(98) $53H 3A19H (k) HB1RH

3-1-1 ~ 3-1-4

3-1-1

3-1-2

3-1-1 Physics—informed neural networks ZFiL /=
KFHEEAAD OO =R TESEERK

Three-dimensional sound field reconstruction from
optical projections using physics-informed neural networks

OfFEkE A (BXET), BINFES (NTT),
BEBEF (NTT/BREL), R)IIKE (RXREL)

e BHiY:
BEEHMEN ST EOEADEREERD SN EEFEMA
— Physics-informed neural networks (PINNs) ;&R
o 2L
B Sinusoidal Representation Neural Network (SIREN) Z{#F
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Fig1: Reconstructed fields using Spherical Hamonic Expansion (SHE) and the proposed
method for (a) notse-free and (b) nolsy cases.

3-1-3

3-1-3 FEREMRICEOSVWE-EBERIZETS
SAEMERWNV-AE—hT7LAERE

Loudspeaker array configuration using Lamé function for sound field
synthesis based on plane wave decomposition

#Gao Ming, RO1E3L, RJIMEIE (RKET)

S ERETOERHMESES H15HE., JEROMAZAECEZIRE Sha
HEROBELSRDEN TS,

& S ABBILRSE LTS & T, AR RIS DI A EATE
AR TH S,

S FHARTIEZ ABMERAL., AT LA RE L SREREIHEN
BDR E—HTENRTEBERA D,

3 L—2a El L GREEHEL, BREFIVBRIFCEREE
MFoNSH EHFERTES

& &S
&I k&-l

—r

Mesn Appreximation Ermce & o
Labintt]

3-1-2 BREICEDCRE—HT LA
BEFE7/&BEL1RE
Tangent line method-based loudspeaker array: Application to digital piano
F*HTFAH, ABAEDT (IFRK), AKRBEL, AFRPFLHE,
ARIEZ (h AR5, RIZf(THREX)

S HHDORA E—HEHNZHAI-T LA EEL, RIORROEEE—
LEFET D, AIORSERETE DO, BOE < ARADHED
¥, b HETE S,

S BFET/ ~DBREEEL, RE—HT LA &85t #fELiz. X
TLABEEEEL. BEOEE~ 2 FDE—LEFIRIZETD,

SEEDRAE—HT LA IZ& > TEY K Eh A EEDOZMS 7 % ST
L. BE~OERWENA DD, BEQEA~NBZREITOIAZEZ
mEaLT=.
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Fig. 1 Geometry of sound sources, listening points, and circular beam as
envelope of tangent lines.

3-1-4

3-1-4 AR LS ERCERAL:
HBHARAE—DT LA DEHER

Study on sound field creation using radius formulation
with Lamé function for rectangular aray.

OlAEsh, RIIEL(RRET)

& EETIERRICE T HEEHHEEE L, SERRK TOBIBERS &
UF0FHEE S S aL— 3 UTTERLT-

& SABBORHZ DT L4 LERERT (Fig1). PRECIIEEEER
ISELEEA ER SN TUD. — 5 CHEtiiaR < & DIHmm AR B iR
LELZ Ehthinot-

& EEFEHLOEETHET A0IZT LA CHET AR CEELRHE
LTz (Fig2). A TlEaEhanl Lbthhd, —ATE0OT
YT ENND t%&ii;ﬁ%isnnté & ﬁw\ot

‘fﬁix E

Fig.1 The geometries and wave forms with rectangle shape
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Fig.2 The emor dsmbu‘aon map with rectangle shape
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3-1-5 BERER BoSC VAT LIZEITS
EANENSA—2DHEBELIZES
BEEBRMREONE

Improvement of sound field reproduction by optimizing regularization
parameters in overdetermined BoSC systems

ORSEE (EREHRX)
S EEFHRIATLENUET DHICRAE—H#ERS L1581
DNWTH AT LEGEHEEHEL T 208N H D,
& AE—HENT A 7 Ok L Y £ BEISIE MIMO # R TF
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3-2-2

3-2-2  TV-CAR 4347 ARMA 34T ~ DRI BS 4
Hi&REt

A study of the extension of ARMA of the TV-CAR analysis
OFftARE— (HERKRE)

FTES EALV-ERAE., ERFEGERICB TR Y IERELZAAY

MIUERESRT B, HAIHEER AR(TV-CAR) EEMTEHEEL
TV, ThEDTILTY XLIE, BN_FaE (MMSE) Ofth, —#%
{eB/N=FE%, & /IILLERHE, & /ILLIERAHE, TLS ZEARGET
HhbH. EFESIIRMRER OO, BIZRSIZELT. ARMA /T A
—SEEHNEFNEL FFARDY—ILE LTERATHATREEL S
%, ARMA 2347 & LT 1980 ERITHBEAILT 2T 1 LA 23D Gl
FIAZRAMRES W TLAA. EEM7ILT) XLk TV-CAR EFILIC
BRET HDIIEELEOT, AT, SEEBREEEMLHEESI
B ULVABIEARET B IVERBNZERD) SEICE DT ARMA RRT BL
EEZITOFERERET 4. BEFENONR ML ARMA ZRY ML
HEEFRTEHLETT .

3-2-1

3-2-1 MOS-Bench: HEMEFHEET ILDRE
BEHICEBLEAVFI—Y

MOS-Bench: Benchmarking Generalization Abilities of Subjective Speech
Quality Assessment Models.

OHuang Wen-Chin', COOPER Erica’, FHSH ' (' HEKXSF, *NICT) I

FRTIE, MOS-Bench LI A2FEELUVEHERT—2 Y b &
BN B, 512, MOS-Bench #{ELNZ/ET =6, SHEET(Speech
Human Evaluation Estimation Toolkit) &Pl 54— o y—2y—)L
o ERFEL, AL

https://github.com/unilight/sheet

3-2-3

3-2-3 Modeling and Predicting Individual Learners'
Performance of
Prosody Imitation and its Use for Material Selection

FHH I B AR D FHE 7L & 2 e kRN
Tr¥ial Cheng, Haopeng Geng, Kentaro Onda, Daisuke Saito, Nobuaki Minematsu (Univ. Tokya)
Learner's Audio
Compare
I 1

Native Audio Synthetic Audio

%

/nuih\

# Model Analysis and Difficulty Prediction.

Table 1. The input data types for model training.
Native Speech ~ Learner's Speech
GSLM Audio X
vC Audio Audio
TTS Text Audio

1} Training GSLM, VC model, TTS model on different data types.

2) Verification of similarity between Synthetic Audio and Learner's
Audio.

3) Verification of models feasibility in predicting difficulty.

# Application Scenarios for the Three Models Based on
Previous Results.

- GSLM can predict for all learners without learners’ data.

- TTS/NC can predict for individual learners.
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3-2-4 ~ 3-2-7

3-2-4

3-2-4 Combining Linear RNNs, Self-Attention,
and Convolution for Lightweight
Streaming Speech Encoding
¥ Wen Shen TEQ, Yasuhiro MINAMI (UEC)
#Incorporates MAMBA-2 into Zipformer, a Conformer-based
streaming acoustic encoder.
# Eliminates left-context key-value caches of Self-Attention modules
in Zipformer.
# Carries left-context information via smaller, fixed-size hidden state
of MAMBA-2

Results
4 Our proposed method performs on par with conventional Zipformer
at smaller chunk sizes, despite smaller model and cache sizes.

6.30 I ———
6.10 =+= sipformer/left_2.565

== tipformer/left_S5.12s

Our propased method

0.32 0.64 128 2.56
Chunk sizes (s)

3-2-6

3-2-5

3-2-5 x%ﬁaaﬁ%&U$¥£#»
2k HBEAE EERE

Automatic Speech Recognition of Japanese Dialects
Using Large-scale Self-supervised Leamning Models

Ot XRE, hHRE, ABRCE, R (ELH)

S FHR T AEEECARHARNEEET—2 TEIES L-B%
BECHEH YEEETIN. BREFESEREEIEHTHLI,
EREELT=

*HEEEOT A RIIRENTH D=6, BAEHSEEaal =B
TIIEC#MH VEEETILERL \éEFEfJ{ﬁFFI'CﬁU HIZ2EE
THEELZLOEHAT, BFEEETE ;
FEETIERVIBSICELTFRYE EE*E'C‘%T‘

& BREHMOFE THRER (BB TEH C L (3, BEERER0
AFHOBRTEETHY . SEFMRTHEL-BCSMHYEE

3-2-6 KRERIEEEFAETIVE

Mixture—of-experts Z AN =2 S B 5 =25
Multilingual Speech Recognition Using Mixture-of-experts and Large-scale
Pretrained Models

ORILRAR, WK%, SHEA BRBEEEHISH)

& NIFEERTETHFAETIL XLSR) IR ZEESHETHICHL
T, E1®O& 51 Mixture-of-Adapters Z8A.

& 7HTRRORY 2855 518, balancing loss & 75 T2\
SA—BFAYTTI D2 DODTI =y EHA.

& 7 L— LB gating & FEEEEID gating DEEAEHEEER

¢ = 1MEY, mixture-of-adapters HBE—7 4 T2 OMEREE L@V,
balancing loss > KOy 777 FDEAIZ & YUHREL S HIZHRE.

| T

| Exp:rt 1 ‘ l Expfrt 2 | | Exp(:rt 3 | LI | Expfrt N|

Gating

Fig. 1 Structure of Mixture-of-Adapters

Talancing # traknable
2H7—# | Guting 226158 | dropout - X
P [EX Ty

Full fimtu walti 113176
| memo [FI T
Single sdupter walti 132 210
..... T Traa BT N9

mwalti frame ¢ 132 204

ixture of adaphers | T8 RIE (8D v 133 206
Mixture of adapter ar- 2B (EE) v 131 203
walti | BEEE (ERTND) ¢ 131 203

mlt frame ¢ ¢ 5 119 182

wulti | SRS (BTN < v A4 123 193

Table1:Comparison of Learning Methods across Five Languages
(Evaluation Metric: Word Error Rate, Dataset: FLEURS)

ETIVEHRRLDD. BREAHEOEFEZHTER FICI VAT
Table 1 FMIEETILIZHTS COJADS DIFEER

EEEMETIL SSLETIL FITEEEE | #RPE  CER (%)
Conformer - - - 41.2
E-Branchformer - - - 429
SSL E-FJL+Conformer | HUBERT Large Rz L 45.1
XLSR-53 53 Bi L 410
HUBERT Large (rinna) | BAi& L 333
HuBERT Large (AIST) | B&IE &L 333
HY 327

3-2-1

3-2-7 TILFh—h—EEEFRERV
EEFATIAE—3avm
HmeEacERET VY
Joint autoregressive modeling of multi-talker overlapped
speech recognition and speaker diarization

OWBER, AIMEE, EE BhEX IEEA REES SBHENTT)

SAMTIE BECEEOEBSFEANELT, #HALDEEEL,
EHETDEEF (754 E—2 a3 VRURILF b—h—EERH
OHEET) VTERS.

