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Simulation of optical laser microphone signals based on deep leaming
for minimizing the residual between measured and simulated signals
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Fig.1:Overview of the proposed method

3-1-3

3-1-2

3-1-3 fmERBFRIREN Filtered—x LMS ;EDEE
ERRELSEDHRE

Factors on the feedback path cancelation emor destabilizing the
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Performance evaluation of multichannel feedforward active noise control
system with dual distant reference microphones in real environments
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th Sed ANC te {T.n = 100 s ) (T,,\\ = 300 ms )
= propo Sysiem Fig. 2:Waveforms of emror signals
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Fig. 1: Change of the relative error in impulse response over iterations.
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Effect Chain Estimation Using Matryoshka Embedding
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Fig.1 : Audio Effect Chain and Its Fig. 2 : Effect Chain Estimation using Matryoshka

Hierarchical Structure Embeddings
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Study of a Super-Resolution Time—Frequency Analysis Method
Using the S-Transform with
Discrete Prolate Spheroidal Sequences as Window Functions
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Fig.1: Comparison of time-frequency distributions of a test signal using
the super-resolution Stockwell transform.
(a) Gaussian window. (b) DPSS window.

3-1-6

3-1-6 SP La—FEHEMEEEFRM SHHLT-
FBEERBOMRANMODEEFBE
Audio Reproduction of 78 rpm Records from the Shape of the Groove
Bottom Extracted from the Luminance Information of the Pictures
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Fig.1: Spectrograms of Sound from Stylus (left)
and of the Produced Sound (right)
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Note Position(s) on Guitar Neck Detection

Fa—3 v s LOEFRERY

¥ Wai Lun MAK, Yasuhiro OIKAWA (School of Fundamental Science and
Engineering, Intermedia Department)

® Prior research often claims that detecting finger positions on the guitar
neck requires both camera and audio input.

® Ourwork introduces the world's first lightweight system that tracks
fretboard fingering in real-ime using audio alone.

® The system handles everything from single notes to complex chords.

@ Users spend about 30 minutes recording single-note samples for
training; the machine-leaming stage takes roughly 20 minutes.

® The modelis frained using CQT, MFCC, and four additional features.

® QOurresults also confirm that single-note FFT signals can be
combined to accurately synthesize chord signals.

@ Figures 1-4 below show the final output of the system when being

used live.
. EEEEEnEnEnEEE

Fig. 2: detecting a barred A chard

Fig. 3: detecting a standard Dm chord Fig. 4: detecting an A-shaped C chord
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Study on blind detection in speech watermarking method using
time-stretching and compression processing
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Fig.1 Results of sound quality evaluation and BER: (a) MOS values of
sound quality estimated by NISQA and (b) BER.

3-2-2

3-22 BFREEHKODEEHEEDENT K
[ZRIFTEHE

Effect of difference in sound speed structure of the Japan Sea proper water
on sound propagation
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Fig. 1 Comparison of sound propagation patterns from LTLVA.

winter readings and pressure displacement
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Reflected and transmitted waves in the case of moving

boundary

Otk W% (FEHKA - 8T

Takao Tsuchiya (Doshisha Univ.)
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(eh Reflection coefficient () Tr

Fig.: Reflection and Transmission coefficient for moving boundary.
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Quanitification and visualization of deep hypocenter based on cumulative enerzy s Tracking of low-frequency whale calls using ocean-bottom seismometers off
the southern coast of Japan
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ASPR ultrasonic sensor with variable sensing area
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& L—EEOREIC L Y, EEROHAREE AR EICTEL VAT LA
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Fig. | Experimental system.

Fig. 2 Observed ultrasonic waveforms.

[1] K. Dezanetal, Applied Acoustics, 240,110967, (2025)
[2] S.Nakatsuji et. al, IEEE Trans. Ubtrason, Fermoelectr, Freg, Control, 70(6), 562-368, (2023).
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3-2-7 A trial construction of miniaturized
reverberation chamber for evaluating

acoustic materials at ultrasonic frequency
#Zuhal Maulana FIRDAUS, flIlH 5, dv At (Science Tokyo)

4 Aibome ultrasound uses for shortrange sensing in vehides, robotics, non-contact
manipulation, and human-machine interaction in confined spaces are increasing, and
urwanted reflection and interference become harder to avoid, necessitating acoustical
treatment of the environment, which requires a relfiable matenial absorption characteristics
measurement system.

# Absorption characteristic of 15 materials were measured inthe range of 20 - 50 kHz using a
miniaturized reverberaion chamber with an intemal volume of 0.0282 m designed with no
parallel walls and a conical diffuser for sufficient sound field diffusivity.

4 The chamber is excited for a short period, and the following reverberation is recorded. The
decay time was computed using Schroeder -

nans 8. 48 sz
'-Muuuu

integration, and the time difference between  ** mn -3k
empty chamber and the chamber with the
sample materal was used to cakulate the |||||I ||I| |||

absorion cosficent ofthematerialforeach  © = e . on fee

=== il

wmwm‘w

OTremnhgmsorpnmmefﬁdmtsforeach
. Fig. 1 Material o tmpm perfi fi
material were averaged across 5 frequency {8 /1 u; fthe mvermge shmontionconticiont.
bands as shownin Fig. 1.
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Effects of hair on VHF sound propagation-Part 2,
Measurement of hair reflection characteristics using the pulse-echo method

iR, TRE, AGRSIEE (M) ITHX), FETIERVNAIRE,
PHEAMERHEXR), RSNR2(EWUX), ERRFE@SENIHO

@ KR TIE, VHF 3(16 kHz~32 kHz) OIS = 2 L—3 3 2L
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e 12 12: =
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o3 - — --.-.._‘___* ) m\ +
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04 3=
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= o . : [
Bob W g 16 " 1® 0] 20 n 15 ” 1] ] 20
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Fig. 1 Frequency characteristics of

Long Wig the reflection coefficient for each artificial hair.

3-3-1

3-3-1 ChatGPT & Python TEA
ERFEIaL—3ay
Learning Acoustic Simulation Using ChatGPT and Python
OFK EE (dtX)

® JifE, ChatGPT #IZU&H&ET HERL Al Y—ILh SR ZE R
L, EERETOFERALNLEN-TWS, &I, FOF5:s
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HOF-HFERE LTI SN TN,

® AHIZETlE. ChatGPT %5EM L D2 Python AL TERE
B3 L—aVEEBLESEORMYBAE, DEDD
—ARRBT 4 ELTHET 5.

v @cn * = 0 x
€ 4 O % chagpueomTopensicom relemedsine * 0@
- [=F} 73

@ ChatGPT @ @

WA EWORRET STECLUELE, Python T Ial~Srasr
TENREMATNN,

EARE (-LFI-AF40R) OV, PhenThHACRBTIRT. ROCT
CTEEFRRBUETY. RENGOLL TOIDTT.

§? EREWYIIL-Y3V0%E (Python)
H SR EFEE (Image Source M " od, ISM)

PR MR- LA, RT60 d

@B Gus  Qewre -
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3-2-9 VHF B OFEC Z 2R J 2 EREAMRET
-Hig7E A O IEHEEEETRl-

Basic study on VHF sound hearing
-Hearing threshold measurements with earplugs-

FARBIBLS, T RE EREEEEEIITIHX,
SRR AN BTSN, RETERAVIRIERD, |t AFEE ) | THR
®\VHF (16 kHz~32 kHz)DIEZ Z D A h =X LIFIRFELHEERH SR
TW5. B{EET VHF EEBHIL TS LS5, BERERELST

VHF BE2HE LTS ELSHREHS.

S FHRTIE VHF EAREEERL THRESATOANENZHS
MNITHTEEBRIC, BN - RN B4 VHF f8l0
FEHRREEEHRIL -

SAEDER, HiREaesddEEa st~ VHF f8ETH-TH,
FEHRAED L F 2 REE L f=(Fig1).

120

100
80

SPL (dB)
3

1 2 4 8 12 14 16 18 20
Frequency (kHz)
¢ —Eapluginright side only —(a+c)Silicone+Polymer clay

Fig. 1 Comparison of hearing thresholds with/without earplugs.
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NPT NEFELHT T DS

Development of easy-to-use acoustic analysis apps
O (FILRITK)
& EEMNT T EERFE L=,
B ARG LT F5A4Y (22kHz, -8 kHz) . jERE1—7 (15,100
ms). ZHINIU kT DaT IS4, A9 0TI L,
> Web 7 A—a vk LT RAY—FI4 2, 2Ty b PC
TS 5.
* ERHE~OFRE
> HTEHAFARET, MBIZETTES,
» Simple, fun, and deep.
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BN BOEERHEO, BRESTASEE, SERRILED
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3-3-3  AVCERA L OMEREHNEEH ZAFERTEBEH
DFAFE & FTHE
Design and Evaluation of Leaming Materials for University Students to Enhance

Dialogue Skills with Humans and Generative Al.
OLHFHE, ®/F%H BhEiEERIIIHA
FRTIE, REEDEADN, CADNOBRDIZOIIET, S
AZ2A L, BOAEHH- 2SR EREL . AL Web EIC
ERD R\ oD E HBEY X 3418, TERSLE L BN EORET

FTHD I EHFERI N

lo) RéfunEEhomE
' < >
7 Al
FREFE) &R-T0V7H- B
' AL (Human-to-Al)
® Acoustic Education #® Communication Skills ® Generative Al Literacy

EZ D ARADNEBHOTHOEIAFRFEA A -
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3-3-5 [Python & Al TEZEN | TOVTRIUY
7V TRATRAETEREEDORTT
-ZM 2

Leaming Acoustics via Prompt Engineering Part 2 : A Pilot Study of a
Python and Al-Integrated Course
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Fig] Relationship between Al Overall Evahation
and Human Chverall - Evahsation Score of prompts.

Fig2 Relationship between liem2 Score (by human and
Al) and Comprehension Survey Score.

3-3-4 Python & Al TE%##EN | TR 7 bz y=7 Y v 5TF
SHRATEAREOMT-Z0 1
Learning Acoustics via Prompt Engineering Part 1:
A Pilot Study of a Python and Al-Integrated Course
OLHEFFE, &fFFFERIIIHRK),
REBEEHR), EREHEGERRITHX)
1) || TRASAEREEER 2 G40 2025 SEEHIAORERBICH VT, 2

— F&ESEAGVEESR Python 7’055 I »7EEEFA & 508Eh
ERLI-70Y 7 F OB ESEOTEL ORI 2 BREOBEL B

~f-DT, FOLEFO2D2FITTRET S,

¥ O

New Era Acoustics
Prompt & Code

Python  Gen Al

@ SIGNAL PROCESSING £ CREATIVE QUTPUT

O— F&B/BALVEES Python 7047 2 v 7BEOA
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3-3-6 BEICRIHHRELAL:
FERERDFENT

Introduction to student Experiments applying acoustic research
YR BB APFCR, ARBSL MEREEIR)
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UETOECAH, EHEICRAIETETWA S EAMERTES:

S BERY=_E 1 L— 3 UEBEROETE S KA, SREni
TRICE > TTELRIERY E TR EIHEM T RIB S € 55T
%, “h#EADE33 &1V5 DDS DED1—ILEBLTIES 24
THLLTREREEHNTS

@ FLREHATE, BAAFO—VEREIHEICRHESE LI EMT
Efz, Ffz, Amm TEET LI ENTES:

¢ ChoOEBITRB-TAZHILHTE, FELEL

@ PERRO, O TEREITIBELEDIHEIZHEO LI,
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(100) #3H 3A19H (k) #32p~$54% 3-3-7 ~ 3-5-3
3-3-1 3-95-1
3-3-7 EEEETERROSES EHOEY 3-5-1  PRVAE-VC2: BEERBIDMBERICLS

eSS [ON S

Teaching Strategies for Acoustics and Auditory Psychology by Class
Duration in Speech-Language Pathology Training Programs

OMAFEF(IEREX)

& ZLFEDUNEY ET5 EEBE IR TIE, FEESMERE,
PAENRLEFTHUVGHE, 2OSREIROHLATIND,

& TP BRODEFORRTEFRTHEEAEL, &5 ZEeHnT
FHNENNES, AREIE, RRFEVSETICEEL:, BEF -8B
HDEZOEREOH ) F25 L0 —FFH L, Fh o0&,
mErrEibd,

SBRRGH ) F S LEFRERL, EANIZ—EFELYOTH -0 EE
% (EELEYEESD) 30 a<L EORN A BB 13 EH A
FZLT2ATIRELIBATHLHLER D,

STFELYDZL2HBEZESA LT, EMTIEST A L(E BRI
EH LV SHREROONDEHARTIE, BHEMEEEZ DL, B
[FH=ADNES S,

SSHOFHEL LT, Z{OFITRMY ANSATINS MEHE (B
WHMEEEED) ) 30 a7I(E, KUVERBTHEH ThLlbZe
EEOT CLICE ST, RELHEMEBEOLOFRMBE LB, FRE
L TOREDBRREL EABOTIFELES S5,

24N, EFTROGEERL, RE #LTEFTERTLILNT
EFRLDTIIAEL, FARBITH LT, BEBENET EF-0TEG
WEB53h, BHEEOTILICE>T, FYBENIZESRIEMNT
ELLEERD,

3-95-2

3-5-2 FasterVoiceGrad:
B RIPR R R B E RV
TORTYTLEET IV EEEROSEL
FasterVoiceGrad: Adversarial Diffusion Conversion Distillation
for Faster One-step Diffusion-Based Voice Conversion

O%F &3, WAL, BhE, HFEHL(NTT)

#\VoiceGrad % EDMIETNA—AOEEERETILIL BHREHM
OEERLECEREERTE, EEIREEHTLD,

& LHL, HERICIRHILEE R Y RS EN B Y, TEEHSEL
CENGERETH I,

& _OFAFERIRT 518, F-bOXTHETHS FastVoiceGrad
TlE, BotBEEREALT, TILFRATY TERERETILHNS
TUART Y T CERARE G ETIAEE T AR5 ERR L,

& LHL, HEOR FOHEERSEEaEO M T RehTEY,
HENBOEREFCFAIRGEA LTV A—SOHEIR MEk
RELTE BEHIESATLV

& T TAR T, SHeEREOTEE 2T YT a—45 %R
BIZ#®J % FasterVoiceGrad #18%9 %,

& 1512, EHARAME T34 < ZEMEE| B U \CIRE 217 S Mo aiEE
PEEEERLAI LT FETRELI T UYILVO—SEFELEEE
HEARI = &k BB FNEBOEEREEMN <.

& iJ{fi5=82 Tl FasterVoiceGrad (4 FastVoiceGrad & R0 ariat
BeA#HE L DD, GPU LTI3H664% CPU LTI 1.8 {EOEE
EZEERTHLETRT.

Audio samples:
https:/iwww.kecl.ntt.co. jp/people/kaneko takuhiro/projects/fastervoicegrad/

JONSUILVERLHR
PRVAE-VC2: Non-Parallel Vioice Conversion
by Distillation of Speech Representations

OBPE, RESAH, £F =25k, EFHHNTT)

FHETIE, BCEENH Y EEREFE AV -IESIZHEEE
T (VC) DI-ODIEABFEFIRRT 5. 1EEFETHAIER
tEZESA— FToa—4 (PRVAEVC) (£ JER R —3 24 E&
MEGEIER R —3 U5 VC 2BV TELMEREE R L TEAY, T
EELBIETESH L OMICIHRAL LTERAFEL T

FHETIE, ERFEEEES HUBERT M oG on 30— EMGE
ERRAHA L-REFEPRVAEVC2 #1887 5. &bIc,
HUBERT A EStHEOKENETILTHSEEEML. sEEEDIC X
YR M)—S T ARERREETIVENET 5. EROBER 12EF
RIEEBLE BH BLUEFERRY EOLTITELTIERE
# LEAMEEERLT =,

3-9-3

0 REREEHEEERERAROLE

Comparison of sequence-to-sequence
multi-speaker voice conversion models.

OWTREN, 2), BAHE(2), BEE—(3), KEKMQ),
EOEH(), FEEE@2), FHE)
(1 $FERE, 2 LEETIZEIEN, 3 LGRS 4 BEEXRS

+ FEETIL, Attention alignment &4l A - R REBRREHGEES
EZHET )L MS WSASVC (Multi Speaker WSAS-VC) 4254 %,

+ EEEFIVL Weighted Guided Attention [ZE5< alignment #
%45 L1-£%, Global Style Token (GST) ZWAT 2 LT, &
BEEREFERA I AW EDEEL THIERIRES 55,

o ChICEY FFECLICEGIFHBLURERZEML-FHEHR
=ERT 5.

+ FEBTE SHERRE FEELE BLUSEORNICETE
HEMEATL BRSBTS EE TR FIRETH D
CEERAL.

Mel-spectrogram o ——_ -~ Train only
— Inference only

Source Target
mel-spectrogram mel-spectrogram
MS WSAS-VC

Network architecture of MS WSAS-VC.
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3-5-4

3-5-5

3-5-4  Any-to-Many EEZERIZHITHANEE-
PRI SRR REFNDTEESD=HD
T—AYERD 2T

An Analysis of Data Augmentation for Speaker- and Gender-Robust
Content Representation in Any-to-Many Voice Conversion.

U, GESE, VR, (PEEA (ELEXR
S EAFRTIIFEELLISHERTH S L ESNHERE SSL ETILTHS
ContentVec DFEFAICRIT HHMEITL, FEEHRICHITHRT
DT HSETFAORESRERAL ML=
4 BE{F8I1ZIF ContentVec [TDUVT, LITFOSHHEIToT-.
> ContentVec DFEBHDEYF - T+ILIU LT HZ&DT—3
SR SR OEE S E EOBREBHTE TS
> ContentVec #RLV-FEERD, EvTF - 7472 FERRO
ZERIZ3E L T EOIEERERIZEHET B
SHRLELTIE BROT—2ISEFEIEROFETLICAILTES
¥, FETHROBSN SIREORMSH DL LA o
S EHTRIZELT, ANBEO/NT A—2 LI L TI3uaf <8
Lizfzth, T—RHBETFEOWE( & YEFE T ORIt FR £ S
HonbaEEEhREhi-
Table 1 Speaker similarity ) . »##*
with target speaker before 7] LA

and after conversion

FEEEOBRERS | TRHEEEN + Source speaiilig
I ol Other speakers
| 0234 0.135 o L rvgmees D

il 0.845 0.886 Fig. 1 Comparison of speaker

distribution

3-5-6

3-5-5 HHABICLDARMNGERSEREEH
EEEIRADEA
Causal Speech Latent Feature Extraction via Knowledge Distillation and Its
Application to Voice Conversion.

