREHEREADEEERNTE S eh R ShT=,

1.0 1.0
0
; 08
06
2 E -20000
w P 4
. 3 0.
g 0.2
0.0

30000 ~20000 -10000 O —30000 —20000 —10000 O
X[mm] X[mm]

(a) ™ SN ER&M: (b) fE:SN kel
Figl 7'V v F_— AR L HERAEHEE

:

=
&

s
=
Estimated Source Probability
Y[mm]

Estimated Source Probability

=
[

=
=

1-10-10 BRIREIDZE BRI E DS
BEFO—  OERIFMFEDRE
Proposal of sound source detection method for approaching drone based
on modulation components of self-vibration

Yok BEAE, ARER (PRI, BilE—E, FHES (hRX)

SEEFO—UHERL, FO—VREOHERBABDELL> TN,
T T, IMNRESHIEEEELE A EAVE: FO—RET 03
ERANEL > TULVD,

@ AR TIE, BESOBFLT, BN oWHEDBEE L HHEARLLT,
TFEAOIENETIIRIC, BHEICER L -BEOE TOXRSfHEIC
BB L InERERT vV ORLEER L, ZHEEsEsIcEE L
A8 AE4TS & & CEBHEOIRNET S,

¢ BHELBEMEESRELTLSRETH->TY, BEOETARS
{HRIERE LI-InERsth SIS T HIRBAFIAL, BREEHEES
FUBET D LTRSS EHEET 5.

& BHES L BRBEASEE Li-Fig. 1()| SR EREREEE IS L
T, BN SIS L-IREIZFA L, TP S BEES R0
MEEZEFTS & Fig. 1(b)& Y, BRI B L REFTE /(IR0

BEICEWTLBERERNTE -,
E Threat drone noise
E
T
(b) After applying signal
ing flow

i processing
Fig. 1 Modulation frequency analysis of drone operating sound
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1-10-12 BEFEERFADEGRE A H =X LRI
M =FE & REMFEDETA

Measurement of Sound Pressure and Vibration for Elucidation of Noise
Generation Mechanism of Linear Expansion Valve

OFFHEL(ZEEH), BIREES, RBEN, BRHEHERE)

& ZHSIMEER T BFRARS EMETh A R SRR A YER
EhTWD, BEDEGEEE TETRARAN SRENRET S &m0
HY, RERTZAOHEHALBANGRAEIROON TS,

& AKHIETIE M E Bz BRI AR EAAA Y
UIMIESER L TES S BTRARF ORI A RIL =,

* TORER B-ARMASOENFREL, BFARFHE— DR
THIRRE L TLVA 2 EABAS Mo, BFHARFOIIRIRE)C
ERLTEARELTHY, RINRTREENETE HAREEAYR
wEhd,
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Wl
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Fig.1:Measurement result (a) Sound pressure, (b) Velocity of needle tip.
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1-10-13

1-10-13 BHR-EEERA 2T T YT ILER:
EEBEICET5BERIRSDEE
Effects of rib vibration on sound insulation structures
using rib-membrane type metamaterial

OEX X% FF BI(BXRFEILC=7)2Y),

BAEOEMFDLOEFT A EI2E5T, FOEEMRGTEIE

(B ESUBEERIT A L& TBASEERTEHEEL

LTEESHRELBHEEESCOLT, BRI BERIRETE 515

BOESHRECS 2 D482 DWTIRET Lz, #hE2 A B/HICIRIT
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EEEABEVFEM TR YFERELI=C L, BIUVERNGERERES
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& 2HOBREE ORE-IRAHEDESEEE ST S 2RREIDFEIC
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FTLERETD.
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Fig. 2 Comparison of Transmission Loss by

Fig. 1 3D-Printed AMM Meas. and FEM
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1-10-14

1-11-1 gppant-LoF7oey FEBBABOL Y F/38—Is
WY B A0 EAREHE — AR L8 —

Subjective Evaluation of the Acceptability of Pitch Pattern of Japanese Words with
Manipulated Pitch Accents: A Comparative Study Across Word Types

OBsarL GaigxR - ERET), a¥EF(EREEX)

SHAGEYFTI Y FOMHERD 4 T—SOBRESFHES
{EpL, BAEREFEICRHEYF T £ FOEDMEEHEE E
FTOE MEESmLECTvELT L=,

SRILT Uty FUCHEShDEETH>TH, BEDBEI LT
BOHEFETFIOA AR o 1=,

SFEBROERIE EvFTIEY MIEOZHEETT LLLIC B
BERETHESATVAT VY MELICET MR ZEHEMEOR
AL ERIICEFT 5.

Fig.1:(Left figure) Distribution of latent variables representing pitch accent
features. (Right figure) llustrative examples of FO reconstructed from

individual latent variables.
likelihood of GMM Log-lkelinood of GMM
Lty
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Py = — s - -
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Fig.2: Distributions of average ratings of simple verbs (left figure) and
compound verbs (right figure) with accent type 0

1-10-14 FI—~AYRTM4/0ORVICLPBERFER
DEFERERIE
Sound attenuation experiment of hearing protectors applying HATS.
Ol 2, /IR VIR

2023 fFIc, EEREERIBICHT HHEEILICRE L, BRSNS LD
f=hDHA K54 UhSETE -, FHEES L ~LH185dB A H1F
FIRIETIE, JIST8161-1 [CLAEBHTAETAESNOETEESS
ISEEHEREEAELEEL, HATHI AR LN, FHISHELE
ET T Bigl A v—< 0N ESTHL LB Shiz, LhL.
FOHRASRL. SNR (single number rating) {ET 5 dB I2E T, &
LT R TOEREFS THRN H AR TITAMN o=, RTIL, B,
A Y—< JOEAERAROM, HEC OV THEH I —~ vy 1420
RUIZ R DB E CESHREDAETHA -, TOMRER. Eitla
Y— 7R C— OB RYEE THANRN T TR L HBER

HEERENT= (Fig. 1), 5IEHE. COA D= XLOBEZEHEDH TS,

~ped bad =L f
I, L RS et

N

- - - garplug

Sound Attenuation [dB]
F
f=]

125 250 500 1k 2k 4k 8k
1/1 octave band center frequency [Hz]

Fig.1:Sound attenuation of hearing protector applying HATS.

1-11-2

1-11-2 BEOHEEFDHRFHEIERDOEA
BHENSZLEEDIT

Impressions of One's Own Recorded Voice are Associated with
Multiple Personal Traits

OHIEHE, FHEB, RESLNTT)

¢ ECOFEEEIMEFERICSZ 58I ONTRI T« T
R [Peng+,2020] &AT « TR [Holzman+, 1966] M
MALNFRESh TS,

& FIEOEVCISMEFORASE (&R 4R, tHELE) L
FTHIENFREShTEY [Peng+, 2020], Rk [Yanagida+, 2023]
TlE BCOFESEOHBNCRIREONZICMEFORAEE

(s, BHELE) PRI A LMRENATLVAS. LAL, SEA
BHOREFERN B L-0OH T, SHOB AN NRIZ525
SIS ERTIVLY

@ FRETIE, OGRS EEEL, BCORESHICHT S
ENSI HEMOENEMEN S 2 2528 E BEMITHIT 5.

¢ HIOFER. FERTEEARIN N ABBRETILOIE-NEE
FECHEMOBARENBCOEFONRICHEL TSI EAVR
shi-

Table.1:AIC values for each combination of variables in the
multiple logistic regression analysis

porsonal | Cosbimation of persanal traits

.......
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(32) £1H 3B17H (A) H1x5

1-11-3 ~ 1-11-6

1-11-3

1-11-3 SHBICBTIETLHED
FEEBD DT

Analysis of articulatory movements for palatalized and non-palatalized
consonants among multiple speakers

FEEREC, AROEAR, MAEMR(FRIR), #1)I1EALE (EEH)

O FHRTIE, WEOMELTRET D=0, T)7IL2A LMRIHEE
EET—42 ~A—X (tMRIDB) 15 11 EOEESEHH L, X7 dE
& (kal, /kol, /sal, /sof) E¥FE (Kjal, Kol, fsial, /sjol) DFEM
LREOMHEREOT L 2 U EERS S Lz,

¢ TOER BT - WS ELE 1 Ty (PC1) OFEETB0%EHEA
A D, FEGFHESENIFORLANSETA~DENTHo
tz. #LT, 2TOYSTFENBEOHLLTEY, FELBEOM
RERYEARBEA K EWI EABLM -T2 (Fig. 1),

¢ Ff-, FORATOELRAE UTWThE SFRTH--A BET
[IEEICERM  85E p<0.01) THHAZ DD, BEBEEWETIE
PEERO 2 VAR D 2 EHBRLM o1 (Fig. 2).

¢ Ef-, WEORATOLAL A UTh=UE LRI Eh D, #E
OFEERIH- YEISENZ &, #BEEOSELEFE+hizY
E+BEOMEEROC aﬁ:ﬁﬂﬁém:;o

kol Tkjo/
PC1:823 PC1:91.1
Fig 1: /ko/, /kjo/OEEEEHD PCI
(Bl FE5E, A8 TE
EH-TH, a8

1-11-5

Fig 2:/ko/, /kjo/ @ PC1 MEE{E 5 2
(J242:PC1, SERPCI EREAEED

1-11-4

1-11-5 Disambiguating Ambiguous Indonesian
Utterances with ASR and Meaning

Interpretation
Ruhiyah Faradishi Widiaputri', Ayu Purwarianti®, Dessi Puiji Lestari?,
Kurniawati Azizah®, Dipta Tanaya®, Sakriani Sakii’
" Nara Institute of Science and Technology, ? Bandung Institute of Technology, * University of Indonesia

Existing ASRs are still limited to word-by-word transcription,
overlooking ambiguities in the resulting text. To address this, we
attempted to resolve structurally ambiguous Indonesian utterances
into unambiguous texts by incorporating prosodic cues, which
humans naturally use to resolve structural ambiguities. This study
took a thorough approach, including corpus creation, human
assessment, and the construction of the disambiguation system.

1-11-4 ESPnet [Z&5
F—S— AP EEAROEE
A Practical Study of Tailor-Made Speech Synthesis Using ESPnet
O#X BEE sthH BAGEEX
® ALS FEDFERICLYFZELSBEED QOL MLEEZEMEL
T, BHRASEITY HRIICEZHE L THE, ERImEY—IL
DEFSALITFICFIAT S LS HDENY DDHEH. BHD
NEEVVNADFEZRST ZLIE, EoTHNIANEEERT
EIZFLL, ZOREITKEL,
® AMIETIE, <A RAREFETYIZ, Open JTak, LT
ESPret &, 7V —DIRBETERTELT—F— A1 FEF
BROFEIZDONT, ThETITREZEIT>TE . FRR
TlE ESPnet [C&BHT—5—A 4 FEEASHOAREMIZD
WTHET 5.

D AR, R
@ Open JTalk
@ ESPnet («—4<20)

1-11-6

1-11-6 BEZESEDHERAV:
NEEMYICERZEESEEREDER
[ZRITT=BfBIb—2 > DERDRET

Exploring the usage of discrete tokens for accent-robust
automatic speech recognition only using native speech corpora.

KEBEA RAR - TR | EEH), RN (ERH),
HAHE (REHA- UL, WlAH S0E0 GEAR- IR

BFEORA T4 TEE &, FEORA T4 TEE EHE#-T,
ity DéHHEFAEE OREHEERL !

| CARZELTHYFET &H? ASR TERLTHEL:!

7y bk 244
A4y b F+92?

BEAED S m
BEEmNS ! & a
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1-11-7 ~ 1-Q-2 $£18 3R17H (A) B RE~KRAF—R5 (33)

1-11-7 1-11-8

EEMELEEOFEFYEIZE S
1= Speaker Diarization Error Rate M B &}
HE

Automatic Estimation of Speaker Diarization Error Rate Based on
Features of Audio Quality and Speaker's Vioice Characteristics

ORBZEEE, Chang Zeng, KEFIEH, 14T — (X 24 RevComm)

ARETIE, EFEBEAHLLT, EFIES%ESpeaker
Dlanzatlon(SD)L,T—B#G)Dlarlzatlon Error Rate(DER)% BHENE
THETIEHEST S, DEROBEBHEEICLY . EEESOHTE
DERAELMERIZ. BADTILIT X LIZ UJ'-J?Z.%Q&CD?T%’E
THCEMNTREE D, BEDSDOTIILTYX LTI, AAhzhiz
EFESOEFRREMNBVEEL. BEHOLEFO AMNELTY

_ i ABEIT. LOEABEL TV EEHETHTE TS L1THL

EEEUH W, FCTAHAETIEL, EEREOEYBHENLEEOEED
HHEREEE. BIRTET NSRS NLF AT, DERZEH
ET5. BEEREOHMEMEEE. EEES,ID. 2MEHED
Voice Activity Detection (VAD) 7)bj‘)fi\0)¥§%®§§$‘
DNSMOS, VQScoreM3DNEFE GEOHHELEHHE T 5. 5355
OEEOFHMEMEE. EFEEESDLTHLAEEILD
EERKMdSpeaker EmbeddingR 4k L5, Silhouette Score &
FLORED2OOFEOEFEOHHEEHT TS, @RETIL
F.5RTOFMEL, ETITHED SD FITYXLIZES
DER MELDOHEREFRIZHT HERBAITICEVEESNLET
ILTHY. DERDIEEEEHNT 5.