SHEEDEETATSA4E—2a v RURILF b—H—SEEHOH%
EETIUITIE FTEEREFRMEHEL, TORMOEEH
BREISRRTTHILT, EEEHEET S

¢ L L, EBESECIIEEREMAERICELVT—AAYEELTEY,
ZOFSTHFSICENTHEEIRBENKE (ST S

SFWTIE COMEERET 128, TILF b—h—BEEHEER
=, EREFHLEEEEIHNEF T TREEAH EIRET 5.

r £ s
(6], (6], wi, oo who, i iy, [sep),s
[ (8w, wiha, . iy, feos]

l RESOEHEHE

T
W F =7
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1 1 BE# -2 tHETS
BRGNS Fa=grh Wl b

Fig.1 Overview of the proposed method.
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3-2-8 3-2-9
3-2-8 NAIST System for the CHIME-8 Efficient Environmental Sound Classification

Distant Meeting Transcription Challenge
YrYuta Hirano (NAIST), AMau Nguyen (JAIST), Kakeru Azuma,
Hdan Meyer Saragih, Sakriani Sakti (NAIST)

4 NOTSOFAR-1 task of the CHIME-8 challenge focuses on advancing
meeting transcription systems that work with a single distant
microphone.

@ Aiming to develop an efficient system, we worked to improve speech
recognition accuracy while reducing inference speed by modifying the
ASR module.

# Proposed system significantly reduced the inference time by up to
83.4%.

¥ Proposed system earned 3rd place in the multi-channel track.

# Proposed system earned 4th place in the single-channel track.

Baseline System

5 Conforms » Nemo
> css - Whisperlags ———————— pipization —

Proposed System

WPE  Conformer

RNNLM
c8s —p-‘.- ZptomerT | ooty

HNemo
— — [Diarization —

Fig.1:Overall architecture of NAIST system for NOTSOFAR-1 task

3-2-10

asj3-2-10

BRAEBICL 2 EERMERER

Language-based audio moment retrieval

ORigdest, ABHK—, AfPBEEK, /MLES (LINE ¥7—)

S FHETIE, FEEMBEREVDI 2R EH-IHRET 5.

* EEEMRRICBT T2y METHELEV =0, #il-HT—43
ty bERET S ETFRRVERT 2 LERTANOHD
BEDHAE L UVE A LRE L TD 15, KRR TIEETILOE
BEFHEDT=D, L 2al—LaVEAFTOTF/ T30 FE
HORETT—2ty MEEETS.

@ SOITEA RS I RETIVERES 5. BiL7 Jo—F
[SHIEFILEREL, COETILIEET—20O T L—LEOK
FRRERA, U TVISHHET 2RME & YUIERICFRIT 52 Lh%E
BETHD.

Input long audio
165 .

Input query

‘Where is the following scene?

0 “ The scene is between
63, 44
,9\ 0 glgalies s

Fig. 1 An overview of audio moment retrieval.

based on Real-time Block Pruning

OXE®E, REEAl fEEGHX-I)

® EEERAETIVEL, REEEZEESTU TR R0 TEL-1HEEE
HELFTH BEGICBVTETINBRIET A ERKLHYE
¥, RIEERHICNT HHENUEMFRLS TR L TLVHH, ReakHime
Block Pruning I35 < ZhEML IR E RO OOBEGEETIVE
EFEFEELELR

SAFEIL, RAOHEET L ERSARICHREL, EETONEER
FERAL T BB A BRI IET A EEELE L=, F-,
J 00— JUREL T L—LT—9 #BLVA C & T, SRR RES
LM TREDHHETERLET

A General Classification Model

”m@——

o
FPruning Decision (Level k) 1035 gt
Fig.1: The framework of depth-wise classification and global optimization
for real-time block pruning

S AFEE, BELHFRTPETIVREICLERAARETHY | B0
B AVEL YT —EOI T Ot A THERMICRITTEET.

3-2-11

3-2-11 REL-BREEDFEICLD

BEERHE AT LDORRE

Development of onomatopoeic recognition system
based on training repeated environmental sounds

IR ) R E— (LK)
@ Endto-End BERFEHEIC & HEFEETHE AT LERRE
> ETILOFEIBEETEE LSRR T oS ES £ER
& HEE (TR L) oEEiMfTEShT0AT—2Ey b
RWCP-SSD-Onomatopoeia MIREEEH > FILZE#R
> BUBRLEBEL, BEEEERT MRITRD 2 &4
< BEAR  RIRE 10 BEEEAISERE
4 RER . 2 DOWMEIE Aty M LTS5 BREL Tl
> 2 FHDETIVERETT B ESCS0 42 FILOFE#HRBREEE
< $RER 100% : BEARDATEELEETIL
< R 50% : HIERT—4 50%ERERICLTEELZETIL
¢ RERNEESH-I LT HOT75—LE)] HitOHOE EOK
EEEE DRSS SIS EOE IREDR L 7R (Table 1)
Table 1: B&LHDOBE (EARIHE)

REAI00N] R#E0N (6 =pr=okpall)|
FPM/ w28 50. 0% 22.5% =
XHADL Y| 1505 | 5.0 MRt DHDE
—k—Fox | 4.0 52 5% FHEA 1000 ETIL : Frufivun
F7 AL E 7.5% 5.0% = :
mEMITEE | 7% | 004 wHYHyAvHHvhvhe
AR F 27.5% 32.5% P . . e
AEROF 67,54 7. 5% FiE SWETIL : HvarHya
BHOTS—LE 30. 0% 32.5% - , o ~ -
" :l " :l A :]
HitOHOE 12, 5% 37.5% AyAVHYALSEYAY
HIANHALTH 27.5% 17.5%
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3-4-1 ~ 3-4-4

3-4-1

1 mwimsroEECEEEoT
What did you leam in the auditory psychology class?
OMMRFIRKEX), HAEEGLK), FHHART(LEX),
KEEOE ERERMEILKR), ABKRET, FERL AHLRLEX),
HABH(FRIKA), RE— FURER)

& SEENTEAETIE FE EROESNMERE. FERE
FENRLEFLURBETH D,

& BEELERY, BERLRALEERTITHRAZ L, R
204, HADIEDTERZEME AL, FEPBETER, 2
SATENHLLMKRTH D, BRBOSERLIFTIL,

& 2021 &k YBEDRESERETHSOETS ST O-HOEE
2 OFMET 47— LTI, BROOERE, BEROBRT MRE
HEVEE EWSERERLN-.

& BAHAED, BRI SLRVEREL LD ZEIE FEORE
[ZERSIEM2T=DTIFE L, ERIEETR>TWVELETRESL D
5, AHEERTIE, BESEEETIC, EFEEROEDDERDRE
OitEe, BEOEREOBCIHEE L TH 5 >-HBREFRT.

& SHEEHTEEROBELIBROERSEL BED MR
EWSBAREFOEMAVL LI TE AR o1, S8, &Y
BHREIRTT AL L b1, PELTTRC, BERUERERU L
BRI AR EE X =LY,

3-4-3

3-4-3  Intelligibility of Checkerboard and Inter-
rupted Speech: The effects of level
differences between two talkers

#rJun HASEGAWA, ARina MATSUURA, Kazuo UEDA (Kyushu Univ.),
Hiroshige TAKEICHI (RIKEN), Gerard B. REMIJN, and Emi HASUO
(Kyushu Univ.)

The effects of signal-to-noise ratios (SNRs) between a target and a dis-
tractor on the target’s intelligibility of two-talker interrupted and checker-
board speech stimuli (Figure) were investigated with native Japanese lis-
teners (N = 22; age range: 19-25). SNRs (-6, 0, 6 dB) did not alter the
targets intelligibility for intemupted, 2-, and 4-band checkerboard speech
stimuli. However, reducing SNRs degraded intelligibility for 8- and 16-band
stimuli. The results suggest the number of frequency bands categorically
affects perceptual segregation between the target and distractor.
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Fig. A schematic diagram depicting the process of stimulus generation. Two-talker (a) intemupted
and (b) 4-band checkerboard speech stimulus.

3-4-2

3-4-2 BEEI4— Ny IERICESBED
FEEBHECH T HEEDOBEOFE

Influence of speaker’s native language on speech motor control of
vowels based on auditory feedback information

HAT LIRS, EITMNZRSE, #RH4E (JAIST)
| B EOREH - BRI SEE OB TKF T S0
| BE/e/OF 2B+ HEER —REEERHHOZEI<, FEOR
SEEE/e/ LEIERE// OMENRIET DN S
D OBAGE. ERE. N hLEEEESS 10 BEMRICF )
(ES - T T4 MERESRD « — Ry O RBRERNE

E ¥ ES

BiEEE | SEUEOR N F1Eb A \2—2 | FEF SR

BAE | B =28 FILR <FITH| B85 =%8

EE | BiE # 2 |FILR > FITR| B8 - X8

AbFLGE| B5E = H5E BiE > HE BiE = 3G

> 3 EROBEFEMICHSLT, FYF #EEH R o1

FEH - B5F5/e/OF IZH T HER -REEHFIHOFEIZ(L, 355
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Fig.1: Averaged F1-compensation (a) JPN, (b) CHN, and (c) VNM

3-4-4

3-4-4 BETAFXUITEDETLLEVEHIZEITS
MEMEEEICLSEFDOTRENEL

Change in speech intelligibility due to interaural level difference added
without decreasing masking in unilateral ear

FAERFAR, FNKE, T2 15—L, BEEELRIA-T)

& FEOTAF UL (R4 c MEREEE (LD) A'BiyE (B5)
DEERY YT SICRIFTIZEITHTHS.,

S FTIT. B43ID %, BENTOHEETRAFUIRAET LAEHE
TEMELPES (Ev9/4X) IZi5L. BHEOSETRES:
BEELT,

& BEE LIFETICAS L= ILD M (ILDsr) H15 dB DR THEEEAS,
ILDgHY0 15 10 dB IO T AZE 1) L THEIHIN L=,

SEHEOTAXUIEAMET LELERTEH. BELHEEDILD O
B TREICEEERIFT CEhbh 0Tz,
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Fig.1 Relation between mean mora intelligibility and LD
(™ p=<001)
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3-4-5

3-4-5 BEEEOEELEREORBIEABRERD
EAEFILICRIFTRE

Effects of speaker and listener attributes in advertising speech
on mediation model of purchase intention

ORFinE HEHRE MEEBINTT)
SEEEFHNHEERN 5RO E
> ERCERNRIIEEOMEES O E NI dagaror, 2005)
> H5EE EREEOMRIEOBIEHSELIT 5 C & THEEEH TR (it 109
> 5EE LEEREOFIRECERIO—B/ T, BECEEINROEN TR
AL, BEHBN R RTTHHEYHD
¢ SHREFEERAV RO BEE IR C &k HRET
» SEEV AR Ik B U 20-70 HRDBEEESE 26 Al L. 158
BH-Y 13 3EEFEAR TR
> 15 LA SRR OMRIN—BY T—Hh VS - EEMNROENRC
RIFTHAEE ORI RS - & VIR
& FRE. HRO—B/T—BOMEEREEN ORI L > TEE
> U, RS E. EASIRERENVNE HE-EO L SRR EL
» BOELSEESCENOARETFRELNAEVES ISR
> WEE, FObhTh. BHOERIHEILTF—HOES| EA SRS

- % eans

Fig.2: B OB B (R D —BD)

Fig. 1 : iAo MM Ar2h 5 (i)

3-4-7

3-4-7 -
MBS BB/ R/ A XBENSRASHEA
“Singing Noise™: Multi-layered dynamic band-noise speech
synthesized by the Phantom Skeleton method.
ORERBA (KEAR L 4—) HFEEHEIX-BEHE) -
R ' (EEXRR-HHEEL)

BY EvFHNEHMRTHATESRDERERAD, REEER
ARG PIVEBA-ZBHOAL F/ A XEFEERT 5,

ik LS SOEEOEME Phantom Silhouette A #HE3R.
FEHEOBENSHE LI-ARY MLETICEEMES TR,
ELIEEFHET % Phantom Skeleton AR EFRE.