K EEFRFEEEERE), HUANG Wen-Chin( BB XS), REMMEHE
KP, ELEHEMRR, FREEEHEXS)

& SSLEERAVV-ERERIIEEED, & JISRENRICIRET 5
f=th, {GEIEY 7ILE A LETCIEMEEETHE L 5,

@ AF1ZE Tl HUBERT/ContentVec/\WavlLM ) SSL 4F#i%#6fis LT,
CNN ~A—R OEIRFEHRE S 2 AR L, %5548 (0~120 ms)
EEAGN o BERERAEELLE LT,

& SeiiA R T HIEEDTHE - BB TS OZEBILEFETIUREFTHY,
HERSSL ARSI SHIE T 2R EFROTIEN RIS EER L.

@ FEBETIVIZMCD T3 ELMES D B H— AT WER HE{E
L7 <, $IZ HUBERT MZEBET/LIIMth& Y HibAVNELVEE,
HEBX vy THEERETIVTELRSZ EETE LT,

/| ms
T4 i,

o - |8 i AL I BN
8 ™= y / S 7 SN
| —— = & . A, -
12t - 231519 AN =
" 181+
el T aep— [ ———— ]
0 2 40 80 160 320 if [MS] D 2 40 80 160 30 inf [MS] 0 20 40 S 160 320 inf [ms)
+— HuBERT «— Contentvec WadlM
| ET
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7.41 251
A
a |t LT P o
=] ", [E — N | Ea .
E12{« — = ! v . =7,
— & 5] _— ¥ r —

15 ———
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3-5-6 HHORBEETIVICKD BRI ERER:
BHEHMbHYEFRRICEI(EHER
Voice Conversion Based on Self-Supervised Speech Representations
Using Local Linear Transformation with Gaussian Mixture Models.

*EBEED, BERRE WEAE FREH (EX
GMM is Back!! — When Classic Meets SSL

(&%) FEREPTSLBOFETHRAERICENT, BC8MbHY ST

(SSL) BEFBRLHHMNTERETILERASHE-ISEOMEENE
BOWEICET HERITE.

(58] SSL MR - B — DA A 28 28R 3 AERFD LinearVC
#, GMM OEESHS IS {EHOTROEREHEA~ LR

[12%] Fig. 1 D& S WalM A bifitiEhfzV—R « 8—5 v bE
B0 SSL BB EHIS D THIZREETIL (GMM) 245

((ER) VBT —AEMESY, EREEA—AFEICMT 555538
LEETRL, HEOEETT LnearVC # LA 5M4EE4REE GMM O
FRRRMELZEIRMMEE A SSL B TRMDIEEISHd AIiRASHRES
ISR BT=hDEEHIEAE SR 5.

Learning:  ss1 Model GMM

e

A - T
P e ﬂﬂﬂﬂﬂiﬂﬂﬂﬂﬂl -

Source Utterance

Fig. 1 : Overview of the proposed SSL-GMMVC framework

3-5-7 Multilingual Retrieval-Augmented Generation
Enhanced LLM-based Speech Recognition

YrPengcheng Wang, Sheng Li, Takahiro Shinozaki (Institute of Science Tokyo)

4 In recent years, automatic speech recognition (ASR) systems based on
Large Language Models (LLMs) have achieved remarkable recognition per-
formance. However, they still have shortcomings in handling rare words and
domain-specific expressions. To address this issue, retrieval-enhanced
generation (RAG) has been introduced. However, most existing methods
apply retrieval after decoding and depend on potentially incomect transcrip-
tions, resulting in error propagations.

# In this work, we proposes an adaptive pre-RAG framework that retrieves
information directly from the speech representation prior to LLM decoding.
By combining speech-based retrieval with a lightweight adaptive router, the
proposed method selectively activates retrieval only when itis needed. This
design improves robustness and prevent unnecessary computation.
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Transcribe the Audio ACLAP | Speech
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! ds Emb T-Adapter !

Fig 1. Overview of our proposed RAG based ASR framework.
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(102) $3H 3HB19H (K) #H585 3-5-8 ~ 3-5-11
3-5-8 3-5-9
3-5-8  Whisper |Z8[T5 Mixture—of-experts & 3-5-9 FHEEMICEDCAED BEFZHETILOD
Feed—forward vk —o%Z L = AN)—Z T EIEE
Muttiingual speech it §nh_l\ﬂ§xlt:u - J:miﬁ FFN upcyciing i Ul}g‘:iﬂég};mrﬁ m?ilggnam::’m
D e kT Hbpyolnaln ORI, EAME EHER ARBE AFAEE NHK D,

OfILEAER, =HIEA(NTT BIZERT)
& KIREFAEEEFEATTIL Whisper 2BV -SEEEFRHI~H L
T, BB LUTAEEMHEIETILF v/ T FREESR
DT & SMRHET £ CFEOBELBIET
@ Transformer () Feed-Forward Network Z#83. L T Mixture-of-Experts
(MoE) 1t¥ 2FE%IRET 2.

SIREFETIE, FHH - #RIFL LI 1 DO Expert OAEFRT
% Switch B MoE #FEAL, 7U T4 FN\GA—BHEL LTIV
finetuning FiEER—IZR 1=

€10 53F (F¥5 EE+IFm¥5 558 #RALV-=ERIC XY, FFN @

MoE #E3&IZ & 2T TV finetuning Fik &k U B MRENRE L,

Expert $iZF0T Z L TEoUIRBENBONL L EMHRRLT-

Table 1 Common Ve (FIT5 3 u.'n i 2
ER(%)
en de I'r it s ave.
Mone FT 164 10 154 118 96 | 12.64
Multi FT 172 11 165 129 10.3 | 13.58
MoE (N=4) | 172 11 164 128 103 | 13.54
MoE (N=8) | 17.2 109 164 127 10.2 | 13.48
Tabie 7 _Common Vi (30M5 A5 12451} SR
CER(%)
bn  ru  sw tr th | ave.
Mono FT 34 54 103 82 11 13.78
Multi FT 349 64 12 102 123 | 15.16
MoE (N=4) | 346 6.3 121 102 119 | 15.02
MoE (N=8) | 346 62 12 10.1 12 | 14.98

3-5-10 Textual In-Context Learning for
Robust Speech Recognition
O Benita Angela Titalim, Mehmaood Faisal, Sakriani Sakti (NAIST)
#ASR performance degrades severely under real-world noise,
especially competing speech.
#This work explores language-level prompting with LLM-based
ASR to improve robustness without retraining acoustic models.
#Experiments compare input-focused (p1), output-focused (p2),
and noise-aware prompts (p3—p5) under competing speech.

# Output-focused prompting reduces WER by ~34% compared to
input-focused prompting, while noise-aware prompts yield up to
17.4% WER and 18.7% CER reductions at -5 dB SNR.

AEEEE (CMU)
@ Whisper [ SEFRTAER AED BETILOR R —I UIEFEERE
®Whisper Z[ZLeHETH AED BETILE, F—OEBEAAHLT
BRI AITELNARICIR o b= v ERA LY, TR
h—2 UEER LRIV HERENFE
SREFETE M7 UFRAITH LT 1SRN £8HH L, THESEMEM
BULMRETIE b—2 VHAZERE L, BEVREBICG o125 bV V%
HEETH L THRMELA ) —2 U JE45EER
¢ BAREELERED—/R (C)) LHHEEFCIREZOFMMERER
Table 1:0ffline and streaming performance of proposed method applied to

Whisper large-v3. Each cell shows CER / 50th / 90th percentile latency
(ms) (input window size: 320ms, uncertainty threshold: 0.05).

CSJ data
Mode evall eval2 evald
Offline 97 = [~ 27 ]~ f- 20/ /-
Streaming 3.8 / 1075 / 4417 2.8 / 1526 / 5433 3.2 / 922 / 4429

Broadcast data
Mode News
Offline 30/-/-
Streaming 3.5 / 2140 / 8100

Corner

Lglfi= =
5.9 / 1460 / 5540

3-9-11

3-5-11 EHEEETEFRHI—/\RIIFA4T754 €
—aAVvETIWVEEICERATESN?

Can multi-speaker ASR. corpora be repurposed for training diarization
models?

OREOHK, RiEsh BRER, TEES,
AT IAE—2 3 VETILOFEIC, FHOI—/\RAZHELTH
AT AHEIMEZ TS, ZOREFEROS ) T8 EFa—<
Rk TAEL BYD, BFMIZIE F14T7S54E—a @m0
Q—/ A TIIRERMH BRI DTSN TIND—AT, HEEEEEE
AR O — R CEFKFEFORSEM L FHERECEHT LV
U, FEEEEAIEFERROME SV TR LK S 1ZRERIS
T—UUERITTLM=YT S,

FILIOFI—4(NTT)

® ChEZTTHRETIIUTORWNIEZ 5 {BREET 3.
#Compared to acoustic-level, language-level approach offers a > 1 BEEMOBBEDEL DA A TS5 4 ¥— 3 VOHEI=
lightweight alternative that improves speech recognition EDESHIAEARIZTON?
robustness, though severe interference remains challenging. > B2 SEAOBRNEA SO — SR EES L TEB - ALV-18E,
i Input/Output Aware [ Noise-Aware Noise+Qutput Aware {'}‘)HIECDJ: illﬁﬁﬁfbb\?
Prompting Prompting Prompting s + ) — > 2 '3
(Prompt | 20 | w2 | 5 | po | o7 > M3 BEAATSAE—2a vETIDHETAELDLED
|[sNR20dB | 21103 | 4775 | 7909 | 4204 | 6.682 g s o
|SNR 10dB | 76637 | 26631 | 24456 | 19.074 | 20.180 & S TREDFEERR O . L
[SNROdB | 182.116 | 159.191 | 126534 | 126.886 | 120.690 ASR-criented  ——y| Compound dataset with Diarization model
|SNR-5dB | 202163 | 188689 | 159.981 | 162.775 | 155911 0 = ) DRt AR eseon: ¥ lpsdoanls
(D05C Doun:
Table.1:Word ermor rate (WER, %) results of speech recognition under competing speech for E:E--- —|. H-—.-— -
different prompting strategies. L
lfifieesesaffupifies | — J Forced"
[T ar] / Always predict
Diarization-oriented -m E Train ~ “Eht boundaries
. dataset - Compound dataset with —) L & a4 +ano
(tight boundary) — only tight boundaries
Fig.1:Overall framework of our experiments conducted in this paper.
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3—6-1

3-6-1
LFEBERNLTFAE—ADAR—YHFAITUR
ZERAL-EFERONYAA

Hokkaido Nippon-Ham Fighters' Players Development Initiatives Utilizing
Sports Science.

own #X(LBERFRNLIFAE—X)

SCOEFRENERT HILMBAR/\LD 79— XN
MOME, REERO BE & EHEH COVTENT 3.

HOKKAIDO NIPPONHAM

FIGHTERS

3-6-3

3-6-3 RAR—VEREE A/ D IEER
FND2 —L—FrA—8—ZRANTEIERF
¥ I35 =0 BT HHA—

Decoding “Yabai" |l: Visualizing Emotional Vocabulary in Sports
Spectatorship with the Mood Meter

OAFSFR (WERINK-2), AHEFIEREXR-E)

& ZAR— AL [Y/3Ly) ZRRIC, 14 OFSSEEE L.
KEPHE 98 B Li— FA—2—ERLTHEOBFHEE R L .
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Fig. Emotional Viocabulary Associated with “Yabai” Across 14 Contexts
(Top Three Terms per Emotion)
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3-6-2 ERBRICETIHCEROZECET S
HE

A Study on the Influence of Cheering Songs in Japanese High School
Baseball

SR, SFEET (FRK)
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3-6-4  BmEEEEICHITREEERANO-HO KR
— I\ DITHRE DFRHEDENRHE—

Fundamental Study on the Use of Auditory Information in Baseball:
Assessment of Hitting Sounds Based on Differences in Bat Materials

OWEENT, ALLBEGEZ)ITHRA),

SHERESED, EAREESZIIHER
FFEROITERE 2B HFHEERRIZH T, RE D7 LOEFEITE
RIZEIL TS RE, BRESORACITEEGOREI ETH
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Fig.1 Correlation of frequency response between stadium and
Measurement of SG environments (=0.91).

Fig 2 Duration of impact sounds in indoor and outdoor environments.
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(104) £3H 3B19H (K) %628 ~ $£8218 3-6-5 ~ 3-8-1
3-6-5 3-6-6
3-6-5 TILAVBYRRR—YHEE I 3-6-6 TJTAVAEREBORESTICETHEEMN

5 A2 578 B HEREMIRET
A Basic Study on the Effects of Full-Contact Sports on Hearing Ability
ONBEALT, AAFBERNIHK), SHEKERH,
EH T th(EREFREILR), LRFREEIIHER

AR—y EEEECRIT APIZRISE M BiThh TH Y, #ihE
[CBWCEESN R E5Z 5 TEfTb 1 G EXBERET 58
EEE) ARSI TS, LWL, &YEfssEDSND
LaALBY RRAR—YERRE LEZARIIDEL. F2TS
TE—PFREE NS85 FAR—VEEREE
F & LEBERAEEIT == FDEREHRET 5.
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Fig.1 Air-conduction audiogram of rugby players(n = 5, right ear).
Fig.2 Bone-conduction audiogram of rugby players (n = 4,right ear) .

3-6-7

3-6-7 FPS #—AIZH TR ERIEREAIC
RS- B OX)
-BETICBTAEEN ——2T DERE-

A study on the use of auditory information in FPS games Part 6:
Practice of Auditory Training in Noisy Environments

FHKBIHR(E)I TR, ZHRRERRD
AR, ERRFEEHRIIIR

O EHETIE FPS F—LNALORANT) #& e LEEERE FL—1
TLAT LOEERVESTCOREHRETIERE FL—2T
#E=MELT=. Fig 1 1ZEH FL——2/ OEEE@ETY.

S TR, FL—= L YEETOREDHIRFEEN

mLEd 5 EhERMISREN .
BRNL—-ZT - DR
mim
P00 (03— ]

BEERT. Fr53272MBLTVIREEEELTIESL
*HROEBETOHTCEELT RSV,

FER
EW¥:AJXTU—F
EERE: 156 B

Fig.1: Answer screen for auditory training.

BRETED 2
AEITHESIRETDEL

Fundamental study of sounds generated during flamenco dance, part 2.
Differences in sound production according to skill level.

FARATEERE, MEATE)ITHA), ATENABYRESH Fuente),
SHEA(ERED, BRI, BrhEt, EEREEEEIITHA

& CNET TS A 2a(Flamenco) BRI CBd %I £ A DPARES
ISRm-oTHY, & - BEHICET SRFMIEHARIEFL AL

SHER (TD1) Tl BOFREHN\TT—F (B8 OFESHIC
DLWTHEL-

S AL (FD2) TlE HTF7—FORESIEEL, 5874
DHMSFEEEHRITESINE VI RIZDONT, HEE - 5% fTo
T-HEREFHRET 5.

@ IEEAHET BT 47— B W TEAEMIZ RN EHE T H -
=AY, R EIEREOEICRL TIFEEISEAIS ATV

¢ EHERICEVTRERSE LERE TEERAOFHL BiE EHAM

53 LT AEELR otz

Table 1 FRELHIERODIERHT.

FRE SR
R ik LiE Rl
| MR | 140 (34%) | 145 (36%) | 96 (24%) | 27 (7%)
w | b |120(29%) | 151 (37%) [ 111 (27%) | 26 (6%)
| M | 46(17%) | 111 (41%) | 84 (31%) |31 (11%)
| fEWE | 26(19%) | 43(32%) | 45(33%) | 22 (16%)

KETRIATREOHE CHETH S BAEERT 5.
3-8-1

3-8-1 ELLEAZEABENHYERS:
AR £ -IESKEAR f -SE0ERE
Exploring clues to convey the essence of dialects:
Inverse phase f, sinusoidal £, and whispering voice.

OMEBA (KFEAG 45— RS

BY BEBEEO L \A—COREEREELI-EHE L EFP
EREE L OEENISIE, TREOASHER) AEREShS,
S0, BERETLRVEETLAESHNRIERI AN ERE

KB 1 EERIE EM L, U8 L ERRR fOBEEE

2. HBEROEE: HEEHEBES, RUSIOEFOEH
3. BENVE/AXEEIHO L BEENLERLEERE
MEEESLE), TMADAESLE) LEE10EETHE
HE EHEOEAIKRE 1 E4 310 RHFHESRERIZSM,
WA £, VIESGRAK L DESEL, SEEHEL LTHET ART
5, WADEEE LTREMEhT-, LAL, HERERE,
NY R/ 4 XEETEASNRITER SN o=, TLEEE
ERETANVE/ A XEBICELTIE SoL5HBANE,

400 Normal Phase fo pattern

e /

Inverse Phase fD pattern

T T T : T T
N o v NA ™
z I

= 200} \_/ ; R

] 0.5 1 1.5 2 25 3

Time (s)
Fig. 1 Examples of original intonation and sinusoidal f, patterns.
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3-8-2 ~ 3-8-5

£3H 3B19H (K) $8%1B

3-8-2

3-8-2

BithDERRE M
MEFOERARICEZLEEONH

The Influence of One's Own and Other's Voice on Immersion in Audiobook
Listening

OHImE, R¥FiaE HER—, HEBH (NTT)

S ETHRTIE FFO "BHolLE” MEFLESOELUD A
HEFOEAREESOLAREENRE ETATIVS [Kaot+, 2021;
Dragojevic+, 2024].