F1-. DERBBEEDET) T 5w E%EPyAnnote3. 1O T kLA
VRETFILEL, HEREHRevCommMTiIThhi-ETAELHNER
T—ANLEELI-SDAOT—2 vt E AL THERERET
L, PyAnnote3. 1D T LA U EETILIZEDFEE X (V) E—13
VMDERE, AR THIEL=ETILIZLADERDHEEEE DB

HEREREN DS,
1-0-1 1-Q-2
1-Q-1 \ ) ‘ 1-Q2 F LSRR SERNLS
FARDRAMS & 7 DRBICES < T Ztg{gﬁﬁﬂ ; 5;\%; e
=m3 2 /N
Harmonic and ngjr;ﬁzl%ufei ﬁE\ti-::m based on ‘I\Ironnegz‘ali\.lre maMx factorizai:ion‘wim
mixed partial dsrivative of phase angaits enhancement Dirichiet-clsiwtion-based regulerization
© FEEE, EESETE (BTX) oI, JEA K, 2% 3% (FIEE
®ERMETHIEFHE (NMF) OEEAS ML y_f_ma)g
SBATRE B (HPSS) BHEERETIVAA L, BN .
| BRESOERERS LTSNS 9Bt 502 S HERY FLOERM 1 1B (/ JDLM)_E"}E‘E (Fig. 1 )
RE MEORAMSCET FikEIhE TIRE & TV UARORERREEE (11545 ERTH
DR R EBHE LA S RERICHE T, R/ =REANEE RA—RERHED E5 5L FATRE
(a) _ Basis mat. (oracle) Coaf. mat. {oracle)

BE (HORAMSOHEERSORSICHL . 2
— RS ROHMET R2 OMEHNET ] - [

BE REATOELRRAERETE26T o o | aa
N T P

BR TESHRHSOHBUEERREDE £ O
ER S DR BMEER ML (SDR +1.8 dB) e o e
Sinusoidal  Percussive ooer | 118e-1s | mises

Q0067 | TI8%e-15 | QIS
~ | Compression masking [ (c) Basis mat. (Dirichlet NMF)
\ ' Y L2

02

[ Enhancement masking | 5

| Making separation mask [

—— — o

| Separation masking |

g

elele|=
R

g

Fig.1:(a) Oracle basis and coefficient matrices, (b) matrices estimated by

Fig. 1: Flowchart of the proposed method at each iteration. The grey simple NMF, and (c) matrices estimated by Dirichlet NMF.
box is the modification from the conventional method. ’
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(34) #£18H 3B17H (B) KAY—=E

1-Q-3 ~ 1-0-6

1-Q-3

1-Q-3 FRETIEFHBRIETLERI DTE
FAW=EEHHEE O EHERE

Fundamental study of number of bases estimation using principal
component analysis in nonnegative matrix factorization

o rehiE] (REHA), KBEHK dliZE (GEHAER

¢ HEDIESMHITHIEFHEE (NMF) TIREOREROBRELNFETH
Y, SRS EICE-TIEFEL R THD

S EHETIE THESPIPCAICL->THELNIEREE, FOEE
ExSSRA) 2459 B kmeans clustering %L Y= NMF (DELESL
HEFEOEREEMNET D

@255, NMF TR&O1-1T51% PCA 35 Z L Cig-EHIEE 2 i
ISRBY T HE, ERBENREVEDY SAREHNERDE Y
FH BB RER) CAET S T LN B Mot

source

alues of the activation vectors,

and the results of k-means clustering.

1-Q-5

1-0-4

1-Q-5 HEBBTIZEIT20ET0
F1E—IMRRICRLIL - RIEFi%

Visualization synchronized with the first peaks of heartbeat
under a noisy environment.

Fe A MREA (REXRR - TH5H), ARRER (ZT53ME /MR,
ABFHBRREX), B (REXR TH)

(B3] eSO CRIEROZEZEL L. £1 E—7RHR
IZFHA LoD E AL ARRR L TS0 HRRE0SEST—42 T
flish T DRECERMERZIRO OISR LI RE

(B8] HSAFMEDIER L FTOMEN LIS 2 2848478

(F£] 7541 > FERSETR(FastiCA) TUES £ 0k,

[5Fif] 6 D/ 1 X% 47D SNR TRES L= Tl

A EHERE L 7029 R/ JLL(F-nom)Z LS

[#ER] ISR AR c B & 5 2 TIEBEEDHIR =

SENIIN L ERERTE

Table.1: F-norm for noise levels and noise types.

Normal heartbeat Diseased heartbeat
Noise type Clean | 0dB | -5dB | -10dB | Clean | 0dB | 5dB | -10dB
aircondition 2510 2508 2508 2508 2392| 23% . 2390 . 2.390 |
clicking 2552| 2552| 2552| 2552| 2431| 2431 [ 2431 . 2431 |
rubbing 2452| 2437 2437| 2437 2295| 2294| 2294| 22%
typing 2506 2505 2505| 2505| 2255| 2255| 2255| 2255
crumpling 3288| 3288 3288 328B| 2408| 2409 2409 2409
water 2558 2558| 2558 2558 2271 2271 2271 2271

1-Q-4 BEFHiERRELI-FEBITIEFHERIC
BITBTIT4 =23 AT D HHIE

Initialization of activation matrix in nonnegative matrix factorization
for monosyllables.

wENEE, KBEAM, PILCHIEBTAR), ABRFE— (EREMEHL)
¢ EEREBOEEREEA—ALLEERICK 20T 2RI
Noice-BNP) Z#i2E

@ \oice-BNP OFELD=th, E—FVCEMEERICHEL, BRVIESE
EOEVHOSEENHEIE LT 2 EERE

& FEETIERFHE NVF) £BELTEBESEREHMANY MLETY
T4 A= avIIHEL, BENOERESREETS.

@ GEED NVF [FRAARY FOTSLESLYBGEBLE S ET 57128, 2O
HEAGSNELATREED DS

& 70T 4 A3 LTRIOVEEL L TFE L BEOREEREESh
525

& HEEEEHE L NMF [ZH1TAET) VY& >THRONARERIEN R
FTHIELEFRL

Fig.1 Duration time strength Fig.2 :Conventional Fig.3: Proposed

1-Q-6

1-Q-6 MWEE—FIZEILT/oafR T7LA:
HREDINFIHE

Radiation mode-based microphone arrays:
Dereverberation effect

FEERE, BEM(THRAS)

¢ EDBBECEEFRVZ RN BECEOAERLVOT LA
90K T LA 12T HH%.

* A~y Fty bADIGREEEL. 3 HO MEMS <41 2 ohkh ot
BENBIIEDT LA EELT=.

S HEOECENSDRSE (EE KA 70RU 7 LA DR MS
B EISERL. i IZHhAFEOOTNOELER (BED) *
FHRIL DD, BEAIHTESZLERLI.

Microphone Array

Single Microphone

3000 3000 4
3 2500 3 2500 15
e p— @
32000 22000 3
& 5 15
21500 21500 2
2 e
& 1000 = 1000 05
500 500 .
0 2 4 0 2 4
Time(s) Time(s)

Fig.1: Scalogram of clap measured by single microphone and microphone array
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1-0-7 ~ 1-0-10 #£1H 38178 (B) Kx9—215 (35)
1-Q-7 1-Q-8
1-Q-7 MESBI/IERAN- 1-Q-8 Av—h74 DOIMEELHERNE-BE

RIVFFrRIEERFYNT—
Multi-channel Speech Enhancement Network Using
Moise-Reference Microphone

OfhAfEA, Btfiith, &SN (EX-T)

S REROBESEINT 5=, MEBRTA £/ \-HFHR
*y bO—IERRT B,

S HEBRTA VEERT H LT, BN
BT % LHEREIC LB,
> REROBESRAT T & YHBAICBMESEHIBIRTEES

S EEOEESHS Y f7—%2 [DEMUCS] #<ILFF v r)LITHG
=1, 1254 L LT Noise Fusion #&% £ 2y FO—S %%
SIERALRELETOREERETL, BHFEEICET5ETRYI0D
BEDKEE (Fig1), Ff= 10 TRw 28250 LI- S EHEHE
PESQ DEOWTNIZHELNTHIREEAEEEE LEAHEREL S

1=

Iy IOH%

Fig.1:Leaming curves in DEMUCS and proposed method

1-Q-9

1-Q-9 S —LEREFEMNHD BGM A IF1=
REFEET ILORE

Development of deep learning model
for extracting BGM signal from game recording data

wEAR RE, B - GEIlx)
& F—LERHLEGSICE TN RS EIEL. BGM £t
& FEFEIC L HEREFETIL Conv-TasNet & MRX DEFHER
» Conv-TasNet : S L -2 BGM OB E iy EEd B8R
> MRX : HIRBOFEIEFLT D05 ZART MILOFARAGE SIER
#SISNR (BEL)
(a) Conv-TasNet — MRX : ¥4 -3.0dB (BYAEREST 4 &HT
BEl. 52081
(b) MRX — Conv-TasNet : 5 -4.3dB, EEAUNELY
#STOIl (BREE)
(a) MRX — Conv-TasNet : MRX Bi{&m 5 1.1 OFE L, Conv-TasNet
HiEM S 12 DET
(b) Conv-TasNet — MRX : MRX Bif&xn\ 5 1.1 MFALE, Conv-TasNet
BEND 12 DIET., ()L L TTEH 07 DIET

m 80
]

50 |
e I
w

-SNR(dB)
e =

5 i.‘-SI

B No processing B Conv-TasNet W MRX
W Conv-TasNet+MRX B MRX=Conv-TasNet

Fig 1Distribution of experimental scores

SR

Speech Enhancement for Mobile Devices Using Accelerometer Sensor
OLIN YIFENG, #2578 [&7r, B# fitth (5 EXER)

@ AHRTIE, DEMUCS £~A—R &L, AX— b7+ VOhnEER
HEREEAT S5 L TEFRRANRELE S LICALESEHIILFE
—HIEEEERET . BHICIE RAY— RO+ D OIEEE
U LFoh-REBIERE v 7 0RUh o Fon-EFIES
TRENRIDI o a—FITARL, Fohf-HHEEME L TR
HHEZEAET LT, JUBLANAR MEEFOEEREZ B
T HRMUFHEOMSES £EERT H-HIZ Window-based
Multi-head Cross Aftention (W-MCA) ZBaFEL7T=. W-MCA £,
Transformer [ =441 % Multi-head Self Attention (MSA) & t~T, 57—
AHFREXECHIFL DD, HHEAmLETES. SFAERER
LT, STOl, PESQ OEADIFETHFED DEMUCS E7/LITHA

TIRELOHEIEN TS LERT.
-3
L ®

[1 2|31 32] |1 2 31 32| [1 2| 3132]

< e -

oune Q@ Chunk

Fig.1:Window-based Multi-head Cross Attention

1-0-10

1-Q-10 INBEERTICBIT58E LR

BEWHTEIZOVTOERRST

Basic study on rate of rise and acoustic changes in coffee roasting

FEFHRME (SRS, KBEE. Pl-E (ERTAR

& R TILRMY B A R E LRE LR ERREEHIZ & HFIR
IS ORRER LN T .

& FEIEBSEORILET ) L 75HRIE LT erNiF ZA0V5.

@ erlWF (Eucl idean Metric Regulated NWF) (X7 9 T« A—3 3 475
ERETICE T HHEOERERETHLHTES.

®5E LR EEENTEIRIC—ETIIEL, BIEOREZL>TH
SN B EREISELNTLT 5.

SIEAHAT £ TIZ 10dB FEEEATHA S &, 1B HETHEEDTL
PREWC L EREELT:. Fig 1 RUFig 2

B 1 3 4 5 &
Time |mis]

0
T8 8 om . s 10 ] )

Frequency [kiz]

Fig.1: Temperature inside of
coffee roaster

Fig.2: Frequency characteristics by
roasting time
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1-Q-11 ~ 1-Q-14

1-0-11

1-Q-11
BEHELIFEHOBRRNGCIBEICL D
BRE BSS &Rl
Improving determined BSS via
sequential separation of overlapping subbands

© WFNH (X)), EHEBET (RIX)

MRER: 7Ay7/"—a7— 3@
HEEAEHEHICHEETOEFHFANEDLIRE
ERTE BSS FEICE U 2B EROT LRy 7

Eﬁ W LFEICH L BSS FiE&&FREA (Fig. 1)

| RSO SHEIEE RS S - L TRBLMED
REZHE » SEOREEEZALESES

| HEBETHEONEREROFEHOMBHEL LT
BlEH#HC » BEHMON—I2F—avEHIAD

- IVA - ILRMADO 7B EE % KIBICEE L,
PR IC A B 7 BT I ) 2 HUGRE

I.mtla.l Values

YrQ\  Separated

Fig. 1: Proposed technique named subband splitting

1-Q-13

1-Q-12

1-Q-13  gagmny2BIcL2RU0EET—5IHT 2EE
EHEREDWE
Improving Speech Enhancement Performance for Unknown Speech Data
Using Self-Supervised Leaming
O, ZlES, BHEHhGER
SEFEDERICHT A EFAAEENMET T 5L L5 FEE,
Discriminator ZEAY % & CHEERERH S OXENE LOEM
FEETIETIVERETS.
#Discriminator Tld, BFEZE/ A\ FHEIL, hOFI YL TYLijE
hi-BFE& IE&"I!-M’&%) CECEERS, BRRSEE Y
% Multi-scale Patch GAN 2887 4. {ESEERAVV-BIFEEDHR
h%EFig1I1ZRY.
®EBNMFEEEELTHEONI- PESQ D% Fig2 ITRLTHY, BEF
REOWEHNFEITES. L, 5 TRy S BLIEETIE PESQ A%
FIZBIELTEY, BESHRELTVLEHENESIS.