HR EAL-EREFEZEHEOEMIRE (14 XF)D 1545
256 & (51f 166 &, %if 84 &, EEZE 6 /) HEHE
FHEEIOEHELNRESh, REERLUSSPEFLRF.
MWD, AATAERLGHEE LTHC A B LB,

k2 BRI BS54 200 cent BRI L 72
FEplE spEm EMmME e F s AZXEE SRS F S A XER
Phantom Silhouette Phantom “Skeleton” Phantom “Skeleton”

Spectrogram
frequency (Hz)

Time (5)

Fig. 1 Modified spectrum used to generate experimental voice.

3-4-6

3-4-6 FFREHRIE2MBIROBIFERK 2 ZHIEL 7=
HERPEFOTERMENOEIL

Study on urgency perception of noise-vocoded speech with controlled
instantaneous modulation components of temporal amplitude envelope

*EHER A B, RS, BANE G

* SEOREIREIER (TAE) OESZEHMS (IMCs) ZRVTHE
EREIETS (NVS) DFSERBE DL EHREATE 40 E I MMEETT 5.

& BAEREEEE 14 AITHL NVS 2RV -EEIREH{To-HER,
D EHnotz

(1) TAEFEEOEBEMEOFHMY EEL

(2) TAEIZ3Hd AT T 4 L2329 OF|FIE, NVSOREmMmE
ICREEE RGN

(3) BBREHMBICEBRLERMBERMFEIE 4 Hz 5 16 Hz

(4) TAEQEMREENEIC X > TNVSORERITERT S

(5) TAEQEEBEEHENEEZBAVTHMREEL-TAEDQINCs%
ﬁﬁ‘é’é&al Ims’éﬁliﬂl?é ar s S 85 L 7=TAE

¢ SEOFEBMEOEILZEHAT HI°H=>T, TAE D IMCs ATE
BOGFANY & LTERUMELT HEEZ LMD

bsscassc b, DPsc b, asc
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bss_Ass a A3/ g, SSC 7 Csc dy dsse dse
Cq C55\C3
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Degree of Urgency

Fig.1:Urgency perception of NVS.
(NVS ([J:az~ds), NVS with Reversed TAE (< :a,~d,), NVS with
Compressed TAE (/. :age~dsc ), NVS with Stretched TAE (& :ag5~dss) and
NV'S with Stretched and Compressed TAE (B :asgc-~dssc))
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Effects of age-related hearing loss on speech pitch pattem discrimination:

with elderly, simulated hearing impaired and young normal hearing people

FFER G (BEERAR), ARBFEIEHRIA),
SAITRED (FORRILK), AR (2R bR

& IR & AEERIESREDE TAEEOE v F/ 2 —2OHFIIZE
ABFBERDI, BWinE - ST - SEREEOEEHR
FHEDBREZIT21=.

SEERMEICIE Bk 5 o 4 E-JHEEBEFEALE REERE
WORLD R—ZDEEE—T 1 I LHHEHEE S X7 L WHIS [2&
STHERL L=

*EEE - BEEREROC v F 2 — LRI LRIT, #EEE
HEHCIEERATE RN EABELMN T2

[ EH Il WH I NH ]

L

HL>25 normal  HL>25 normal  HL>25 normal
Hearing Level

Fig. 1: Speech discrimination thresholds for each participant group (EH:
elderly, WH: simulated hearing loss, NH: young healthy hearing).
Each group is divided into normal hearing (normal) and mild hearing loss
(HL = 25) corresponding to hearing level of EH listeners.
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(104) $53H 3HB19H (k) HE4z5 3-4-9 ~ 3-4-12
3-4-9 3-4-10
3-4-9 BEEDARMLEHDFHIC 34-10 KEFEOEFRMAILD

ENEHEASZH5E:
S RIS B FREE SR ARG

Effects of age-related hearing loss on the discrimination of spectral envelope
in voices: Investigation by elderly listeners, simulated hearing-impaired
listeners, and young normal-hearing listeners

ARBEFEEERER, AR EEREX),
SARAREIIULR), LFHEEIEHER R
& DNERI S B OFRMEEEEDIETHEE DAY FILEHEOFHFIIC
52 55808%, SivE, BEMEE SEREEENRICEFAIRM
EAETHCETHELE
¢4 F—SHEE2 DFFEL 5 HAEL, WORLD R—ADEFE—T «
LT THREEERE L. T0%, 1REEEIES 2 7L WHIS TAUEL Y-
¢ EREHOAIEEA OB L UBRBICKENWI LARSI- Sib
BROANY Va2 —OFRFIFEERE FEEAOHTIE
SBATERLI LA Mot
100

Pl

Group
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= o

Difference Limen [%)]
[ov]
o

Fig. 1: A boxplot of voice discrimination thresholds for participant groups
(EH: elderly, WH: simulated hearing impaired by WHIS, NH: young normal
hearing).
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Speech intelligibility prediction for hearing-impaired listeners
using auditory envelope information and speech foundation models

OWFRE, Bl (b1 —T—T )
& KT  SEEARETILERVVEEETREQFTAETIL (SFMs)
> ) I77 LURESELEL LIGL nondintrusive 73 EHEHEAE
> SR EEOTREOTRD A (CPC2) TN FHkRE
> S HEEOBEEET— 21 T3 L0
— R & ANEEERE L HFHEEH LT+
@ 12EFL | SFMs [CHEEBHIRMERADIERT TSRS 280
> Bl : BE D 1A HRIESERE AR T 1 L2V
> 5[ BEED LAY HREEERE
@55 - CPC2 OT—A+t v FERLVE=EHE (15 317)
» T2ty F2AETTFARRE (RMSE) A EEICHED (p<.05)
> IRIBEHETEERA SFMs DT AMIEZSETEH I LETRLE

(a) ) (b} .
Speech Audiogram Speech Audiogram

x 8) (1 x 8)
SFM

Features

x 384)

B4

SFM
Features

Auditory Ligtenes
Features | | Features

{1 x 384) (L x 384

Features
((L+1) = 384)

Speech Intelligibility

Speech Intelligibility

Figure 1: Overall structure of the conventional model (a) and our proposed model (b).

st EE DHEEFME R Y RE

Improvement of word comprehension in patients
with age-related hearing loss by emphasis of initial consonants

wERFH (hRX), EERT (hRXARR), BEET GBEX),
A GRRIZEX), AMFHE WOHK FHER (PRX)

QAL DHIESBICERAIA TV ASERAOIEMIE s
ET LBt omMEmYRLEE->TLSA, +oihE
/o TV, £2T, £BEFEIEE L. HMEMYSEET o1

SIHEERSL 4 mora MBEET, AWFEICH LEEEE MHiEs4
), BNE MBS (ST HREEN), AT LHREETS
EEAE k) OMIAMIEL, BNIES SEHBATEREK
UEBEFEORAEEDIHERE—HMSRTLT, EEEF
S L 1=,

®Fig1 [THAEFEF ATV OBFELAILOEMELTHY,
Fig.2 IR B+ ABETFEOEEEHAE2TH LT, EE
ZHRLE L, HI2, SEHOEAMVETS 2S5 SEERLIROL
BOWBRBITIIHRENH DS L FBHLMIZ LT,

ES
%‘g 32 \ndeasad
§m 20
Eg 10
) 0 Before High mrﬂw*
- emphasis  emphasis
0 Time me 600 Way of voice processing
Fig.1 : Time trend of sound pressure level. Fig.2 : Number of correct answers
for "Kanmatsu".
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3-4-12  —IMEHEEENTRE T TOREIRIERS
LTWHEFIZEIT HiREt
—HURb=DTANENRDYI2ED
RBERNT—

An investigation into how individuals with unilateral hearing loss adapt to
hearing in reverberant environments: Using stimuli processed by a
gammatone filter bank

Oitfiith, FHET(EER-ET)

SHANTHETISIT>TELEEICLY, 1) —RIMHEETIIFIC

FOREER, BECIYERNEEENLIL, 2) BETTO
BEHRIZ[LREISEG LTV Z EANRMER .

& —AIMEEEE (UHL)- TOREEEOESE (MNH)-EEE (BNH)
ERRIC, EEBREOBESRIZHUT b= T4 VRNV Y EER
LERRICE >~ TXETREZANEL, ROBREEHF (Fig. 1).
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DEENRENEEINSOEFF Fig 1 Raincloud plots for the speech reception
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3-7-1 ~ 3-7-4 £30 3A19H (k) HE7a8  (105)
3-7-1 3-1-2
3-7-1 3-7-2 [BERER AL ID ML —=2 Y BiffE

ST DEERHEVIKFE 2024

Survey on the practical status of acoustic analysis
by speech therapistes 2024

OMARFIREEX), EARESE (LX), FHET(EEX),
REZPF(EREMEULR), ABAEF FE5E AFNLROLEXR),
HAFA(FEIXR), TE— (FEREX)

& SEEETOBEIETE SEENERET RENRIEFLH

BTHD. COMERITERELTLLELY,

& 2021 £ Y, BESEBEETHROFES STOLOOBEE
BifE L TE -, BEE T, ETE S EEOEEMTOEROT
R A ZAE, HIBR L TET:,

® TORR BRTOEESHOBRKE, 2021 FiliE,I o 3FRTE
{ELT=-DfZ55h, 2024 FEERBODT L /7— MEREHRSET 5.

& [HEE BEEEECORSIMEA . BEROEE LELITOFEN
5, BESHMEBHNT A LICk-T, TEAHEHESDENECS
TEWSFNIZAE->TETS,

&y, 270y b, RAR—E T UL BEENEZ-, a0t
HOEHFORE S TEANESH, SBRICPURLLEoT. Th
LRILRSAEERIZEHEE L TLAOME L,

& 3T, 2 TERROEESORE] A TEbh &3 2 &l
TLinE Lhgly, L LS, B CREBRICRIAT LIz
M ITDOVWTEET HEMMERTE TS L SITREL S,

* 5&lE ChoOFEHHES &1, BRARELAZERLTLT
hEEEZTNS,

3-7-3

3-7-3  HABEOEREHET 7V T2 OMREO3
-USEN HBENRE LET 7Y &~ 2 Y ORFT-

Development of an application for evaluating the sound

environment of restaurants -Part 3.
OLHFHE, AGE#ERIITIRN),
b Eeth, AMATEIE(USEN), Al —0H I8
HAREYVEL

EREEMET B7-0ICl3, BORMECIREE £ BB
THILLEETHILE

ATWA, BERCIZZEMT YA F—%1HE LT
MRS L, SEIE &
AR E LT AU r—a

Hili&AT > 7= DTEDFRERR T B,
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(FRREEE - BT — M a0
RGBS

Fig. $1alld USEN #XSttoit84HRe L TERBOBHEITOK
ERETEO BB E SUE L 72(F3IE USEN 3 LW R 2 2F)

BERZMEOREE

Relationship between training performance of Technical Listening Training
and Moise Sensitivity

O£FFHE (WHRNITHA), FTERCMAER, £RFFEGRIITHR)

& [ERERAL &lE. BRI ARBTERT SAMITRBELEORE
SITEER®, BERBIET DNEESEINDEATHD.

SFEHLIFHA T « THEH 2 FEEHRET HEEEEANT, "0

MEsRERAL) Bll% 40 ARREOFEICH LEELTLS (Fig1).

& HISEORRICIIARETBEAZAFES HH TOZRECDOLVTIIHRE
ShTHELTEICHT B8RS 1 DOERLHEESLD.