¢ ‘Baola” d “A—E" (dentfication : BHEAMDIRRES
ADEDELTIRASHI L) #HLT, “BAR (Transportation :
MEHRICAVRAAEESICRLSI L) ICEETHLEEATD

[Kao+, 2021]. LAL, EHEEEOEE (B5 1A (ZXk5HE
DEWEHS B STV

S FHRTE BB S UADSRERERL V- IHREE IR
ZEL, “BaolLE” ASEARICEALFEEML

¢ TR ADEETIE “BH5LE HE—tEED. FA—ik
HEAREBOOEMEENHEESN-—A BH0OEETIE
"BALLE hoRE—E~NOHRITRENTH 1=

opesd ELE
N < |
[ 0.6 EE

HED

Baobla

0.03 - e 0.64*
—— B—1fk ——
A
0.05

Fig.1:Path analysis of the hypothesized model (one’ s own voice condition)

HHED
BaolE

0.12*

== FE—1k

0.57

osgd ELE |
"R < ]
[ osesy EE
0.08* '

Fig.2:Path analysis of the hypothesized model (other' s voice condition)
3-8-4

3-8-4

BEEOEENI
BAEN—FT—LOBEVS

How to play Acoustic Analysis Color-Classification Card Game
OMARF(FFREX), BEAESE (LX), FHHET(EEX),
AXESTPEF (EREMEILK), ABREF (BT LSERERE),
HAFRH(FRERIKX), FEE AFEROLEX), TE— GRIEHEFXR)

& CLIEDUNEYY FTSEEERT OB TE, MERBELLT
FEFLHDH, LHALGHS, TEXOERDT FEOEFHEDE
B8, TOWEHNROHLA TN,

& EHZOIFET, BERTES BEREOEESINERS=0, YO EX
R b0 LOFAFEESD, EEFOHEHI I THENCI2E
TEEL, F=, RELSOMMPESS, FR0OMEHIDERIC
DEMOTLVENZ EHBLY,

¢ [BOLESEFRATHES | APHRIILEREOY Y FRAS kO
J3LEROT—LIE2D, BEENOOELONRETH T, Th
SERRT B0, h—F5—L TEQORH ESIEL] FERLT=.
FOVERGBIE LR Sh DU EBNT 5.

® BRI, 3 TBEDHUR 1) Bi-Bh Y TIUEL ! 2) ECTH
B?ESP-THEE? 3) BhEZ LT LEEEY 28819 5.

*SEOBHL, R, EEOFEAWICITH I FRARY bRTS A
DFAFLILIC, FRRL R EERFOHBEERSELLNKET
HHELEARDIFETELTNS.

S SHRE, FYUSHYOTVNEEORERETDONTEZEZATLELY,

3-8-3

(105)

3-8-3 RIEBIZBTABELEFEDORY the

speech—to—song illusion |25 2 552 &

Effect of Vowel and Consonant Bias in Speech on the Speech-to-Song
lllusion

HRSHL FEETREXR)., ARATEF (FLATILILEK)

#the speech-to-song ilusion(STS $#4H) : #IEEFFZREENT L&
TEEICHET HRTHD.

S SEHRREY BERY - FERY) 00 (09 M50 L
) 1ZBWTORRORET LT L .

@ ERDHTRAE TS LLBEC A h 71 Ao Rap 5 LKEEC AT
M ITEELGEOETE - FEORY EOEEEREREEL .

SER 1 BERMRYICK T, AEICHEEELS LA o1,

SHER 2 RARIEEMRY SHEEIC/ER LEh ot

SHER 3 [Rap 5 L&) 2801848, BHEICHIBAEN LA o=,

Mean Likeness Score (Bootstrap 95% CI)

Shean Lineness Score

Stimuus Group

Fig.1: SRS STSHEI - 52 DREE

3-8-5

3-8-5 T#f=73 F1~F4 BiRBIERELICEHBF
FROMREZRER - S S HEEMO B8
BEHI—~IOBREERE

Features and Applications of an Automated Calculation Sheet for Vowel

System Shape, Vowel Space Area, and Inter-Viowel Distances Based on a
MNew F1-F4 Frequency Normalization Method

OMBEEH (ITYRKERA), Ritth(EHEARD,
WWTFBETHIE, RARFRI ) AZERK)

& "M% Fi~F4 EEMIERELICLSBERROMRKEEME
H-BEEERO BN L, SRS EE0ORSTES 6 @%
FHIZDULT, F1-F2-F3-F4 BRSEEA LT HZ14TC, BFREE
HEERSEE AL L 9 A (FEREIC L A X LEENEE LA BETITLY

F1-F2) B, (F1~F3 EifskiE#® 2 &tk Li=) THLFB) B, (F1~
F4 BEiSdE% 2 ik Liz)HLE-FBE IR #{ERL L, B E OF4{E,
BERRE SEERISOVTIERAR - B - THEHEE8TH
HUBRERRT 50— M THD,
® A5 — FCRRENAIHLFBIEE, THLE-FBEEIE IPA RUL Y
R« MRI EDHIGEATEL V=, BEEMIZERLILTOER
&, 1REEYE - SRS - S E R~ ORI HF S5,

t’,--. i :\4{.
T i\“:?“\j_

g s
- - o
s \.‘/

Fig.1:F1-F2 Vowel Space Pt Fig.2:F1-F2 Vowel Space Plot  Fig.3:HLE-FBE Viowel Space Plot
Measured frequencies (raw values) MNomalized frequencies

BEE

&
ik
b

£155[d

(202 65E%) MRRERR



(106) 5538 3H19H (K) $8R1%

3-8-6 ~ 3-8-9

3-8-6

3-8-6 ZHLERIREIETHIBEDOFERIK
DEEN DT

Analysis of variations in vocal tract shapes of Japanese vowels across
various phonetic environments

wERE, ARERE AR
MAER(FEIR, #)IEAREEH
*FHRTIE, 3 BOFEEAATRE03 XD Ty b EHIELI-E
DFEEEZ R L= VR BB S REREORIEMHL T, &3
B LILEBEORERKOERE THA S Lz, i Sh -85
T L—L#IE /al651, 1425 /331, [el277, lo/448 THB,
®TOAER. fal, I, I, [o/DFERARDERE, FHEMI TS,
TNLSOEMITREN Tz, ThIE, FEESICHSFERRDE
MAPROEMEIZE R E CEZABVEETE LTV A AREERET 5.
& —75, [e/TIIFEEDEOHEMABEFETEY, FEROEIH
REGECHRAGEEMT—EBLGA o1z, ThiE, ehihnsE
[CHATHEOEELNHVEWVGEE THOREEER LI,

/a/

PC1:416 bt

fe/

PC1:33.3 \

Fig 1:/a/, /e/ DFAEEEHOPCI L F5H[H)
(Bfl- &5, RER-1.580, =i T, R+ 58D)

3-8-8

3-8-8 Za—SNF—TA4A—TVIRBEEH
W=BEEMNCEEREORFEFAET LD
BERUSH

Analysis of speaker-specific facial expression prediction model
from speech using neural audio codec features

obb BES I OB, LH B A BEC
BN SELY 4% GRKERC 4R 45, B (AE, E 3
1) EAR-HRET, 2) LUNE ¥ o—
& EENLEESHADERIEE BendShape & LTFHTHETILE
WL, ANSEREOEREL TG 52 A8 E ST 5.
& BHCERHYSE (SSL) FIRE Neural Audio Codec (NAC) EaE

OIEFEFFEELE L. SFEERORIBI SR SBMEEEEEY S,

@ DIT [ZHS { E&#1E Flow Matching ETILERL, SEFEE LU
FEEIBOAAF L LT BlendShape RINEZERKT S (Fig.1).
& SFMNIEREEICHLTIE SSL RIBARE LI-tERE%TRd—H. 1%
D NAC =& LR PCA 2k 2EERFIE. AFLLEOREFER

RECIEERANEE LT C LM,

SSL / NAC [0ffline) || Base Distribution Sampler xo ~ (0, 1) |
wanidvec 2.0 [ HUBERT/ WavilM N
EnCodec / DAC / SpeechTokenizer

{ e (DiT

Encoder Layus by -[ Time Sampler |

 offine Feature Extractor 5 |
U Xir = fonelx) € R™C

EI\CMH f ~u{0 I]
i : Linear Layer L .
! — | Encoder Layers I
. L Encoder |4 l 1 Predicied Velecity Field
: || et} |t X
'\- : - _/ Sequence

x € R™ o

'Ill'lll' Speaker Embedding Flow Matching Loss ¥ E_,
8= Jonl) € RO By [Voa = =] X
Reaw Wavelarm ECAPATONN L

Fig.1: Architecture of BlendShape prediction model

3-8-1

3-8-7 LERBIKIC&->THELAEEEHD
E—2¢ET 197 DERZERDBRET

Investigation of mechanism for generating peaks and dips in the transfer
function induced by maxillary sinus opening

YOBHFHA, ABERE WASR(FEIX),
NEFEH, AKRFHBAGEEER), dbHhEt (FiEX)

SHERTIE LEEREIRIEE (UP) & BikkER (PF) = TRkk L f= UP+PF
ETIOIERMTIE, FimETE ~T 600~800 Hz fHAIZHITHE
— 2O LALHERT S5 1000 Hz fHEICEH-E E—o b Em S h,
$91~2kHz IZT 1 v TR SN B S L ERE LT,

S FRETIE, EREhizE—7 - T« v IOREEZERE LT,

@ UP+PF EFILO LEREHER 12 |SHD & 1= UP+PF_sMS EF
IVDATERSSTIE, T« v THUP+PF £TILM 1240 Hz A5 1340
Hz ~¥EL, MhOBHESCIEASHELARsNEN>T= (Fig. 1),

SCDIEND, T4 v T LEROABICHETH L, EERIZE
ROZE, ThLUZIREEE T 5N ILLRILY RIS TALTE S
CENTRESNT,

®UP+PF £7/LM 1000 Hz [ZER s - E—0 OBES TR T, 15EE,
HL3ER, ¥EER EERICEEOEI T, FESETIEE
{, LEREESTCHEEDISAEHIBAE LTV,

¢ -oT, EEAMRICE>TELBE—IBLUT 1 v TOTAIZ,
LEERRIBAEELREER- LTSI EABALMN 5T,

Fig. 1: UP+PF, UP+UP sﬂST:TJIzO')fm!Hﬁ

3-8-9

3-8-9 rtMRI BE{& 5D EEE IEIKTF
BEEARICH T =&E

Toward Speaker-Independent Speech Synthesis from tMRI Videos

OXRBHA(FHERK), EHE(BFRIFEX),
AR GREERK), #BE— (EREERX)

reaktime MRI (tMR)EEH& = A h & T HEFSRGENEEIER SN
TEY, EFREOAMAZRAONDENCAEGRREZTRLT
Lo L, FEROFAESTFEEERFOET ) L 7H—HITHY,
FEGEED tMRI BIEHEMN L IXEFZERT 5 eNTEGL. 535S
FHEFERSRMOERIZIE, tMRI BhEifgh o SEEIFREFEIEE
THRENDHD. AMRTIE OFRICEIFHEETELT, tMRIE)
EfgHLEICEEERTHEL, FEEEESENAHTIREA S
FEEREREL, RS~ OEMAREE =SS 2.

1REF AT EfficientNetV2 TEHHHHEEZHE L, E-Branchformer
THRINMEEITS. FEEIEDIAAT X-vector Z{EMAL, FILMIZ&Y
PR CEHTT 5. RBTIXT5FEDSEE MR T—2 v b
MoMEDRIFE 51 EEEREL, TA MNEE S B THHiETo =
EBROER, A LITHETIEWER H33.1%M 5 76%, CER A

1.3%hV5 3.9% & LEBHIRIFICRIENSA BRS-. BARIETIE
BIFFEEETWER 47%, CER37%AYsoh, FET—25DHE
[ZDWTHERFIRETHH C EAVRE ST, thDFEETITERY R
DOEFMR N EBIZDLVTIE Gross Pitch Emor A1 12.8%M 5
260%THY, BEH SEHEAFELEThAERLR St

SHRIIEEFREBREOBIEBEOR LE £, FEEEMAHC
&5 LA EFERRF SR S OERI CRITH 425 %175,

AAEEZ2E 1550 (202 655%F) ARERS



3-8-10 ~ 3-8-13

$£3H 3B19H (K) $8%1B (107)

3-8-10

3-8-10 AREBFEZAV-ERRNAHEEIC
VAR Z 10):2i

Effects of the Viocal Fold Membrane on Phonation: A Finite Element Study

Bk Bl AR FERK - EEET), {8 HGIAREX - BT,
ATERE(RK - £5ET)

¢ EHRE b FER(EREOFERTHE SN TV AIRIMEETHY,

EEIZBWTEELREIZR-9LEZ N, FEShTULS

S FHRTIE, BREFRZ L IFHRLUFRRETILESRETIL
EDERFTETL, EATHRORR LR L OEEESIT L &
32, TRANRENH (T HEHEDEEIEALNT .

&) a—URiEIC & YBMES h-EHIROERIRL S 271150E
FETIWEBRT DEIITRAREMEL: Fig. 1) .

& ) -V RER EFIRT 1=, MEETILE U THEHEMHA
@ Neo-Hookean ETILEFL V=

& EHEOFEIC K YRRARRENE L, IREEEROETIHA OIS
RE, FATHRLEEHROERERAR CHHEETE-

Lody \
Y /;
ﬁJ/’z 10.5

. 10.5
(@) (b)

Fig. 1. Vocal fold model without membrane (a) and with membrane (b).

3-8-12

3-8-12 DERERF DA R SBRFICE TS
BEHEEB DIRET AT

Statistical analysis of cervical spine motion
in opera singers during art song singing

OFBZEA, MAER(TFEIR), S CKRER)

@A RSPETIE, 140 42— TS R A SUE S
TIIEBOLRIZHED, BHIAAE(HETLILIMONTING,

& P TIEFRIERR & Y HEVEEL S, BESLENSNIL
MBV, COBREELDTREELHD,

& FHETIE, FEbTUEESOIEHEESZE AT (PCA) &—A%En
EREETIL (GAMM) ZRVTHESIRZEIT o1,

SHEIETILCIE BRNAES LEOEEESL PC1) OfEE
R A1 ETILA &, BHOBLHESL OERN TORMZE
b LR TS L A FRI TRET 510 DETILB ZHEELT -,

¢ TORE T/ —IUIEBLEROETESVIG L TEREES LA
FLEE5H EEABLEHTIHENEEL Y L REESLERD
e AERLE S T=(Fig. 1, 2).

®—AT/NY bUIE, PUEPIC—EOEEESLVERS(Fig. 1,2), PCA
OFEEN ST L EFU DY TR E (EBEALEX - B
HHEELH ST,

[ F7=n [ surx

|| ————

¥ 04 =EEER
Yk | =
150 200 250 300 000 025 050 075 10000 025 050 075 100
BN fo (Hz) BEAMT (0=, 1=T)

Fig. 1: ET /L A DHEEHRR Fig. 2: E7)L B OH#EEER

3-8-11

3-8-11 Physics—informed Neural Networks [ZE2<
EEiREIaL—ay
Simulation of vocal fold vibrations using physics-informed neural networks
OB (REHETTEERE)
&I, HIREE &LV BIERMTF A & LT Physics-informed Neural
Networks (PINNs) (ZE83 HHARHIERL TV,
@®PINNs [ZA w27 —EFETHA LML BRICEAT
5 LIThE., FRE~OBERENBLFIREET D,
@ FHETIL. BFHO two-mass ETIURSERZFOER I L—
23 HTRIRELS PINN ZH5EL 1=,
& R L1-BEalE EREQ T4 HERSFENTH o 1=,

Ps Pun Piz P21 Pzz Po
Fig.1: Two-mass model of vocal folds.

Inputs Outputs
Neural network PDE loss for
for vocal folds
vocal folds
PDE loss for
voeal tract
Neural network )
C for PDE loss for
vocal tract radiation

Fig.2: Proposed PINN for vocal fold-vocal tract coupled analysis.

3-8-13

3-8-13 MEHMEEFEIEE(CH T DEFIRERE
HIRTHIEERFREICEA SEEBORE
Impact of Vocal Training and Visual Feedback on Acoustic Characteristics
in Age-Related Dysphonia
*ZHEE BREN (REBRHIAFER)

& METEEEIEEC L 5 QOL B T0REME 27 (Txt L, BUAEHESIIE
ROFETHD.

S RENTISRRIERAES UNEUSHEL AT LAEEEL, £
MIckPUuEDR A E RSN CESERRICIIIT 22 L %B
et D,

& & T3, VFE(Vocal Function Exercise) IO EEFME ST
RERIEOZE L CREFROBARNOIZTOERTOEVERE
T3

SUFM=BNT, BRESLVIREORMEERHZRT Jitter &
Shimmer A Eh, IREIOMRANER. E A ERAICHIELT=.

S EEOFEREETT HNR DLRE, £TRILF—ITHT IHERS
DEFEETRT NNE OEEETITREh

& TEEHBRIFORSN S 1 VFE eSS SRS ORAN s
B THDHLEASND.

Fig.1:Jitter and Shimmer in Patients with
Age-related Dysphonia

AAEEZ2E 1550 (202 655%F) HARERS




(108) $63H 3H19H (K) %8RB

3-8-14 ~ 3-8-17

3-8-14

38-14 BABEREELIEE-_EREOEE
8- S ORDHR

Acoustic and Articulatory Analysis of Japanese Vowel Sequences and
Chinese Diphthongs

Ot (HPAFEX), HET #HFX),
AftE (BX), dLFhEth (FEX)

SAMETIE, BAREREES 11 4 LPEESEES 10 BEFRIC,
BAEDERFE L PEREO_EFEEEEN - FENICHELL-

¢ EEMORRE. BREDERFSIEEFNBEE(SE], PEE
O_ERSIMERNERELERGY @ 1), BREEE MFpE
BiE T T#EEOAM) ELTHEELTLV:

¢ BERHITIE BARETEOES - REOT LI PERELVE
BlIcKE( EHEMR LIRS BEER > L REN (H2).
COERIT, BFENET—JBLL PEFES—FHRTHLMNZ
BE+ERTLEHRECERT S &8s h5.

Yuq” pol— = Torgs o ﬁrqnmdh =Tongus tip

. nhw u‘e‘u‘a"w"u‘e"u‘ % araalaePotePe®
N Normalized X Normalized X

1D BEI+L72 M

(ER : BFREOHE,

TE : PEEOCEE)

3-8-16

B 2:F4E5
(£E : BXERE, H8  PEEFT)

3-8-16 BEFEZBIHELTHEAREFEEICEN
TIWIZRTREGLLEHTIIH D IFKEE
AT —SESFEFN-BEEFF
B HEESLT— |

Evaluating the Effectiveness of eu-Based Instruction for Japanese /u/
Production in Korean Leamers: Acoustic and Auditory Phonetic Evidence

Yo SRELIERRD), Wi EHO)ALERR)

BEESEEEL, BREOUEREDFAESSN TIIEBE
2 IcEET HAESE (U THEL, TERIHMCZLIE0H5.
FHRTIE, COBEZEMIC, W & 2O [u] TRELEGSL,
BERE 2 0 ] [CEEFRASSEHEL, FEMNEBRESE
RIS & B AT o =,

® TORBR, WELCESHRA = 5 BFERIE NHK 7F224—10
ZOFHRERE—BL, BHACDIEEERE LTERLEHE S -

*LELY, T IZ 2 TIHEC 2 2HTIIHD) HESEMTHS
CEhvRENT,

.......