Training

Fig.1 Training stage 2 of the proposed

thod
e Fig. 2 Behavior of PESQ

1-Q-12 4 SAAR—XBIISHMEBIZHITS
R r—)LHIEFEEORET

Investigation of Extraction Scale Control Methods
for Class-Based Target Sound Extraction

OkFER FEEHE BMEE LY, #REE(REEHR)
¢ BEd  BREEOEREEURAEN 5. BEOEREHH
> SEROMERr—IVEMSIIHIET BI1E, SRR 52
ERIHE L TRy —Y) VY - BRET HRR MMEAWE
> AHEROERS, Ml L HREIETHIEEE
& SR SR L TR R r— )L 2R SHlERTRE S T
LH¥EF % Target Scale Training (TaST) #1E%
> 2TYI2k>T, &9 5 AOBIERHR r—ILEFEIHTT
> —EOHERTEY 5 A R 7— )L ZsL I ZHlH % aTEE
> GEEFEARR MUBE HE LT, MEVEGER TEN - R E T ER

P Target extraction level ’

& F — I I 1ouery: & —
’ Mask | Mask

= [~ Estimator g

'I o Mixture -I Ex::::d 'I il

M t '11,-**‘ « Encoder (‘)-Denoder-—-h-- M
Fig.1: Owverview of Target Scale Training.
Table 1: SNR and SI-SNR for three-class extraction.

Model SNR SI-SNR
Waveformer 6.647 5.287
+ TaST (Proposed) 717 6.12
+ TaST (Proposed) & w/o LN 7.27 6.21
pcTCN 6.42° 4.75°
+ TaST (Proposed) 7.05 6.18

S HBIBERIEIC LD

1-Q-14 FRETVVIVAFHEERL:
ARYRIH—2 T DERE
Fast algorithm for spotforming using nonnegative tensor factorization
based on constrained majorization-minimization

OHTHR (F/IBHE , 4, BT HA/—T—T10h) |
LHKH (F)IBE)
&7 SO A ERNLHEEEET > VILVETHEE
> 3MITT YV ILE 3 DOTHIOR IR
> FRENOEERY FLEBRMIZISREY VYT
& ETOF v RUEENDILERS
& B—DOF v RUOHFSFENSEEES
SIREFE
> HERBSCEDEETIZE T, BERITIIDFFIE SHT-FlFHTE
BN EERET, Lagrange DFRTERSEE ML VORAR
» EBHEIED/NAA 18— \T A—R ool A L THIZEEL
+ MATARRY b 7A—2 L OMREL MR E

 EHERALL B 60
> BN EWBBsRICE o
SCPLTYRLEE 2 40
BOFLIYRLEY 8
ORI = 20
> EBHCEONAA—8 S
SA—Blzog@ALE |
C L THEICEECEE Conv. Prop. oo

Fig. 1 Calculation time of each method.
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1-0-15 ~ 1-0-18 £18 3B17H (B) KR¥—2E  (37)
1-Q-15 1-0-16
1-Q-15 1-Q-16 NEIT A U 0K T LA ERFZER] 2 RITTAN
MRELICEICHZRETRDBICH D Y FLVEFIALEAAROE RS EICET 3
HETS OBEICHI EH £

Adaptive updating of dictionary matrix
for underdetermined source separation based on convex optimization

¥r ), REEHET (RTX)

S RE TR RS
ERELY 2L VWHORAESESHT 3

EREETLEREICEEL, SEEICIRLE—

fEtkE ODELWAREHEEDOALHEESTRELET S
HEDOALIADAREICHEESNI-{ES 2 ERT S
P IFALF—ORH, FEHLOBIHNSHS

ZREFE DT LBECHICEFH L, HEEDOAD
BEx BEREZRYAD

HEEDOADHIIESESEET S
b TXIAMF-OREEHE, SREtEELIEELE

———— Conventional _——— Propased |

03 T 10
) 8
0.25 p
02 T 4
8 ] =
) i = 2
2015 ; i
= s 40
0.1 : < 7N
H -2
4
6

=

" N N S I
S <60 =30 0 30 60 90 100 200 300 400 500
Angle [deg| Iteration
Fig. 1 Comparison of estimated source energy and
separation performance per iteration

1-Q-17 Multitask Training of Multi-channel
Speaker Separation and
Room Acoustic Parameter Estimation

# Roland Hartanto (Science Tokyo), Sakriani Sakti (NAIST),
Koichi Shinoda (Science Tokyo)

4 \We propose a multitask learning of speaker separation and room
acoustics parameters estimation, further leveraging room acoustic
parameters information to improve multichannel separation in
various acoustic conditions.

#Evaluated on the SMS-WSJ Plus dataset, our method performs
slightly worse than Permutation Invariant Training (PIT) in SI-SDR by
0.4 points, while achieving better performance in terms of Word Error
Rate (WER) by 0.67 points.

i

[_concat | ori<hama

input
nput
g l_, Speaker 1
SL

location

I——{i::".;'o'ti‘kﬁmi = g | SEker
e ) v

Separated speech . pa:mrs

| Speaker Location feature
W Room Acoustic Parameters feature
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Consideration on circumferential source separation using a small
microphone array and spatiotemporal 2-D spectra
ABFRFA BEBHOLEKR-I), BERA BERIA-LRTLRR,
FAE— (FALA-EH, O/NERE (LEX-T)

@ AX—IAVITHERTE SRR A 70/ TLA (R40kY
8 2&: 14cm) (XY, BAROERERE SR CHAT.

S TLANSDOHENEERERGL, 2 5T (2D) BiEo—) TTE
LTBFZEf] 2D ARTMLEGT=, £D 2D ANIRILOFHEM S, ZEhd
DEFSEDO 5 ERFERHME  OAh EREEA -, TLT, #5%
ARGRUZ2WVT DI AIER A MK LT 5 BiRE L=,

SFEM S A L— 3 FERICKY, Fg 1 OK537FkES (DOA:
Direction of arrival) @5 EFRIZDWLT, HHEShi-{ESDOSDR (5
EXE) #Fig. 21K, D2

> PLAESE ©0) [Eo0v o m{ i

Tl BEAGIKEYT D) o
= SDR TH#izh b, Fig. 1: Definition of DOAs and spacing.
> SMAID DOA (&, oI 25

fn& &41= SDR AMETF @
5. huk DOAAME 2
M HE, EROBRER 3 =% T
HAPEBELY, EIT ,

0 5 10 15 20 25 30 35 40 45

?ﬁiitd)skﬁiﬁﬁﬁﬂf_&? Spacing in DOAs, @ [deg.]
THhEEREL, Fig.2: SDRs of separated five sounds.
1-0-18

1-Q-18  EHE/TUERVESESEOSFvor I LIEEDRE
Multi-channel extension of language-queried audio source separation

O©hit{ES, PIEKE, NEFIRN (#RIK)

¢ FRAUBEOERFISFENCEESH CBAEEDA TERENER
0T 5, BV TUERVERDEE (LASS) HRESATLY
B, HEETILOELEL VTN F v o RIIDADERELTEH
Y, 542 FEESEE (BSS) Ok S5 ICTRtEREER TEAL.

S FETIE BATIEEOERIEHO< A U oRUCREIE =5
Bl REESITH L TEREIERE S50 L) 1580 2 HE0IER
EFRWTEREZSET SFEFRETD (Fig. 1(c). BAMIZE
AuXIVA DERETILE LT LASS OHEHERERALS.

¢ 3aL— 3 ERITK ST, LASS OAEHESH AuxiVA OER
ETILELTEHNTHAC EETLT-

Fig. 1: Block diagram of conventional and proposed methods.

SI-SDR imp. 48]

Fig. 2: Results of Experiments. TG: Time-varying Gaussian.
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1-Q-19 ~ 1-Q-26

1-Q-19

1-Q-19 EFESREZ ALV -SEEEIEOELC
FORBREBERNREL-FERFES

Acoustic feature analysis of occlusal conditions due to differences
in maxillofacial morphology using speech separation

LS, KBEME (REHAR), AHEE ARMEE ARHME
Y, ARBEGET AREE— (AX-0F), PlizE (REHALR)

& TERS EIFFERRERUENBENICEREZE- LTV IEE
HREDZ ETHS.

& FEREDEREMEREDSRE L ThIC kS OREEEOSELRU
ISRERERD bS5 TVERET A2 L THA.

* AR TEFERESEHNER &4 HBAMHEEREOY 5 £ B
BN DR S ERETRE A B RO - & HFHEEIRET 5.

& L YRGB EAMTERERT 572612, NMF (Nonnegative matrix
factorization) (=& 2EFENEZEHAD.

taf | jt/nss | [a/nss fuaf Mt/ nss [/ nss
MECeT || e e - O | Doepr | Opens | Do | O | D

MFCC2 || us us s MECC) [ o | e ns | ** [ o [ ms

MFCCS || ° v = TMFCCZ || ws | o | os | m | o | o
MFeca | o ; = MFCCS || s * e | s | om
MFCCS g 2 g MFCCH || s =) s | o ns ns
MFCCG || ws | ms = Ler i G I T T O T
MFCO8 " e 3 o s -
MFCCT || * | w | Mool m =t e |
MFCCS | s ns s 2 S i
MECCS | o | w | oo | w | w | w
o0 0 =
MEOCH § o = MFCCD || ms | m | * | w | w | m
MFCCI0 | wa | on ™ oo
MFCC11 | ne - " MFCCIT || ms = s | m s M
MPCCIZ) os | o e MECCIZ || we | m | o | wm | m | m
_MFOOL | o MFCCIZ || ™ | | o | m | ™ | m
MFCC14 || na ; s

MFCCL5 || ns ns s
MFCCIG | ws | us ™ -
MFCCLT || ns ns s MFCCIT || ne - e - s =

MFCCIE | ns | s = MPCCIS | o | oo | os | o | s | s
MFCCI9 || s w = MPCCI9 || ms | ms | ms | * | ms | m
MFCC20 s ns s MFPCC20 L) L ns - ns -

ns No significant, *: P < 0,05, **: P < 0.01 ns: No signifieant, *: P < 0,05, **: P < 0,01

Table 1: One-way ANOVA of MFCCs Table 2: T-tests of MFCCs in /ta/, /t/gss and

in /ta/, /t/ess and /a/pss. /a/pss

1-Q-21

1-Q-21  CQT-diffusion DETILEFEEF(ZFH DL
ESa7ITaoakoDEaHE

Audio quality improvement of visual microphones
based on retraining the CQT-diffusion model.

wREFER, IEE (AR S E RN

SEE  NASHLEEBET AED 2 7ILTA Y R UIEhEREE
BT EROENEL, HEREOEHEETSEAS.

€ B#Y : Audio Inpainting ETILEE D a7 ILT A 2 Ok ASSISEG
=, EYaTILTA Y oRooiitEOREREOHEE
FEEL, BEIREShLINEETS.

®F5E: EDaTARAVORUOBEESEREL, T2ty kM
TR E4TLy CQTdiffusion [CHEEE S€1-#IC

THRHES ZLE/MT 2.
& (58 - TERREETII - & 5 T HREFHES DRI < & SIS EOEED

HEEHEDLI LOL, BEFETILEHELIROBHEIC
L LBUDYEEFR SNENoT=

<

4 t

3

2 F

1

Original  Before training After training

Fig.1 Comparison of subjective evaluation.

1-0-20

1-Q-20 O— FETOEE/ N2 —RIR &
20T« DBEEERICE D CEELAES
D)VTILEA LREFIERT L

Real-time comfortable sound design system based on proximity pattern
selection and automatic melody generation for chord progression

w R EE(IREXR), BAERRERX), BABIECISHIEX), PILRAREX)

* IEEOEHAMEOREEFATIE Hiito— FETEA YRS T
BT AN H o= Thid o— R R — b EROATH ==
REERf FIT, FFETIEI— BETORE G—AHREADT 4D
BRI TR ERARED U PILE A LIRS E VAT LAERET S,

& Fig | [CREREFZOBEELTT. BEFLTE SRRSO E—I iR
FI EFHOD— FET A — U EDRRERIC & B/ 8-V F Ui E
L AR B 0— T e — LR RSO ER ARV TI— FiliTE
LAOTAEEERL, PEEL L TERAHRE LR CRET 2 L ThE
EZE1TS.

Fig. 2 [hEEOTFHIRBOBRETY. 3 BICLHMMOREREL YIZR
Fik (Proposed Method) Tl #EFi% (Conventional Method) &Y
06 oA > MABEN R LLTNA S EAHERTET =

Bad Detsl
trestment
sousd

Conventional  Propase
ncthod ethod

Fig.2 Mean opinion score with five
grades for comfortable

Fig.1 Overview of the proposed method

1-Q-26

1-Q-26 ETFICHBELI-2RTRAE—H—TL 1%
AW=RRy N BAEICET 185

Study on Spot reproduction using vertically separated
two-dimensional loudspeaker arrays

bl AR (FEEKix- B IS, KR (fEER-£igET)

& ZEHEEERAVTERROBEEDAR Y MOAEEREITHAR
v FBEEERT L0, RAE—hEBOBRHET o=

& ATBEDRAE—NEE THERD I 1 L—2 3 UEFL, SiEEREE
H#EL=

& Ry FBEICE, 2RTRAE—H—7 LA £ L TFICHEES HEEH
WLTWNAZ EHFERTES -

SEERNK Y FEBBT 158, BEARY FOMEIZE > THEATS
AE—hEEDIFTH I ELBMTHLZ Ehhh o1

005 1 15 2 25 3 35 4 45 5 55 6

Fig.1: Sound Pressure Level (Spot reproduction using vertically separated
two-dimensional loudspeaker arrays)
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1-Q-27 ~ 1-Q-30

$£1H 38B17H () KRRY¥—=5 (39)

1-Q-27

1-Q-27 EiEtEmtE- B EE2ERT S
3ch BEEHIEHMTORFE
Development of sound field control technology
OLEFRE, RN, BEiE(E2

¢ EFRBICHEVTIEREETFRE LTEDFERAMT—AT, S35
2Ly, HS—=UFILEREH B Eh BN EEND,

SHEAMICEMEEEERT HA E—hBEEHET 2Rz L=
FEAD—ER b SIS LA T ARHRIDREIC LY, RE—H
3 ETIRIEEOR  ESEREAERYT S (Fig1).