2022 FEE 2023 FEIZENTAAFRI SO > THRERRL b L—=
LTEEEL. RECEITHT SRUERS & L TESREIE LRI
HE L THEOERER-OTEOREREHRET 5.

EIEHR - RRHR

e Rl=ry=ry=r

1] F=F 4
ERE X RE-d D)
Fig.1 Image of Technical Listening Training class using “Shinji-online”

system
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Workshop on sound environment adjustment
considering sensory characteristics

*REUki, LEHESTBRAR), ABBRE(ERX)
S HEME (D) EOFRETEICAET B - Bk - HEOBEFRSED
Z<{EMTHBHR LD EZ=XRRITHENT, FEHECEE LSRG
EEICRET AT—o 3w T (UT, WS) #FEELT-,
SWSHIHIZ, BELAIL, TAOEE EFLRE BEEEtOSH
t (HIZEFARY S LEOEEOIFERY), Bty EiRig
BOFEOFABHIZDONT, SZLI9Fv— 209 #fTo1=
QWS #EH(E, 3TIN—TIzHhvh, /I TE =2 COREHER
OFER, BYERTRELBIRRRERMEEDAEEE (Fig1), AIH7F
Y2k BEELALDRED 3 FERT—4 (25 43) Ei7ot=.
2 HMTEHEE (1 B4 @) F=EL, &EHI2048, S5 155 80
Lz, ShEORBAENS, WS %58 L TR i S RE
h, BEREOEAD—BETHIENTELILI AT,

Fig.1: Spatial settings of sound environment adjustment in the workshop
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3-7-5 ~ 3-8-3

3-71-5

3-7-5 BELEEORIRLIZEITS
3D F)A—EnRyh7—LDIEAIZOLT
Using a three-D printer and a robot arm for visualization of speech and acoustics

ORIRZ4C (FIFLXR), MRE— CUmEERX), LFhEh (FER)
KETHE AT K, KEEHETF (HRRIX)

€30 J)a—LoRy hF—LEBALECLIZEY, BE-BE
H EFERICEET ARAUERRAERE LG THERT 5 LAE
BITE-TNVG, STl TOERPIOEOMERIT L=

& ChS[CAW-TRY S LOEEERE GitHub TARLTLAOT
FIAL, 24— kv EHRELLIZLY,

Umbrella concept: RHAPSODEE
== =)

-

i

Fig.1:3D-printed acoustic components and underlying concept of
measurement and visualization (top left: acoustic field measurement, top
right: head model for binaural recording and open ear headphone, bottom
left: vocal tract model and measurement, and acoustic lens, bottom right:
underlying concept of measurement and visualization.)
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3-8-2 EHRER AN A YRR
ANJLREZRYY VG
Health monitoring using surface acoustic wave biosensor
Oififi Z(MEAX ), ABRE, ABEZRIGERBA-ELE, tst-bio)
SHEEREE (SAW) T/AA AL, RY—F I+ 2B EDT 1)LE -
TaTL o4& LTRELSICRAMY Z ARG
¢ TEBRREHET 5 SAW (3, RE LOYIEEMNE (T LFHZEL
(2R Y EOACHEERCIRIBN LT 5. ChoDE(ERFEHTHE
T HIEATE D, TR EAEARE T HI5E, HEESEEREK
(SH-SAW) &mFIFhBE— FEFIALAITIIER L
4 SH-SAW + Y OEZRLISAO—DFFERIGCRERCERHT
LA AN THE.
@ E1(X31EEDD LATO—)LE SHSAW 4 2ANTRE L=
HERTHS ORROFREEZADHE, ALATO—IGTFHAX

HEHIERIREE 5.
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Fig.1:Measurement results of three kinds of cholesterols.
PES: phosphate buffer solution, BSA: bovine serum albumin
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Invitation to MEMS
Their Surprising Technology and Expanding Application

OMEhFH (LA T)
MEMS (Micro Electro Mechanical Systems) [ZDLVT2{K{§% 30 4T
ELTHLWLEWLSIHFL MERSY ] ITHLT, E53T_EEZT
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FRICILTEIC7T 7t RT 5100 QR a— KAl 24 ., BlShTn
b, TOEFLEDY) Vo %IEX ORR FTHDHY. 1 DOEHEE 140
FLIROEL X T SN A0 T, S-&MEEEDLERS,
AEEET 532 a—<—[IT MEMS h5, DESHINGEDESE
1+ MEMS £ THA FEE0 MEMS BShH 50, COEHETIIHIE
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Developments and prospects of atomic clock using acoustic wave devices
OR H5(INESHRZHH
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3-8-4
3-8-4  BAW HIRF - 1L 2D RHAREAE
-ERIREE~DIRET-
Latest trends in BAW resonators and filters for high-frequency operation
OFARHR (LLIFLK)

FER CILRIEHGREREICAT= BAW #iRF - 74 L2 DEREK
{EISxs HIRE LA TR TORET (7731 RSO %463
N9 HEEBIT, LUK THFEPOME5ER SIAN/AIN £ EiE BAW
RFIDLNTHET 5. Al AN [EE& N &t SIAN [R432EHTE
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TIIBRE— FHIREHR LTz, - AN HERL YRESEEEHO
GHz BMEZERMINLT 5 2 RE— FIHIRDHBRER SIAN/AIN iZ SMR DRZRL
23 HZN L(Fig.1), FEM 3T TRRE LI-BRIEIZ & 57731 R
RESEERIRRICSEEL, SERIREED BAW HRFOERREENFIZ
BHTHHI EEBHLMLT=,

Polarization inverted SIAIN/AIN film SMR. :

— Exp. Theo.
AlN film SMR:
—— Exp. ---- Theo.

—— Transmission in acoustic Bragg mirror
0

-
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Log [Y] [$]

& &
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[gp] uoissiwsel |

" L n L 1 n " _60
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Fig.1 Admittance frequency characteristics in two-layer polarization
inverted SiAIN/AIN film and single-layer AIN film SMRs.

3-8-6
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D EFERET
Basic study of bolt-clamped Langevin type transducer for 40 kHz
with 4 mm square emitting surface

FIFERES, = K ERESR(AXR-EI)

@ REETIE, EhEHERT BT EOEERUT LG5 4 mm AORK
§EEAT 5 40 kHz FRIL MM S o 2 2\ URIRRFOVRRET
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Fig. 1 Schematic of bolt-clamped Langevin type transducer
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Recent Progeress in Eenergy Havesting for Society 5.0
OlLEESr, AFRBAR(AIR-I)

O it ORGP R NI — 220l E | BRSNS
HEE0 Al fRHTIZ L0 8 VathEs Society 5.0 DFEFE BT EOHA
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AT RN I EES 5,

¢ ZZCGEFIFREZEH TV 30N, BHPOFHET 2T RL¥—FD
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AN T AR SR L R OB AR 5, Bk,
S RO L TROGN AR BEL T3,

IWireless sensor networks for Society 5.0 |

ure monitoring

Fig. | Schematic image of Society 5.0 with winckess sensor networks.
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Development of a wideband ultrasonic sound source
using a multilayered ultrasonic actuator
-A study on vibration characteristics of aluminum film-

KRR, ERIEA, = R(BAX-ED
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BLEEEY, ZhBEREFv—FRE LTHRIRS A 1=0IhHE
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OIRENFEICDOLT, BIRERELTALV BTSRRI ET 1=,
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e ~ Adhesion l\_]/

Fig. 1 Wideband ultrasonic sound source.
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BB R SRR
Basic study on the effect of driving time on the characteristics of airbome
ultrasonic sound sources

*iEER, EREE =i A(BXREI)

¢ LUERETIE BEEETORRICAT, Ba20BEREROMEIZ
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o : Measurement

Fig. 1 Measurement method
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Ultrasonic levitation of small object in air at beyond 100 kHz
wi8AR TEF, T1E A5, PHEAMERRERE)

& ERTEERBERIC & SRUIMIECTIRDRSA T h E THasEt
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& RBETIHETRRARBE FRMEORE SOMRERRLT, 100
kHz Z B2 DA TOREERA-.

@ SLREREAEL 10 kHz DRIV MDD\ ARBIFERRE—
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* Driving frequency (kHz] | Fig.2: Levitation at 158 kHz.
Fig.1: Relationship between
driving frequency and droplet size.
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ERLI-TEDHEAERIE
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Vibration measurement of tools fabricated by metal 3D printer
—Topology optimization of large ultrasonic tools (7)—
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Fig.1: Phatograph of the base and Fig.2: Photograph of (A-1)(B-1)
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HERZED-HD
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Receiving MHz-ultrasounds in water,
Carbon-based transducer for receiving ultrasound and its characteristics (2)
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TEREREBLT LN TEDILEBHENTH D,

& ChET, h—RUANBEREETEDN - Z LIHFLEAEGD S
=A%, BERICEV TSRS —R VB FS VR Ta—HE
EEL, BM10kHz OEDEFTENHERMRETH L LERLI-,

SFFETIE, COHEIZLYKPTO MHz BERBEROZELZH
=,

& HE L1-(ES ORI ZIZEERE <G L1-E— 2 AR o4, KpiEE
RERETHILNTE,

y = Distance=2.5 mm

Ultrasonic Transmitter E 30
{(Center Frequency 5 MHz) @

e 2o
' 3.

=%

-60

Fig. 1 Experimental setup for receiving oo 0s 1.%“1;.[5“5)2.0 woe

MHz ultrasonic signals in water.
Fig. 2 Received ultrasonic signal
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3-8-12

3-8-12 BERIRB & RB TR
B]Z ND 7 1 )L 3 OERERET

Basic study of the variable ND filter
using ultrasonic vibration and liquid crystal

FokEFRRIL |, RIRAR |, ATTARERMEC, /MUK (1 BB 2 85X

M*&?ﬁw—‘rg ND 741 L% Eﬁﬁﬁ Lf-=

& BERIEENNEF IEHE 2 AHMEL WFig. 1(a)ht, BERENIZE-T
ElfgrpREIHEAS < Lot (Fig. 1(b)).

@ND 74 LRICENINT 2EEAKRENTE, EHROTEEHTEML
1= (Fig. 1(c)).

TN EoF LR o6 L GRS IR ERIRT 52 & T, &S
FEEEERIREARIZEND T4 L2 & LTEHEL .. S XFHED

WERUE - (B EA R TE S
(a) (c)

50

40 ®
0 L

®
20

(b)

Brightness [arb.]

0 1 1 1
0 5 10 15 20

Voltage [V,.]
Fig.1: Photographs through the LC ND filter (a) without and (b) with

ultrasound excitation. (c) Relationship between input voltage and
brightness level in photographs.