Fig.1:F1-F2 Vowel Space Plot Fig.2:F1-F2 Viowel Space Plot
— /- 2{ul— —ul-2u}—

3-8-15

3-8-15 BEREEL) v THhASERAV:-HE
EEHICE T AREREEBDAIRIEL
F—ToT—E R—RABEEDHHA
Visualization of articulatory movements in Chinese syllables using
ultrasound imaging and a lip camera: an attempt to build an open database

OFR/E (LFX), BOEGEHEIRAE),
SEAREM (PRAZ), FHET(EEXS)

@ AWFEOARNE, PEREREEEREEC X SRS CHh D T i
T, HEk LU E A4 A.LJU]IITHT—’)’*E'HMI:L‘ A 2 H—
Fv b ETA—T T —F AL LTARTAZETH S,

S TOF—BPEL LT, EEEERL ) o T D AT EIWGEES 1 412
L5 PR A RO AT, TORSRE LUBIRET
O RET S, Fig | @SR T Lo EREagang [
Rl (AN &FRET APROF—7 L—ADOFOFER LTS,

T/a/HME Y Z/a/ DN A I/a/HREY o/ DeEY

Wm‘m#r w i T

/

E—
[___—T «

& /ang/ OEEY B/t Ing/ I 15 Y i S M

Bing/HEMEELGR

Fig.1: Tongue shapes recorded with an ultrasound system and the comesponding
acoustic waveforms (the right side of each ultrasound image represents the tongue tip,
while the left side represents the tongue root)

3-8-17

3-8-17 THEMMNGELAISEEEZL IDERIZDL
T —BFRAZREFZEERICBTOANREERD
EEREOT vy TRESM —
On the Truth of “| Can't Speak Because | Can't Listen”

—An Analysis of the Gap Between Perception and Production in Speech
Recognition Among Japanese Leamners of English—

OXFETF (EXE-E)

& FEEERE T, [HERNELDoEEEEL LB A e HHHN
TOHBITTIAT, MR EROEFRIEORRISEETHA S,

& BAAFESEOTEHAEOSFEHOER S v v TE2HE - 5T 2,

S XIREL. BANIEEEEOKPE 1,2 4378, TOEFLITP %
ZERL. 500 M+10 AOEFEREHRICEL TS,

SHEILT Vr— Mg T, OHERL. @56, CENREEROEE.
@EFERUVENEHOEE, OB0HE. EEHIOEFFZE3 D

(B354 L [ HBRIEHAG L) @BHiSi TREEEE LTS,

O RENFESL 94%, AL 81%HEHTHD LEELTLAL,

EEHEEOEE SERNREC L VIBEASKEL,

= TR ER - R E

18 15

13
|||I| I = Ill | a
- .
& @ v@ }’*}
w

it

EE®
ONAREONED

o wh & o
F& ﬂ-ﬁ" 4c‘9

3
1, &>

EMEECTR

Fig. : Differences in Individual Difficulty Factors in Speech Recognition
among Intermediate Japanese Leamers of English.
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3-9-1 ~ 3-9-4

5538 3HA19H (K) HORH (109)

3-9-1

3-9-1 (BFHER SEMHMIEOAN=-XLE
B{Ra9EH

The mechanism of noise-induced hearing loss and specific cases

OB HER(HEK)

& SR L VS BERBICE > TEABTHHH, 587 EHFIIR4I
BEESAMENFEES S,

S EIRHHEEL, (ECEERLLEREICELESN 5, B
FEMEREE SIS EEEREIIEED 2 D125 b b (Table 1)
MEHEENRZY ., S TEYRS ZEALEELL,

4100 dB %X H5EKE CILBMEFEMISENEFI LY 55, £0
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Table 1 Classification of noise-induced hearing loss.
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Personal noise exposure measurement among fireworks operators
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Figure. Personal noise exposure measurement result for a fireworks
operator
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Estimation and control of individual noise exposure intended by revision of
Moise Hazard Prevention Guideline
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Moise exposure among dental healthcare workers:
Current status and challenges
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Fig.1 : Noise exposure levels during dental cleaning
with an extraoral vacuum in operation
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3-9-5 3-9-6
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BE-REROEEIEE BEIIEOBRKARLARDER

Personal sound exposure levels of nursery school teachers and
after-school care instructors during nursery/child care activities
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Fig.1:Measured sound exposure levels of a nursery teacher during nursery
care activities. (Laeqsn: 84.7 dB, Lopear: 136.4 dB, DOSE: 108.2 %)
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Sound exposure survey of university wind orchestra members in daily
instrumental practice and consideration of countermeasures for hearing loss
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Personal sound exposure levels of orchestra musicians
during rehearsal performance in a concert hall
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Fig.1:Sound exposure levels of a trumpet player during rehearsal performance
in a concert hall. (Lasgzn: 84.0 dB, Legess: 123.1 dB, DOSE: 255 %)
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Survey of Daily Noise Exposure Among Musical Instrument Performers:
A Focus on Percussionists
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Effects of Earplug Use in Musicians:
Impacts on Hearing Protection and Musical Performance
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Fig.1:Individual Practice Questionnaire (Psychological Aspects)
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Experimental Verification of Microphone Array Configuration for Rotorcraft
Collision Avoidance Based on Amplitude-Modulated Sound
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(a) Result of simulation
Fig. 1:Simulation and verification results
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Sound Source Detection of Approaching Rotorcraft Using
Amplitude-Modulated Sound Enhancement Based on
Robust Principal Component Analysis
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(a) Before applying RPCA (b) After applying RPCA
Fig.1:Relation between separation distance and modulation frequency
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The effects of vibration of nanofiber non-woven sheets on sound absorption
characteristics
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Fig.1: Sound absorption coefficient of measured and phase difference
in surface of PS nanofiber.
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Study on Sound Insulation of Double-wall Structure with Elastic Fiber Layer

OmIIRE, Ah#HFHE FHTFLod), WRRER (I¥kREKX - D)

v BEREOBEFACESAERMEMOPREE O ETRE L EHES
BI-ESRERT 1/ \RILED_EEHEEN S (HHh D

v L BEREQHESGRICAVNO WSS EREH M EhREE S L=
ZERHEITER L, {E~EIRY (200~1kHz) OESEREERL
S SN S AREEI S DLVTREBRRI RE 21T o=

v #iME5M (Fig. 1) 2% A 5 & THfEERE ( LI-RIE DT,
EEECEERT E O LIC L HESEREDRNEETT L.

v HEOEEECEREREEA S T, E~PREAREFRHOESE
BEZMLE (Fig.2) StdmaMREtEhREhT-

40 || =o=Case: Vertical criented (V1)
=+=Case: Horizontal orented (H1)

30 ﬁ

7 !

10 /

250 500 1k 2k 4k
113 Octave band frequency [Hz]

Fig. 2 Example of insertion loss

Fig. 1 Fiber orientation cross-section  (transmission loss) measured for

Insertion loss [dB]
n
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for the samplein the layer. different fiber orientations.
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Study on Modulation Frequency Components of
perception of urgency in speech
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(a) Degree of Urgency (Male). (b) Degree of Urgency (Female)

(c) Comparison by stimulus's Degree (Male). (d) Comparison by stimulus's Degree (Female),
Fig.1:Urgency perception of NVS.

Development of tests of human auditory temporal resolution
- Additional findings and future directions
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Fig.1:Images of auditory temporal resclution tests.

3-10-3

3-10-3 BEOR-FREFRT H1=bD
REAIRSDETHRERE

FOFRERIZEDCFRAMET ILDOKRET

Experimental evaluation for
predicting sensory pleasantness/unpleasantness and
examination on prediction model based on the results
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Patterns of Consonant Misidentification Affecting Speech Perception
in Noise
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4 4 Background noise (30 dB)

Perception Trials (trial)
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------ Consonant Changes (With Vowel) - Consonant Deletions (With Vowel)
Consonant Addition (With Viowel) =e=MNon-4-Letter Perception
Fig.1:Changes in the Total Number of Misidentified Characters for Each
Consonant as a Function of Presented Sound Pressure Level
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Amplitude Modulation Tuning in a Neural Network
Trained on Noise-Vocoded Sounds
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Study on computational model of loudness using
dynamic compressive gammachirp auditory filterbank
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Fig.1: Relationship between
loudness level and loudness
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Effects of Preceding Auditory Beat Sequences on Audiovisual Temporal
Order Judgment
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FOTREDLDOTIILLEREEZTHE L TLVS,

1r

Proportion of *Vision-Firs™ nesponses
o &8 o 58 8 &8 &8 o ©
b N oW s D uow B

L i i "
-200 -100 ] 100 200
SOA: Stimulus Oriset Asynchromyi{ms)
Fig. 1 Psychometric functions fitted over the average results (n=20)
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(114) #£3H 3H19H (K) HKRRAY—=R5

3-P-4 ~ 3-P-7

3-P-4

3-P-4 E7/0TRENEEHELSENEICRIFTRE
~ARL—MTRERASARITRO EE~

Effects of Piano Keystroke Techniques on Harmonic Structure and Timbre
Perception

*EHBES FAR), AARKBE TR, Kt FEEX)

@ FETIE, A—E—2H9 FLALEETIZENTITEERDEL
DHTET / BOEEINELTEMENSEBHL, A FL—MT
BEXURTA FITEERUTEBAIRIEL =

S TSUFRET/DhR K (C4) DEZTEHEL, E—9H9H0 KL
AYLHT93 = 03dB DEDAT % 5 MR LT

OFFT ICkAFEREAMTOMRE £ 13EBICHLTHTAB #1586
FUE 16 fEBIZBLTH 5 dB DBELAIILENFER ST

SHHEEER AFC) #34MSMBEICH L THRELIER EESEE
100%, 85%, 100%&#Y, FyALAL (50%) EK=( LD
HERNE LNz

SLLELY, F—EEEUTTHOTH A ML—MTERERSA KT
ROMIZ, EERESLUBEHMHOIEESGENELDZ LABELN
Eliot=

Sound pressure level difference [dB]

123 4 8 6 7 8 9 1010 1213 41380
Order of partials

Fig.1 Level difference between straight and slide keystrokes

3-P-6

3-P-6 BEADHMEERBL-ERENFEEERT
ICEZ5%E
The effect of background sound based on individual differences on task
performance

Yo RERAR, BERHEGER
- BREOTURMERSIRODBREIC SR DR EERL N T B

- G RERELL, Sk 2 B BPMEERREISHVD\BERICTHD
TeRmsfERE S HHD), 543 - EEBPMx 13 £ REITEEL,
ok FIEISRIRG HI80EE 1% TEm..m. -
1ot g R

- ASREICHB T AR, B H----B '
HI-YDEBHMEERT S E R

E1 MR F
* TARTOERHTESIE FEE M of=(E 2)
» {ERR—RIZEof= BPM [FAE3ShEEE | LS
- VRSO S EEAF SR R OEEAH (R 3)
» WREICL > THERBRRIRD g/ ha{TEhIEfesEs
LSS ETREEDBS

09 15
5 088 1

. # .
& 5 . am, =
= 086 - I = 05 &
£ /\ B
& 084 o
=

£ 082

RSB
08

HiFL &2 #453 mEfFl A &2 - T2

[E2 SiF Ik OfERBRO TS 3 fEREEMI A & R o RR

3-P-5

P emmmicsBEE T« LEORT

Estimation of an auditory filter in the high-frequency range
S, KR H IS (F3EXR)

¢ FNOBEENBERICLHOEEDBEEF O LANREhTNS
1LOM, FKEZL{OFEAHIED. FIZIE 14 kHz LLEOFESEIC
BITDER D 1 L3 1ZRABEHTOTIRFERIT. TOREOERT
Bk TH5. AR TIL, Flecher(1940) MFELEALNT, 16kHz %
il EEEE T BEER D 1 LA RARDHEE E A

@ TAFZIE 16 kHz DFE b—2/—R k, TRAIZIZ 16 kHz %
iDELRTA by R/ 4 X (iE 300, 600, 1200, 2400, 3600,
4800, 6000, 7200 Hz) ZRLV=. RTA k/ A XOEEIL 16 kHz (=
HBIFDBART FILLALH 10dBSL E45 LS IZERE L=

&/ A XOEEEN 300 Hz M5 2400 Hz ~ L83 DI, F
HRAX T @IE 14 dB Hid 21 dB ~Et8NLT=. LA LED S,
/A ZQFEEN 3600 Hz 2#8Z &, TAXL T EOEIMERIE
$bL, ST AiEmsRE Sz

SEEH T 1 L2 OEEFEENEA T L T 2400-3600 Hz OfElIZTFET
BT ENTMENSN Thid Moore (2003) MEHHAERZSEIEDE
TFLEMSEHEND 1752Hz LY L KRELMEE Ao F=

BEBESEG&

—e—Subl —— Sub2 —— Sub} ——Subd
e Gubf —e— Subl ——SubT ——Subl
—— Subf ——AVE

00 800 1200 2400 3800 4800 8000 T200
Noise bandwidth [Hz)

Degree of masking [d8]

o w3 @

Fig.1 Degree of masking for each band width masker at 16 kHz

3-P-7

3-P-7  HBEHECRRRBREOMGICET S
EBERRE IS EOBBICHE ST AHE
A preliminary study on the relation

between chewing sound characteristics and texture expressions:
Acoustic features contributing to the voicing contrast in onomatopoeias

*HlRFEVH, KE # PIIHEE (FER

S ETERHICITLE AHFDIT: "BTE" At EIHLA, BETEE
BRIZEY, BAEOBEEQETIESSND. F0O=0, HESE
SHUBICERT 50 L TRBEYET AEANEIATIVS.

SEEROLHLIBREOBRIZIE MEShiARSBREOEEEH
B L OHEEREOBAT AR THS. AERTIE BROMETRE
1SET 57/ < FAEFBNTEBEHBZTL, IEFESOESEHEHE
EOEEERA~=A, AEAEEIERNA/ < R E0BEETERIL
EHohiihot-.

S EPETIL ASEFSORELTA/ 7 MREERONKI—HEES
A HHFEOEEFHROEEEEAT-.

S BRESETIVICL HRRAOHR, SN EENSE (ECSP) Tld&T
DA/ T ,ASHIBNT, ELBRROREINLEE TIE—En/ <
AIZHBLT, RMS E—hEELHRETRLT= (Fig. 1).

S FoN-HRIL FHROME VW TIHRENEELERTHL L
ZR9. F£f-, DRSOERCNZ, BEHOREMNEEA/ 7 b0
EROER CEHS T AR E LTSS W

Subjective score difference (Za-5a)
& 4 4 o w »

0.008 0.008

0602

E.

Mk:nd:“;a 0]
Fig. 1 Scatter plot of A Za-Sa vs Peak RMS (ECSP).
the i ion ine based on the fixed effects from the linear model.
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3-P-8 ~ 3-P-13 #£3H 3819H (K) RRy—RF  (115)
3-P-8 3-P-9
3-P8  EBEEHMAEERHHTICALT 3-P-9 SRET /UM IRET VU NDBEENED

BRZEREEEN
FREMARRICRITTHE

The effect of auditory spatial attention
on auditory distance discrimination thresholds
measured under controlled conditions of auditory distance perception cues

HIOREE I, SRAE— (HALEE RN
S AHRTIE, EELMERFEESLULALE BEAEHFILE

ST T, BT EEL SRIER ORI RET R R L

SENEFERL LTEREERRICEEL, #REMEI~TRR
T HEATEDMBEEFIET 5 & CHEOEEISERER T 54t
LERERIFICCVEREREL, TETMERFSIE LTEEN
REatL=

¢ TATOERNSFRATEE Ml (Natural ) EFEOADFRTE
T=ZH(Natural-70cm S DEER LR 5 &, 140 cm TIImESES&
LICHRAFERESNIAS, 35 cm BLU 70 cm Tl Natural EHOH
[CHEAFERS N OB, BRI TR ICEEE
Fi14C & TESIEMICHT HBELN R LT SRREHEAE A DN D,

ssmntion
-no attan Nﬂ a0, M Mbinen

T’zn S g

% g

g g

o e F "“’ "n?m:“ e NMG A nua itis ﬂ’l" I[f—‘hl'" o
Fig.1:JND
(Left: Natural Condition, Right : Natural-70cm Condition)
3-P-10 IERIC & BERAN - MIEBEREAD
BB D

Assessment of the impact of aging on cognitive and perceptual functions
FEHIEAEL, KIE 8, PIERE (FER)

S HEEFHE T COEINEAL PEMLEICETT A Lhmbh
THY, TOERE L THEEOEN - MEiroBs YERishT
(AT

¢ LhL, CThoOMRESR—HERSx L T ZFHE L, hnis
DEEF BRI CHE L -HRIER o h T LS.

S FHRTIE EFEERLUIEREEEHRELT, REEHEETT
DEEENREA, RghH'E) DB RIRRILE AREEN R 57 —F 2y
AEY (WM, RU, SEESHREE R —HEREI T L TEAIL,
hnisic & A2 A HE L

¢ FAEFEET COENTE BIHEEIRE S EEasn
FEOERNNEL, HANEL HEOLALLELEYE) TOE
BRIZELVTNN =k 257805k VIEEITI/h: (Fig.1 ).

& BRIERAEREES (MERERERIE SLUWMER (VA=
DGR TARADT) TRk YEEEIZET Lz (Fig.1 &
& B, ThA, I SREEEIZEDLIER Y b7—
2 OWREAIIRG Z & VIETF L, EEFET COBNRENETIZH
SLTWAEHESND. —H, SERiEEHee ik -k 2858
HEHohEM ozl EMD, BT AESMEI MR R o T
HigHZ c‘:%?ﬁﬂé‘éhf-

m I h | I I h

Fig 1 SRBIBORR (*p <005, ™ p<001)
= Hﬁ%ﬁ{{?tmwaﬂ BABEGS) , PR YR=LY
AAUFR FOESE (R/U&H5), 5 : BEMEME (TD) #5300

g=-25
. 1

e;.
N J

EE® PREEY

7o 7 B )
| 3

1||1|!