& A E—HDEEDAT—HEHE - EERERLEOZESRCLY, Mk
REIC & BRIMEE - ARy MET - ENEEFREEE - {EREEE
BALGERALGEMESISERAITES L =M TREAL= (Fig2),

@ KEHO—IRET ORIV ) a—2a v ABOEEY T o
7 Soundimension ™ E5HIEI SER SN TN,

Listening Zone

i mmﬂdww

-~ 5

4] I /
\ Reduction control
. of Acoustic power

Quiet Zone Target 0.5m

Fig.1 Basic principle

[mmmmELmE BT T

. sueﬁsmulil Iaﬁ““,

Fig.2 Reproduction scene of the sound field control

1-Q-29

1-Q-29 a8 4 RIEDT—RIZEITERERRK
ZRAWV-ESHER

Sound field creation using plane wave synthesis based on data from
closely located four point microphone method

YIBOMA, WOEh RNHE (FPREL)

. sl:l

RO EEEREINIEES & TS0 B
RHE—D—DEHEICERTE TGN - 12UT S
SIREFE
EESORITEE—D— OB LI-ZMHERE AL
—RETEICH LT H ERGEISS RN L 1D
EEEN S EET ARASIETEEEE LTRET LT
—TEREEHICE>TEHEEMTD
St
MATLAB #FLVTAER L EmOBEZE L2 L (Fig.1)
ERLT=A 2 ULARGE EFRIDA 2 ILAREDHEEIT o1

w1 - 4%

Fig.1:Time variation of wave front

1-Q-28

1-Q-28 T)7HEIZKLIBRNEEZEELI-ZHH
HERWN=-RAXUT FEICBET 585

A Study on a Masking Method Using Sound Field Control Considering
Sound Leakage in Area Reproduction

Yo KHGETED, FRES KR, EFS(TRERRER),
AEAEHGESX)

& EEHERMIC L VREOT Y 7OHEEBET ST THEOH
RAYTHNTNS.

& RATHR TS AHIEEEPM)Z ML, BEREROEEE—EL-F
IBEERNT SAREIT oz —LISTRTESAL HIEHEEELMET
LHESRE - EEABH T 52 Ao 5.

S AR TIHRES LDV AF LT EEIEREICBET HFEL
LT, SanliiieE¥a PSR MIEKACC) 2T . 2 D
OFETOVT, BIREORLRE S TR 5 S EEEOERE
HEiZ4TL . DMOS §HiliEZ AL CEREHAERE (T > 1=

& ERECTOMREHEDFR, EEZE(E PM £520.04dB, ACC £325.2dB
THot- EFEHEEBHER Pink #E© White 5 TIE PM Ik
AACC [FMREMHL L TS Z EAFERTE =

5 ]
4 4
8 8
=3 £3
(=] [=]
2 2
1 1

Audio area Environmental sound Audio area Environmental sound
area area

(a) Difficult of speech listening (b) Harshness

Fig.1:White noise experiment results.
( m:ACC, W:PM)
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1-Q-30 AERFIERICH (TR AKEE
WNREHEFETEMREDERIZONT

On the relationship between maximum order, target radius and spatial error
in circular harmonic expansion

OfFi& FHEE— (BEX

& RS L A v ) UBSEE R V- 2 STEIBRBAI S LT, Saflst
H AR B Y o RithiEi o=, 2 <{OWMETIHE
BRI TRIEN OFTEHY #17oTULVA,

@ FRHIRTIE, BRREL - BiRE - RBEE - 2R RE DR
2 DT, EEFROEA ) —& N= (k4o N= [ekr2] & shT-RkEk
TEYY OFERRIZBIET 5,

& ==, BRI EERSERO- L, BELNBBLFEIEBE A
A& S ItEEEEFRER, SRR T AT L SRR L
UFAT 5FEEERT 5,

S EIEEEDHEE S 1 L— a VITTRRTASEEIL, 1F5RLE:
HECRWTIREINHE LI BIElE L —BT 52 &0, 2E,
BROIFEICEVTERENBREN b XEF (BN LHELHEHT
Ehvhh oz,

[,f,f] ‘ (r M) (r )

N =15, &n(r) = —30dB

r = N/k 0.81 -26.40 -16.36
r= 2N€ ek 0.60 -56.22 -46.23
& 0.68 -42.91 -31.05
ZHECRF 0.58 -58.70 -47.22

Table.1: Predicted radius and actual reproduction error.
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1-Q-31 ~ 1-Q-34

1-Q-31

1-Q-31 BREVRERICE D FHHE
Sound field synthesis using backpropagation
OMERE (ISHEEHREME)

ressaAnEh EEdERERVWCESSENTELE,
Overll;
'Good job ANERZTA, BILI2DIE, ThiZFTTIY

- REVPERICE D EaflEEETIERNRERIMEERA W
BEEHEESSHEAXERS
BV Ia LY avESWTHRREORMECRE

Optiadzed

‘ Litiear laer | | Linear Inyer
|

. /
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Tnr 1ch e Meh | |2 g E i
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z -30/
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g,
o 40}

Frequency [kHz|

1-Q-33

1-Q-33  FRMZEESEMAVILEED
TEH B IS5 E O EREAIRET

Basic study on estimation of steady and broad sound field
using asynchronous measurements

OWEFEHF, FEMR, BN (FRERA), R)IHL(EREL)

*ER
o i, WAV ORST LA BB SEFRMEEES EALV-ER
EREARET HEBIEEF AR

o YA 20ORIT LA OBBERAAE 45 LHEERENMETT
B1=8, HIRE LTREDF NAIRISEE

* Ex
o JERHFEES LR\ —RAHIEEREE ALV -EESREEFE
DABERET E N

o EEERMEOERE CE A RO L EREL, EBREETIUL
& 3 l— 3 ER
o 2 AOBEHIETH LN -IEREHESH S EESIBEHETE
o EEFEICEY 2000Hz [CHEULVTHEEEEAR (-(2.0<x<-0.9m)
HYSNR Fi51.3dB &
() REFE (EOPLAOBTEFIE) (o) BRFE

1.5 =1 -3 25

Fig. 1: SNR distribution at 2000 Hz
(The cross mark represents the microphone position.)
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1-Q-32

1-Q-32 RABEETFSHEHEDI/ULARGE
DB RREA A=
High-resolution imaging of impulse response
by high-speed polarization interferometer

HIEAER (RREET), BIFENTT),
BINEEFINTT/BRET), RIEL(EXET)
@ BAEEET S B - TR C B DRRECEIS2RHEITE 5,
EEHROMGHFTOFHE~DISRIMIF SIS,
SHIEEH . RAE—HDA 1 YLASEORIEISERT 5.
SIREFL:
> RASERET S ERVTEMARN S TSP ES£8E,
> WG LI-BIET—2 05 RTDA L YLAGEERH,
> PEBETIVIZE D { =05eA o ULAIGEORRIE,
SHER A VLA EDZEMN G AN 3 TR T A 2 N TE,
@28  SNRDALL, A 2/ ULABEDDTDHH.
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05 §
3
L |
T
028 5
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0.5 3

Fig.1:Visualization results of 2D impulse response. The figure shows the
variation of the sound field over time from left to right.

t=340ms t=345ms t=350ms t=355ms

%R R

Fig.2:Visualization results of 3D impulse response. The figure shows the
wvariation of the sound field over time from left to right.
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1-Q-34 HOMBEHKITE NMF (2485
BRI R E A Z D RATE O M

Extraction of reflections with temporal periodicity
using autocorrelation constraint NMF

@R}, AB I (FEARR THH)

S ERHEMESRE AR ORMERS Ot £ B S LT, BiARIZE
CHERH# A RAAATS Nonnegative Matrix Factorization (NMF)
FRAWTRSE/ \I—2ERHT 5.

S HEEEL I L—2 3 VERVVESRRIC LY, BIEORSNE
BAENCESLEMEEL: (Fig. 1).
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Fig.1:Part of the direction-of-arrival distribution of reflections represented
by the basis H (top) and its temporal variation represented by the activation
U (bottom), decomposed using autocorrelation constraint NMF.
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1-Q-35

1-Q-36

1-Q-35 ZERN 3D ETIOFET—2EHMLA
MESH2IR DERNA 2/ LRGBS
52588
Effects of training data simplification of indoor 3D models on room impulse
response outputs in MESH2IR
YofRERBEA, SLEFEST (RSREIANT - £ & TP HRIET)
CRBEBICHICERAS VALREE (UTF. RR) #EH
MESH2IR [, EAARAKD 3D EFILEFESE, HAShZRR
DFEERE L=
*HhEhzRIRDFERE, RR ZRALV=RILFFr 1T 1 LRI
FAHEEBROBRN L, FHRSTEISIZ DUV TIEHHRE L CHEE
TETWSIEH MRS

L0} —— by simulation

by MESHZIR

Amplitude

l First Reflected Sound
™~ Direct Sound
60 306 400 500
Sample
Fig.1:Waveforms of RIR output by MESHZIR and RIR generated by
simulation

— model 1 -

105 500

1000 1500 2000
RIR length [sample]

Fig.2:Changes in observed signal energy when varying the RIR signal
length used for sound field reproduction

1-Q-37

1-Q-36 BRURERRORRTAS SV
EEMOHLHEEBELNFoND REEF

3% (IRMOSs) M2
—A EXESEALV=- 2 TR 2 #]A8 AR
(IRMOSs—4)—

IR estimation method (IRMOSs-4) for simultaneous measurement between
two sources and two observation points using four quadrature signals and
reliable estimation of multiple transmission lines

*iEE HNBL), FPE FANBU Z2(Z8 NUMC)), ififE M (J-Tec),
188 FINBU) , A SO, )11 183ars)

& HHY - L - gL somRRE )
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Fig.1 Signal propagation in the Fig.2 Comparison of

measurement and reproduction of noise level estimation in DLR and
acoustic phenomena IRMOSs,

(Blue: DLR, Red: IRMOSs)
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1-Q-37  FREAYRRERE—hZEHALT:
BEREMDRE

Study of sound source localization using open headphones and loudspeakers
OFREK AZNFINTT)

@ FHRTIE, BEENGUVRBEA Y PR L REEERTAICERE L=
AE—HEHA LR RO RIS BRI VA T LERET 5.

S EMESE-VEROEESITHETAEREZAY FRUhoBAEL,
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Fig.1: Structure of the proposed method
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Fig.2: Results of subject experiment
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Use a graph-type database to simplify the process of
selecting individual HRTF patterns
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(42) #£1H 3B17H (B) HKRY—=5 1-0-39 ~ 1-R-2
1-0-39 1-0-40
1-Q-39 AYKTHU VRYIUEDBEIZHEINT 1-Q-40 At A2) 5 EEELT -

BREMNZTECHERICEHT SR
— eI < kB REREHETE—

A study on the factors that cause for the lateralization in headphone-based
WR sound reproduction - distance estimation by absolute judgement -.
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Speaker adaptation in speech recognition using phonological level speaker
information
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Fig.1:Proposed method overview

I PEBECERMmERA M S RICH 115
BIERBDOEVDRIFTTHE
The effect of the number of head-related transfer functions

on the accuracy of near-field HRTFs synthesized
using ear-centering-based distance-varying filters

FoAbAHR, A E— (L AE TRt

@ KR TILEREER T 1 L2 (DVF) (ZkHiREEE HRTF SRGEIC
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Fig.1:RMSE between synthesized HRTFs and original HRTFs
(the number of HRTFs Top : 36, Middle : 18, Bottom : 12 )

1-R-2

1-R-2 HMBBETTOY7ILAALVAD LA

BEERHTTILOBELMETILED LS

Development of a real-time VAD-less speech recognition model in noisy
environments and comparison with other models

STAEARS, T EAERA), ABRSAHE, LB WEEHA)

S AHRTIE, IFRFXMOZEHTRETH D VAD 54 7 55 %
BAEEREEETIVOBEETS.

& 2 EEOMERRIERGERMEEAL, #EEERTHILTHE
T—REERT .

& SERERMICIE S, [\ OIS T EEATS.

& FATEEFEH wav2vec 2.0 Base ETILEERAL, CTCIZk>T
20 ms BICEREER T IS ATREGETILEET 5.

* VAD #ERBFCHIETIL & OFE R BEED 1T 5.

S REFEICLET—HTHEIAL-ETILIZ VAD HiHEED
whisper-base & Lt L TEHSEN OEETH 1=

& FAEESECERSN-BEREOFECLY, CTC IZBITET52Y

b—2 UZEEN R T OEEIN SR HTREMEL B .