3-P-1

3-P-1 REEZERSET IL Mamba [ZE < end—to-
end —a1—JIEEEFAT5AE— 3>
End-to-end neural speaker diarization using state space model Mamba

OfRIESL, Plaguet Alexis, T/)LYOF -w—4, IEOHLK, REEE,
FAREF (NTT)

¢ REEFETINDO=2—F L3y FT—SHEETHSMamba L
fzendtoend Za—JIEEF A T34 E— 3 VU ATLERSE

®IEEEL EEND £V A T—23ETIL (Fig. (8)) DTIa—HIZ
Mamba (Fig. (b)) ZBL\AZET, KYRVDILTHR FEEEAEE

S EHOBESHIESET—4 £y b T, #E%ED long short-time memory
(LSTM) 7 FToia VZES{(FEiLYLBIMEREEERM

Local segmentation (T'x5) (T'%256)
L
[

T T Flip time
Activation Qmenson
Linaar B
Lingar+RelU
Flip ima
Decoder
BiMamba or BILSTM

Feature extractor
retrained WavLM|

Decoder
e s o ] (BiMamba-based)
Audio chunk (T=1) Features

Fig.(a) Architecture of local segmentatnon Fig.(b) Proposed Mamba-based decoder

Table: Performance comparison with Diarization error rate (DER)

Macro average DER. [%5]
System
In-domain Out-domain
LSTM 16.7 179
Attention 18.2 249
Mamba (proposed) 16.2 16.7

3-8-13

3-8-13 BEEIREIA C2C12 MARAD
BRRICEZASEE
Effect of ultrasonic vibration on C2C12 cell growth
HWNIERSE, QMUK (REHKR-BI), AZBEE(FX-Ed)

& BEERS ST Hiliss sk s LT, BT RIRBZMALV:
HRRIE IR C DUVTHRET LT

S IETHRE T OMIR EERIRERIEE 5 A 5 C EHRIRETE TR
RatEsET « v 2 EFELT: (Fig. 1(a).

& 71 v LA BAEICEEERIMERE S, MRS HE I UMEEEA
THIEICL VEBERNMIARNRIC 5 A S5/ 8 ETHE L 1=

@ C2C12 A% 5T « v alTHEfE L TH S 4B BRIBE IR 25
Z. 48 BfElEIZ5 8 BRI T EREE L7

S ARFHEFATIE BERRN C2C12 ORI A 2B
HIIFEERTE LA oz (Fig. 1(b). 51 BERRHZESAL24 3
T ERERT ARELNSHD.

m30Vpp m Control

Fig. 1(a) Ultrasonic cell culture dish and (b) changes in the
C2C12 cell area with respect to time.

3-P-2

3-P-2 REEEBREEICE O]
HEEAATIAE—2a0 D= DT—24ER
Data generation for speaker diarization based on
speaker transition probabilities.
*HIIEE EHE ﬁ%ﬁi(%lx)

# End-o-end neural diarization Tl&, 1% [ _
ANOHE—FEEEFERSEDHILICEL
Y &R L f-EREESEICRIAT 5.

& AR TIHERT— 2 DFEELH A5
DENMEEE RS A1=012, FE5E
BAEEICR D F— R ERGEE T 5.

- =
Source data Real conversations | Uniform
(Single- talicers} [Mul!; !aliceul | distribution

Extracted wi |h1 r_rx racted with |
SC method L ou mcthc,dsl

| Probabilities |
P(B|A)_P(AIA)
PICIAY

Utterances list

1T

o s, 3 apgmEmcsce 1 T Vg
REBEAB ST S54TH12R SC HAOEE ¥ G qg}b,
BBRENERIFITS 57— 5 b : “hcio

ntn o Il spre et
spk

IZHAFT 5T &I128H EEND DIEEEE

A =R Sh AR - Fig.1: overview of determining
speakers with probabilities

Table 1: DERs (%) evaluated on the CALLHOME 4-speaker scenario

Speaker transition Miss False Conf. DER

SC [baseling] 82| 72| 178 332
AMI 85/ T7B| 164 324
AMI + CALLHOME 2 87| 64| 189 340
AMI + DIHARD 3 92| 70| 175 337
CALLHOME 2 + DIHARD 3 88| 63| 175 327
AMI + CALLHOME 2 + DIHARD 3 . 90| 74| 161 324
CALLHOME 1 (oracle) 77| 82| 176 335
Uniform 83| 70| 170 323
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3-P-3 ~ 3-P-6

3-P-3

3-P-3 DNN EE5&#H70V I URE
#HAHEH 1= End-to-end =2 —3JL
FAT7ZAE—2a 0 ETIVORKRIE
A verification of combining DNN-based speech enhancement front-end
with end-to-end neural diarization model

FrIIOFESE (FRILK), FRERL(NTT), {£885%E (NTT), 1EBSOH (FPILK)

SEFEFAT M= 3 Ud, EEGEEORIEEFN LREEEDFHE
EEEHET 52 RY.

SHRECHE 22 ( SUEHRETOER CIIFEEAET.

@®DNN [ZEDS(EFEER70Y FIY FIZk 24T - BERETYA
T 54— 3 VORESEIEEIh 5.

@ KEITIE BIFEOFEEF AT/ E—1 3 v AT AIZERSHZ
OV hIvREEA

@ TILF FAL VERSHEEESA R IEAL, Figure 1M A~D §
TTEEART - EOBMEEHER

FI:ETE;

™ 3
EHEEEND-VC‘OS?_:ER“—’S
TIF A Al - o
] e | || T5- L/DOVER
'?;;f Initial diarization r,, VAD D -Lap
() H |
1

| Refinement 1
Figure 1: A iew of the prop iarization system
Table 1: DER using EEND-VC iniial diarization with Table 2: DER using TS-VAD refinement with speech
speech enhancement enhancement
Speech enhancement on Spesech enhancement on
Initial dianzation DER (%) Refinement DER (%)
Evaluation (4) Training (B) jon (C) Training (D)
177 154
+ 180 v 152
< < 176 V' b 151

3-P-5

3-P-5 Towards Effective Spoofing Detection in
Non-Native English Speech:
Indonesian and Thai Case Study
¥ Aulia Adila, Candy Olivia Mawalim, Masashi Unoki (JAIST)

®Aim: Investigate the development of spoofing countermeasures
(CMs) for non-native English, focusing on Indonesian and Thai.

#Problem: Current CMs face challenges detecting spoof speech
due to non-native pronunciations, compounded by a lack of
tailored datasets for these contexts.

# Solution: Developed a comprehensive dataset with English
native and Indonesian-Thai non-native speech and constructed
two types of CMs—Native CM and Combined CM—using
common features and classic machine learning classifiers.

#Evaluation: Assessed CMs on native and non-native speech
using minimum detection cost function (minDCF) and EER.

#Summary: Results reveal the limitations of Native CM in
addressing non-native speech. Incorporating non-native speech
data improved the Combined CM's detection performance,
emphasizing the need for tailored datasets.

T G ] e T

ri=k={=

Fig.1: Block diagrams of our proposed method

3-P-4

3-P-4 Challenges in Speech Spoofing
Countermeasures for
Southeast Asian Languages

© Candy Olivia Mawalim (JAIST), Kasom Galajit (NECTEC), Dessi Puji
Lestari (ITB), Win Pa Pa (UCSY), Masashi Unoki (JAIST)

4 Aim: To investigate the development of speech spoofing
countermeasures for Southeast Asia (ASEAN) languages.

# Problem: The significant challenges in speech spoofing
countermeasure development for ASEAN languages include
limited high-quality datasets, inconsistent data quality, the
emergence of sophisticated attacks, and the limited
generalizability of existing models.

4 Solution: Developing dedicated datasets, utilizing advanced
models, and continuously researching and adapting to evolving
spoofing techniques are crucial for robust speech spoofing
countermeasures for ASEAN languages.

# Evaluation: The spoof countermeasures were evaluated based
on equal error rate (EER) and accuracy.

4 Summary: Despite promising initial results, the existing datasets
exhibit limitations in terms of the diversity of spoofing methods

employed and the number of speakers represented.
Table 1: Existing Spoofing Countermeasure Datasets in ASEAN Languages

MName Year L i Spoof Type
2023, 2024 Thai s Clean, Noisy 7,784
InaSpoaf 2024 TTS,VC, Replay | Clean, Noisy [ ~ 300

VSASY 2024
UCSYSpoof| 2024 Myanmar

3-P-6

VIC, Replay, Adversarial| Clean, Moisy | 1,382
TS, VC Clean 3

R Y

3-P-6 BEENEER IS¢
ZEBEFBHN LB EEDRE

Design of deep speech watermarking optimization criteria
based on listening experiments

OFili, RE, FEERA(ZHEKRT)
S EHEE (ESRME, T 23 LEH) I2BTH/4 X
DESERZEER (DMOS 3, BARILLEEHE) #3=kL 1=
& TR E EREREHORRIE ERE L
& ZHERZEIC DMOS =AY diffz =8t L, BFEH LOK
WL LTHEATES L ETRLE
@ REEOFER, RREOBVEFSENLIERTESZ LEREAL:

Fig.1: Result of DMOS evaluation for
utterances with different noise level

Fig.2: Result of dynamic
comparative evaluation

Fig.3:Example of optimized watermark (blue: original, orange: watermark)
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3-P-7

3-P-7 KBREEBETNEISVRI—UT%
FEALERBIEF v T av Itk &£ O FFi

Collecting and Evaluating Emotion Captions
Using the Large Language Model and Crowdsourcing

Yokl FEAED, 187 IBW, T ¥—(GIMEEX)
& EEBEY v L a LI DD T2 Ik
- HFEBEX Y I3y
EREEEVTRLBEORBEXEANTENSHERT S L
- BRI LTRSSy T3 V2 AFTHETBI2E
Bl & FRIL DD
®GPT4 £9 5% FY—L U CHERMICEES v 7 3 I
- BFOBESFEa—/\RAIZBEF vy T 3 VS
— ADVEGR L=l v T a o L i LR LA EHE

Em)
Bi¥vTar
) FM1) )
BifFr7rar@Ei T
eg FHRAOTERSIC
L i a7 (R e
£ BikF v 7 arBilids
GPT4 #AL MG HOE AR
BifFr 7 oa REER
i
RENE BigER
eg SERBLLTLTS
BT~

e.g. joy, trust

Fig.1: Outline of labeling emotion captions

& ERHE LB+ T 3 VIE AN SR LBy T3

3-P-9

3-P-9 Speaking style ZEfEIZ# (1 & xIEEHEFIC
&7 L1/ S SEEIHHmN R

Classification of Paralinguistic Information Dependent
on Dialogue Partner in Speaking Style Space

whOER BEEE, Kif BE, it E8 (RRAR)

# Speaking style ZEfEIEBARRE - L = - HERRIZL > TS,
SETHEGRFBRALAIIEDET HHICALGRS.

@ KHIFR T, speaking style ZERIZHLVTHEFEF L ORBEREEESE
LEzIESHLAELMES LY ENSERIEREEMICHETELINE
SRELT=

®EERTE 20 R&MED 1 BLLE 2 BLTOBEOERZAL:

S HERBICEREENS Y, NFEREEE (5T - FE - 1868 &2
o - FEELY TRAD - RS TRAZEL) MEE - Bot TEELN) M3E -
WE) (ANE) Topir)) 9 HRCHS e

@ &Y SRR LIFEONTEEIEEIAEORESL Fig. 1 IZRT.
EDU SRR LTFETH, AEEFEREOAHEEEF IR &

3-P-8

3-P-8 Crossmodal Transformer E7 T3 EH
BECESCEERERBORE

Speech Emotion Recognition Based on Crossmodal Transformer
and Attention Weight Correction

F AN, IWARE(FEX)

& EEEEHE (SER) &, ADFEICESTENLBUEEHTT S5
ficHbd,

¢ FETIE. FEBRIONZ TERZRE (ASR) TR M oFoh
=THFA MEHEALS SER FEAEFRLL-THEY., 6l
Crossmodal Transformer Encoder #FLVT B84 HE TR M¥H
Y ORE—FIET HFEMERS NI,

& LH\L, BIEEEEICSOERIEASR TS5—h4ERT 5, ASR IS
—IZ3H0g B 182, Santoso lE Bidirectional Long Short-Tem
Memory #FALVf= SER FEIC B\ THEEFEE RS 7T 3
VEHEEEFIREL=.