3

Comparison of the saliency between intensity accents and melodic accents
Yo, FRE (SRR AR

SEHCEITLT I MY BAREEET AEELGERTHS.

®EZULHEEOT 7Y FOBHRADFSE LT 5158, 7otV
FOMBRTIIEE AR A - L TRBEITOLENHD.

SHEET OV~ HEET VLU L) LHETIEULE2EILREK
U3 FILICRE LI, ARSI Elis w57 7t b
BEASH T HI-ODEBREERELT-

& EROBRN G, FHEGEEEEROMET /Y MREEET O+
v hEABLMNAE T

=4 2EIL 3BIELOTVEL MET, HELGBEEEES DT
2t FREHETET HIFEAELKEL, HHOLELSHS.

Binary Accent Ternary Accent

? 4
26
@5,
8413
gal Accent Type
= = Intensity
2 = Leap

1 | — Mean -+ 85% CI

12 34 56 712 3 456 7
Accent Level
Fig. 1: Relationship between the amount of accent and perceptual
evaluation estimated by the model. The left panel shows accents every two
notes, and the right panel shows accents every three notes.

3-P-13

3-P-13 BnEICETAEEAMEEE
Rl 3 A% Ak - Bl A & AL TR (D FE RS

Correlation between Speech Discrimination Tasks and Temporal Resolution /
Temporal fine structure Processing in elderly listeneres

KRR (REERARR), SR FPuLX), S (EHEERAR)

*EInEL EFREEE ShEOMSIEHTRE L-RigEELY
LEEAFELN LRT 5 EHBHLMEo TS, COFFIRHE
DLFIZ, FERENRHES Y BROIERENA G Z H578EHE L=
BInE S £ UEERIEE xR HiEhiHSENE (TFS1) - Ffas
f%8E (Gap BRHRSE, 2 R TMTF)DRAIEERMEL .

S E B EREORNEORR, SEREE NH) #EeR05RE
T LE-0ISHL, &g (EH) B3 7 2ARETETH -
RIEFTRETH 7= 2 BORMEIE NH B L U REWEERLT=

& oy TRERNEOAE, HUEBREIMOREDRER BAICE
LVT, EHBHENH B L Y HEVRIRETR LT

& REHEEE RIS <R oh - E e, RO AZREDIET
FREL TG 2018, ETHRTR ohi-EFRAIRHEDT
BHIC OEEEHETAZEAD—DOTHLH EEZ LMD

(a) (b) (e)
F40

ign w...:;?r-.- =11 ‘E’ n=? n=11 %
g e = §3U 5@
6o Ex gg
E g ) S§

30 T1o. &
e alEe |
F o aof * g

EH NH O

roup G"’U anvﬂque |H.z
Fig.1:(a) TFS thresholds. (b) Gap detectlon thresho!ds Both plofs ow

thresholds on the y-axis and listener group (EH: elderly, NH: young
normal-hearing listeners) on the x-axis. (c) Temporal modulation detection
thresholds. Solid lines shows NH group, dashed lines shows EH group.
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Bi=EEEORERE: B CEEGRES O
HEEICEOCEFEADEE
Bone-conducted speech intelligibility in extreme noise with earplugging:
effects of speech enhancements based on estimation of bone-conducted
propagation components

fwREEHE, KIE O DIIEE (FER

* HEESICIBROERRAIYHEL, —SORSH NEICEERRET Hi-h, Eig
A TLERICHETES.

& LIl MAEST - EARRRNORTIIEE LIS MESTTL BRELT
LERREA SOWISEETIET LI-CE&ME L. 252, WAEEET - BieEAs
[ZHITHBERRS EHEET 5128, EFREEIHIETL. SRS &0/
A XEEEEEEEEL TWA I L EEREALT

& FHRTE HASESTICH SO EUET 5120, ERSEITAERIC RS
DIFFEHRT, / « BEE EFEE0 « V2 HEL, BEEEEAR AT
f=. EAT 1 L2 OIERCS ORI EERTRRE SH s Sl

& BBERSROERE TILF b—h—> RIA k> ELd s A XElioT- B
DIETIE 609~ L EEY, $IRDA b/ 4 X70,80dB, E2% /A X80dB
TCIEEFEIN RIS RA TR SN

100 20
_ =E0dB m70dB wB0dB F mE0dE w70dE =80dB
£ % i L
£ 60 5 ]
H 0
g 40 T I. II
g g
g 20 g -0
£ @
o <20
White Pirk Babble White Pirk Babble
Fig.1 Percent comect of monosyllabic speech inteligibil Fig 2 Dff n percent fginal
test using . based on and enhanced speech under white-, pink-, and
measurements under white-, pink-, and babble nOiSe  pohbe noise conditions.
conditions.

3-P-16 KAPIZHEITEBERAHRD
BRHERIAE SN EEREANDEKDEE

Estimation of hearing threshold using a bone-conduction earphone
underwater (Part 2): Effect of water imigation of the deep portion of the
external auditory canal

OKXAE B KIE ), IS (FHX)

& BEEA VRVIZIKPTHHARTRE VSR SH DA, KPT
DBEEA VRO A ER~TPUHBOTIRENTHS.

@ FERCIKPIZHEWTEEEA Vi OBERZTRAIL = KpT
[FHRESFA o DOTEMEIRL S OB SV EEICRA LTKIZ RS E
BORASEL, SEHTORBELRSSMERETORLEHETA S
E9HETRLE LnLEH S, SHEER~OKOEA LTS
HORRICIITRRE R E o= FARTIE HEERE~DITK
EfToMNET, RUEMESUESEBAREEAIL

¢ Fig. 1 [CERERATICE T S EEREA~DKOFROLEER
7. SEEREAODKE I, BRI b8 L CGRAG B
EBLURERROERNEAFREL, EETORHBEOETE &
UBETEHRIELRHE LS Ehhns.

& Fig2 |CHEHRESROIESELTY. BKEFIEAITHEL T
TRTOATIOFEOHEREL M L L= EARIRIC L HiEE
DT FRAEKITINA, HEGEICKLIEHT S & THEENR
SIRAAED. RIS EREEEAAAYENL. M ANE LA
REELEA SN D.

2 & daddk

] 10ecg - P w0 Noearplugs  ear
Jassary L el
~e-waler imigation -e-no water  .e-waler irigation =e=no water
Fig.1: Thresholds in the air (left) and underwater (right) Fig.2: Percent correct for
with/without water potion in the deep ear auditory canal.  each condition.

(116) £3H 3B19H (k) KRzxy—218 3-P-14 ~ 3-P-17
3-P-14 3-P-15
3-P-14 BABEETICEIT2ERRERBD 3-P-15 — R - FERFULECL D

— it
BEIRTERDTRENE

Improving word intelligibility of bone-conducted speech by using

1st-order higher-frequency emphasis and consonant emphasis

Yo ep) IR 5 (AEEESEIRR), BRLHRER (EHEE),
LM%, s Clelzsisk)

O RE . BESEHATICEHSBEEREROTRELE

¢ B —KEEGANE (RT-FOE) & FE54E (CEIMP) %
HEhHE 8% (RT-FOE+CEIMP) A%, BERETICHITSE
T EFORETRENE CHET AN ERIT AL

#4i% : RT-FOE, CE-MP, RT-FOE+CE-IMP, & & USSFRIME: LD
AEHITHL, 20 BERRE LI-BEmERSEEE T RESIREIT o 1=
55dB LU 75dB DE LV HETOES THEEHEL -

SR  BESEH (75dB) [THBULT, TARTOMEIIMEREECHL
T, SRR L&Y TRENSEL-. -, RT-FOE+CEIMP
[& RT-FOE &Y 3HBITHLBEEEERETRL, CEIMP [ZHLT
LEEEEENBIERER LT

@ E£& RT-FOT & CEIMP BSRTUUBEZ{TS5 & WU b, #AEHED
C&T, BTOMRWEL Y TRESELNRAD S Z EHhhof-

{5155 4B Noine Level

’@a“" ‘é.\ﬂ" (\_.&"“ ‘«_.VL'.#
* Cadl
Fig. 1: Mean word recognition rate derived in word intelligibility tests for each filter
type and each word familiarity rank under 55 dB an d 75 dB noise level

3-P-17

3-P-17 BEAYRIAVIZBET3ERMEABD
AR HEERFEDFE

Perceived Sound Direction Discrepancy Depending on Sound Pressure
Level in Bone Conduction Headphones

FoiEBEEE, S (ISR BAR)

¢ BEEAY F 74 U BIRERESNEIEL RE8AY F 7428 5%
BEICHEATERARLSERSF Y ICHEINLZ LAHSh TS %
TARTIE. SO REESEIEET 52 LhMREShTINS
H, BEESOFE I OVWTIEHHIcEE ShTULVEh o=

SEHETIE BEEAY K74 UICBT5ERMEAROX LR

EEFEEBRoMNT A EEBMNE L

& BEME L UBEESES & LI-EIRERETL, SohiXLEicH
L CERIF A8 L=

¢ TOHRE FAEROFHRE LUEEAR & BRMOXEERAVEE
THY, BLEENEESRAAHNERSY CHE Sh HERIFED
Shtz. —AT, BEOFHESIUVEZEECTEEAIILTLE

BETIRGMh T
1.0 - =
—@—40 dBSFL
50 dBSPL
460 JB5PL
05 +—70 dBSPL|
LB
-
Ewo b f 4
I
.
05
1.0
3.0 20 1.0 0.0 10 20 a0
M

Fig. 1: Perceptual discrepancy (AM) versus presented sound source
direction (Mr) for different sound pressure levels.
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3-P-18 ~ 3-P-21

£83H 3H19H (K) HKRAY—RiE (117)

3-P-18

BEEAVRVERRICE T EAERE
B OREHEE:
BRERH LV EZAREOTE

Hearing characteristics of surround sounds when wearing bone-
conduction earphones: Evaluation of threshold and monosyllabic
speech intelligibility

*EE = MEME IRWANSYAH, KIE 8. PIIERS (FFEX)

& BEHA VRV INEEEENGV I LA S FERES EME
BUPTLEShTLAD, BE#H4 VR ERFORBEE
EOMIZEZERMICHAE L-AIXEHTLEL.

¢ Bzl (BC) MEBEH(CC) BLURE AC) A ¥RV T/ A
ZEERLEBORBSOBIEYE (F—2/—2 FOBKLR
CHEMARE) E#HEL, 1 VYRR EFA-

¢ ERENTHBREDERICIHOA VYRV TIAFT LT /4 X%,
HEEEEO 1.0 m BEh-fuECHB LEZAE—h—"N"5E F—
UN—AR FBLUVEERHREEERLE.

SERRETE, BEH A VYRVIIHLTEYNETBHEES X

BLEBRENRGLhAERMRBOH N, —A. BREEEIC
BT EBEHA VRO OBREBIIERA YR ERETH 1=

BEwCE! Srwiecs

i 5o Ta PRSI0 P <005 < 000 Mo e

] j*=

t e

g

2

S|

T

e

£

§ 90|

% -100| !

2 ms me S0 100 00 400 8000
Frequency [Hz]

Fig.1: Hearing thresholds (left) and monosyllabic speech intelligibility
(right) for AC, BC, and CC earphones.

3-P-20

3-P-20  NERICRHMEF T TOREGENETE
A1) =TSRRG DE G E R ED
ESIER

Relationship between Temporal Characteristics of Medial Olivocochlear
Reflex and Age-Related Declines in Listening-in-Noise Performance

FEBIER, KIFH, PIHES) (FEXR)

& ERH DI (OHCNBE 370 —AERITE, FERRICRIGL, OHC MU S
5% (H1—ARERREN : MOCR). MOCR 14, OHC 0% LI 5o LT, HEFooisivem
B (FLF AT BRI EER DI TS FHOEChETIC ENSTEEIHES MOCR
DHERH PLFRARL IR SR SR TS

& WHETIE BERRICHATHEEENE MOCR ATBC L, BEU SRERECIIENITHRICLS
MOCR MBSAHIAGHET 5 L 2R LT MOCR SEMIETAS MBH=H:S M T CORIRENETD—
ETHHZ LriTRE FHHETE TEEEEHRE LT, BHIRIERITHD MOCR ORMTEIEE
MEL, ST COSIEME OMR AR

+ MOCROIZH LAY SIS, BN A~ TR RIS R o1 TERIHHLTIL MOCR
OIS EAYBMASELYEE, METTORDRM L LASES N Fg 1l —5T, oSSt
1ZHLTHE, TN <S8 R B S o1 (Fig. 1right).

& FHEREENS S LAIMITE SR TALTY, IR0 MOCR 348 HAAED
MHBSEDEMY RN ChAREASE, MENTRESITS LAYOEES B TEROETON
B ST ORI FADESAAEL I LAYERENT

Young Middle-high aged
»n 308
B us ) - . —
=
%% n w5 s
oo 2T 38 ¥ = S
g2 : e Tt
g™ i
55w w T 5 N
§ @ # 4.5
c
B Eus 3
a
M 355
109 0 %0 - L 100 200 w0 400 500 800

MOCR onset delay [ms] MOCR onset delay [ms]

+ Fig1 Relationship between tone-in-noise detection performance and MOCR
onset delay for young and middle-aged adults

3-P-19

3-P-19 RIEEICEIRSh 2REHH B LU BEERHS D
HETE (58 2 $R) - PHIR S OB D D HEE DA

Estimation of air-conducted and bone-conducted components perceived
during chewing (2nd report). Estimation of the constituent components of
chewing sounds

*EBHE, KF A PIESFERD

SHERTIL HIEE EAERSICAE ShARERS E BiElmsE
HEL, MRS DARY MUCERGEVWIHET D LA HREL

& —7, HFFIZIE EROER, BRET YiRTIRO L TOWEDEE
MR OES TEOIRE), BHAOUNEE SOEEL EOMRALTFE
BENFET S

S EEFTRTLOEFERSOREZBEME LT, #EEELOENICE
SEMT (TS EEHCEE) (2R LU 5 HOEFOEFHE
ToTWAIEIC, MEOHEAESIUNEENICELSERE LU
FlARSSEI“E L AIREOEHIEIT o 1=

S HEFLEUS EERNSEZSZ 1,0004,000 Hz TEIEBEEOE
EHRKEL G2 (Fig1~2). EEIZIZS 5 20F— (FoHo3)8
JLiz) GAESOBREEEUTYRLES BEIEYYRE— (4
SH008)80) LTz) TERGOERSHNEMENSEBDIS.

& FUHRSSRIREND AT —IZEMHZ & S FERE] (~250 Hz) TREHN o1=.
Fiz, SHEICEVTEBES THEALY, BEETIIEERnER
HEA LTz (Fig.3). FLECSRIREIC(IRROBRST UELIZHES
FndYd, TERERICERT AMAH S RMEhbEERLND.

= o %0 : o= -
g eI = Fw *penl P == ™ 4 ) -—
e T Nl g et : ng T
L M Jel T e Sy >
» 40 2 pen T
125 000 8000 -3 1000 000 124 g Lo
Froquency [Hz] Feequency [Hz] Frocuency [Hz]

Fig. 1 Power spectral densities for the chewing and the empty-chewing conditions: Left: the sound
pressure at the opening of the ear canal, Center: the ear-canal scund pressure, Right: the vibration at
the mastoid for the chewing and the empty-chewing conditions.

3-P-21

3-P-21  DPOAE Suppression in Humans Under
Bone-Conducted Ultrasonic
Masking (26-42 kHz)

IRWANSYAH, Naoya TAKAHASHI, Sho OTSUKA, and Seiji NAKAGAWA
(Chiba University)

@ Ultrasound is generally considered inaudible to humans, yet via
bone conduction, it can somehow be “heard” (up to 100 kHz).

#This suggests that ultrasonic vibration may reach the inner ear.
But, which cochlear region actually responds to ultrasound?

#In this study, we identify the cochlear frequency region influenced
by bone-conducted ultrasonic masking (2642 kHz) by observing
distortion-product otoacoustic emissions (DPOAEs).

# Our results indicate that bone-conducted ultrasound suppresses
DPOAEs mainly in the basal, high-frequency cochlear region.

175

Average DPOAE Suppression ] ey
150 ata 14 dB 5L Ultrasonic Masker Level —— ki
~==~{l-=- 30 kHz

=== 34 kHz
38 kHz

=
[

e

=
z

50

DPDAE Suppression [dB]
-
W

25
3000 4000 5000 6000 7000 8000 9000 10000 11000 12000 13000 18000
f: Frequency [Hz]

Fig. 1 Average DPOAE suppression across f; for five ultrasonic maskers.
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(118) #3H 3A19H (k) Ky—285 3-P-22 ~ 3-P-25
3-P-22 3-P-23
3-P22  HRIEITICETRESERETE 3-P-23 BRI L BBEAEHFETTO

EREEECORER

Relationship between otoacoustic emissions and event-related potential
under inhibition of retum

FREME, XIBE PIEHE(FERD
¢ EEVThAOEIZNENISEERFEET &, TOMNREEEAL 425
FY, HEE~EEN R ShEE S5 (B, Inhibition of retum: IOR).
4 IO0R FTIE IEEEEHICELT OAE AMAT 52 L, RU. TS
TEEROD o iOARE L ORIHEEI R S h A C L AT CHEE L= IOR TR
WO RN 5T A AR SO0, BERICETRE
OIEERFEA TS L TLAINEREEATH = AFETIE OAE LREBHZH
SBTEELT (Event Related Potential: ERP) #i7E2L, &UEHI-HTHERP &
OAE DBERFE#IR~5H & T, EMAEOHIIEh S RO EEEA -
& TEHICHEEMERENA & ERP [CIBEOBRATHEAEL (Fig1), FOE
FHEEAREVEETEED DPOAE A& { 472 (Fig. 2 PTEOIEE]).
TEOHERIGEE OIS HITHD L-C e, 1I0R T CIAEERERAEIN
[RRRRE SRS BERCRORINI BIS ¥ SEMEEA e —75, IOR 2%
T AN EMEETClL BEOEMLEHoBLTHRESh I eSS
(Fig. 2). 1OR LIZERLY, BROESHFHEDILIZER Y FO—ohEE
FHOFRN ST B LARE ST
Excganscus aiiantion
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N | 00®eE

Argitse (V]
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Fig.1 () A typical example of grand average ERP T Ot Tl
recorded during IOR (B) Déference waveforms obtained  Fig.2 Inter-individual comelations between
by subtracting the ERP wave of the non-attended from the  AERPati-unalt and ADPOAEat-unatt when
attended condition (AERP s .). a target was presented to the left ear

3-P-24

3-P-24 EEREERRHAA)—THAFERRGT
BLUOMET TORERICRIFTHE

Effects of transcranial direct current stimulation
on the medial olivocochlear reflex and listening in noise

FWEEDE, K PIIEE (FEXF)

71 —JB4ERST (MOCR)I., S EHAOEIBHAEEITH L. 4
ETCOESREEZRET 2BE (FUFIRXILIMBRET 5. -,
KB EA SRR EEEL T MOCR HEREShDZ & E30%
THHMRLEWSh o Obh5. AR T, EEEEFAMN (DCS)ERA
VT MOCR OFE~NOBSATRE S W TS EERETFORE M+ IH2E
[ZZFAL. MOCR [ZRIFT 8T~

1.0mA OEFIHERHE 10 527, —H91Z MOCR AER L. 3
BT TORIASEmALE Lz F1z, (DCSIZXk 5 MOCR OIEEHAE
L VEERE (F CEIRSOSEENREVNZ EARS NI (Fig ). —A. I
B EHY DA TEFH TN BRI TEEEICE IR S hEh -
f=. THEMERMS, DCS IZE2T. MOCR DF U FIRAFX T
REBHLNHIENTREESN-. DREFFRT HFEEHIT AL
T, BEEEMMERES TR OWSHAMNER TH LS T TORER
BN N F— 3 UADGELHETE 5.