Table 1 Comparison of model performance including non-speaking interbals
clean 20 15 10 5 0 RTF

whisper-base AL68 2843 3104 3240 4620 93.71 00191

large-v3-turbo 13.59 0,0220

np 27.79 0.0023

text.o 0L0054

rinma 0L00GS

v | 0.0023

0.0023

facebook sog e 36,62 36, STAR 4002 45 N/A

ntag y 7 3021
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1-R-3 ~ 1-R-6 £18 38178 (A) HRXF—§  (43)
1-R-3 1-R-4
1-R-3 ZAHBMNVSRETOERRHIE L=

aEE R T D FFIRET

Development of speaker separation technology suitable
for speech recognition in environments with multiple people

OEXRIEM, AZESEE V\FVZwia337 M)

&5 S LLM OBl SRR ERLTOAA, T0—
VIIRENTHS, HITH—T Ui — Tl ®HRELOELIE
HIZTA VITEAT 16, EREIZIFEESTULVELY,

&2 FEIESORR CEESMERET . SMTETILERBT
BEL. BEEET 7\ ~OEAAHEERT D,

SR 1 T—ABRE ZEFT TRRGIHEDE LV ETILERE L=

iR 2 . 7T IR, BEERREORENR AR,

SI-SNR. evaluation of leamning models for each evaluation set

vl 13 LibriZMi Fual 84 | Be2MEx
Eval 7k L2V

(Changing ! o (Ohverkg

(A Noinc)
wheen g speaken)

Processing pipeline for transcription app

WER for each evaluation set

Onriginal 05H [T}

Proposd k7 =]

1-R-5

1-R-5 HEEIFE! Early Exit SEZHBETIL
DN=HDTOVH) IT7A A hEE

Block refinement learning for autoregressive early exit speech recognition
models

QA% FHEEA, HREE BPEX BE HBEE LRKE,
IEHFE(NTT)

SARRTE, HRERIEFETHS Early Bxit ZHLVAC LT, BE
ERREFZEE TILOBE LIS DLTHRD

#Eary Exit Tl E1OERICRTETILERLS. COETILHLS
[FEPEOHARE, SHERERIE SN 518, ELVETHERTEY
[Zhlfd 5 C & TR ERHIE-EER L ERRT 5

@ GEED Early Ext ETILOEETIE, FUBOBE TS 51200
FEEANBESATNS. LH L, EVEOFTHERShLL
THAUERERVEETEGVEVIRELNHS

S IERFETIL BUEBORERL SRV BOREEHTERIICITSE
FEFEEZHATHLETIOREERAL, BIFETILOEREN
HRTELILETRLE

Fig.1:Overview of our proposed method. Left image shows conventional
training of Early Exit. We focus on speeding up trained Early Exit models.

1-R-4 BEEZEBICB TS ERFI—/\RIC
SFENSFBRT—AREICHTIER

Mislabeld data detection in speech corpus for
automatic speech recognition

O H A (Poetics Inc.)

+B1
> EERHETLREZENLL THESW - BB THES
NEBEI—/RICHFETHBEFELETFANAOREHFT—
BT EERHETILOMEICEET 20 EAR].
& K8
= EEETXFAMAOR G —BET 2 EENI5E5F
O— N REFALTEFZEETILEREL, FOHIER
EQ—NRADTHFAFLE LT, T—HHIRELTLS
T—AOEHEWE L.
= HELE-BRHETFEI—ANoRIL, BRELEOT
EREETILORELEET -
SHER
> A —HARELTWAT—20EMELTIODEREHRL
=
= HHELEERESEI—/ AR, BREEETEA,
TOEERBETILEYWERABLVER o1

Table 1 7 —&HiFR#(#D CER

RS test CER  JSUT-book CER

7 — & HlIERAT | 7.29 27.07
7— 2 HIER#E | 8.31 27.66
1-R-6
1-R-6 TARAIVANEFY—F(ZLD

-~ = ~Tr==SF i
BESIEOLRVERT T FEHRR
Simultaneous Masked and Unmasked Decoding with
Speculative Decoding Masking for Fast ASR without Accuracy Loss

OFRe&RiES], LUA{Z(NEC)

¢ Autoregressive TI—T 1 U7 DELVEERHIEE
ERO-FE. BRILEERT HFERFETHHIIRY
RS ERY—F (SMUD) & Speculative Decoding
Masking #12ELF7 .

¢ E-branchformer G EDBRELGERRRTTILOE
FRITEMARIRETY

Table 1: WER or CER (%) (dev set/test sef)

AISHELL-1 JSuT LS-100 | TED-LIUM2

AR 42/45 | 116/133 6.3 /65 73172

SMUD 42145 | 116/132 63/65 73172
REEETOEE !

Table 2: Real time factor

AISHELL-1 JSuT LS-100 | TED-LIUM2

AR 067 067 047 059
SMUD | 061 0.55 0.40 0.41
EN !

BAEEF2% 1530

(202 55F%) HRERR




(44) £1H 3B17H (B) HKRRAY—=5

1-R-7 ~ 1-R-10

1-R-1

1-R7 KHEEEEFIICEI(ERIS
(285133 BE HLBY T— 2D

Analysis of unrecognized error in
LLM-based automatic speech recognition system

OHIE B, 3L B8 Lu Xugang, A HEH (NICT),
PR 7= (NWU/NICT) |, al3 18 (NICT)

de&
Am

@ 75O Encoder & LLM ##5#E L 1= LLM-based ASR DEE

@ LLM-based ASR 251+ 5REFHD FEHLEY

EAZS5 L (Common Voice 19)

a large portion of the cylinder had been uncovered

a large portion of the cylinder had been uncovered and it was
evident that it had been used as a receptacle for liquids

& ERRENEE"?
> LRSS, REHOREXE RHELEEHNER
& EERDES L HEOERIC L2585 0
o
# LibriSpeech T LLM-based ASR #%%
SEFEtEy Mz 8 5L, BEHLBYELIaAL—YaY
» BENRERMOBA - ATHGHEOER
SIFARY., BRARY. HERESYN S, BEHLEBRYEST
e
€10 FLLEDFESEREOEA
> BEEOIIR AR YRTIEARY OENHSEE
€20 FOESEROEA
> DRIr—RTENS,
ERSANILEBROGENTFR FOESH L EHEE

1-R-9

1-R-8

1RO EEMMEEEELIARREEET LIS
£HEERBOBYITE

Error Correction for Automatic Speech Recognition with LLM Incorporating
Acoustic Information

FEAREAE LDE FRE (BTN
SLLMDAAIZ10-best{fER EBREHETIUCBVLTHE SN LTS
AQTEEAL, SHEREORYETIEETY.
& 707 M EEETEERTL, TORVZ&DBYTEERZSH.
@ 1-best DERLIZFTEEHET S L. test_other TIIHEN R oS-
S EERTERDGE LM EERL-ERERERELET 5L,
test_clean £ & U test_other DTS THAEDSRENR Sht-.
S FEROTHRLEL 30E 10-best MR BieREL-TOY
T rCOHERSRLBLI EH S o2
®RYUETEEL, FHLUSIEERT HIEREMA S EF-IZE/E -
XOTIEIFEM LA, FEFSESh RIS biEmLf-.

Table 1. Word emor rate (|, %) of error comrection on the LibriSpeech.
Dev_clean and dev_other were used for fine-tuning LLM.

fest clean | test_other

1-best 274 6.81
Without acoustic scores 467 925
: With acoustic scores
Select one franscript with the highest score 3.01 6.72
Modify errors after selecting one transcript 297 6.79
If the highest score is less than 50, modify errors 294 6.74
Select one transcript or modify one transcript 294 6.73

1-R-8 YULU-CER: Yielding Usable Large Language
Model Utilized Character Error Rate for
Practical Evaluation

OFFKiE (Allm-DeNA), EIETE ST (DeNA), SAFFHERE (Allm-DeNA)

@ GEED ASR FHEFEE (WER 4> CER)IZ,

FERCHENDLT TR EFFRERNGIRERZTBRICHh Y b
LTL#FELASR EFILOEERESIEICELV-IFOMEEE
EREICRBRTEILLY,

S AHRTIE, 71 5— BELNEH, BFALGEORTIENE
FEHITHL, BERWICEREOHHRY OHF@HT 5
#LULEHIEEE N'YULU-CER) #12EL, ZOHERMEERL-.

#Fig.1 12 YULU-CER OHEH T 57=6hM YULU-CER F=IRD
ERAEERT .

€ YULU-CER #FL\TH3®M ASR ETILELE L, HiE3ED CER Tl
A1 LFHEAA = k% YULU-CER A3 Y 351
R HAMREMEA IS S -,

& E£1-, LLM TEEMER SNz YULU-CER OFEIZAFIZ& S
HBREBO—BEERL, TOEEE RSN,

Fig1:YULU-CEREBIDER i

1-R-10

1-R-10 i cTC BiFZFERMLI-ZEE ASR
[ZHBFH3—FRIyFUIT DAL
Enhancing Code-Switching with Intermediate CTC Objectives in
Multilingual ASR.

HEH., $OT- YT (NAIST)

€ 0—FZA yF25 (CS) 1. BEEREZS: (ASR) YATFLIZEL
TRUGLEBNEET OEFENET L L CEALIEETH . 6
@ CS MGFAITHEEETIVIZHAMEEN S Y, HIZSETYER
B COMRRHEREARRE L ST LS,

& KHIETIE, SEHERT A T4 —L0E CTC #AaabEtHL
WP—FTOF v ERET 5.

& ZOFElL. Transformer Code Switcher (TCS) 2k ABELTE T
A—#EA LB EEYYEA Lhi CTC #ERT 4L T,
BELLEE A ORMICHREL. TSEERT 5,

S IREFEAHE - hEEOCS a—/ \RISEAL-EHTE. MER
H1140%., CER M 1.61%FhThBEL. REDMHEEERL-,

& KR ORRE. CSASR [ZHITHH-LEHEMEIMMET &4
|2, EHEENEET AREHAOTEESI RV I2HEVTRLA G

e
AE}”_,EE i

Fig.1: Architecture of TCS with Intermediate CTC.
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1-R-11 ~ 1-R-14 #£18H 3B17H (B) KAY—=H (45)
1-R-11 1-R-12
1-R-11 BERAEMTIZES<EHAH Autoencoder 1-R-12 EFERHERY D ChatGPT DFAERIC
[CXHIFBEFEFEEDEHARFRERY R BEZH5%BDAE
Japanese speech error detection for non-native speakers using convolutional Investigating the Impact of Speech Recognition Errors
autoencoder based on anomaly detection technique on ChatGPT's Translation

ANGE B.AZhou Qihang (BHITHK) LR RE (REER ) ORI (20 THK)

S FBEEFEORERY 2RUET SMREEERSEHES M LELT
E-ENM 52 <, GMM-HMM %L V=46 DO[Witt+ 200073 EAEH 5.

¢ AR TIE EERNEROZZATRAN-REERYBREAEFRSE
+%. LIEI=I2%E L= Autoencoder (AE)=dk B4 M{Zhou B 2022]
FRESET, BHAH Autoencoder (CAE)ZALV=HD4, LSTM
Z#H Y Adf= Autoencoder (LSTMAE) &%, #5819 5.

S EEEHEEICIE AT FLEEERE LT MFCC REHES & EE
1=, B3RS L TERARMEEASOETES, DT L—LD
Bl D L—LEERE $HEET LIRS D L—LEEREET 5.

*HMESHRA LT
EEa—/ A JNAS v — LSTMAE
CRAEBEEE — o
¥E, Q-Fiiﬁ?ﬂ: il

FTEHABEEFT— <. NN <
AR—Z UMEJRF 777NN
TEHEEIT 7= i /

ORIEFRR 8% o 7 i

BEFAOFRYE o o o w e a e
FRR

T3, CAE AYRERD Fig.1: ROC curves by the proposed methods.

34.0% %15 =,

ARBEERFEESS), wTFHIEXR, EREZ 49T %97 =(NAIST)

& SEHERENI I EELRBIE R LTEY, SHEGEERE
$1%+#> ChatGPT OIGANEAF S BH%, ChatGPT OEFEREEERY IS
T SRR OISR T H D,

SHEDORLD 5 MHEOEEEETTILAH > THIRBE~OE%
AR 200N Y EOBINFEEROSEIZEAYIZ T
Ehainot=,

@ FEIROBEIZEAY 0T ULEFTHIR Y L, [RE0REH) & TRE
BEEITEDL0IDDIKB| SNz, COLSHEEEERYIE
ChatGPT [ZAREShDRIZIBEShHZ LASRO NS,

SEFETHBYDFEREZ IO LT RZEHA LT, BREEEZR
FTRATFDHRBIZEA RN A9 ot

=3

1-R-13 HEFEFEFZHL V= wav2vec ETIL
FBICHTHEFIERC DL TOLE

A comparative study of wav2vec model training on speech
from different types of speech disorders

wAGH AR SRR BOTHh' ABQ#ED®
(HFEAP T=ZBEHW

& AR TIRERRE - & 5 EHEFEHEEEES, IENERE LU

UKL DA ERESE L NR L LI-BEFRIHEENET 5,

SHEREEOEEEATTILOFEETOIR HEREEOEREX
BITWET L EHBHETHLE VS EEN DD,

S FHETIE FATEHERESESEEEOTILZEMIC, A
WG LBBRREEER L, SHONEREEETFODRNICERT A4
FEIZOWTHEET 5,

SIREFETIE wav2vec20 DHESAA T, HSIEEEEEDS NILE
LEF#RAL-BR#80HYFEEE1TS (Fig.1).

SRNTIE SANGLIMEREESHE L L THENREDERICRS
¥, BRE LA LERORE A O ERES O ER CEMES
OHEEHEEOEE XAV TERETL, tEREEL.