& KB TIE, SER HE#c olcmLi EH 57282 Crossmodal
Transformer Encoder & 7723 3 v EMEE ZEAESHE-Fi%
ERET D,

& SEBEEEOALF T LELTLEALSRS IEMOCAP 7—
2ty FERWTERETLD, BEFEOFMEEREIL .

Table 1 SER performance of the base method and the proposed methods.

Method UA (%) | WA(%)
Singlemodal 73.4 5.7
Crossmodal (base method) | 74.7 76.9
Proposed 1 75.4 77.5
Proposed 2 75.3 7.2
Proposed 3 75.5 774

3-P-10

UHRENS L mAH I LERRALT-.
k-meansik BEEROSASUS4S GMM  DBSCAN AAZRLISASULY
BT 24.12% 21.03% 23.09% 31.52% 18.68%
HESFOWS  27.61% 28.24% 28.38%  32.39% 24.13%
BEA 25.44% 27.19% 27.19%  35.45% 22.81%
E#B 32.69% 36.54% 34.62%  34.09% 30.77%
EEC 29.21% 29.21% 31.46% 28.75% 24.72%
B#HD 29.59% 26.53% 24.49% 23.71% 25.51%
=213 25.55% 26.28% 24.09% 36.30% 20.44%
BEF 23.16% 23.68% 28.42%  36.02% 20.53%

Fig.1:Comparison of Clustering Results for Paralinguistic Information

3-P-10 i#BhiEHRE R CRET HAANEEFRE
[I2&115H hRBH XD LK

Comparison of Output Formats for Japanese Speech Recognition with
Augiliary Information

FoMERRK, BIHEG(TFEIXR
& FENERE R T ARORELH HFRFERRI DL TORE
HENMERIC(E T« 5—F, BLEL:D, BEE: | Tt
SEEFETE REXFLEF (EFF £ 0 UIEA
> MR ERTER b=V E LT T4 512 (F, BEEIZ(,
EWVELIZ O ZH45 @ h—2 VA
< FIEROD THENEHRE £ 51 OEBIHHE
& Bk h—0 VERICEE (ORL b—2 LATEAR)
B2 ) FT—)DF3)Fa 9 n
SREFETEHINTIFOH (FHEW) %+ b—0 UIEA
> HENEROBIEAEAL LT, 7 53—+, BEEEAICH, EUVE
LIZ+D %15 (&& b—2 AR
& MR TIIEVESTEICH LTHO h—2 v L LTEHET
AT &htaTRE
< {5 : 9+l L4l THF —F F3+D F3 TN
S RRFENT A TOHMBNERI =6 L THELVEREZERL (Table.1)
Table.1 experimental results

“HRERTRRL | T HFIE REG

M ERM FLEL | S MEE FL#M

T4 7— | B F—Z WA | 8251 7833 8036 | 8176 S1.26 8151
WE b= UhR 8108 7765 79.33 | 83.19 8092 8204

HhE [ BSrr—Z >WiMAX | 8648 8771 B7.00 | 86.15 8612 86.14
WE b= R 86.85 8592 86,30 | 87.67 86.66 87.16

BV L | BOE F—Z ~WilAR | 4106 37.01 3803 | 4111 37.14  39.02
WE b —2 HR 4049 3617  38.20 | 4272 36.97  30.64
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3-P-11 ~ 3-P-14

3-P-11

3-P-11 HuBERT MO ¥ fEEAFHELZ ALV
TBRRERBAS T DOFE

Prediction of Backchannel Timing Using
HuBERT Intermediate Layer Features

*HEARS BHERERR), XBRE (FHEER), LESEEEEHER)
S EHIRTIE MEEFEANE LTHEOE/RA 1 S 05 %F8T5
FREEETIVERET S
SHEEOFETIISEMFEODEL SN TV IEEFETEER
ARSI AZER L THEIBOER A 4 S VF 2 FiIT 5.
S ERRED SBEMFMIOMEESFZ HUBERT ICAAL, #Bohd
HYEFFAOTLSTM L 2EARN LA TFRETILERET 2.
@ ANBFEEAC HUBERT Oohfaf@AAS R = & HFELLEA{TS
2 BREOANEET HUBERT O 11 BEOHEE %ER u:%a%,
Fi&8o S%EEE,E L. ﬁﬂ&%ﬁ%k% < J:lEI o=

82
Bl |

Wl
2 %$B+B "
e

74 | | —— Median F-score |
* Mean F-score

] |

30 2 3 45 6 7 8 9 101112 13

Intermediate layer number

Fig.1:Comparison of F-score with HUBERT intermediate layers
using 5-fold cross-validation

3-P-13

3-P-13 FEA—N—SvTEENLDISEEI
mIT-B2HEMHYFEEETIILORET

Self-supervised leaming model for feature extraction from speaker
overlapped speech

FORFHT, PRGN, EE BMEARE, REERAR-1ERED)

&0F, EEICETAHALA XS T SSL ETIUEEENRALLNhS
A BFRD SSL EFILCIEEFEA—\—5 v TEEOHME 5 %<
RS EMTELGLY,

& KR T, FEF——S5 v JEENSOEEHRBICHITT, 58
F—1\—5 v TEEOHEEHEEE L ORHEER S L TR
122 TLV% SSL ETILTH S Add-HUBERT %1259 5, Fhiiz
T. Add-HUBERT ETIUIZ&HHEEMN 55FE Z L O EE & 0t
9% Sep-HUBERT #12%E7 5.

@ Add-HUBERT & Sep-HUuBERT ZRWTEEF—/ —S5 v TEE
NEEETOIE A, RENBTHLERERSTELLOO, FEFEE
ERERIETELLTLES LV SRS N,

i ! T—p—
t‘><mml .\_\_\\H“/ feature.
o Lo
ST t ] mr |
g ==
AddHuBERT | L. N ' 0’]‘: [ o !
¥ wagion e

Fig.1:Model structure of Add-HUBERT. Fig.2:Model structure of Sep-HUBERT.

3-P-12

Eﬁ@ﬁﬁu :E:Eﬁnﬁ:l_f\xl J:é
Voice Activity Projection M TERELLER

Tumn-taking prediction model model Performance comparison of Voice
Activity Projection with multiple Japanese spoken dialogue corpus.

OTEMER(FEIX) | BEIHN(FEIA/BREEX)
& HEHOBAREI—/ R TEE L1= Voice Activity Projection EF/LIZ&
BR—TA X T FAIEREDLE
S6IEEO—/ RETITNEE T4, FHET—2I<HT, #HE
HEEEX TEHE
@ EHEIZIE, 24— ARFNROD 2 75 AEERIROT-IEREDTFY
T#5 balanced Accuracy ZFL V=
SEBROFER A—2TAXUTFRUTH STV TH—ILEN
ST-£EORADBNZ LB REN Ehthh ol
> ATATIVIGHEER— T4 T THEVERLHY ., T4+—
T IVIESEEIE A — T A F T h L MER
S T—ARDORESHRED T+ —<IEHREI—/ A TEELI-E
FILHTEMICEL EHEEE R L=
> FT—ARHBRLAEVNI—/ A TEE LE=ETILOFHEEAYEL
DIEN T2 TPIVEHETHH Z L SHEETERATH ==

CEIC UUDB PASD CS] RWCP W average
CEIC  723(0.35) 73.3(0. ?n\ TRO(0.40) 846 (0.50) T88(0.30) 824 (025) 782
UUDB  57.2 (0.45) 80 5) 553 (0.50) T41(0.35) 555 (0.50) 5L.1(040)  62.2
PASD  59.8 (0.40) 809 (0.30) 70.7 (0.40) 87.5(0.50) 73.2(0.55) 733
sl 58.3 (0.45) 66,0 (0.65) rI)[J (0. a[],u h‘if}nl 55) \I H[] 40) 749
RWCP  57.6 (0.40) 4. 724 (0.25) 826 (0. 75.3
w 545 (0.20)  84.4(0.80) 80.6(0.15) 80.4 (0.5 87. 15) 795
Multi 723 (0.35) 90.0 (0.55) 789 (0.50) 90.3 |[1 ,[1\ Ji 5 |1| 2] 88.3 (0. im 8.5
-P- T - P - 2=
3-P-14 1 L OEBESITH AR SEHIHD
R EERERIC R HIREL
Evaluation of Controlling Spoken Response Based on Intimacy with User
through Dialogue Experiments

ONIFEsHR, FREAIRIEX), FHEBIRNTT), SR (RIEX)
® ChET HRE5A 0N -BRLAOSEICG C-RESHF £ T
ELERFEEEFENFEEREL:. FARTIE COFEEFAL
FEEMEVATLERET HI LT BRMISRLAEELLSED
EELERIHOMMREFTERRI L YREEL =
& HEHE 3 BREHTLY, LITO 3 SHHREEHEIL=.
Casual 5t - BISH LABDEFE THEE
Polite §&f : HIZH LAMEDOEE THEE
Proposed &t - BLAHEN B LABOERITEL S THE
¢ 558 —EIOEET Proposed Fffhih 2 & EBHRaT &R
Y, BfERICHLAZEEE S HERLERIHOEMENTREh =

Casual
5.01 501
73 Polite

Ez23 Proposed

B

20

AT

%
.
%
.

| | U 1
Dayl Day2 Dav3 Dayl Day2 Day3

Satisfaction ( 1) Cognitive Demand ( | )
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3-P-15

3-P-15 KEFI—/\RIZEFEFNHIEVEEHERTS
call BLUBRREFD KIREBFIFEEETIL
[C&BHESEHEIL

Transcribing calls and inhalation sounds that constitute laughter in
conversational corpora using a large-scale pretrained model

Of K (FHENR

& EVESHETIE call B & VRS E ORISR E SXLHFBES
A, CHhERBLTVWRa—NRREFELEL, 7/ 57—Y3Y
[FEOHTRERFNELELT S0, EVWET—2t v MEK
DEHIZIZEBMT/ T—avhEEnD,

®wav2vec 2.0 [CHRDEFENENSO phone (call BLUBRES)
FIDBHETILEWELS -,

SCTC OB HEROBRILEHR T H D=0, HRBLERET 51
OO 2 BRAD B EERI L.

SREFZOFEDI:-H., EREBEERLEODTSAAVE
phone MEI—1EIZHEE LEWSETROLFEEEE LS,

165 BTHO00 BTA000 {1 944 B8 TEI000
o.nesf
o I,
*
08752,

1290 Mz 500 Hz
e g T s
o ~ T 1 [T He
e CO4IL_FMT 0165879 0166753 el
W [ [ m] e,

3 by bu lu-] h I o
I 0ATI480 DET4000 0124540

Fig.1:Example of automatic callfinhalation sounds of laughter.

3-P-17

3-P-17 KRB MEEETIVERLV:
FDOREFE DA

Identification of Cattle Vocalizations Using Large-Scale Pre-trained Models

*HEREE, AFENHERLAE
ANBFEN, AR AKRTE (BMRERESHTE)
ABBESR(ERAH

¢ FOREEREHEHOT -0, FOBREREL4ENICE L LHSHESHGIR
WEEEAT AFEFIRRET S

& VT4 THEBIFT S 26012, AEOETEE Sh - GRESEREE
ETNEAFOBEEISER L THEE LMY 5. S5ICHiEEET
JUZHL, SOBSELEESIVCUE 8BS LyALIZES
1L E)EFL V= Fine-Tuning 217Uy, SRHEEOR L#E5.