_2
£ Sn!g.o .“ - r=_o.55}p=n.043
T R
[
Bge | 1
S

-1 3

0 2
Charge in MOCR strengthZ[dB]

Fig.1 Inter-individual correlation between the change in MOCR strength
and tone-in-noise detection threshold after anodal tDCS.

JRAZ2J T 74— b O
Evaluation of Listening Effort under Competing Moise Conditions Using
Electroencephalography

*iRBER XE A PNES(FER

& BERPLR RS UG EOBEEREICHLT, HFBORETHE
BERHENAICE MDD o, BRI CEEE T EALHRES
MTWE COEFIISh =ML Eh, FOBHFAIVESTE
I EHTLVEL.

& EREHICES VA= T T 74— (Y 510128 GERER
M) DXL BREETOR FLAGESEENSE2ERE L
TEMENDOHD. VAZ VT I 74— b EEBMNICHET 52L&
HTENL IEEOEIERETIHEAIZ LY, B S D8
LEIPEFHHTES &L SITAHTHEEA B S.

& FHIRTIE REE T COEFRREICRE L S RELEN R —F
EEEERAL, YURZ VY T4 — ETEFNISEHET 5 & LB,
FRRHRAE & Dt RE R AT

& iFEEAEREFER S o= om, IEEEOBEEN T,
2FY, BEGRHCEOh AEEERNMENT 5 &, SHEEDIRIEN
BT AERA R THN = S%ITY A=Y T 74— FOFHEEE
& LTOEMMEEHETRIHEE L L.

_ - 0"

;;: P N T 0 Sy
i ' i d

EsduzRERE

Correct answer rate[%]

Mossne M SNAD BNAZS SNAS SNAATS SN0
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[
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/
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Fig 1 BEEH. BENRHOESS (£). £MENSEOEBRRED (T—AASHLEE)
“p<001, *** p<0.001

3-P-25

3-p-25 [RDEERS ORHREEEL ALV
B AR ST A D X A

Sleep assessments using the temporal stability of EEG oscillations
F ARG, KIE ), dIEE (FIEXR)

& EERHIC L SER{EESRICAET SHRELEDSTHhIA TN
M, ETHETIET7 o r— AL SRR RSO EHEED
TEHTFET S92, BiFOEERAHEER S (ISE Ot H 5. #
T=I RO BRI ER LUV TEREEAL, EEDFHEEZ 1To7-.

& LITD 4 E40%eho 27T CHERBRES FUREROFHRET
Sf=. (1) PFETEHROTEALY (Neutral), (2) DLIFELLY (Low), (3)
PFEEERFELLY (Middle), BETF (@) H4P1Z8FFELLY (High).

& WEREOWHEREIZHL, OSA MEREIEEZMS MA M (OSA-MA) 12Xk
LHEERAE O EHEETo1=. iz, FHIESh RO EHERS DS
CABRIRR A SRR EEE L=

& FHOIFELEIZH-T 0SA-MA QOAOFHEEIZFREL-. —4,
WELSICHSBRREEOBELELIIRohGEh o200, §
HiE 0 HETIHERR T — L DT o TEHREELSEEIC
KL=

& BEHHSDN\T—TIEERHELLERRT—2 1 &£ 2 TH-T
1, BEREETEEICE b L. B EE EREDRES ZERIC
RADHT-GIEECEYES.

_5 5

z, . mWake ®NREM 1

£ 1% NREM 2 = NREM 3

2 ]

g3 3 by

T2 2

2

El 1

o

‘_0 0 = p=0.05

Delta Theta Alpha Delta Theta Alpha

Fig.1:Temporal stability for each condition and each frequency band.
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3-P-26 ~ 3-0-3

#£3H 3HB19H (K) KAYy—=5 (119)

3-P-26

3-P-26  Dilated CNN model for real—time spatial
auditory attention decoding from a
dry—electrode EEG device

#47RER (RIT, KAIST), AHwan Shim (RIT), Alnyong Choi (Ulowa), Sungyoung
Kim (RIT, KAIST)

Instruction: Left

Auditory attention decoders (AADs) allow the decoding of listeners’  spatial
attention from EEG signals under naturalistic listening conditions. This study
aims to develop a concise, dataefficient AAD framework suitable for
dry-electrode EEG systems with limited channels. Using EEG data from 16
participants in the KULeuven dataset, training was restricted to 18 channels to
emulate a DSI24 setup. A modified CNN-loc architecture with dilated
convolutions slightly improved static accuracy; however, the original model
provided more stable realime attention tracking, highlighting a trade-off
between offine accuracy and real-time robustness.

3-Q0-2

3-Q-2 AERETIIZEIKEO avk
EBARMREBIZBITA9HMEE
ETIERW ISR/ AT RAFHIE

Bias Cormrection between Seen and Unseen Classes Using an
Out-of-Distribution Detection Model in Generative-Model-Based Zero-Shot
Acoustic Event Classification

Y EREET (MFX), BER— (IHEX), AN EhHHFEX)

ORE CREE) OBERARY M SRE SRAOHBER (BiEHE
) EXICHE - #RT A0 3y MEEOFRERE BRINR
OFBET 2R TE G REBNFADIGANMRF SIS,

*H0L 3y bEETIE FHYSADLAY M (EEEH) &
SRIEMEEIOTLEENHS.

S ENEEHEL T, ATMEHETIVERV TR S RhFAY
FANEAQTILT S, (EEFETE CORITERMETO/ 11
ZfEEL TV, IBRFETIX0 -1 OREIEL LT, &YVYTH
RERICERL, 2 5ADEBOHENEHS.

#Fig. 1 |29 Seen-Unseen accuracy #i#f (FEIOERAKZLVNEE
B &Y, BREFHGERFERL YBLWHREER LT

n

14

e

s

|[— Proposed
| =—+= Previous 1
------ Previous 2

assification accuracy for Unsee
e

Cl

o
o

as 10
Classmcanon accuracy for Seen

Fig.1: Seen-Unseen accuracy Curve (SUC) for each method.

3-0-1

3-Q-1 HEELERBEEFRIIZEITS
RAG #ERALE=-ENF T avER

Retrieval-augmented difference captioning
to explain unsupervised anomalous sound detection

Quhvath, BEEEL )II0FEF (B IIERR)

& RS BOSER S LREEERACEV T, BRENERELHELT
EDESITRGINERBRT 25y T ay EnpFrIiay) #
ERT HFREIRE

& BFISRAERL (Retrieval-Augmented Generation: RAG) [ZHDJ%,
RETLEULTWIERBEFBET 40 olBHRL, BEEL

BEDX v T3 UEHSE
= ERBLEEEOERERAENT v T a vEE/R

SIEEFR L ->TERLEESFT v T avhl, BREOERZETH

TETNSI LEHED

Anomalous

[ fr

2
| Sounds like a machine running continuously |[ Seunds like water running in a shower |

Th s o nd is different from the normal sounds as it depicts 8 machine runnin ously, without
interruptions or additional sounds like water running, a car engine, or a watcffall wh-: are present
in the normal sounds.

Fig.1: Spectrograms of anomalous and reference normal pump
sounds and comresponding captions. The boxes in the first row denote
individual captions for each sample. The box in the second row
denotes the difference-caption.

3-0-3

3-Q-3 IRIBEEEHAXOTHAEREEM
T—3EIMIBITEHEE or BEEIINT
Acoustic or linguistic analysis of environmental sounds and captions
in subjective semantic alignment

OfiF &% (AR, TRl 22 (NEC)
o IRRE LA OTHRTEHESEROA T ERET 5.
® FEERTIE BREEHENT L ONERS LA LEREEIEETFRIT 2.
> fER& Y, EERHOADANL L THHEBHEL BHEEET
AETERT 5 &A% o=,
» IDEEEENEOINICE Y, BECRREEME L OERELEED
SR Frd v

H
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(120) $3H 3A19H (K) RRI—=45

3-0-4 ~ 3-0-7

3-0-4

3-Q-4 Flow matching L\ =2 A —T 44 F
Y IazZ g okt
Diverse Audio Captioning via Flow Matching
OFRMAE, PHIBIE. EXE(\FVY=D)

A —TFT A F v T a - LI EERIREBREETRRT H2RY
THYBEGIFEL LTEREL SHEL H 5. ERMEE SHIE0M
T HFEE LTHRMETLZAV-FEERSA TS, T/
A VUYL OB HRNGEETH D,

& EREE L SHREOMREE R LU SHTRZIERT 518 Flow
Matching %ML \=FikZ1RE.

SHHETIERFEO7 XTI F ¥ ERAVTHEREDEIZLDE
FEtE, SHE~OREETHEL -, ERORR. BRAILMETIL
[CHEATEMEREZ TR L., AHHEEZTIFTLMRESEAVNE N EH
mEREhi=,

Mathod Accuracy Diversity

BLEU4 ROUGE METEOR CIDEr SPIDEr | Vocsb mB4  div1  div-2
Bascline
250 stop 0.141 0.364 0.171 0375 0M7 3 0.120 0578 O0.787
30 stop 0139 0.363 0169 0.376 0.M48 2782 0012 0581 O.TM
10 stop 0.138 0.363 0.168 0.367 0.253 3343 0006 0507 0810
Proposed
250 stop 0.153 037 0176 0.402 0.263 2256 0200 0507 0.721
30 sop 0.5 0.380 0178 0.403 0.264 257 0B 080T O.TH
10 stop 0.152 0377 0173 0.303 0257 2453 0188 0506 0.725

E 1 AEA LR B TFIEOEREE SO BTG E

3-Q0-6

REZQT7 HEEm/IMEIZE <
INAT RFRBZER=
R A RAL BRI R R B AR AN
Adjusting Bias in Anomaly Scores via Variance Minimization for
Domain-Generalized Discriminative Anomalous Sound Detection

HIRARETE, FATHER HUANG Wen—Chin, FEER (BHBXP)

S HRIMEETRAIIEMREZN KA 22T FOT=HRIULEREN S
93

SIEEFA, RERQATERRES DA TFRAEHATHETREAS
DU MITIO—F LIz, BIEHIAHZRERENIRES 5.

O KHAZI A T RACEAMTFAZA—FEBAL, BEAOT75HHER
IMEIZEES o3 7 REFRERL: FA 1 VIRIEREERIMRE SR
EEIRELT-

¢ ERTIE ERFELYLBIMEEEERL, EAMITASA—RIHE
MG ZEM) B STEREDB LB DASEIFN B C EABI LM

>7f=.

Table 1 Mean of official score [%] for DCASE2022-2024 datasets.

3-Q-5

3-Q-5 MBHERICHEFTENEZDO-ODIEEE
EF TS EERAN-EEETIVY
Acoustic Modeling of Coffee Roasting Sounds for Identifying Crack Events

O%ifE Fh(EEHARD, MH RIELEHR),
PR BER KB AR Pl CRIEBTHARR)

& AHESEZEE LEOEES LB ORIE GEE - BE -
IBEED) ERELT A

& FRREIZ6 LT HPSS 23 L, @it &/ LRSI <0 iR 5.

& ULRRSD B VEIREORIRY (BRECTROES - Tk - B
617 L—LER - L) #475.

¢ EBESHEARD & LT SSNMF 2EB7 5.

SR VEMF L EETREIBHNSEEL LTERSN, NEE
[FBER A R e LTSN A T L ERREL -

Fig.1: SS-NMF-based crack events extraction results

3-Q-7

DCASE2022 DCASEZ2023 DCASEZ2024
Baseline 63.79 57.00 51.59
Previous 62.68 65.32 5147
Proposed 66.34 67.41 54.10

3-Q-7 EEAERBEEFETIVFEICALV:
E2E BB EERRE O M REETM

Evaluation of E2E Onomatopoeia Recognition
using Randomly Concatenated Environmental Sounds for Model Training.

*FI A EH E—GORILX)
¢ ZELIzEnd-to-End BIEREEHTTILOEE T 22887 515t
> RIESESHER (RER. #EAR) LTEBETHEAE
> REROBEEE2SH-¥8I2L->T, FERLRVIELEEAD

& {RE5 -
1. BEEREOTEBREEERICHR. BB \F—OFBERIE
2. RERESEEMN LR A2 & TRERGRYIE LOH A ZHF
3 BEARDT—IYMEEOT LT, REN\I—EEH
4 EHOFE TS THEEEETTIVERE. TRNICELUEET
M (1, 2, 3TIE ERT S E0EELHIE)
> 1 FET—24030,000 (EEAR 100%)
> EH2 . FET—240120,000 (FEEAE 1009%)
> GH3 . SB/TF—4530,000 GREAR 809+ FHEE 20%)
> 4 FEF—2530,000 (REAR 80%+RER 20%)
SR (R 1) 7T ABDBEROTE
> MAEBEOBCEINITIE mmres —arr snr s
REREZSCHALAFU 50mian 27 B0 a1 or

" Fratd Ll u7 80 173 133

Lotk (FERGRED asaon 280 3.3 3.3 160
Hikk R 5.0 613 640 66T

MDY F—L# 573 467 560 720

&E%m‘) 24 IH T L3 44.0 42.7
F7DS v 28 467 5.7 280 70T

» EEAROT—42 OtEnAt <oROrYH W0 3 160 187
ittoitao 320 227 3BT 280

tgEmE bl 3ERS LA ST 367 320 345 363
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3-Q-8 ~ 3-Q-11 #£3H 3H19H (K) HKRRAY—=R5G (121)
3-0-8 3-Q-9
3.Q-8 el - e P 3-Q-9 CNNZALWV-BEICLIEAEmZEL
ZEEEHELESHEMEREEICLD ICBETEERTHRRBFLERICED
BENREEICRIT SRR REBESRE

A study on deep leaming-based automatic music transcription
via multi-pitch estimation and pitch-wise instrument recognition

YNERT, REFFH, MR (RAlE BT )
® 82D HERRIEEIE
r BEEICEDEBDVEDBEOTEREL TV ANEIHE

SREFL  ZBNTEHEELETRIEEL. BHsh-&TRIC
ALY DEREMET 2SRV (BRHARBNE) (ZHF2 (Fig. 1)

@ R—2 54 UF% : Endtoend BB SEHTEETIL
& SERER

> Average precision (AP) AMET (66.4~75.3% — 48.9~56.7%),

F1 AaFIIRZEF 61.2~69.8% — 59.9~70.1%)
<+ Precision-recall B DT A
> EHUFEEICLY AP [FRELENA—RS4 KE F1IHET

& BERTNLOFTAT AP F1 HiELE LIAR—R 51 Ui

Pitch
Pitch

M

Log freq.

Time Time

l}ﬁ

Only one pixel
Is positive

i

-L
Pitch-wise .
Instrumaent > = - > =
Predictor

Fig. 1: Proposed framework

i

Log freq,
o
S
@
ded i
V
! =
Pitch
=
H =

3-0-10

3-Q-10 CNN ZRAW-FEICLIEAEmAEEIC

1115 BT — S OB &S
7 —Si3EI<PET HHRE

A Study on Data Augmentation via Time Warping of Acoustic Data for
Approaching Vehicle Detection Using CNN

Yo INERAREE, SEITHRE, MEHRIE, IREFFHE (BIK)

& H= U EEHZEREHE5LE & BRI, EER ETIER L I-F &R - HERE
MR ERET L TULVS. A OFEEM L BB HEOERODEHIRIEL
T8 &R 5L 51748ty FEBERIL=EC S, T4

DHEEFAELIZDO0, T—28IFH3 501 EAEISHED L=
S FETIIFERT -2 MENZE BN E LT 2IBRFEE LT,
B LY IC K BET— 2 ORERROERAEET 5.
&1 FBEOBBEE - CHLT, REBEICEX HEEHET 5.

SBEOBHIZONT, TRTO +I2BLT, BIET—2DOAHTESL

1=15E & LB L TREDR L EREE L.
ST, r=11~15 OFEFEIZHET, 10pt LERERLE LTz

90

85 N SR 1
% =
275 .

- H i
= i
27
g

65 \/ e

, [~#8 —mR w5 L]

[

1.0 11 12 13 14 15 16 1.7 1.8 1.9 2.0

resampling_ratio

Fig.1:Accuracy results for each resampling ratio.

EIHRE, IERAREE, fBE{E, IRTFFHH (BHAR)

¢ HELEBEHOSLEAEMIC, RBLOEBLNZERICELTIERLT:
ERRSHE AV TEIEGREERH LTS, EEOALT—2
[Z&IFHLEAEERIE, 609~1382 Hz D #FER L THY, 600 Hz
LITOEEFEESIEFEISER L TLVEM o f=

S AHARTIE, CHBEROBESEE 46~1570 Hz ITHBRL=AR
TR EERT . ANT—2HEBREEMITH 2 f5KE (liot-t-
, CNN ETFILOREEEAROIh—RILYA X4 2 5I12F 5.