Stepl Pre-training  Step2 Continual Step3 Fine-tuning

Pre-training Labal
CTC Loss
Self-Supervised Self-Supervised P
Learning Learning Recognition result
|_[ l H ]
wav2vec 2.0 |— wavZvec 2.0 P
1 Copy T T
e Y - e
Unlabeled Unlabeled User's labele
speech without speech with speech with
__ disorder | |__ disorder __disorder

Fig.1: The proposed model training procedure

EEEm HEEEIR
o SI[I[TOE  (Whisper) malioccd (ChatGPT) EERMlice
S Y—RER
i@ -
Fig. 1 :RFfi Rk g
Pl WO 2
By -2 Y I ERAD MRV ERE, Bimemet,
ChatGPT OB | Eating an apple makes me think of my . | I bumn paper.
T P BRI I A2 IERAS L HENENHEND, HiRegeT,
ChatGPT OB | Eating "ingo” makes me inded my hometown. | I'm burning my hair.
B ‘When I eat apples, | am reminded of home. 1 burn the paper.
Table.1: ¥ A iEaRARY | S EET- DR O]
e -
1-R-14 BEEEFZERMLE

Transformer [C& A EEET B S ot
Speech Recognition for Individuals with Dysarthria Using Transformers
Leveraging Non-Dysarthric Speech Data

OfREHE. MEHE(FFRLK), FEIR (RILEX)

S HEFE & (E, PR OEEEEEDREI & U RENI TR A S
KEOHITTH S, BENEEOEERNIT -2 T BN KERE
ELEOTINVD,

S EHETIE. JET—2 Y FCHIREEOEE T4 TS
Sl HEREEOEET—4ET—RBRT AL TT—EAREIC
$HLL. Transformer ZALWVTERZH#ET O,

SEFERMLLEDHEI A T—HRMIZERA SIS Cross-Entropy
Loss [ShNA T, BFEHIRIYCTIVINEET—2 v FTEI
Cosine Loss Zi85A54 L L TEA LEHBETS.

& TRISSESRFEREHBMICE LHELOTHD, EEEE. T2
EOFEUMEET Lz, Fi=. Cosine Loss (37 5 AMOEERHEAK
F(ER>TWSEHEIRRED [FERICIELY - HEL FIL—TTH
BT L‘fﬁﬁﬁ‘ﬂf:o

L=
= EBTROL
nF-SERDH
= KER TR + F = & S8 (Cross-Entropy Loss)
= TR + 7= & W (Cosine Loss)

1WRA ZRUV-EHTEsRESRER

AAEEZ2%E 1530 (202 5558%F) ARERS




(46) %18 3H17H (A) Ky—25 1-R-15 ~ 1-R-18
1-R-15 1-R-16
1-R-15 BEBEEEFICEITLEFELERED 1-R-16 FELEFOERTHIHITS

;EEIEFE\[-— c,: ’5%?5;0:1&03 Tﬁj*irg:"b

Enhancing Speech Recognition Accuracy through Cross-Adaptation of Acoustic and
Linguistic information for Japanese Deaf and Hard-of-Hearing People.

KRS B (RMERRR), BH 6 (SEBHEX),
AH #F (e, /M B2k R, JtE #E E@EEHEX

<EE

S LFIOFE : Toa—4EOERLY, EHEENIHL

¢ LEOEHIETEEEREIZ & S fine-tuning B SBFEEARE

<EEFE>

S ETFIAANT HEEICE L TEETAIU—4OBELEET S
C&lzkY, @FE M LSRR

Target Accuatic Domain Speach

Fig. 1 Proposed altemating leaming of acoustic and linguistic information.
<fER>

SEHHEESHICALT, Toa—4RiEiRck Y EEEs ML
Table 1 Comparison of ASR performance when using each method using CER

methesl  maonkel # Prrnaeters (MB) 18 B tune Tund Bt JNAS CER (%) DEAF CER (%)
HewnmSperch V20 6% DEAF N Wy %0
Whisper Medim T DEAF N/A %0 21
Becline  XLSR I + N 77 ns
NER 39 INAS 4 LTV DEAF 83 o
XLSR w/ Heplecrment | e S+ LTV DEAF 3 1

Proposed  XLSR w/ Alernsting learsing B INAS + LTV INAS + LTV £ DEAF 7 23

1-R-17

RYERDOREE
Error analysis in phoneme recognition of children's speech
OEHIIED, &EL IMIERE FTAEF (NTT)

SERELTELERDNETIRT 01T, EOEFIGRTH
ST LI E VTR Y ERDO DA TRIR TH D

*FELEFERRE LTz endHto-end EFEEFHRTRE Wav2vec2.0

THEL, TOEFRRVERZEIHORY/\2—OBEN 501

LU TOMREST:

> BRI L CERZERYFENETT D

> BRTERYENNET HEMITIEREICRGD (Table 1)

> FFEOPENEOHRXTERENDER (k) & BRI
HSEFRRYEDHEASEL (Table 1)

> BEOERIOEAITERLLERR YA S (Table 2)

& LLEOFERND, endtoend FEELERIBHACLHELBRYER
& BIZEFROTFELICBVTHEDERNELLEETETY
BWC ENEMTHD Z EhRIE ST

Table 1:Age at which the phoneme error rate drops

below 20% for each phoneme.
Age | 5 6 7 8 nl 12 | 14| ®
adult
& fazwi [orfu |vBa |& 31 n 2,9,
phoneme er ks |1d |[fteae dz, .
h,mar |pab |[mu ou
Table 2: Common substitution errors made by 5-year-old.
Phonclogical - Substitution error
process Substitution pattern Example rate [%)
Stopping 6 —t thank — tank 9.26
Deaffrication f—1 chai — shay 8.16
Fronting 8 —f thank — fank 9.26

1-R17  AEBEOF—T—FRHIZEITS
BREERBILARXDRE

A Proposal for Sophisticating Posterior Probabilities
in Keyword Spotting of Dialectal Speech

FHEBREEFRIX), AMNBTHECEFRIN,
ZERHNB (EELEER), (RRRMEBA (BFRIIK)
& ETAREERETIELAT L
> EEIEOERETIRT 5102, BYSOESH b—7— FEBEIHRT
L, BRERTTHVATL
& R F—7— FRRtHOBER L
& A —TU— FREICECESMH YEBETLVEBATHL LI, HM
DECEENH Y FEET IV SBHETEREEERY, ERIEM R SRO%H®
HEEEALTRBIET 2 A EIER
> BCHEHYFBETIUIAFROEEESET fine-tuning
* 2OOREFHICREFEEERAL:Figl).
» Posteriorgram &S TIIHEEAYET Li=A%, T L—LLILRIEER
# T, ThETEEOF—I— FEEBETRLEM SRR LA,
monophone T 2. 19pt, syl lable T 1. 00pt MigtEEEEORE

a0

MAP(%) 3 86,33 86.21
= monophone [ sillablc 84.71 84.1485-21
85 r
8L55 g7 80.71
80 78.2578.16
75
N I I
65 L 1l
wavZvee? wavLM pruposcd wavZvec2 wavLM proposed
large-xlsr large methed large-xlsr large methed
Posteriorgram matching frame-level matching

Figl.Result of keyword detection

1-R-18

1-R-18 #i#hETILA—Z DNN BEARED/ \wHR—(Z
EBLEEEEED—RILIARE b DRE

Lightweighting Approach Focused on the Backbone of Diffusion Model-Based
Text-to-speech Synthesis and the Effects of Kemel Shape Changes

FrEBREZE (NAIST), Y974 B9 F=(NAIST)
S HR- B8
IEEOFRFEERN-TXR MEFEEE (TTS) ETLET HIEAIESS
1) U—ZFH IR TORAEEL  LTLS. IEHETIURI TISETIL
ISxL, TORENSHKE L. L SHERESHEHINT A FEERET L.
# F& . * Time - Frequency Kemel Module "
> EHEEERARE F v AL A AAOBRAALEROSE
> SEDRHSHERETHL A LAY LRSS LOT—2HEZEE L,
BT & R T > o h—a L RAROER
*i5R
> EENLERAMHEERVIES LHELT,
135 A—REL S0%FSEHIEE L §9 26% b 585
» D—FILRAR - YA REEET HI L TEREEOMRHEIC
FEESRHEERED

Standard-Conv *
Squarek

TFKM3:x3 (propesed)

TFKMSxS (proposed)

++oe

Time Focus Freq Focus

Kernel Kernel

+
]

i

[] 7 a E] 10
Number of params [Mega]

Fig.1: Time-Frequency Kernel Module (TFKM)
(left) Structure of TFKM (right) Number of parameters and UTMOS score

HASEF2%E 1530
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1-R-19 ~ 1-R-22

$£1H 3B17H (B) MKRRY¥—%=15 (47)

1-R-19
1-R-19 BASHICILIFHFIHD=HODF

=i
BERAXART7 T—2DOER -5l AT L
DixEt

A study of a system for creating and evaluating speech/description pair data
for voice characteristics control using natural language

K EYER BAE AASE EEE— @IXN
R, BAS A CHRANITRE S ER SEEHOMEIEE ZEHT
W5 —7F, B FERIAXART7 T2 OERIEa R RS AT
MohTWS. FETIE, BASEICLIEEHHOROOES - 5H
ERBASCAT T—4 OAER B $hERL “FIR T REG A 23— T = —
AMtERT - BRET -

A o A—T T —RAEERL, SHEESRA{T o - EERERN D,
YSICEREASGHEEEEI BRI L T, BEC L OFHEATHETH Y, RO
WEIT DN LAREEN S D LTI SN

SHIEA L A—7 1—ADIFTHOEHEECEAL T, RAEOHEESE
HEERAEDREEZT>TVELWESZA TS,

FEZF [ AR FRboThV. BRI TaEMCIERVIIE, R FAVE

R SRS X UEEHEN
20 L4 BV DNTER, Wt [i{9) ELITTEE| WL
HEOMT, MTEIEELTRS. | 500000 | 463+£043 | 3254050 3.50 £ 0.77
W SV D WS, [1:3 an i BERCTVS TEREC
BEEMTVEN, M
FOLFELBL TR TV S, 5.00 +0.00 | 2.75 + (.87 400 £0.77 2,88 £ 0.70
FoIAWFEY, BolT, BiE | B B BoZL | BRI
HEIEIRIEELeNoTLS, | 5.00£0.00 [ 4004063 | 1384062 3.00 + 063
TR 2 TP A o TERT, IS0 [1:3 EEEE LA FADLIAR
PTVETET L LB LOMT, kLR T HHEOM
FoADEIHAHOMTHELTVS. | 5.00+000 | 338+0.77 | 338+0.00 4.38 £ 0.77

Fig.1:Part of the evaluation for data with the same voice and different
descriptions

1-R-21

1-R-21 NIV FRAXEZFALE-EREED
SEEMREFEORE
Towards speaker identity control using Persona-Sentence in Prompt-based

TTS systemn

R S R GE B B A i B BRER A SR
BE (AR ET)

#Prompt-based TTS [2HEWT, EFETOL T FEEENFEDFHE
EHBALETOUT MAFIRESNAS, RTHETHRAShAEST
arF I ARLEVESISH L TRiksEatEERT 0T
FEETICEEILT AOARETH D LEVLSHREL DS,

S MR TILFE IO T M ENEEL, AHEFEDEEHORHESLY
MR THIEFBME LT, RILYFEBAXEFENSEEES
OFT07 —VICEEET HERSERREMA L, JRLSEETIL
ERRALESEI—RERLYFHEBEXOBRSY VI FiEE
B3

SIREFEICLY, EETOLT MIALYFERBICEFIR L=ET-12
BEI— \REEEL, SETE 1

IV FEREAX FEJOVT

i have a ten year old son. | very mature, adult-ike

my husband is a cop. wvery masculine, powerful, middle-aged, slightly strict

ilive in texas. slightly friendly, slightly relaxed very clear, very
gender-neutral,, slightly mature

Table 1. ALYFHEAXEFETOLT FOATT—4

1-R-20

1-R-20  7F A b - FHah A X A V[EIRE#E %2
ATRE Y F 2 IETAMEICHS B U - S AR R

Text- and spoken-style controllable lecture speech generation
focusing on disfluency.
LA (BX), hEEE (MLUSY), FEES, FHEE (B

AT, BESEEACCAREHEGH w3 CHO®,
T 7/ F— a v ERAVWRETFRA P RRAAERETFFAFEHE
K, ZOMASHOEEMRET L. 7FANEFHSROEMIHEREL, W
HEFEFEOERICBWTIRAMIGECEAEEEBHLTWS, —AT,
Lo ABziEw TERESR) 0FRIcB W TREFREBRELETHS. £
7z, BFOHBTHEAMEFALOE E, Ah7F X Mz EmBER Y
DEHRMNBERESNEEA TS ZEEHHRELTVWS. L L, MiGEH
PHAFHEER LV, 2O 5N SHER O HRN
BEARGENRVDOTHIMENIZLAYTHS.

ZFIT, ARMTERIC (HESEFFA ML LOBIGETHER £V
HRAZEHERE, XIDARTAMS LW OSREBET.
BEERNZIE, TST S TTS 2l T 2882, 74 7—LEVIEARYD
TRTRWERTIZN LT 72 DRl SR LA D353
‘i‘iﬁ’%ﬁ? Jr=YarvEHWEZ LT, FEFNIIEITLIEREEDOS
A0 - EEORIEEER xS, ZoEREET 2 T2 s Xy EHL
72 TST & TTS ##A&ShE5 Z T, MEEMERS 2T AR MET
B, ZhickD, BT 2R SRR LRI, WBEN -
HREGHT S Z L HAHEICR D, L WEMEERT 222 ZHI
THIENTES. EHBE7T / 7—> 2 »2iTbRWEHE LB L&
FEN - FRAGEHEEBEOHER» S, FAFEOGHELRT

U H# 4 2 75 Witpa: /fdyoahioka-BbS. github. 10/5ponTTS- sanplen/audic_sasples. hial

1-R-22

T—AREARTNEEEERICES
BEEERA—IRDT—EILDUT
Data Cleansing for Speech Synthesis Corpora through
Automatic Data—Level Preprocessing Selection

OF BAER (X)), B {Hzfr (BX/HX),
{£{n &8, BRiE ¥ (HX)

& (UA—FYNT—4R, ESHTNES S ?
EEBRAERER? TOEEES?
¢ TAZEICREEFENELS..