@ Fine-Tuning /7L, ETILORBE T L-SEEEFBLTSYMIZ
& UHBRIZT-I-45R% Figl ITRY. BAFEETILVEANDIET
EULBEESTLVAAS Fine-Tuning [2& Y 2@ T 2-5%MFaREE R _EAER
Hinh, 1 BETE 100%OMEZER L= RICHRESO PCA &
Fig2 IZRY. E2N0EREES LS OB EEOREOENEERA A TS
Y, Fine-Tuning IZ& > THDIHER LIREE LOEVEET)LAYEL]
[FBUILOEEEA DS,
| -

HinmeEE | 2

- | ==

: ‘.’w.__',--"r

Fig. 1 Identification Results Using Fine-Tuning model Fig. 2 PCA Plot of Extracted Featuress

3-P-16

3-P-16  BEARERKERU/N\AFA MR
[CEIT5EERRETAOAMNE

The effectiveness of utilizing acoustic features in
video moment refrieval and highlight detection.

KSHEIK', ATRA—? i, FREE (LX-H) CUNEYT—)

¢ BEREEERRU N 54 Ma &1
BEARERRE D B S EEY SREXEE
NS4 MEHE T RN EOBSEEESEE T L— LRI THA
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A study on differences in acoustic features affecting conversion quality Comparison of Alignment Methods in Sequence-to-Sequence Voice
among DNN-based voice conversion methods Conversion.
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Fig. 1 Relationship between fundamental frequency
difference of before-conversion and cepstral distance
of after-conversion in StarGANWZ-VC

Fig. 2 Relationship between fundamental frequency
difference of before-comversion and cepstral distance
of after-conversion in RVC.
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Fig. 3 Relationship between cepstral distance of
before-conversion and that of after-conversion in

Fig. 4 Relationship between cepstral distance of
before-conversion and that of after-conversion in
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Speech impression conversion using FaderNet based on emotional
dimensional representation
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The Evaluation of the Importance of Acoustic Feature Encoders

in Speech Synthesis
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Speech synthesis for a person with dysarthria
using combinations with consonants of physically unimpaired speaker
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Fig.1 Overview of the proposed method

3-P-25

3-P-25 BRAEDHLEARRICLDERAZICE TS

BEREHOI

An effect of dental edges to the speech production
— Analysis of vowel features —
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The relationship between positive emotional impressions of voice and
acoustic features
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On glottal model parameter estimation based on the TV-CAR speech
analysis
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Evaluation of the versatility of speech-text alignment based on
variational autoencoder
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Fig 1: Results of LoRA model adaptation.
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Fig 2: Alignent result using the subword-based input.
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Pronunciation Training Using Model Speech
Synthesized with Individual Leamers’ Own Voice Quality
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An investigation of the differences of speaker similarity by
the listener's native lang in listening native/non-native language
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Fig. 3 English comparison results Fig. 6 Spectrograms of English speakers
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A study on evaluation of naturalness by singing synthetic sounds removing
fine fluctuation of fundamental frequency in singing voice.
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Investigating Factors Related to the Naturalness of
Synthesized Unison Singing
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(a) L56 £ 0.15
(b) v ** 304+ 001
(e} v ** 380 + 0.01
(d) v 166 £ 0.16
(=) o -‘ * 410 £ 0L
() ' ¥ * A 0l
(2) % I * 406 + 011
(h) v v v * 4.4 £ 0.11

Table1 Naturalness mean opinion score (MOS) results by applying
fluctuation to different acoustic features in unison singing synthesis.
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Music tagging considering interplay between tags by classifier chains
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Fig.1: Overview of proposed music tagging with classifier group chains
“genre” — “instrument” —"mood/theme”.
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M2D meets CLAP: A General-purpose Audio-Language Representation

OfZRKE, FIMAE XERE REE REETLNTD,
i, HAER (ESHKE)

¢ BECHEH YUFEE M2D LHBEETEFIFLCLAP)ZHEAED
HHFT-LRIFFE M2D-CLAP £1kET 5.
®GtED CLAP L(ZEAY, M2DCLAP [FELVERED T EHES R
&E¥0Yay MyEETTREL CLAP RIREFRFIZERT 5.
*M2D & CLAP ORILFAR RV ¥EL, CLAP RIBOFHICINZ,
HEEDMD [Z&YEETLRBOMEEEICR LS ES,
(a) Masked Modeling Duo (M2D) (b) CLAP Extension

Target . Online Semantic
2 Online P
s (M2D) R x-&“m verane nooli
standardize loss Lmﬁd P o .‘S:::h
e A8 T -
9() Predictor i
A
Stop Positional Semantic
~gradient g encoding (CLAP}
— loss L,
concal )4—m  Mask P
¥a pmmm
Audio I5q ]
Encoder 8¢ I
Positional Text
gm::)lding Encoder
A saxophone gently
plays a jazzy tune.
Caption

Audio

Fig. 1 M2D-CLAP pre-training flow.
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Analysis of time series evaluation performance of CLAPScore for
environmental sound synthesis
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Table 1: Result of CLAPScore when swapped text-audio temporal alignments

Category || CLAPScoregriging T CLAPScoresyap 1 Te# r
Dog - Cat 0.23320158 0.23408227 1.00
Dog - Engine 0.17905925 0.17903274 1.00
Dog - Water drop 0.40429428 0.4089144 1.01
DR 2 (Fig.1)
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Fig.1: Scatter plot of order score (subjective score) and CLAPScore
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Memory-efficient Audio Fingerprinting with Holographic Reduced Reps.
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Table 1 Top-1 hit rate (%) with different ag-

gregation methods. The fingerprint dimension

is 512. M is the block size for aggregation.
Query length (s)

1 2 3 5 10

No-aggregation 1 71.1 90.4 95.1 97.9 994

Method M

Summation 2 31.2 T4.2 B4.9 92.7 964
Decimation 2 39.0 T4.0 86.0 93.4 959
HRR (proposed) 2 58.8 83.8 90.9 95.1 97.8

Summation 4 3.0 6.6 394 44.3 89.8
Decimation 4 19.3 45.8 37.7 713 92.8
HRR (proposed) 4 31.0 58.3 45.0 79.0 96.0
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Sound field imaging with synthetic aperture radar using acoustic distance
measurement based on phase interference. ~ Consideration of spatial

aliasing reduction by microphone element interval. ~
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Fig.1: Imaging with use of ADM method.
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A study on acoustic scene classification using multiple beamformers and
spatial-temporal attention mechanism
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Table1:Experimental results (F-Score [%])

RT [s] | method 5 blocks | 10 blocks
Single channel 49.99 42.66
0.00 Conventional 85.53 77.06
Proposed 95.57 95.14
Single channel 43.91 37.18
0.31 Conventional 72.34 72.08
Proposed 82.21 79.29
3-Q-7

3-Q-7  BHAH=1—TILRYRT—H(CNN)EFLV=
ERIO—EEONEIZEALLAD BT

Classification of ultrasonic echo images
using Convolutional Neural Network(CNN)
to discriminate good or bad freshwater clams

K EIEEGERARD), EREL, LEES, PARGEER)

@& L CAHTHFRIISEEROFERIZ & > THETRELZR(B L Lahy,
HEARARERB(FRR L LaMZHBIEh TS, LvL, SOk
(I hENE LT HRBHEOFHETHS.

S HFMETIE, EKIZELLAEHRIEhEZ L LAROFBIZFRL LA
AEENLENE I EREICHRITE TR DVTRETT 5. Bk
IZlE, CNN £V THBERII—EZOAEETI L TLLAD
BEEHRIT 5.

#Fig.1(a), P)IFETNETNEL LA FRL LADETRT I—EHFD
—BITéHBH. FHAETIL, Fig2 @ CNN DRy FT—H#EEEFT
CHhoDOBERTI—ERONEEITI LT, LLADEHELE
RHEIEETH D L ERLI-

e-i

(a) Good freshwater clam.

Convolution block

Paaling layer
Max pooling

222-NI0

(b) Bad freshwater clam.

Fig.1: Sample ultrasonic echo images Fig.2: Network structure of CNN.
of freshwater clam.
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3-Q0-8

3-Q-8 HETICBTAZERIZEE~D
RLS iZMiE A
~BIEBEEANELI-EBREL
BEUE~
Application of the RLS meetn:;::g ;{:1 :::t?nduclion sound in noisy

~ Bone-conduction sound as input for noise reduction and
sound quality improvement ~

M RNEE GREAR), LEME GREX), PILBA (REX),
FAREF, EME (RIAEBAP), PBR (E#X)

& ISR AR ITIRMET AFERE LT, SEESCRRIWASEOHNE
~OBUHABESTLS. BFEOEEERT MR CIHIEFREISAD
B EEAFEET AL EEENSE L (BT HI LMD TING.

& TOTHEANEE LT RENCEBEOESHFAVMUVEEET, 0%k
ORANEZ bhD. B IENEEE CEAEEN LTSS
EDD, RITHETIE FRFEEALV-EEUE LR T LOIRECO—

FFvo2vE Tk HBIcROEESEINIRESh TS,

& AR T FROME 5 IEHEE, PREAEOHSEIOFEE #
(EHEEAN, #HETOEREREEHNLE LT, EHESMEOITRY
RS (BRIZIL, RLS(Recursive Least Squares) %) M ofEEtL, @
HICBEEEOEHSEEHAS.

* Fig 1.2 [(FZEREEE L BIEHE OB, Fig.3 [£RLS EZEM Li-h
HESETT. Fig3 L YHEMERSh-C LA REETED.

-

Fig.1:Air conduction Fig.2:Bone conduction Fig.3:Output signal
sound. sound.
3-Q-10

SPLO—FDOEBEENCDEERAE
Audio reproduction from sound groove photographs of SP records
FREET, ANUER (RAEL), FERTCGREBRSE), RIHE (EXED)
®SP La— FERELILRETSHY . ERMEERIHSROONT

W3, AR T, EHERH SEREBMRRT HEERET 2,
& B L-EHES S R L Ty SIETRITL . B T—4 D
ERMERBRLL,
& BEERN D HIEEOF IR TELA, /1 XOBRERAOH
BAURIE S L TR~ T-, BEALICLY X5 58EA MG SIS,

Sound data recorded by record player _Sound data read from photographs
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Fig.1:Waveforms and spectra of sound data recorded from records (left)
and read from photographs (right)
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Effect of number of loudspeakers in an evacuation guidance system using
the precedence effect

*iEpREAR, HAEH, BAKRRE(ERTX)

& BMRTIE EORENRE LIIBE AAERLIIGI AT
LAHEE LT, RATEMNREFALBHERN X T LD B 5.

& FHETIE AE—H 16 EEEHEEREO AR SRR oAl
BB L 58 OB RIS S L USHERICE HEEERIE
~ADFEITOVWTHETE, SIREOER GERLE, RERE,
ELEIE @A), BEEIE GTAHE 04 DEE(iTof-.