¢ LLEOREFEEOL-ER BHESESZ10.0 #)D 5.0 #Em o
40 FRTETOREDL, EEETILEY B 15ptMELT-

SFig1 [CIREFZEOBRAIE LT, BRIBOHIERISERT.

—100 j
0

mmmmmmmmmmm

Classification ratios [

Time [sec] (0.0 means the closest moment)
I Approaching B Moving away EEE No car

Fig.1:Classification ratios at each time in
approaching and moving away situations

3-0-11

FOM s mrem g - RSO RA S5

Anomalous sound explanation based on timbral features
OFEEEEL, Purohit Harsh, LA, Sk, JI| O T (B ILR4ERT)

S HENE LREETRAMICHENT
RE-ERENZHIT SRMHTIRE

¢ ERREDERMIEIR (Shapness, Brightness,
Boominess, Depth, Roughness) @) |
58X & LTEAKE

o ERET Y EFETE | BB OMNESTBRIZER

COFEEREELOURIZELY, EERDELSDEZE
B9t L CREERES DA EFTE

& MIMII-DG ZT—% €Y kT
RN—R 54 % LB DRI Z T2

ik At i
e R

A(z")

'E'E.!in")f\:b
T T wey l
—-lvwbh‘

Fig.1:Proposed timbre difference labeling method
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(122) 38 38190 (k) Kzxy—=ig 3-0-12 ~ 3-0-15
3-0-12 3-Q-13
3-Q-12 BEhEERFDERET I —K/\uoE Q13 . s .
L& BEBHUTIAURILERDYE HELE | L == TROBESP

Effects of Acoustic Mindfulness on Drivers During Autonomous Driving
FREFE AREY, BAEN (EEHA-FREEHER)

& BEEEGRITOERIEIEATOSD, R RS54 \DBEEEED
hTHLT, BEGALICAF-RYEAIRETHD. FHEOKER
REDOV&DIHRFOEHETHY, COERFEERT SMROEHE
ERWVETCENEETHS.

S FHARTIE, R - DAICERIL= T+ — K/3\w o (FB) E%BH)
WS TO RS/ /NIZ2RT 5 LT, FENTA U FILFRRIC
K BIEFEER - TOBRDNTH—T VAR LETI JEEERI LT
(Fig.1)

S4EOFBE (FHRFB: EwvFEECES3HE - L¥EFB  bpm A O
/=L 2L BRAEERE (B/att) - B \T+—<RER
WTHEREL 1=

*fERELTFBE (C5) BEEWSS B/ \ 74—~ AW LAER, FFR
FBE&E (C5) HEEUC=&AHTA > FIILRAHRIHEER SN

Level-4 automated driving Qutside Level-4 ODD
[ [ |

Autonomous
driving }
Mindfulness
(relaxation)

Fig.1:Conceptual flow of the proposed approach.

Manual driving
(high performance)

Physiulogi&_
signal FB souw .

3-0-14

3Q-14  HiEwAoORUILDEE
FEEM L

Improving the accuracy of absolute sound pressure measurements with the
optical-wave microphone

OB, BiSAE, THE (ELH

S I A J DR UIHENEENEEO—DOTHY . BEICKDER
DENEOEMZEEE L—YIREICE (A NBES RORMZEL L
LTHHT 5. BAITEET A 2 ORIk ABEOERAIEDSEIR
LERELEBME LEIREREEH TS,

& EFHHRTIE, BIE AT LOWHAIREISERT 5/ 1 XOFED
IHEOBRHEENE L, QIR AT LSS L—FR SO
&% SN Leodlss &R EOR LI DUTEHE L=,

S ZTENRSEFLLSETEEFAEL. 22T/ 0KUICk
HEIEEL T D&, 4kHz DLETIEEOSEER &ML S
EELI LTI ORAZEBAEES 1 dB IEBEDERT—
L1z, —7 3.15 kHz LUFTlEa T4 & Ok EOEHYE
ALTA, BERESROESTIIEIN NS (RS EERRLE,

st RIE D

—0—7.5cm (Opt. mic.)
=15 cm [Opt. mic.)
—@— 30 cm [Opt. mic.)
—&—Condenser microphone

Sound pressure level [dB]
(re. 20 pPa)

1000 10000
Frequency [Hz]
Fig.1:Sound pressure levels measured by the condenser microphone and
the optical-wave microphone.

BEEICSZ 3R B 0MIRE

Preliminary study on the dffects of music on muscle fatigue and recovery
during strength training
r AENE, W KESET (RIX

i EERNIEROTE AV L AR CAREOHIBTAE L <

B0 Y X7 OHEETHFES
H ERFRORRE : SXEOEIERDEEIASATLSA
% { H'E R

BEERST - ETOH  LIBEZRRE
v

HEETNERY, BRERHIHES - BEIC

53R EEEBMICREE

3-Q-15

3-Q-15

BESFEAED=HD
R T — % DSANERETFENHR

Improvement of an Cutlier Rejection Method for MEG Data in Imagined Speech
Classification

WHESASEH, KFFEE, RO BB (EX), PIIFEE (FER

¢ EET—213 BERCEET—ALRLY, TRAORUMERSTLL
IEHTHS. FIT KUEEFELY T2 FHERTEMIZEEL, 2
T oiER Lzt AL Esndiis LTRSS ARSI TLNS.

& HRTIE, SFEEEROBEEICK L tSNE ZRICERBETL, ShniEik -
REET 1=

® E5(TREIRTIE, B oA L TERRHEEZTL, \oh-ERNRESIC
HUEBIMEET 52 L TTF—42HsREEE LT (Fig. 1). COHSRT—421L
SIESIEROTHIEE & HERROF T AL

& ERORE SMIEREROFET—2IIBET - EMAS LT, HiEH
EoRLEIFERESNT-

by,
——

“"Y@(HJ‘"' by
EEEN.C -_ o
e ra—— .
* oulﬂarrq[ nu Ted MEG
Training

@Dutller rejection Tramlng
m Augmentation |

Fig. 1 Overview of the proposed method
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3-0-16 ~ 3-0-19

$3H 3B19H (K) RRy—=5 (123)

3-Q-16

3-Q-16 PBRBRAFHEBETICE T
EETIVICED  EBIREERER

Sound-projection-image synthesis based on latent diffusion model
for few-view acousto-optic tomography

OBNBIEFNTI/REKRET), B)IESA,
[FREENTT), RJIIEEEKRET)

& LR AFNEERRICE TR =RTERT

> MHAAN SEHR L - E1B0#HS T — 2 ORESHEHR

— L YLEVRAIT 2 bDETERET
& 125 EERRTETIL (LOM) [Z&YEBHROT—2 28/
& ER  WERRICKYEST 2 OERRIREEEHED

(EfMETF_FE8% -12.19dB)

(a) Observed

- e daﬁ Generated

Sound <= '
. E Observed Taln-r-lgel
““Unobserved angles  angles
Observed data
data

(b)

Gienerated

Ground
Truth

Fig. 1: Proposed method (a) Conceptual diagram of proposed approach.
(b) Generated and ground truth data of five different data.

3-0-18

3-Q-18
FDTD%IC T 2 BIPUR R &8 Fi% 0 5

Evaluation of optimization methods for absorbing boundary conditions
in the FDTD method

r REMAN , ZHEEETE (BIX)
FIE PMLOBEZEFRERE{LFE Parametric, Full 2%

H wsin st coRElL 8 19E

S
PMLoE M=, FEMEEESL
WAL & TP4E
] WFNDEA BT SFullic & 2 BELA

LUEMTHD Z LATEERE,

Shifté0  Shift40  Rotate

Jo

Fig. 1 Simulation results. Time progresses from left to right. In each group,
the upper row shows the "Parametric” results, and the lower row
shows the "Full” results.
The peak pixel value of the initial Gaussian pulse is set to 1, and the
dynamic range is narrowed for better visibility. A faster transition to
gray indicates greater wave absorption.

3-Q-17

3-Q-17 BAREILANLNERERL:
DBEFrRILT LA EHIRE EDKRE

Sound field recording method using distributed
multichannel microphone arrays based on kemel Hilbert spaces

TANEEA, RAE— (SEALKEER/ BRI

@ EHY FE - 15EEIC T AEBREOERIC LY, BIREBATO
EEE DA EIREE 115,

S EF v RITA I ORUT LA IEEHOTA 0 ORENSEER
TS ZENTE, ERELRED S URIZERS.

S TLTEFYRILT LA ZHEEE L, Y BEFEh 880 EHEI
BV ARBEF Y RILT LAREETRI L=

S NERDESHLESEEMMT 512hi-Y, SBEBRERKELL
2R (RKHS, reproducing kemel Hilbert space) DEF&EL AL,
HHBRITE D ZRIADFH B ST B E T o=

&2 31— a3 iR BENES (g 1 £ IJRES Fig.1 5)
OiFEEE+57IcERLE-

o [

e

¥ (m)

Amplitude (real part)
:\m]n]in)th' (real part)

-0.5

1 2 -1
o 2 -2 [ 2
x (m) x (m)

Fig. 1: Comparison of reconstructed and original sound fields
(Left: Reconstructed; Right: Original)
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Qg FEERAICEIERA DAL
FEFH 3 RTEISBEM

Fast and versatile three-dimentional acousto-optic sound-field reconstruction

based on equivalent source method

ORIE:S H)NIBETF REENTT)

o FNEFEHACH TS EHBIEM
— RAETH TR SOEESTEIET T M
o JEEFE MIEETIA—X, FEFER-ARE
— AR - BRE - FUANEOMIC bL—FAD
FIRED DM CTRE - FAEETH R
o BRI | RPN ORRLDBINRFEEIRR
v AEZEMCEOESMERRECLDHEE - Ak
v BREE Sy 07 v IT—TILC L BEERL
o BEZEESOARIR4 RS BEMNR e TER

t=0.000203 t=0.00024s t=0.000285

|
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VI POy T R —
-:.u'l\'ﬂ'fh 1
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(124) £3H 3B19H (k) KRxY—215 3-0-20 ~ 3-0-23
3-0-20 3-0-21
3-Q-20 HBEERLEESEOMRMEICETS 3-Q-21 HAEHERELIZE <
EEEaoREt HRTF DE AL FED RS

A basic study on the correlation between electrogastroentrogram and
intestinal peristalsis sounds

OmlmEHE, Kig #l, PIFEBEFFER

& ARSI SRR SEEDBZIRICAL O TR Y, IREITHHETE
~ADGALEALN TG, TORESMICREA =X LOFERZ
TBREZDY, EICRHRORBIMCHADBEIC L > THRET LI EHHS
NTHEY, BOEBEE)#EENIC KT Sl TldiiL.

*—7, BYEEOTEHOBSAEEIIBHEENE LTHHIENh.
BEHIHBETRAEMOEMESTHY, WR-CIEAOEE, LER
WEDTFT—F 770 EDODHLMHLOEVNSEEZELTLSA,
BOBECEHFOLOERRL TS,

& AR T, BRI OBHETRIIC 51 AT RO H DEHE
BEtE LT, RS & BRRERORBEHAIEITL, mEOmEEIco
LNTHEET L=

*—HOBET—4 (BEER thLTERST—4 @) Lo
M- BERNEEMERAERD Shi=t (Fig.1 @ E2), tOEET—
AZHLOTIIEHEABRIZERD o TUELY. BB LSS0 HEHE
EOIHIMEE TS T BRI A0EN DL L BbhA.

E1 E2

s=| p=000, =085

=072 p=058s

Fig.1 Scatter plots of RMS for
.| EGEG and bowel peristalsis
== sounds (blue: right, red: left)

3-0-22

3-Q-22 AYRTIAUVRHIHYUROBLIZBNT
BENEREECSZRICEHT SR
—ARAD HRTF £{EALT=

A study on the factors that cause for the lateralization in headphone-based
VR sound reproduction - using the subject's own transfer function-.

Ofmzsr, THEF(SMER), RER REEA(EXRD)

HRTF ZRALV= Y92 FBEIZSLT, 1D, LD, EHF#EH
HROBERELEICES 2 2R EERAT SENLERER

FEREOSEE LT D, LD, EHFHER (A 2 ULRABEE TILS BT ET L O,
BEUBRICRACRBERTT 35147 v 2 IRFERNC, T EMOPMREERL 1.

—* Bk B RO

o TATOMMEEHILTRRINEE. 45 | | o 7 EmOBRMEE S ETOERHH, St
L)L, EREORLVE 5 B2 1,0.-1,-2T SUHLIL., BRRERTLL GUI TEMRHS

L] L]
Dstanni=

HRTF Customization Method Based on Combinatorial Optimization
*ABHES, SRR, #)IEERFER
@ HRTF DEAZEICL DEMGEMBRERRT 5=, BZEHHEVE
MEFEERET 5.
®HRIR % tSNE TRTHIE L, EPELTIA I LICRENY SRS
YUTEERL. &9 3X2MNO HRTF KEIES g
WERREE LTERE L, SEHEAaE &é%ﬂ‘]ﬁ?"l——/ﬁ’&j
BEIZL7=
€21 BTk HENEROER FHEERE ;
L= Fig1(@). —7. M@Sﬁm (Fig.1 (b)).
@ ST HRTF FFRIBEDRE L, AROAHEEDIRTESHTH
REHEDD.

90 50
I N=21 N=21
— 80 I
x ] Max 708 “
27 1 T =40
(=4 I o
£60 = Max 355
F Nied =35 MRl =
fof [ ==
= 540 o,
ol Vied e ‘550 ;
= 40 v 45546 :
Jol P
30 1 ! =25 |
= 1 I
2 1 [ Min 273
= 1 I 20
Ly =L —l
M 167 Min 167

0 DummyHead  TuningData : DummyHead  TuningData
(a) (b)
Fig.1:Box plots. (a) Front-back Confusion Rate and (b) Vertical Emor.
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| 0" HATE, EFfrHROEREESLO0, ThaXRMEER GGG |
IL 90° AT, 1L D OFMIEHPRLES ST RN RETHS I

3-Q-23 EHARODHHIRBEEFRDEBRDT-HD
FRAAUINILAREICEENSIRER S
DYYS BT Ht&Et

Separation of Reverberant Components in Room Impulse Responses for
the Generation of Highly Realistic Virtual Sound Sources

wNERE, BERA BOES REELSMERIX)
S EEBOHLETROEREBEL TS
> ERA DN LAGEOHEENS T T SRR
> FATHR : BLGOBEHIEDERERS RAI TS
> HENSOMYHULEEEEL, #SRI~OFEEREH
& A U LRIGEDER
> FBRILTA 2 LASE T HAYY S IHLE CP &) THEiE
F - THARSTRY STRERSIIY 11D (Fig 1)
> RS OHEL HEEMIED L OIZE R
& TEEHEEERDFER - CP ITxkid 23512 (Fig. 2)
» CP ZZA THREIIE DR VAR TEL:
» CPZzXREL{T 5 DRI EEFETOEBESELL VL SIS
95 LHAILISC<ED

nc
»
0 .
& [ K] b
o e
. [ R R g
§e
[T — Fe
LY
%0 »
ol ¥ Avaac
"= Conkaunce s
oo mm ww 0 s00 S0 e = ® & - -

Fig. 1:Example of window hanging Fig. 2:Identification rate for each
cut position
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3-0-24

3-Q-24 AFARRICEIESHBRTIZKLS
RETEBREDFHA

An Atternpt to Reflection Cancellation Based on
Sound Field Separation Analysis Using Cylindrical Harmonic Expansion

QAfLER, BAFE(LA-ET)

S LLEEA VE—H U ADREHIEN SRR LT, ERBGHFENE
BIETIHTET, I ORELEREREEHA-,

&9, ABRFHEREZHELT, B0/ 20k T LA TR
SN-REERE [NEES (REMS)) & HEES (EEEl
7)1 2B - HEET S .

¢ E—FTyFUIRIMIZETE, HESh-NASSOREMRNE
RIZTRERICE>TIBRL, RATERSOAEERMIRETS .

® 31— aVOER —REROMECHEHERMEIES T,
HEOBESNERESISALREIZR 5 Z EAERS N .

& GRS EA AT ORE S8 RFLTRY, YT iR
ENRERAEREDTRERTHS - LSRR SN |

® —RER
et id=b

o ZREE

B : HEORSE
3-0-26
3-Q-26 BEHRERE—hE R

IN—YFIIL ARy BEFIEORET

A study on personal sound zone control using multiple coaxial loudspeakers
fOREE (BEX), mEEt (NTT), HEE— (BEX)

SAETIIEAHI A, FETIIEAHI A EL oz =Y FILR
Ry FBEOEELNEE> TS,

®MVDR E—LZ74—TZALVT, 2 DORBBRAE—HZFIHT 5 &
THERTOERZRE DD, BATOHEHREERO HHHFET
BEfLr=

*=0 R ZAVEEBL S 2 L—2a VT2 O0EBAE—HE 2
DORER E—HZEFTNTH MVDR E—LD+— THIHIL I
H4Z30cm OFFLIZHE TS EEEHE L=,

SFERAAE—ADER 2 cm IZRET HE, {EEIZHOTHESR
CRFOHEEHEEZREL, BEICBVTREFELNT L1 HEAM

o oo E—y I 1= .
THEHRITH L TELEE RN R o=,
. Ring speaker |y .
1 Center Snﬂllﬂ' 500 Hz 2000 Hz
¥ 1200 % e0® 1200 %, w0t
’ 150° 20 W 150 -agn 30"
.. i 3
N 180° @ o 1800 o
= x Targen Point .
s 210 330" 20" T awt
s 0" gy 3007 0" gy 300"
Quiet control points 30 6~ [F=-Twa standard speakers]

- - ~Two standard speskars)
s

|=—Two coasial speakers | |=—Two coaxisl speakers |

Fig.1:Coaxial loudspeaker array
and control point layout.