> BENEIRTHAGHESD !

R - — 3
== R F

Quality
Evaluation

Fig.1:Our proposed data-level preprocessing switching method.

HEREDFEENEDLD ?
RUTHLHERER(IRRFI—FET!
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1-R-23 ~ 1-R-26

1-R-23

1-R-23 BHERERZFET —2ICAVEED
DNN EEEREDORYI7IMDEEDRAE
Investigation of the degree of pop-out in DNN speech synthesis using training
data of high-intelligibility speech.

Y ERFS, REFFH, B (RATR)

S HERMED SN >TRMDER &Ry T72 hRA R EMESL A
RTIETTS IR HFEERISER TS - HREFZALV-IS80,
BREBRORY T7 MY 2R ERET 5.

@ LT, EH¥ERE% Og-nomal, BIRERE% OrgHl, ThThnss
EHFEERICAWTERL-EE% Synnomal, Syn-HI &&REET 5.

@ AT TR LI £ HEBEHRDER, EREERETIVIZEHR
EREOBMERAVNTUVEVAREELS H L LEZ DN D.

Table.1:Mel-cepstral distances [dB] across four speech types.

Org- Org- Syn- Svn-
normal HI normal HI
Org-normal - 3.01 2.91 3.35
Org-HI 3.01 - 3.05 3.11
Syn-normal 2.91 3.05 - 2.35
Syn-HI 3.35 3.11 2.35

* PBHEOTIELLLET 5 &, EEARETIABIBHMEDE
BEFELELSELTVWAI LA RERTES.

Table.2 : Averages of dynamic feature of four speech types.

Org- Org- Syn- Syn-
normal HI normal HI
Avg of Da 0.272 0.301 0.237 0.270

1-R-25

R pimamamics T oWER LT HORE

Proposing methods for improving accuracy in emotional speech synthesis
S REEE THFA OURERARR- THEH)
ERRBAREEEFESRCATLOBERILZBELT. Self
attention (SA) &7=I& Lambda Networks (LNs) ZFRL V=B EEEE
HERET B, EEFIAICLEAT, SA  LNs 13, KU RIBHERFIDEK
FRREETIVIETED 8 BBL T DEBA LYBERICEh 5 ER
DERMAATREI T3 HERAFEN S, SA/LNs % Tacotron 2 (SEIFALSREL

F-EEHHE R NEOERER 1 127,

5 Conv Laver
E—‘éa_- S

Ty
2 Layer Pre-Net H 'LI;S;I: |—-| SA/LNs I
Linear
Input Text Projection
n ext
pu Location Sensitive i
Attention et

Character Projection
Embedding
d
Emotion 3 Conv Bidirectional . .
‘ Embedding ‘ Layers H LSTM SA/LNs |
Emotion labels

Fig. 1: Integration of SA / LNs into Tacotron 2

1-R-24

1-R-24 TEAREREDXFREER LLABRSHE
DER
Enhancing Speech Recognition for and Synthesizing Clear Speech
OBEREZE(BHH

& AR TIZ, FOREEORRL L BEHIEORSEEIT 55
EEMRRT LEWET B,
WavLM-Large % SEHSHEMIESEL L, CTC Fa—4 %ML
TEANEEERSREER LS 5, S50, FreeVC EEML,
DR LR O EREERT B, VS /R £V
BIok Y.CTC MAEBHILL. BABEEOTRIEEEEH 5,
FEHE, UTLAA LEA R EED S 22— a0k
BT e L TORRAEHES NS,

traming

x:source waveform , y:generated waveform ,xmel ‘mel-spectrogram , xssl:SSL feature,
xav-predicted score , u 6 :Speaker-Independent Mean Adjustment , o 8 :Feature
Normalization for Generalization

1-R-26

1-R-26

il

R BREEARRAFA IR LE
ERMOUEERLT:
EERAEEFAHICEY 5B

A Study on Multilingual Emotional Speech Synthesis Using
Language-Specific Spherical Vectors and Speech Tokens

Yok #E8, it H— (Preferred Networks)

S FHETIL, LEEDHEFSHOMEEER LSBT0, #il-/2
g - BEMETETIVERET 5.

& ETIUL, REBIESY FILEEHL F— USEEEAShES T L
T. (EEOBIES NILPE—OBIFEAY MLERM-ETILZEA,
BEFRFEACEAEOREEZBIELTWLS (Fig.1).

& EEEREREERR TR T 5 & T, BIERBOE oh 0%
MEREEE, SSLETIVEER L THH L-#kE k—2 w458
ABILET, EENZRMERET 7 IO—FEL D,

& ChizkY, SEEFERELE LT, BHOMOHVEEHROSENET
DOTREZREEN S, BRATRRNENGSEREFEaHETT.

Salf-supervised k-means D.:smale
Leamning Model clustering g J
# Teut
Only at Training - Encoder
T Inferance

Fig.1:Model Architecture of Proposed Method
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1-R-27

1-R-27 BARBEZHFEESTFI—/\RZHALV:

EERIFEFESHOMERER L

Performance improvement of mixed emotion speech synthesis
using a Japanese multi-speaker speech corpus

FeIREA—RL, MR ROLFEARR - BT

€ H2[EThET End-To-End EFILO TTS £HLVT. BAEEHR
L L BABEEEARIc DL TR ET> TS,

¢ AL, 2 yEETEESN-BIEEERATTIVOERENEL. &
MEBEOEEVTHERTHLILE, BN T A THT=.

AR T, BASESMEEE 1 —/ AR TEB I 7
WERWSC LIcKk HEREEQBMRMERAL, BUSITHR CREtE
MTULVELESEAB - DLW TEHlZ 1T o 1=

®MOS 2 & HEFEHE CIHEEEAEREL YBLBRAEER LT,

#MCD 2 & AEFEHETI3REEEN L YU Ground Truth [ZiELERH
#|oht-.

Table.1: Results of subjective and cbjective evaluations for synthesized speech

Configuration MOS MCD
Ground Truth 457 -

Baseline Target Speech 168 11.04
Speaker's Avg. 174 1092

Other's Avg. 157 11.58

Proposed Target Speech 290 769
Speaker's Avg. 3.12 7.85

Other's Avg. 304 822

1-R-29

1-R-28

Mobile PresenTra : AN—hk7 2>
LETEESFAIRER =2 —FITTS
Mobile PresenTra: Fast neural TTS system on smartphones

ORZIRE, KEAM, AHE
(ISIRE ST )

1-R-29

S e
-ERE - BECHETEZZa—JILTFALEESRENEME
cCPUOZ—2 7T sOEEZDTH0.] sTEESH(BEEETIL
DHIBBOHEE)T 2T &HTATHE
CEZY R T=IRRERENTWEWAT— 74V ETFFAMA
A s5bdh05 sOEERERMERE

Tnput text

MNon-autoregressive acoustic model)
Iransformer encodser

Varianto adujitor

ConvNeXt decoder

Meb-sgroctrogtan

Neural vocoder
MS-FC-HiFI-GAN

KRR —RIBICTAI— N7 AV REER W
KRBT E(BHEPR)

TIILFE=FIIL AR EEEARICRIT -
O—/NAMDIEE

Corpus construction towards
multimodal empathetic dialogue speech synthesis
OFk 648", B S5, 15 W FHE BF (K- 1FRET), £ Bl
B EH, & BE B RAELY), BE ¥R -HETD)
(DAL= FHEIZES equal contribution)

BRI 2wl b L oND,
5 MEHRE

5.1 REOMEER
FHAPA—AOHEY AT LHRAKTIZ,
HeRR oy 2 BE 00 2o D I IR IR (24] I IR
(11 AR S TV D, 12, SEERRE h
DNN ~—=AO AL EREN - EREFRIE, 22—
FOMBINE - EH - BWNLRCAMTIENE
HLTHED(25,26), coMUELMATIZ LT
EDSS €7 A0liL H ik # s s,
5.2 HEHMSR
TR O IR ST 3 — A DB
X0, mEREHET RO OONEEF)
% (RSN TS, Deng 5 [27] 144

TWATED bR EBD R, ARANORR

ERHEL X7 L LTORE | ARCHAL |

#: EDSS GF9EIE, BEROTM RIS [z )
TR MRS - RER 5 £ LWAE] © |

AEFELTWS, 4
EDSS #5#l 8 A L, HiEx

WM AF A

—¥zybhELT

DA—FEYF 1, B EOSEOLFE |
BEETLLENBD. £, WEBOTNE |
W IANE Y 2 - e E0l, WMHEEY
AF LAt e HW L 72 end-to-end & EDSS @ |

BT TO—FLHILNE,

* 7FE— 4L EDSS ~O#M : F o]
L (33) 22T, PG ko Erge|
H3, SOLILTAFE- YLLK |
B W B 0T — AL - Ty [}

AALMBLRETHD.,

TILFE—H )L HBRIXEESEE S (EDSS) D
MR {EZ 30—/ S REEYZELT-

® H—EEEICkH# 95 Bl ER & Face Mesh HiiE CHERL

® HIEBMTHIILRMETHATHEET HFE

1-R-30

".“&;:"."".."".“»".“"..""\:k‘;éi;é‘l’i;';'"..‘i‘i‘@;‘é'l‘?“ﬂv_.iij‘élﬁ""@..I

1-R-30

VAE-SIFIiGAN: ZHn B FHSERER

[E-I< SiIFiIGAN
WAE-SiFIGAN: SiFiGAN Based on Variational Autoencoder Representations.
YeikEE—, FILFEH, HUANG Wen-Chin, FEIE(2X)
& EE - RF - EFFEE FO) HliEMEREERKETER LIz=2—7
JLRO—4 SIFIGAN OIESAERED S ERHNR SERY SRR
> BRESITEENHES EHADRBHTRER
> End-to-End O#EA~DERERIGALEEL LY
> (ESIEIC £ HEEIHHEOMH 7L ) X LM EFHEAYEN
@VAE [ZED (FERRHGETERIREEMY 5 - L CTLRLOMIEE
fBRL, SIFIGAN OMGATEEOIAEIRS
& BEFRIRITNTET S FOH#RE SIFIGAN [ZRIi&S 2 5hd FO 2510
TEAIZLY FO RHEMEREAYE T HiER
» BTEREA G FOIRIREREY SHMEEA
& SEERAIETHIE = & WIRSEFIEAVERD FO HilfiEREZ £ H C & 3L

Table 1 Experimental results.

MOS 1
Method RMSE | V/UV | w/ 95% CI
1.0x Fy
Original - - 4.34 + 0.07
SiFIGAN 0.02 5 4.32 £+ 0.08
VAE-SiFIGAN 0.02 5 4.30 %+ 0.08
w/o Fy removal 0.02 5 4.22 + 0.08
0.5 x Fy
SiFIGAN 0.03 5 2.48 £ 0.10
VAE-SIFIiGAN 0.03 5 3.04 £+ 0.11
w/o Fp removal 0.04 [ 1.85 + 0.09
20x Fy
SiFIGAN 0.06 9 246 + 0.11
VAE-SIFIiGAN 0.04 8 3.25 + 0.12
wjo Fp removal 0.10 & 2.65 + 0.11

AAEEZ2%E 1530 (202 5558%F) ARERS
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1-R-31 ~ 1-R-36

1-R-31

1R31  Flow Matching [Z& 2 EiE B TD
20—2yFoU AV EEERI—4 —
Fast Neural Viocoder via Flow Matching in Frequency Domain
OFA2-TArY, BT )F=(NAIST)
¢ —a—JRa—F—3 FEEARIATLICENT, EFEREE
T BIREIERD. TR 7 —) T (STFT) ZALV=

FEIEEGERNTEHN T2 (T HANA PRANZLL,

TEEGESITEYOTL, FO—7F, ETIVERELCFE LS
ELEBRENER S TLAA, HEREENS BN E L SEENH S,
@ FHETIL, ISTFT EHEEETIUZE D V= Flow Matching Z4A#44

bt L= a—SILiRa—4—#EET 5,

& COFETIESTFT 2k Wil Shi-IRIBRS L HERA 2 AT,
ETIL% FlowMatching TREE B A2 EI2L - T, HEREELES
REEALEES,

S EEFEI LbaTTS & JSUT T—4 v MMIER L8 Tl
BEOO/NR FHAERL., HEHTETILD Baseline & Y EELAR
MNCELIELETL.

S EHEDHERIZ. —a—FILRa—4—I2H1+5 iSTFT & Flow
Matching @ k L— FA 7 ZB>f-#il- 4G EIRIET 52 & T, 18
RWVEBEER VAT LIICHEARETHE EETT.

—

- g

S

Fig.1:model overview

1-R-35

1-R-35
EARREEIEMRFLZDNNIC L 5
BEOBEEDRARY MLIEBEDHEE

Spectrum classification of bird song using pitch-independent DNN

T RS, ZHEENEF (BIX), Tarciso Velho,
Diego A. Laplagne (Federal University of Rio Grande do Norte)

O B&AMEE Fullsort Blok->T, AALTE
AT Fh o REREBIERELSHES
Y 95k (Fig. 1) 22E7 5

O ZhzEFREARBFERFLARS bLSRRE
TH5, BEOBEEDRARY MEEHEIC
Av, Z0FHEERELL

[ = c
k=] o
3 3 | Egel
[ ¢ | mR
3 S | gl
2 > |
Q Q
o } =
@ @
= = a
g g o
[ w 6\\6
Spectrum &
o
o

Fig. 1 Network architecture for spectrum classification

1-R-32

1-R-32  Za—3F)Ra—FERBIZEITS
A E X ETOBRBFAIIRIZE T O
EERRILCL

Preliminary investigation on the suppression of instantaneous amplitude
decrease in voiced segments of neural vocoder synthesized speech.