SEMCAVV-ORENESRE BF), PEECESRE @), E1
BEER Q8 03METHL, Fz, AE—HHOEEHFHOES
1~50ms ) 12 F¥E & L=,

@ ERGEER Fig1 LY AE—H 16 BTIE 5ms, KTITHARLYAE
—7h 8 ETIE25ms HRELEERHMTHLLE LA S,

S EERILICHRTHLE, Fig2 &YRE—H 16 BTIHRLVERFR
FATRE Y AE—H B ETIHELEEFRNIEELLENZ D,

SLLELY, RE-HDOBRBEBEHHEOT L, BRmEESEISE R
Y, SELLVEFRRIEIR(GAERIZH L EEZ NS,

L)
A
/

~Lomg (Reee) ~=Medium (4sec) -=+Short (see) ==Long (Buec) ==Medim Shart (2sec)

Fig.1 Evaluation point of sound localization  Fig.2 Standard deviation of sound localization

3-Q-11

MIDS ;EZZ L=
H—FRT LA DFEADEE

Thermophone array mounted on paper using
Multi-Input Delta Sigma Modulator

AR, KERAGHETX)
SIRETHEANEA TEFAMIDS)ERBLV=T k1) & REREE L H—
EHREMAESHEAI LT, "HERREY—FERFHMOA" T
HYLEHSERNEHTELRAE—NT LA ERELTLS
S FREATHERY, Y—ERUBTFIC ONT HETRZERLT, #ic
FT DLW ERITIEOATDRA E—hT LA 1R %A=
SKREDIGAIZEY, TV o2 ZRW-HHSEERT L1 L ERRD
HHERENLIRE—HT L1 OFRIEHFEh D

Input signal{1bit) \ J
> - Toe” ldeg)
Wiring (back dde)—

Wiring (front W
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Fig.1 Printed thermophone array
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Fig.2 Measurement results
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3-0-12 3-0-13
3-Q-13 AR HEifixALV-SBREMIHE AT LD

3-Q-12 EFRAIEEICKHHIFIRRAE—HD

=1 N 2
tam EIR BRI E F%
Bending Wave Loudspeaker Characteristics Measurement Development of a sound image localization evaluation system using AR
by using Continuous Measurement Method technology

OiFl[F—E, Sk ANHBRECRNA-ET),
ITAEAE 2, HITEAF0AE (TOA)

SEZORRAIL, BREEO LD SMEGT OIS #5816
(il E—H( Lab-made BWL)DEREHEEIREL TS,

S FELEELICLY, RE-HOEMFEERECAET 5, BFEAIE
FEMRERSh TS,

& ;EGREEIZ L Y Lab-made BWL DALIAIZ & 2EREFEORER
BELEFHETEDENTES,

& TOBEOEFATEEDRE, S A 4 &, HRRIOIRIER RSO
BERET D,

[~ s A\ 5: T iy
v ial 4
. LTI \A"\“
A | b

107 10" 10*
Fregrency{ia]

Fig.1:Frequency Response of the Lab-made Bending Wave Loudspeaker
(0= and 3- direction).

3-0-14

3-Q-14
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Measurement of surface vibration using
high-speed camera and color structured light.

¥r RETHE, $HEED, REWET (RIX)

BIE EECRAERE LEREH A 7 TR
> BORBICHEES A TIRE & T

BE Hh7—T74LZOBEICE
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Fig. 1 The observed image (left), image with color leakage corrected (middle),
and image with color leakage and noise corrected (right). The bottom row
indicates the corresponding brightness of images above.
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Fig.1:Relationship with presentation direction in horizontal angle.
( # :Average of 10 subjects Error bar: Standard deviation )

3-Q-15

3-Q-15

T 74— HAEPBW-IREZEALEE O
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Experimental validation of
string vibration displacement measurement by defocusing

Y MESH, WEIE, REHET (BRIX)

AilE FI+—hRA%EFBLE-EEEANATICLS
ILFFE—HORTIRDOMNEFEFIRE

i) E7 L0l REOBHEOMICERDY
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AAZLEOBE (0A) PROEHLE LD
EEHHEICEASHEORENLE

SE  REONFESOREEECEREEEERM IR
(Fig. 1 7L — >3, M5 0EE)

Plain string
10 Enlarged \.r'ua\-'\fr
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(=]

-1 -05 0 0.5 1
Horizontal direction displacement [mm]

Fig. 1 Mean value and 95 % confidence interval of pixel displacement
corresponding to physical displacement
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3-Q-16

3-Q-17

3-Q-16
Neural ODE#Z W= ¥ 2 —5%iRkBI D E T L1t

Modeling of guitar string vibration using Neural ODE

Y REARE, #HEEH, REREF (BRIX

ER ILF¥2—oiRBoETILEICE,
EREMICHIETEZETLOMELVLE

SE SEHEANEREETIALT D LA EEER
Neural ODE # W /- iiREBI D F 5

BR HIEEORETHIRBOET LEEER

- FREDET MEADF S REES N

:““(\ \“ f’“'r”\m’v/\
VYV

Displacement
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Fig. 1 An example of a guitar string vibration in the direction of

x-axis (a) and y-axis (b). The true signal and predicted signal

are illustrated with the light and dark curve, respectively.
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Acoustic event detection and sound source localization based on spatial

energy distribution estimation using multiple microphone arrays
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Fig 1 : dialogue monitoring system. criterion and energy criterion,
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Spatial Upsampling of 3D Sound Source Radiation Characteristics Captured
by a Spherical Microphone Array Using Graph Signal Processing

OXAZREA, EREE AESBER (KDDIEEH
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Fig.1:Correlation coefficient values of interpolation methods

3-0-19

3-Q-19
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Oblique projection for error-free convolution in time-frequency domain

O LB, EREIETE (RIX)

Fig2: : Comparison between nell,hbor

o FifERECREHTORELBHAHZE, 1V/LAGEN
RUVEEHEENBELTLED

® THhETIL, KEARSABTORBELEFAHTEHLE

o A REICLELAVIIVAGEORREERMRRE
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EEESLECKEERRYAANTOMBELBIANE
FAWAEHOEEF R 3 RE T

No Projecti Orthogonal Projection Obligue Projection
Strict Convolution

Approx. Convolution Strict Convolution

Fig. 1 Convolution results with and without the projections
of the time-frequency filter
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3-0-20 3-0-21

3-Q-20 Wl e R EHEALIEZ AL =

EREHNAT 1T EDRRE
Study on speech watermarking method with time-stretching and
compression process

OBfILRER (FILEREE), AL (LEEEEX)
(B8] BRHEREMRUEERL V=S58 1 T« VT EORE
€735
B EH LOEHAS . BEESITH L THEHBES L VEHENE
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($ER] SHHEEHE (MOS i) [THWTHSER LSBiR) LRSOMRE
ZERL (Fig. 2(a))
BER THtEEL (DSSiE) LFZEDMEZEEREF (Fig. 2(b)
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Fig. 1: Example of time- stretching and
compression  process: (a) time-
stretching and compression ratio, (b)
input signal, (c) processed input signal.

3-0-22

Fig. 2. Results of sound quality
evaluation and BER: (a) MOS
values of sound quality estimated
by NISQA and (b) BER.
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Impulse response estimation
using adaptive algorithm with weighted update
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FEEPET (RTX),
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A RILACEREBEOR LIZHES
L EBELEEARRET2EALRT

tBFi&
EHEH, BEHARREHS,

DIRE A D3TES

15

05

(a)

(b) (e)

05
0 1000 2000 3000 4000 5000 0 1000 2000 3000 4000 5000 0 1000 2000 3000 4000 5000
Samples

Fig. 1: (a) Constant, (b) Exponential decay, and (c) Envelope weight

BR SREHBRLEVEERE
BHOA Y NLVRIGEDBEICE S EHHNE D

exp —env]

Relative error

100000 200000

Iteration
Fig. 2: Results of the estimation relative error by the number of iteration
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Chord recognition considering all interval relations and time series
using weight-sharing classification semi-restricted Boltzmann machines
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Fig. Weight-sharing CSRBM

3-0-23

3-Q-23 BHREBRTNAR[T)oF— 1ZAL
FEU—VUNBEDOEOOT Ry MEE
DiRES

Development of prototype “Blinky” dataset for acoustic scene classification.
FAREE AIFEEE NFIEE #IX)
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Fig.1:Recording environment, Blinky arrangement, and approximate
positions of sound sources
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The case study of scream detection system across a city to prevent crime
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Lightweight Feedback Active Noise Control Using Deep Leaming
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A study on multi-pitch estimation and instrument identification
based on reconstruction of spectrograms

FNVERT, REFSH, MRfRF (REAIR- IR
& EITHIE - SERIEROMBEE AT FOJ S LOBMIZE D]
SHESHEETIL Fig. 1 FEHRTEALZED)
SIEEFE  SEMBEAAL TESEEEITI & 53R (Fig. 1)

X : Input Spectrogram (64x288) | ¥
Y : Pitch Label (64x88) v
Z : Instrument Label (64x11) =)

: Reconstructed Spectrogram (64x288)
Y : Pitch Prediction (64x88)

Z: Prediction (64x11)
T : Timbre Information (64x288)
sl Model L
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Fig. 1: Architecture of the proposed model
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Active window vibration control system using the single error signal added at
two observation points signals for pseudo boat navigation noise.
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Fig.1: Contour plot of the attenuation level of the sound pressure. It was
included the positions of vibrator and vibrometers A and B.
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Performance evaluation of a deep leaming-based acoustic feedback
canceller for hearing aids trained in a closed-loop configuration
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Fig.1: Blockdiagram of NSM-AFC
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Fundamental study on a heart failure diagnosis evaluation system with
using MFCC and machine learmning
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Table.1:Loss Value and Accuracy in 4-class classification.

Loss | Accuracy
Training 0.026 0.991
Validation 0.096 0.970
Test (Average) - 0.960
Test (Best) - 0.983

comfrell  before  daring
Fredicted

(&) Number of sample (b) Percentail [%)

Fig.1: Recognition result of MLP on confusion matrix.
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Classification of pre- and post-defecation by intestinal peristalsis sounds
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Fig.1 Feature Importances for Data 1. Fig.2 Feature Importances for Data 2.
3-Q-31 LLD ZFL =
DA LBE AT LDT=HD
FERHBEDFE
Evaluation of acoustic features for a heart failure diagnosis system using
LLD.
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Trial
Fig.1 : Distribution of a feature at eGeMAPSv2.
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Data augmentation based on source estimation for imagined speech classification
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& T—AERAEA LB, S &Rt LR T—4 (Fig. 1) £ALT 8
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& FRORR, BFERZEMTO Threshold dropout & Fourier transform sumogate
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Fig.1: (a) Observed and (b-g) reconstruded MEG wavefcrms atan MEG
channel around the right temporal area.
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The evaluation of the developed four peak sound absorber using the plate
vibration for under 500Hz noise

O®iE HiZ, ITKF BE, & 8 (W =Z)
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Silicon Rubber Surface Plate

Additional Mass

Fig.1:The structure of the proposed sound metamaterial.

Absorption Coefficient
o_o_o_o_o_o
ROZEREReESReRSISRS:
2 T T

o_o_o

o

200 250
frequency [Hz)

Fig.2: Measured absorption coefficient.
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Early detection of abnormalities in swine respiratory disease by autoencoder
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Fluctuating range analysis of A-weighted sound pressure level
in courtship song of a single large brown cicada #Toyosu 2024
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Fig. 1 Time waveform of the Fig. 2 Histogram of the L., at1
courtship song produced by a large m reference of the courtship song
brown cicada (i, = 1 m) produced by a large brown cicada.
(Number of samples: 57)
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LEEREDRET IRFUT DETEEE
Acoustic metamaterial structure with helical resonator Characteristics of masking by bone-conducted ultrasound at levels below
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Fig.1: Proposed metamaterial. Fig.2: Sound absorption properties.
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Experimental study on the immediate effects of short duration noise on sleep
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Fig.1: The difference in the number of
awakenings with or without noise
presentation.

Fig.2: The rate of arousals by noise
level or frequency.
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Fig.1: Amounts of masking for each masker.
(Left: -1 dB SL, Center: 0 dB SL, Right: 5 dB SL)
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