Fig.2:Sound pressure at the quiet
control points when target point is
2cm.
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3-0-25
3-Q-25 HREFREE L=

RVFJ = ESHEHO O/ S A MERES
A Study on the Robustness of Multi-Zone Sound Field Control Using FEM
OREAN, AMAETE BEHRIL2FO0=SR)
TSR EGA - RAIET 5 LTI, REEBICH
T HONR MEAKRHEN D
S FERTIEZEA~OCHREEEL, BEEESHEL-BFFPAE—
H—ERV-RHEEREORS LhTERET D
S HREFERITTHONIEHEHZL HER~EH/ — FEDE
ERSMICE S E, BEHSICALV-ER L (IR G D TN 52
MFESERHAV SR MEEETHILET, RAFHOZRLLEOR
B EIE IR TR F T A IHE LT

Fig.1:Example of acoustic contrast distribution at 160 Hz
under sound field control

80 100 nuzs 125

Frequency [Hz]

fTEEY 180 180 200

Fig.2: Example of acoustic contrast under sound field control. Error bars
indicate variations across different occupant conditions.

3-0-28
o XYYIBBBEAE—NTLAERWE
VRILFRARY NB&E

Multiple sound spot synthesis
with meshed triple-layer loudspeaker arrays
OmAhE (IHREETTFHEE)
TZE55A0EN, ERFIFIANIEBESBTESVILFR
Ry NBEARHTE L2 Overlly
TGood job AHERZT A, BRUD o DIE, ENETTT!

AV Y RIBAC-NT LI ERRE

- AE-NHEBEZEATICEM S 1 F R S AR FE

- FFOFLABNZ T T BHD/ADTF v RILEIZ2MH
CEHEEYIaL—YarvicBWIRERORMEERS

~-+ 4 : Vertical panning % : Virtual point source
| _—v - . D/A converter
'aaa ) D)
@ I&) \ I\\::/” Channel
= = :\\j/f:‘\: x  1tol
/__\\ “-J/i\\\:/j‘:\ Channel
4 s N [ I+ 1to2]
OO00O—

10 kHz

(a) Simple linear with
24 londspeakers & 24 ch D/A

(b} Proposed meshed 3-layer with
3x8 loudspeakers & 16 ch D/A
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3-0-29 ~ 3-0-33

3-0-29

3-0-30

2.0.00 IMS  NICTE Bl
BYERAIANEFEGRI—/R

JMS: Japanese multi-speaker multi-style speech synthesis
corpus provided by NICT

ORAhE, KAXM, IMREE, AFHE
(IEsEISHTFTHE)

- BAEEEARAARI—/CAIMS
- CC BY-NC-SA 4.05 1t > X |c T20264E3H | A0
- EBRE Ty U IEIEEA48 kHz, 24 bit') ZFPPCM
-3ZFAIL
EEFEFI003L, FEASFI003, EAEHEFF1003L
- BO0EE
- wEFOFEE | 204
- BETOESE 204
- P YF 2 FEE2304
cBUYFIFLTEE2308
(FL—5—HPVEE2EEL L)
- BEH15A%5E(= 3247 )L x 100X x 5005#H)
- BEEREET Iz~

https://ast-astrec.nict.go.jp/en/release/jms/

3-0-31

3-Q-30 NICT BAGEREHFEEBRMAZMILER
BHA— N AD-HDOHERBRE IV
EENRET 2V OEE
Build of perceptual and impressive expression data sets for Japanese
multi-speaker multi-style speech synthesis corpus developed by NICT

OXRBEXRM, EARIRE (NICT), FHERE (HX/NICT), A[FiE (NCT)

S HHFRROEENRE L I EBNEEFIHEESHOERER
EBZ. NICT BASBESGEEHEMA 2 M IVEFREHI—/\R (IMS)
MITOMEFRRE L UGEEMSET 4y FERE,

¢ 7/ T3 ARETIRT U r— MR TR ERHRIOEEI 5T
HER, MRFRTEHOR 7 HELVEEREEOETEEESE.

ATty MIHEFRIRHRA QAT B L UEERITGEOAERER &
SUITHEREN R LI-FEONROFELOHNEFERTESY, IMS
IZFHET BRE T2,

Table 1: Perceptual representation pairs.

o5& (EEL - BASLY
BE (FEohl - ELY
BEE (< <CHofz - Bl
RS (EFELL - aHBHY
B (hhiz —FAR)

3-Q-31 wav2vec 2.0 D PEFREFEZ ALV
B EREETFOEFTRYRL -BIRET L
Mispronunciation detection and diagnosis for second language English
speech with wav2vec 2.0 intermediate embeddings

KETEEY, BRECEFEFERR, mEER, BRRSESDLX)

*HEERYDEE - BE(VDD)IE, FoSREFTEICRERYICHTS
TA4—FNR\YIETIVATLTHS.

®MDD OHZEIZHELNT, RERYESTCRESNIUTEOT—ETE
ORFEICH LT, SHEEE S SREEE SHEFEE0 IR0
HEEALDC ETHEEDRENR NS,

@ FHARTIE, EFRFEEORHYIZ wav2vec 2.0 DHEIFRIRERLV:
MDD ETILEFIZET 5.

@ 2-ARCTIC 2511 HFEHERIZH VT, wav2vec 2.0 HRIFIREA
LEETILY, EEOEFBEEEALVV-ETILELY Hi4kE% -

Fhank 1 [Acoustic Encoder

sil dh ih s v a0 rah s si
(This this was easy for us)

Canonical Phoneme Sequence

Fig.1 Architecture of MDD with wav2vec 2.0 intermediate embeddings

uopuany

usE

3-0-33

3-Q-33 DT —ZFRICHES
AR P A E O H Bl
Automation of Speech Quality Assessment Based on Small-Data
Machine Leamning for Application to Synthetic Speech

w&| ER S8 FRICGERESAR T2

®nF, BEEAHEORRE LHIC, AREFORENMLEL, &R
BRSO 2RHHEORELEF 2TV,

® 25 LI-AREFROSKEDHEE, ARMOBIE ik L= RS
o TIThNAZENZLY, FhEFEIID S,

&7, EEOSEFEOBIMEETILCIE SHEEERRLELTE
BT AR, HREMETT D2 0B 5.

S FHETIE BRESIHET 5120, BN OLET -2 THE
EURELEEREHEO B AR EIRET 5.

SIREFETIHFEBROMFCC & FODIEEREF ANIFEGE L L, SYM
#~—2R[Z, Bagging Ensemble #EY An-FEFEFFAL .

SIERFRICL HIHEERE TEREHEERIC L HBRELS, BlL—
it LIz

—— s - hvarage HOS
. -

(a) Subjective Evaluation Experiment { b ) Proposed Model

Fig. 1:  Evaluation Results (MOS) by the Subjective Evaluation Experiment and the Proposed Model
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#£3H 3H19H (K) KRAY—RE (127)

3-0-34

3-0-35

3-Q-34  AESCA: AudioMOS Challenge 2025 M
O DEMRBEDEMADT FRID AT L

AESCA: A generative audio aesthetics score prediction system
for the AudioMOS Challenge 2025

OWFRE. EMR—, BB 1/ —T—Txh)
¢ EE2 2~ . AudioMOS Challenge 2025 (AMC25) Track 2
> B89 EREE ERER EREOROOFHEEIRORMS
> FRINER  FEORMRT] 12ES< 4 BOEEREHEE
4 HEMIOME L H3E (PQ/PC)
& NEOHEL = LFIEHE (CE/CU)
S IBEFL (AESCA) : 2 fEDTFHIBIC L D7 YU TILETIL
» KAN ~—2 Audiobox Aesthetics :
R—2 54 LETIL% Kolomogorov-Amold Network T3k
» VERSA ~—2Fifils -
1) 27 LR D) —SHBEREO® H % XGBoost TEIFETIUE
@ fER - AMC25 Track 2 [ZH VT MER—OFHRERE] 2:E/m

PQ FC CE cu
4

A A 4
(et )
ffﬂlzﬂ-u *
{PQ/PCICE/CU} {PQ/PCICE/CU}
A 4

[_Ko!mogom-mmld Nmrlﬂm
Transformer | I i,
IvI—% C &Emomh O

AERE (16 kHz) @

(a) KAN~<— Z, Audiobox Aesthetics (b) VERSA~— A FH128
Figure 1: Overview of the proposed system (AESCA) for AMC25 Track 2.

3-Q-36

(xGBoost @B E 7)L)))
4

3-Q-36 EIRAREEZMETILOFEET—E2EIC
W9 B XARAEEHE NSRS HHRETE

Study of the acquisition of context-awareness ability for
the selective state space model depending on the length of training data

OHFHHEE, SHEA WHET HFERE ZRKX—NTT)

& ERAORETERETILO—FETH S Mamba 2 EFEEO T O—4
& LTER L= Mambaformer (22U T long-form B75 (<3 L TR
ATk AFEEEL IR,

@ long-form EFAEDEHMERI=. Librispeech OFHEizy FDTELHF v
TH—2{kOEEF Liorivox hoEEL., 5l b& LT,

& EEEDFER, Mambaformer [, Conformer & HeBE L S35 DIFEFSE
TOEMIZHWTHER TRS—A. Conformer L¥E{ELL-FiEZL
f@Em %R LTz, Mambaformer £ —EIROIARETEHEM L THER%

ToTWAAREELE R bh b,
30 100
........ 90
o, A
25 "\.‘.I f'.:T 80
1y
20 .I\ [ 70
—_ 60 o
£ \ [ E
g 15 s ('_‘: r‘% | 50 E
r ) | ) P &
” il . e 40 =
10 .uw“* s \‘A“* LY ‘..,.;[ ] :V..‘ s i 30
ud ““" b h‘\ -..::liv . - ﬂf‘ :ij
5 «conformer_concatl-3 = H 4 20
=-mambaformer_concat1-3 \."‘_“ “ 10
0 -+~ # Sample i TPV 0
0 1000 2000 3000 4000 5000 6000
words
Fig.1:Word Error Rate(WER) for each 100-word segment on the long-form
speech test set

3-Q-35 BREMOEFREL
LLM [Z& B XFEHE ALV
IMTERRIEE DARr—FEIEERE
Cascaded Speech Recognition for Individuals with Cerebral Palsy

Using Phoneme-Level Acoustic Recognition
and LLM-Based Phoneme-to-Character Conversion

wREH WA SRR EODEh' AFERE®
(HFERSE, F=HEH, ° iR

& ARIIRMEFEE FHR L L-XFBIOEFZHERENELT 5,

S HEHEEOEETHTETIVOESET O HEREE0NEFEX
WICUET A2 EHEBTHD LV SBEN DD,

* F-, BAEOSHEFRHRRICEY, CFEMOTRERCIIRE
DT—BHBETHY, HEEEESEEE~ OB E#E D,

S FR T, SREEOBFEEHETIL LT ONFATHRETS
LLM Z4HEHE =SB AT A (Fig. 1) [22LVTHRET 3,

SLM [ETFR FOATHEETE, SREMOEEZEETIVIILE
DEET—R TEEREL, COFRMESREESETHE
MEMFEEIND,

& 5[, TATFEOBMIHNT b1, BEERKIZLLHT—44H
RETL, EEZHETIOBISNGE 74 vFa—=0F %173,

SHAETIE, BEFEEFZETTIVCLYEET 5,

- — Phoneme-to-
||||||||| neme-isve Phoneme Charactor
ASR ]

Speech Recognition
Result
Fig. 1: Our proposed system architecture

3-Q-37

3-Q-37 U IFYRITILFh—h—EEREE
EEHROHEET T O

Joint Modeling of Single-Channel Multi-Talker Overlapped Speech
Recognition and Translation

OHE$ EX #H & & 2 #HE EE I8 8K &K 85 LR KT
(NTT)

& —f&Z, EFEEH (ASR; Automatic Speech Recognition) X>E 7E#R (ST,
Speech Translation) METILIL 1 SEERTHAN, REMHLLEL
MEEOL—TldA—\—5 v ThiRE

& EEOBRANZ RGOS Ao —2 3 L OERIZIE BEOBL
TILF b—H—EFE (Mm-ASR; Multi-Talker ASR) %57 JLF b—H—
EEEER (m-ST: Multi-Talker ST) DETFILEEH A&

@ m-ASR & m-ST #ERIIZETT 52 LY, EAOBSEILX
EEERSCAEGRIRE S, R - IR LI5S, BERILXE
FRRSEERICR L TH AL S T FOBREEN L N

S AW TCIIEEER L EEERE S VY IVETILCEITIREE mASR &
m-ST OHEET) >4 (M-ASRST) #iEE

€ m-ASR & m-ST #HERIIZETT 2B LHE LT, EEFEEEHA
DEBSHEICHLTASR & ST #HHEICRITARTHD - L EHER

Fipeakers n et
Lang.  Method T I = = Ty

WER(}) BLEU(T) WER(}) BLEU(T) WER() BLEU(T) WER() BLEU(T)

i) AT TET Hiek [P Wi (r] M

— L a4 2845 767 :e0 1226 263 949 1289
v i B T3 BaE W & 93 1T

. Y 466 2471 635 106 988 ;s 181 10

. (L K B ¥ T T S 566 B0z 1827

Eaape _TeemASREWET ;v me nas  mss  wn 1615 2502 1941
v L . B TN R S | ¥ 7 Lk

= 62 300 1m4  Tle 10 16S 14 1948

Tabel1. Word enor rates (WER) and BLEU scores in different
methods. "PT" denotes initialization with a pre-trained m-ASR model.
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3-0-38 ~ 3-0-41

3-Q-38

3-Q-38 wav2vec 2.0 D hfEIFRTE ALV -

AMJ—Z2% Break Index &t
Streaming Break Index Detection
Using wav2vec 2.0 Intermediate Representation

*ERLE, MERER, BRI (RSARR)
®Break Index &, BMEHHRDZ ) L TRAX—LTHS ToBl L7
LIzgEND, B - ARRUGEERTER RS AU MEHRTHY,
EREOERRES Ly FISESWTIEShS.

OFTY, AV br—2 3 VARFEFEOERN XYY L —HI 5
HEIcsHY, YRy Y BRI CEET TS HalREE

BHBH, A )3 VTERHRADOICALVMHFTES.

®Break Index BRHOBIFHIZIE FFERE+40ms TT7%MDF1 5%
RLTLWAA, A RU—3 MBI (&5 L TULVELY,

@ KR TIE wav2vec 20 DA M= LJEETHD wav2vecS
ZAL, TOFEERE (% Transformer BOMIE D) 45HEL
TBHAR)—= 27 Break Index BHETILERET 5.

Table.1:Event detection accuracy for Break Index=3 (intonation phrase)
+Previous Study :wav2vec 2. 0+FO—BILSTM

Baseline:wav2vec-S(Final Layer Output)— TransformerEncoder
Proposed :wav2vec-S(1-24 Layer Outputs) —TransformerEncoder

Tolerance Oms Alms S0ms 100hms

Metrics Prec Rec FI1  Prec Ree F1  Prec Rec F1  Prec Ree FI
Previous Studvy 061 05 058 090 068 077 090 069 078 09 069 0.78
Baseline 056 036 044 079 043 056 080 044 056 030 044 056
Proposed 061 045 052 082 053 064 082 053 064 082 053 0.65
Proposed(FT) 064 059 061 082 068 074 082 068 076 08 069 075

3-0-40

BAZEEFOEEHHICESC
45— IZE DRI
Detection of Fillers and Stuttering Based on Acoustic Features in Japanese
Speech

*iIEH HhEIERRR), WA KEEREFLYS0—4)

SFETE 33225 —2 3 VOBEMEHEI SRR 7« S—H &V
EEERET A0, SEFELSERERAVRIBE, BRI
#/AE{RFT S End-to-End EF)L (FluentNet) DLHEHEETEIToT=.

@ =254 & LT MFCC S0HEHRZRLV-REBOER. B
HEERT HUEEFETIE BNATEHE S OLEOREHECRR
AHH EEHRL

S IEEFRITRET—2(2BWT, Z{ESECIXRIFIEEETRLE
M A0 SAKFETIIEES Y S AOESEL LIk VA FHER L
ICEESGEA ST
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Fig.1:Architecture of the proposed FluentNet model based on SE-ResMet
and Bi-LSTM with an attention mechanism.
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Fig.1:Comparison of histograms of ASR score distributions:
(a) ASR score, (b) Pseudo-acoustic score.
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Improving Dysarthric Speech Recognition with a Diffusion Model for the
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Fig.1:WRA-based speech recognition accuracy for dysarthric speakers
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Low-latency text-to-speech synthesis for spoken dialogue systems using
partial inference from latent representations
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Fig.1:Inference flow applying partial decoding from latent representations
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Speech Intelligibility in Text-to-Speech Synthesis for Reverberant
Environment

YEEARAR(BAMARRIBT), IR HEH, BEE

®FHRTIE, BRORFEE LGRS T TOREEFEThT
ha—SRELTHL, TR MEEARETIZLT RELED
BNCE->THEENED & SITELT DO EFHEL - =512 &
BEh-ERERICH LT, BRtREFREThThiERL, %8
BETICHIT ARV T HEHEICHBEIL -

& EBORE BERESHEOESET20%THo=0ITHL, 55
AERESHES JUVHEERESHRETIELThE 480%ERL
t=. #£f-, ERERALFZIONEIREEEEL, BERESK
ETIET—HOFH S THEEOR AR bhi-—7A, E5FEEE
BT CRESN-EEITH L CIER T E S hiLMES
Hot=.

w

w
up

Canmer Anvues Ao

Fig.1:Word correct answer rate.
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Fig.1:Naturalness MOS scores of synthesized laughter by labeling condition
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Construction of a speaker-specific spontaneous conversation corpus
for laughter synthesis
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Table.1: Average number of laughs
per speaker in each corpus
laughter [mum]
Speaker[num] | Ave. Max. ‘
THCATM 584 19 1
36 [ 197 354
a6 31 57
K] 5% 200
DisfluencySpeech 1| 60T 607
Proposal 4| 576 1,243
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Fig.1: Recording Environment
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Japanese emotional subtitle generation using speech emotion recognition
and image translation
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Fig.1: Structure of SER and Image-to-Image transformation model for
generating subtities
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(a)Happy 0.87, Angry 0.08, Calm 0.05 : (b)Angry 0.99, Sad 0.01

a7 9 & L &E%éf;ﬁ)f&‘?‘f:\
(c)Angry 0.04, Sad 0.96
Fig.2: Subtitles synthesized by our proposed method

(d)Happy 0.05, Angry 0.06, Sad 0.05, Calm 0.84
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A study on improving the control method for global fluctuation of fundamental
frequency in singing voice and evaluating its naturalness.
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Fig1. Comparison of findamental frequency.

Investigation of Pitch Control Models for Unison Singing Synthesis
Considering Inter-singer Interaction and Individuality.
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