OF 3 #B, AF(T I 177> BXEHTILHATAT)

¢ —2—3)LIRa—4TlE. SEEOERRREIZHE L THEEICIRED
EFL. AREOSRENSHELTLESERENH D,

& FFE T, Endto-End BEAM A TLTHD VITS DEFESIZHT
HEBNGIRBET (dip”) ICEREST. TOHIFICET 540189
BEZOVTHRET 5.

S BHOER. BEEEH, SBEEMADT v TH2 T LT QMR
FEIZHB1T5 7 L—LEMTOT—AHIBE LY. dp#F 75% LLE
HFITELZ LA ot IHIOEIZE Fig1 1277,

|[|!|I|I'| (i I|:|-|'||;||.I|W. I -|
e
. !Wﬂhmm||||1|;|.|.|.hIin.-l.-|i.|”|;;‘| H |-' : (e .:!|'|

0 005 01 015 02 025 03 035
TIME (s)

Fig.1: VITS" “dip” example (arrow) and its suppressed waveform
by {pst, del}. Japanese utterance: “(ka)iyo:" (¥ “ocean”).

E=——

1-R-36

1-R-36

BHEOBIEDARY FLIBEDSEICAWS
FEdh 2R & D F RO LB

Comparison of feature extractors and classification methods
for spectrum classification of bird song

vr hHER, AEHFNE, KEIMETF (BRIX), Tarciso Velho,
Diego A. Laplagne (Federal University of Rio Grande do Norte)

O FrAFavEns BORERBICIIFTRF 2252
P gEEoz<s bR, 1 o0BEETEY S,
2oL EOPEAER > - & SREHFEEND
O BEEOEBHORRY M LSS,
Fig. 1 ISRTETIERAWT, kiR 2 oS
EEXMEEDE L3I 2OSRLICHELLE

O 2 >OFEHESF L, HWEHICAVS 5 DOBRKFAE
FEofHrabEEHL, TR LE

" Feature P Claccifia Il l
8 Eiiocior el Feature B Classifier PR il [
5 O 1
Signal “time Label
OpenL3 K-Nearest Neighbors
VGGish Decision Tree

MNaive Bayes
Discriminant Analysis
Support Vector Machine

Fig. 1 A model for classifying the spectrum of bird song
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1-R-37

1-R-37

BYEERAOERETIVERAL:
BOREEDHEDIRET

Study on classification of chicken calls
using foundational model for animal sounds

K EW RBSE KEHET. HiFE EREZ(RIX)

& MR
» BOBEIS 15— 3 (3H0TEREICiAE
> 15T, SEHBORIEERT food call (FERE
» L, food call & (CI3EREN B D
4 BOEBMICEDELD /1 X EMTNDIZE,
B ERR B T (IR DTREL
4 BHFEERESULEVLN, SARIUTET—Ih RN
& IR
> MROEEFT—IHS food call & T 228,
BEEAICIHEUEEBES )L BirdAVES ZRUVVEETILERE
» Food call DEEEFEEESM LT —9OREEITS
& EBER
» BirdAVES ZRWEEFTILEST—YORBLIEREHFSHET,
food call ®ESBREOMETTFATER

}) [ taset
]
Lsbel _l

|}u.w:s}—, Feature oy Clazsfication] Prediction

- EE =

Fig.1: The structure of the classification model
based on the foundational model for animals sounds

1-R-39

1-R-39 BRI B BFARBFZEETIEERALE:
EEFEDOEHRN T IVTYX L

Species identification algorithm for anuran species
using pre-trained deep leaming models.

LA, BEEZ(RTX), ARBEAGESEX)

Swish

*ER
W SEHOREICIE, EREARIEOITEZ3D A RIRRETHE & 1TRHE
ML WETHD

B IEBECEVTEMEETHS M/ T H T MOBRREEEE 5
HEENEEShTLS
* B8

B VGG16 4> Vision Transformer 74 E BRI EFHA FRF S ET/LOIEFE
[2& Y EREEROEE AL TR ETS

u KEEEAICEITHREAEAOHSIOSRE, FMAERILYS HEHE
WEMET S

S iER

B EFEEAEREEETIVZESAEICEY, F/YTHIL
[FEBEORI=% SR EF O LA SN -

B R/ YIHIILE24~26 ﬁl;ﬂ.%*’é% {FETDHIELDDIvoT=

e

Number of Segments
- £ 8
N RN
| =
N
f
3
Ll

- ==

I o onr &
2000 4
° .. —l |l —m  —E :—l —M

Time |..|u'\«-;.| (1 |{’|ur]
Fig. 1 Differences in the number of segments holding the calls of
Pelophyiax nigromaculatus in rice paddy fields

1-R-38

1-R-38 FBDIE = A= D B E KM 12
BHMEZRLI-BEENEE

Classification of chicken calls considering their time-frequency characteristics
WRIBSE, TR XEIPET, FN, EEE- (BIX)

*ER
BN FHMEF I 22— a v AT LOBRE
fAEICEV, BERORENETAICAITEEE LKA
BETHD
BEOBRESIRBOBEFEICETHENTHI
BHLPTW
L 2=L:5)]
BEOREEESEEICIRE
B iR FE EAEORHE ZERa ORENETFSEE
CERSTAE S22
L 2
BRBEFEEREFRICLE~T, FHESELE
B EEFiHEOFl :0.648
n EEFEOFE : 0.896
n A OBMERs OEREI AT LT, BEHFOERD
HRI AT e
B pleasure call X 2 7 I2E 1T 5Fl 1 0.910
® distress call i % 2 7 (2 H 1T SFl 10837

Conventuonal method

Proposed method

C e ——— = [ bt plre R - |

Fig.1 Chicken call detection by conventional and proposed method
1-R-40 BREESAIVBEDTREIC

HEBREENEZ07E:
80 UBMLITDERHERTIEREBE
FBICROND TREET

The Effect of Word Familiarity on the Intelligibility of Japanese Mosaic
Speech: Lower Intelligibility for Unfamiliar Words with an 80-ms or Shorter
Processing-Time Window

OSSR (WNX-EHI), dEHIF (HorrERai), SRR
Lk, Gerard B. REMIUN (LK -ZE4i7T)
S BFREEEDE Y, V EEOBENEREREEOS N EE L RN
FETIIL, by T e BN EEOHRICE 2 HREERE LT
& MEERIZER 20,40, 80 ms MOEMT, MEREEEEOT—S THE
MERZEHEEO TREAEEICLRE 1 (Fig1). £z, T—70E
DS LEFIEEL 375 %, BERET 105 %, |EEZ 52% T
Hol=, BOEEISTEET S LSRR 80ms ICTEHEBER
SEOANMEIE R C AR TREEENS T Aot

100 s
90 ?\\ ——3 mora / familiar

v

= 813 = # =3 mora / unfamiliar
£ 0| " -
oy o *—4§ mora [ familiar
] )
a2 | 4 mora / umfamiliar
= 50 \ 1
£Ew \
=
2

20

Segment duration (ms)

Fig.1: Relationship between segment duration (ms) and mora intelligibility
(%) (n = 10). The error bars indicate standard deviations.
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1-R-41 1-R-42

1-R-41 Rl Z RIS E O EEERIZHS 1-R- BARGEICHETHRAEWEDNELN
REEDTHEGE: 42 BEEMEALOTHE
%EE‘??&@J%E@ g’-‘sjﬁ ;&ﬁgw %g The effect of art'tculatorIy ¢ME'S change on
Involuntary vocalizations comresponding to modulated frequency: effect of - 2peech percepSion N1 lepenese .
fundamental frequency difference between vocal pitch and stimulus tone WRARK ARHS—, AfAR, BERZ, MK (FSHKR-£

aERE)
@ FEESEICTEE MR TERMIZ 7 — v Ehd & F0OZ L
EET 5L D ICREBERZEET 2 LHHESh TS,
SEEH T «— F/Ay Y BIET COMEEED-OREEENEH S C
LickY, EEEFROATI) —HELICEAEN RAATREIEA R
ENTWED, COREHEFLENTHINIRETHATH .
S FHETIE, HEBED T MNEEREEZTYTILEALT
T4—F\y s Lizik, BREREOHT I —HRIETL. G
FRICBEHTI ) —OERIFEELN RS L=,
@ FORBR. FBRHETE I 4 — P YIS LTRSS A L S FEEE

wr A (EEEER | AR FERLR | RAEERE (BEERED

¢ FHET LR BEREOE v FERLNARICHE L v FHEET S
{HIEZZDWVT, FRT ARG RS E 2 A THEEET 1=

& EERENEL. EKE. #6840 L S ERAEAL V-, FISE0RELE
HHE, BNEOLTEOFREOLAREN BEAEH) LHRICE-
T—EORFEY ERE) 02 EBEEAV-, SNEIRHT2E
BMLEHLHNELRLEYFT /al & 20[s] HEHELT =

& EEEE. MMM EONEORESELBLIZE S, FHD
BAICKHEIR oA, BEREHCLIEFRSNGEN -1

(Fig. 1),
_ - BIER S hah of-A%, BEGEEE [\ SAET 28RN ERL

1; 0 PSRN f=, HEORHERYELRC &. TOBEBICHT AARBENET
- ) L. HOREMOBIATHIAT < 525 EINER) ABAS 1=k
£ | I HEAE R Hh,
8 T a) b)
B4 ' s —
g 2 - /’

SINE SINES MFND MFNDH  FullSINES

harge i Prodused F2 (mel)

Change is Preduted F1 (mel)

FEE

Stimuli Conditions - 3 ") % ;/:-/; Tit4 ;:‘_'.,
Fig. 1: Mean of pitch deviation to auditory stimuli. Fig. a) Change of produced pitch from Baseline in F1. b) Change of
Blue bar: fixed pitch condition, Orange bar: individual pitch condition. produced pitch from Baseline in F2 . ¢) Proportion of identification for sounds
Error bar: SD. as "L ", (Wilcoxon signed-rank test, p < 0.05).
1-R-43 EEDIRIEREICE DL 1-R-44 Incorporating Hearing Loss with Binaural
BEOERSHELDORET Speech Intelligibility Prediction for
Generating tones of vowels with pitch circularity Hearing Aids

based on manipulation of the amplitude spectrum

KIEREE AAIEE NEIER PR, EEER FREL(GEERX) ¥r Xiajie Zhou, Candy Olivia Mawalim, Masashi Unoki (JAIST)

& B - B EENLE  FAE SRS o U A S DR # Aim: To investigate the integration of a hearing loss model and an

> LUV ERBOSEREOME, AROREE A H=XLD Equalization-cancellation (EC) model to improve binaural speech
X7 BRI CRTHS = & AR intelligibility prediction for hearing aids.

SIEEFE  BEOARY FOFS LOIEEIRMEIC & 2EER # Problem: |Individuals with hearing loss face difficulties in

> BRI RSN TS FOYS LOBFYRESDSL L perceiving speech intelligibility in noisy environments due to
BEREE OEOAEHEIE A IBE L, SIS E v FE18E masking effects and hearing impairment.

P e # Solution: The hearing loss model simulates hearing impairment
> BREICEREORTEDT, BEOBELESOSESLG for each ear based on audiograms, incorporating different
> BELIRI0 Fl-score [£7 BILLE, EEHIFOEERIE Fig. 1 parameters to model outer ear, middle ear, and cochlear damage.

100 The EC model then processes the binaural signals using binaural
E; 90 cues to differentiate target speech from background noise.
:?E; 80 \ # Evaluation: The prediction methods were assessed using the
& ;g Clarity challenge dataset with two metrics: Pearson correlation
§ 50 coefficient (p) and root-mean-squared error (RMSE).
% 40 # Summary: Compared with HASPI, the proposed method
£ 30 improved p by 8.8% and reduced RMSE by 15.4%.
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1-R-45 Auditory numerosity perception of sound
sequences with varying frequencies
O Gerard B. REMIJN, Kana KUSUMI, Emi HASUO (Kyushu Univ.)

#Listeners tend to underestimate the perceived number of
successive, short sounds presented in rapid sequences.

#Here we show that significant underestimation occurs even if a
sequence consists of sounds with gliding or random frequencies.

# Significant underestimation of auditory numerosity typically occurs
for sequences of 8 or more sounds with a duration of 50 ms and
an inter-stimulus interval of 20, 50, or 100 ms.

#In the auditory modality, sound heterogeneity within a sequence
thus does not facilitate accurate enumeration of short sound

sequences.
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Fig.1: Mean diffierence between perceived number of sounds and the actual number of sounds for
series with a 50-ms inter-stimulus interval. Emror bars show standard deviation; 0, 1, and 3 after Aligned,
ing, Dk ing, and Random rep y change in ociaves/ sec within a series.
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The Influence of Musical BPM on Psychological Time
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Tests of human auditory temporal resolution: (8) Measurement efficiency in
case of using the initial probability density function of a bimodal distribution
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Investigation of accents necessary for change in beat perception:
Comparison between termary and binary groupings
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Fig. 1: Changes in beat perception when accents are added. (a) shows

the results when the temary grouping accent is added to stimuli that tend to
be perceived with binary grouping. (b) shows the opposite.
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Perceptual experiment regarding tempo deviation The Relation Between the Perception of Groove and
AADRER FETEAT MEEEC Bl (BA FETR) the Temporal Envelope of Musical Tones in Rhythmical Music
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Fig.1 Perceptual experiment
(perceiving the deviation AT in the interval T between signals S, and Sg)
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Fig.1:Relationship between attack time (ms) and groove rating (n =
30).The error bars indicate 95% confidence intervals.
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